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&8 IBM SPSS Modeler fiZs, &n]UfERIBIERIRY 5, SSIMRESRINIRXIIIZBB oL, Fla0, LUTRAZA
MR BT druglearn.str (£ IBM SPSS Modeler 2 THY /Demos/streams/ XEEA) , HeIMARE
MIHEE (TR > REM > Bld) FisiT,.

stream = modeler.script.stream()

neuralnetnode = stream.findByType("neuralnetwork", None)

results = []

neuralnetnode.run(results)

appliernode = stream.createModelApplierAt(results[0], "Drug", 594, 187)
analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)
stream.linkBetween(appliernode, typenode, analysisnode)
analysisnode.run([])
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© BITEXERHIRNEE,
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JRIZRIA TG REFMFENRE
BIMAAAT RN BREHNR, B ROREAFERANE, S AUBSNEMETHE, ®
RERHARMANEHTRSR, RHRGRINFTEAENTRR:

taskrunner = modeler.script.session().getTaskRunner()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/19/Demos/"

# First load the model builder stream from file and build a model

druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []

druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now load the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
model = taskrunner.openModelFromFile("rule.gm", True)

modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType("derive", None)
plotnode = drugplot_stream.findByType("plot", None)
drugplot_stream.disconnect(plotnode)
modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)
plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.run([])

F BTYHRAXHENESENES—RIER, BEMHE 13 I THARSIE=HA |

JRIZRARG] . AR DR IREY
HETR—PEES, ERROPBOR— R IZRER— MHEAERE, LRLERFR— R ZR
BEENTFEERATE EBEREN 15 MTH.

stream = modeler.script.session().createProcessorStream("featureselection", True)

statisticsimportnode = stream.createAt("statisticsimport", "Statistics File", 150, 97)
statisticsimportnode.setPropertyValue("full _filename", "$CLEO_DEMOS/customer dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)
typenode.setKeyedPropertyValue("direction", "response 01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature Selection", 366, 97)
featureselectionnode.setPropertyValue("top_n", 15)
featureselectionnode.setPropertyValue("max_missing values", 80.0)
featureselectionnode.setPropertyValue("selection _mode", "TopN")
featureselectionnode.setPropertyValue("important _label", "Check Me OQut!")
featureselectionnode.setPropertyValue("criteria"”, "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream
applynode = stream.findByType("applyfeatureselection", None)

4 1BM SPSS Modeler 18.2 Python HIZ4RE 5 E5hkigr



tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96,
applynode.getYPosition())

stream.link(applynode, tablenode)

tablenode.run([])

LA B T — MR LUEANEIBIVRT =, FR"EE TR FE response_01 MAE (FM) KENE,
RECEHNITIFIDERE TR AT EZRRER NS T RMNUEUERIENGE. AESERER
RERTABEE, "RTR7ETREMY selection_mode A top n FIHAEN 15 NREEMNFER, BXES
28, BEZ2FEE 194 7189 lfeatureselectionnode BMJ HE,

T R RS

BidfEEA IBM SPSS Modeler BIZNiES, B LISIEFREEXRIHET R HRMA, XA R ELRIGRET =
A, FEBELEERREE T RAET RNE U EIRFHRITIER, FRBT SA, S ER
FRIETTZ N,

a0, RIRFEEE—TEXROATINF, FEBTRE8ET T EEREERE TRANTR, MHIT"
REERENRXFETREATHRETRIMFRZAIHT. XMERT, JUE— I ERRITRE
ERENTRNBTREZ, A"REEREETRITBEHNE, fITHENIESE, IERRETRBRT
TIEPER.

EBT AT LIEET ABMY, B 55EEMMAPIHTIRE—, B9, AMEBTANE
ERE M ARBT AHETABNMNENEY. BXBSEE, ESAE 337 WNE 21 =, lBoas
MEa FEf. 175 35ER TR 2B m U R R BT =,

A BNRBELXRBTNREBHITEIMZA, FRUET R SHEER"HZA"ERN -+ RERTRIRET /A
Ao

MEBERFITA" BT R IHEE:
MREMERLRIHET R, ARN BT R REER:
BT R

MBKET SR BT BT R X EE
ARETBTRES, ARMETXERERERE!
BT R

BT R AR5

UTEBTRHABREBET R PLET R TINF. IIFREERRITIRESBE TR, UWEHREHRITH
T SR AEA R T Rt R EAE,

execute 'Set Globals’

execute 'gains’

execute 'profit’

execute 'age v. $CC-pep’

execute 'Table’

BIE MR BIETI =

UTFRAIER T I SiEMBR ST =

%1 & WARSHNMARSES 5



stream = modeler.script.stream()
superNode=stream. findByID(’'id854RNTSD5MB’)
# unlock one super node
print ‘unlock the super node with password abcd’
if superNode.unlock('abcd’):

print ‘unlocked.’
else:

print 'invalid password.’
# lock one super node
print 'Tock the super node with password abcd’
superNode.Tock('abcd’)

MAARERMFGRT

M V16.0 F5, @Z SPSS Modeler, R LUEFENNEERRETRPOIE—LEXMAE, MEHERM
KFFNESHIRRSES. BTSN ENRMEELBHHAEEBEIFULEREFEIHITT R
7o

I LA S RRBER RN FZ A RITRN, Fla0, ErRIERA KA TR ZMFIEHNSERERXIIE. &7
MRS E— A TRRLIENTER, MMZFEERSHMXIMRAFARES, HREERHIIZIERTF
AMES (P, RESHIINEEE, BISEHMSIZEXNFINHREF) NER, NREFENDIHR
MER, BRARRILUABEIRRINGEG, LFELEFI S 527 EE R I MBI HIEE oI 2Bz

A BTFRFNZEHRITIOUEEHANERM, EENOERFEITREMNR.
- BF ERBTABEMNEEES. Flil, XAgEERERRANAEHENT R, FESRERX— TSRS
o HIh, EAILUIRRH D ZMEITIEGR AR EBITATEHRERNRE, WATREIPAR:
- BITRATHENXE, FESRETRHITESL.
- BITRATHERRE, HESXHENTENEHITEN.
- BITRATHENRE, HEESXAITHERAN— M EINIFE,
- WEBERLTEHENXE, HEESREBMMERIGEHITEN.
o FHRIT BRI LEREREE X NFGREGRET SNETAIN, BIERRFIWT:
- RIBLEER true XE false, FHIRTIHIEITT =
- EXTRBETFRUHTARNEITERRINFIET.
BIFMFGRITHEE RENE WEERN T EMRFRIZEN. ERAEFHSBEIAERPERNT SE8RE
MENEXLET SIS —REERERER L, KRASATFERAXET SRS 5BIAMEHRIT.

TR LOEE T5) =% 75 VAR By R AR —Fh Ry ie) T e -
© ERENIEETNERRISE
1. MW'ITR"SER, #EF:

mEME > BT

2. BE"PUTIEIR IR HEDRAHI A,
« MR

1. ARBELTR, ARERERFERIT.

2. EFEEXFRBETL
o MNEHEEMSFNER TAEZR, RHEREMEET.
MRXZEETRREBRTRFHERITIFARGS, BERITERF EEFER/FERGRITRITAN, ARE
BB HETRFET T,
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AAPRYEIS

BIEN, ERUBHMURTHNEEES; FJRERREIINT:

© BITRATEHMERRE, FEERENRHITES.

© BITRAEHMENRE, FESREBNETENEHTEN.

s BITRGEHMBIVRE, FEAESXPITHERA—TETIMIFR.
« MERRBGTEHRENRY, HESREBMERIREHRTTENS.

A LTER HIT IR ER P AR R LIREZREN R M. BETZFERF, BEREF/FERITHRIT
F 3o

MNRIGE T /BIFIFHERITHRITAN, BAEESITRN, BEXHNAERAERIEER. (A% &7
X ERTEIRERERMANRES, HiEd B & B FET-RE AR, KA EIM A RIEaE T ;
FEPITETREERLERUERRE (&) TN, FREESRELER-RATE. XE0k
&, BrALUAERZ MEMIEEETRE X BREN, ARBEMAIER RIS P HITE—D ERIBIA
X, HAR, SERLHM... i, EEXHREFRHRITERESEREEMBIBAER,

Eo: JNREIE IBM SPSS Collaboration and Deployment Services {EAFIEITE SPSS Modeler i,
AP B R EEARATIRENEITEE, XZEEA, IBM SPSS Collaboration and Deployment Services {E
W iRiESRF B ES SPSS Modeler B, flil, MNRETRFILE T ENMENZEUEANS MEFCIERE
BRI S BT, BBAXLENHRETE SPSS Modeler HiEHAER®, {8 IBM SPSS Collaboration and Deploy-
ment Services Deployment Manager BY"&R"ETN-RPBANEEFZFBEE.

BiIRBEE, BRMTIIPE:

1. BIEEAXBFUENBERPRITHEER/IFEE, BXESER, BEANEERXET)

2. EFRER, EX—MHSMERLE, AXESZER, FSAREEATEL

3. EIEPERNAEEENKEETEZ AR RNEER I H. REBERT, RRERMFRITER; =
FEFIERPETHEMENR, BREEALFEES, ARERXFERFENNGE LR TELERIRF,

IZATRPNERNEAXET

ERERXBRF A LUEXRBERPHRITHERBIRE, fla0, WREXNSEHEHTON, BATLULIRR
SHHSEERSX, FREBEEAXRET; EBITRN, EXBFRIEENZMHERIZRERLIERR
BTN FRENERIUXE, EA"EXENRBEFT SEER LUREXEF

EFTHUIIHEE, FEF B FRETNRE TARNEAXET... 7, AEARB|BERATHEATR, ARE
BEREWFEGRT > EXEAXET (FR) HEF/RFRT > EXERAXEF (B) . IREMNRPITHIL
WEHE, BBARSGRRZBHNERE—LEFE, A, TREIRTT.

BIREERXEF, HERE TIIFER!

EREIE, SR LOEE FHIE R —En:

« RBY - F ERILETAIZE—NMER, BTRIAERSHNERRKIRENS MEEF K.
© RBE - B, EALEAISE—MEN, BTRHABERSENERRZENSMEEE,.

- NREMY - FB., FRILETAE—MEF, BTFRETRBMENERRISEAZTMEEFR.
c BREM - B, ERILETAZE—NMER, BTRENREBENERRIRENEZMEEE.

RERT, ERBESRTERMSERENTL ErILUER TFIEAR—MES:
© B, NYBEERSYR - FRIURSH - ERATH. MNIBIIRFERIFESH.

%1 & WARSHMARSES 7



¢ TR, NHEBERTREN - FRIATFAREMY - ENF A, ERENHRERIFNT R, SEN5ERE
DATH" EFET RIWIEEHERFIETR; NRIENTRES, BAREIEE T EP—PERIXY
BRERHTIR, UMXERFERENTR: TR "#HiE ERE. BEL hmit. "SR NAR
B,

« Bit. NHEERTREY - FRATREMY - ERNA A, NIBYIRPERT RBNE.

EFANTR, (NHEEFERSY - FRATREN - FREA T/, #ETRPERTREESAENTR.

TR LOERE T E AR — kI

¢ TR, XETEERRSHY - FRETIRH, EEENHREBRTFBESFAEENT R, BEN ST
FEFET R WEEFERFAFETR; NRIENT RIS, BARUNEIEETIEP—PERIXNER
SR#TIIE, UNERRFERENTR: R "#iE. "B "BR. wd. "SHS R ARET
=

"TWO

« FRIIR. BRAOFFHIIREHAER ERTR WEE, ERUELNEETEETRTERTR
HERBIENFR, FSREE 9 N NERATERNTER PRBNESER.

EEAE, XIEEFRBW - EATREN - ERNA TR, EFFmEFRRNEREEAERNE. ERILUE

FETYIER— R

© TR, NETEERRSH - ENATA, EREVHREEFEESFAGENT R, RENEIRAUITH
"EET R THEEFERFARET R, NRIIENT RIS, BATLIREER TIEHP LRI RS
ST, MNETRRFERENTR: R "#ig'. "ER. "ER "Rl "SR ARE T
=

« FRIIKR. EFTNRPATRAEABIENF K.
o EYIR. BHERDVIFNTIRZH A R ERE THEE, S8 UERIHEEFIEET AP ERFIRMHE%
REIENIF ERo

AT RPHEFRNEREE

TR LERENZEESRPITRIFNESRFIRSHEHEE T RNEMLE. fli, MRARBARELSE
HEMEETOMHERFEERIMXFAEAXET, BALAEIEE— M RESEREETER H
i, UkF—ERTESHRERNEL AL, EXEERT, SRR TE, XETERNEMNE
IR, BlaNimEREHRAIRE SHIPINBASEHERN. A" EXEAAEE WIEER IgEEM

BEENTE,

BFTFIINEE, BFEFR B FEI-RA TANRNEE.. 1%, SEFAREERPNERT RHEFREF/
FHHRIT > EXEREE,

BREXAZE, BIEE MIIFK!

Bl ERBERNVEMERRE, sJUMNRSHEET REIEPHITIERE,

« MREFREBY, BEFEAFESY, AREEBIBEFNENER, EATIHEP—MEDR (NRERPH
) EXMIZRZSHIKENNE,
- 2REE, ERVZERSHIKENNEREE,
- KRBT, BFRSMKENTRBHETPNE, BMFIRPERR, ARBWAEZERBITNI,

- FopfiN. OREBFhALSEMARFES NERPRBIVE, HEFUET, REIZEHFFERF
B, FelZ— eI EEPMNF RSB,

c MREETREN, BERMETRAURZTRNEF—1TEL, AREEERTZERNE, BIER
THIEP—MED, ATLUKEHEMEE:
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- B, BHEBCEASKXBETE. BSEE 7 TN IRIZATRPNERNERXBF) UREE

%58,
- FREFRZ. EREAXRFEFENTERFERFENNATHFE.
- FRRERRR. EREAXEFEFENERRFRFBANATHNGEER.
MR EFRMBREREN, BARFBRTEORRFRAMMINN D, Fla0, MRIEAXBFENFIE
ERSXH BEERRFARRIR, BARTUELRFEFEAN - HESHTIBHED.
ERATERNFER
BIEERE, ERIUER"ERFR WNEEEFE—TRE TR,

HiF iR E0) LUBS R TP —MET A B BN F B THIF |

« B FRHNEEINFANARLEFRRA MOEE S5 _RRBIRF.

« B ERFEINFXAHERNFREITHRF.

« KB EERHNELRHFNFR, WETEERABHENERNFERIIIEEER,

—RMIIERFEFE—NFER, ZERARIE Shift HFREMZME Ctul HBEENTEERSIFR. Its, WAL
ERFIRTENKHRIENERFEFESHFER, WERNBUEERRTAEFR,

AR, AIHERNFEEHITIRE, WXETERTEEBIASHH T REMENTR. fli, MREER
MREFHEERENFHHRORSY, BARXERFHELENFHHENFE,

MR HFRIT

BEEZHHIT, BrIRESEMEXNEEHHELEARABSFIEFHRET 2fETA; ATeER R T :
. IRIBATEER true XE false, BHIRETHEBEITT Ao

s EXTREWEUHITARBITERRINFIETT.

AUERPIT IENRHNRFF AN LREERENE M. EERZFEIFE, BEEEF/EZGHERITHRIT
FH o

MBIGETERF/EZHERTRTAR, BAEEEITHE, BEXMREEERITERSBEEN. (F%) &
AU R EFRITERERHAAHE, FEd eI &8 FiED-RA T ERM... BN AR
IERP,;, FEWRTHENEEERLKERUERRE (AIH&EME) HiTH X, HEHAERELETRN

o XERE, ERLUEERZ MEFNEEETRE X &4, ARBERAIERARERTHITE—TESR
BRI, EER, HEREM.. B, EEXNFRERTERE S EREEMEZEF,

BIREFM, BEM NIITE:

1 TR ATENENGIE, SE RIS R |

IEER, PILUEEHRITT RFT O JUR RIS 1Fo

2. ERIIFGHBITIEG WEEF, IEEUTRS:!

a. TR, EREMHREFMAITHNTR. BENEKHMITH EET R WEEHEERETR; W
RIENT RIS, WBATUNERERATIRE, UETIEP—PEJERTR: "SH" "EF
"R SR T R

b. EAKIENRMG. EERITHRAAGIRRNFRMS. EEIUMNTIIEMERPEFEER—1: RS
. 2REE. REHBTTRLRE, ENEETFEBOPRANRIFAEBHEERHNF A,

DT ARMF A RATIED SHEE, EUESY

%1 & WARSHNMARESES 9



© RBBMREENTIRPEFSY, AREFZSHROBEN; f0, BREFAIUEAT. FF. /)
THNTZEFEES. ARG, BANERSRNMENEXE, BRERURATIZE.

- 2REE, MEMRFIRPEZRTE; §N, XOREFEFIIE. SM. &IVE. RAETE
%, e, EFRBEEMFKFAEE.

- FRiathgiw, NIRFIRPERRT R, AEEFERFITN. AR, EREEFRAEE.

© RRHR. WRBIWLHITT R, BERIIET, ERILENE, BEHEFEMSH.

3. EEPE 1M 2 FrRXil, BRIGRETHEFENRM. METKMPITIZT REIFMGIUHREBVF R
DR ETREZRFERFEEE D RORITT /M MRHER LR 4T H,

4. REBRT, BRERMFATTRMES, BEEVIRPLTEHITRMEN, BREETRAFFURHE
%, ARERZFER-FAMEIB LR T ELERIRF.

FIh, ERILTE FMH R RRRENHLE T 5Em

« BIRFXYAAFE#TRE, ERIGETRRFAHEZFER R LR ERIRFN SN R EHITRE. S
BEREH#TKER, BIBHITAREREREN true"BT <o

¢ —RRITITNR. RAEEPRIRFNAIERGEEITRENA TR, ERIIETRFRT, MRENFAERE
A'true”, BARKFRITERZFAHRENT R, AEBXN T—MREHITRE,

© EBERGRZAFHITRE, ERUIENRT, BNETE—MRIEEEENFMFRE true RETT Ro

BTN PR 2
RILUET S HIT AT, FIN, ERMASRIIIARHEES, ETIHA R T A

H
1. BT R

"BITIEE BT R A THRATEEM A kR R B —1TE B AR BT TPRAA R ATIR |

>

2. "BITEENIT RE

BILMER U T AT

o TERMIASIRIIASHEES, BE BT S ETIEENTT .

« EEBTEAIREAREHITAER NI

- BEEUREHERER -execute 1Tk, BXFEZRER, BEIAE 55 0N fERmmELE) FEH
A MRAE BT REA HEERERBITIEA, BARERITET RERITET R,
HEFEI A AT

"R SHEE R R G LI DM AT IR RS, (A IR AT LUK R A AT H AR B3
7o
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BB

AEREMARRAR S AWIER (SIEHASIERA CLEM RARMER) e RS S iR
BB B HSTEIE, 71 EAMEAKERRESARN, B Ctrl+F REAILUAALSHEE, MRS
ST AR, Fli, BEHEERHEN, BN EE ST I A AR ERAR R RS
BISCA TR i R TIEAE.

AR T XAREREY, # Col+F BALUAENEH /B WHBIE,

BATIRINA, FMBIEERT FRGIREE,

BABIRYE (NREME) .

BHERT— LR,

PHEERERUNEENND, RPHLBEREFFERRETHLH.

BRIRIEERE, WINEERXH. ME—XARXEHIZ F3 8, fJIEE E—XRERERME, ik Cul+F,
I/ QYN ERSRET

1EFED

A

LEEXNE, BEEHIREREXDKANE; HIt0 myvr BES myVar i, TIEHFIGE, BRXAIBE
sERIRIRMNIEN.

IXPREANRIE, EEEHIRFRSLERIFTIRNGIA, WFRER, spider BISREFEAZEIE spiderman

8 spider-mano

EMRER, EEBRESEAEVTRERNEE BFBHT—T) . WREP, XRFEITEALISEAHES
BEEH(E,

IXPRFMIES A, 1= fE A e AR HUE AT FIR ZSEE
IEMFRANEZ

EAENRAR, ERJLIERRHFR WIERRSHRITFER). FARRSCEE (W0« B 4) |« EE%RFEE
HFURLR QITEHITRE)  FHFRENEEOT,

& 1. FAFILAD

FH&F Uit}

X FH x

\\ RATFR

\0On S/\HFENFR On 0 <=n <= 7)
\Onn /) GHHEIERNFER Onn (0 <= n <= 7)
\0mnn E/\HHIENFR Omnn (0 <= m <=3, 0 <= n <= 7)
\xhh BH/EHEIERNFR Oxhh

\uhhhh BTEHEENFR 0xhhhh

\t HIRAT (1\u0009")

\n HITHRT ("\u000A)

\r EIZER ('\u000D’)

\f HTIFT ("\u000C)

\a ZiR (BZ) & ("\u0007’)

\e BXFF ('\u001B’)

%1 Z MARSIHEsRESES 11



& 1. FRLE (80

e

Ui

\cx

x WA F T

& 2. ILEEFRFE

FRI%

Ui

[abc] a. b. I c (FHE)

[~abc] B% a. by T c ZIMIFTEFR (HAE)

[a-zA-Z] aflzzx ARz, B85 CeE)

[a-d[m-p]] a®ld&®HE mE p HE) . WAEEA [a-dm-p]
[a-z&&[def]] aZ®l zHMd e ;S (XHE)

[a-z&&["bc]] a %l z, b M c BRIy (GER) o EEMEEAN [ad-z]
[a-2&&[ m-p]] a %z, MIEmEH p MR . WAEEN [a-lq-z]

& 3. MEXFRFE

E X FRE TEg
BEFF (FJRES R AR 5174 LR ILED)
\d EEHF: [0-9]
\D EHF: [10-9]
\s ERER: [ \t\n\x0B\f\r]
\S FTRFR: [M\s]
\w BHEFR: [a-zA-Z 09]
\W ERFFR: [N\w]
xR 4. BFRTE
B RICERT g
A (=1
$ ==
\b BIEHA
\B FERFAR
\A BWABFK
\Z MRERELZLRIN IREB) , AANER
\z BANLER
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% 2 B HAiES

MamEIES R

B IBM SPSS Modeler HRIZASREI TR, ErIUGIE LM, XLEMHARLTE SPSS Modeler AR FRH
FiEt7. BB RAFEITHLIEE. ERILUE SPSS Modeler REZFIGITIXLEMS,

IBM SPSS Modeler FBIRIALIBIZAIES Python 85, IBM SPSS Modeler FRfERBIET Java B Python
SRIMFRAY Jythono FIZASIES E1E& T5IThAEER

« BATFSIATS. M. T2 JbMEM IBM SPSS Modeler XIRAIET,

o ARATFREXENRIN—EHAREBDRT L.

- ATRETE. SHANEMNRNENMAERANES.

o AR ERFNNFXARNZE.

UTETHERT Python BIZIES. Python BY Jython SEIILAKTE IBM SPSS Modeler PI#{TRHIZAZRHIH
ANIEAREZE, BERRENGTHE XEENERENE T HIRME,

Python #1 Jython

Jython 2 Python MZAEZMSHL, E Java BESHEHS Java FAMITEMR. Python E—HEMNL
BINBEBABIMIAIE S, Jython BEMMMAESHESIHHE, TMES Python AEIE, Jython BILUE
EAEH Java EHHL (VM) BOIREHIEST. XEREGERSEFNTLUER VM L8 Java B, &3
Jython, ERILIRIFIILESHER Python E=HEERIABHIAE

EN—MEIAIES, Python (KH Jython SKH) BTFFIHEBSMUMHITRG, MERECIREITIEFFR
FENRNGW, AIUEREAN AR, BI—XBA—1T. Python B—MERFIEMAIES; ©&RE Java
FHFRIZEDS B Python BFNXEXAXHE, RAARBERAXEXGNYE#ITRE (ERITBEEHEIR
[F) . MBFRERN BINBEEXHIE) UKEMERAVRIE (BIMIRMEN) FIZEHITHAIEER, AILUR
BN ERXAIEHEITIEN. B2, HAERBIET LR i, BFERAREXNEERERHFR
B, RERBEERITERTZEEMEQNERT, ZNELER, EXMERT, FAILREHIETE
B LRI 38 1R

Python ¥FAERNZE (BIEFFEHIENARE) MANR. Eit, ERIUEASITRIDRMIEXLENNR, FEWEE

R (BRI FHFRR) BEEMAEIIABEMARNR,; Python ZIFLITH. B—1ELFH Null &
It Null EEGHRZBZ Noneo

BX Python M Jython MIZAEHINERANNBUKR—LRFIHIE, BB http://www.ibm.com/
developerworks /java/tutorials /j-jython1/j-jythonl.html| 1 fhttp://www.ibm.com/developerworks/java/
futorials /j-jython2 /j-jython2.html

Python RiiZs4g

ZX Python MIASBEEIERNATE IBM SPSS Modeler 4aHIRIZANES S AIREEARIA M, HARGERISMNYR
R, XRAERERBENEIZRFALZBEDH Python B4, LUETE IBM SPSS Modeler 1M,
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 http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
 http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html

ey

RMEBIERFS (=) K. HIdN, EREI'MELBNX'NEE, EEILERUTIED:

x =3

ar 4

y = "a string value"

TRIG T —EEANREENSRETEREER,
= 5 BANLRSENKESE

%ﬂ;ﬂﬂ%?’l@?ﬁ% BB ELTE, Fli, BXE a string value'TRELTZE"y", EAILUFERAUTIE

iBH iR

X<y x B&/NF y?

X >y x ;AARTF y?

X <=y x BN FHETF yv?
X >=y x BEARFHETF y?
X ==y x B2EETF y?

x l=y x BEAEFETF y?

X <>y x BEARETF y?
Xty ¥y 5 x 18

X -y M x FEE y

X *y B ox |y

x/y B ox BREL y

X %%y R x By ®E

ES

SIRBTERFY. JIRAUEEEEHENTR, MIIERNTHRAIUREMEENNR, BAILUSTIRAIME
Hlo BEEAI. FBREANBMITER, FIRPITERNBMEATERIEMRL,

ANl

(1

[1]

["Mike", 10, "Don", 20]
[[1,[71,(8,91]

X =7; = 2, z = 3;
[1, x, +yl

T mEEDEYR, Fl0:

mylistl = ["one", "two", "three"]

Ak, AILLARFIRESETTR, Fl0:

mylist[0]
DOGER LA R
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EROETIESS

Bt R (B Hil%.

B2 4 MnE MPIENFBRTENRIEHTER) B95I%.

§'J2€E’J7§|J$o B FIRER— N EINRFBIH TR I®.
ETIR. RPN T BEMFAHIER,



one
HES (1) PRBFRARS], EEEIIRFHEMIETR. BN 0 FENFIRFBITEREFIZRS

TR LUERT| RPN —RTITER; XMATEL Fli0, x[1:3] BHEFE x 8% 2 M%E 3 Mnk. EBER
5| RFERNE EER—RS

FIe

FHRE— MR ENTAIETHRS]. FHELSEERTTHROR I BRFREAERS, fI1,
"abcdef" [1:4] HLERRHILL "bed,

7 Python F, FHEKEN 1 WFHRRT.

FHEFHEEIERARES ARN=B5IAREX FARSISEXNFRFBEREET, MER=E3ISEX
BFRHALETT. AJURFHHREERSIS () WG5S (") P SIBFHAUBESEMRE XS IBFN
HERX (B, sIEHERFL (\) F/7) BN5IAFMN.

ANl

"This is a string"

'This is also a string’

"It's a string"

'This book is called "Python Scripting and Automation Guide".’
"This is an escape quote (\") in a quoted string"

Python fEMFEREBEMEH S MUTEOMNFITH, XIFERIUERMMBAKF &, FEERZEGED
FIFERSISEE, 0.

"This string uses ' and " 'that string uses ".’

XIEER L TS

This string uses ' and that string uses ".
FREZF—EERANAZE, TRIIETHP—LES X,
& 6. FREBEHE

Bk Rz

s.capitalize() s HITEFHKRE

s.count(ss {,start {,end}}) & ss 7 s[start:end] FAIHEIIRER
s.startswith(str {, start {, end}}) MXUEER s 8E str 73k

s.endswith(str {, start {, end}}) MIRUEE s 2T str &

s.expandtabs ({size}) BHIRFBRATIE, BE size A 8

s.find(str {, start {, end}}) £ s BEHK str NE—NRS|;, WRHRAR, BALERA
s.rfind(str {, start {, end}}) 1o rfind MEFIAE#TIEE,

s.index(str {, start {, end}}) £ s BEHK str BE—1ER5|; NRHARE, BAEsE
s.rindex(str {, start {, end}}) ValueError, rindex MAZIABITIEE,

s.isalnum MAUEEFHERTNFTEUFTFHES

s.isalpha MAUEEFRREETNFTEFRE

s.isnum MXAEEFHRERSTIRFTTRSR

s.isupper MAUEEFRREETHNEHATE

s.isTower MWAUAEEFHREEANLHNE




& 6. FRETE (B)

Bk Bk

s.isspace MAUEEFHRELEETIE

s.istitle MR EE TR EENEFTEAENFEIRFTFHEFY

s.lower() BifAEENE

s.upper() R EEBATS

iovacsed FHR A NS )
by iy A

s.join(seq) ¥ seq RMIFRRERER, L s FEADRRA

s.splitlines({keep}) B s DEIRZIT, AR keep A true, HAKERIRIT

s.split({sep {, max}}) fEF sep (B sep ATH) ¥ s DEIR'F", KREDE
max JRER

s.1just (width) EREERN width NFEF, FFRFBLET

S-riuiﬂwidggg EEER width BIFERT, BFFRAEF

5 ocenter (i) FRER vidth BFES, HFHEERNF
A 0 #{TEZ,

s.Tstrip() FRERIR TG

s.rstrip() PREREZBTHE

s.-strip() AR SHRES

s.translate(str {,delc}) PRE delc FHIFAEFRE, BHERER s str NiZ2K
ER == 256 HFERSH,

s.replace(old, new {, max}) FRAFRAE new 2IBIRFIRER mnax HIVXBEBRFRTSR
old

&iF
FARHHAS FHEIITS) #) 3IANER. B—T LUTHSEEMNMEXAERBRAAEENARES,
HERWRBE, &ERIUFRTEAT. UWTRARE T &EpER:

#The HelloWorld application is one of the most simple
print 'Hello World" # print the Hello World Tine

BEREE

Python FIBAIEZIFEE R, BE, 8NRABITHZERE—EM. Bk expression M assignment EAIN, &
METEEA—NXBEFER (BIE0 if 3 for) 5IN. AIUEREREMEDZENERUBBBATEITHE
FiT. MRE—ATHESNER, WBAMTERRS ;) RIREME,

BRIEGRIUDNEZTT. EXMERT, BRETTREAULMALURFIT (\) &£, 6.

x = "A 100000000000000000000ng string" + \
"another 10000000000000000000Nng String"

MRFEANEWEEERES (). FES () HEES (1) RN, BABGAUEEAESEED AT, A
WHRNRFHL, Blan:

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)
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FRiR

MRATFXNEE. K. EMXBFHITEHEZ. MRNKEER, BEXAUXREHNENFEFRE FILF

fF () Fko UTHILEFARNEBBEBERBENRIBENXETAEN. EFE—FREE, MRATUEEE

BRHENFEFR. 0 5| 9 WHRFURTILTR, HEXEFRNKFAIUEREAE.

Jython FHN—LRBFARAATHEE,. RHEHEHITH R, XERBFHNTHIE:

« BA)5|Fi7: assert. break. class. continue. def. del. elif. else. except. exec. finally.
for. from. global. if. import. pass. print. raise. return. try # while

« B¥S|FE: as. import A in

« BHEM: and. in. is. lambda. not 1 or

XBFHEAARHBESLERM SyntaxErrors
(AR

RIRBEREE MEONUEFEANEDEH, RBIROTLERETIERIBEM: if. elif. else. for.
while. try. except. def M classo XLEBEBAIRFSINTFEESFR (1) BULHEEER, Hi0:

if x == 1:
y =2
z =3

elif:
y=4
z=5

ERBEHIAIBREITESR, MARK Java —1FEREES. MIBRPBFAETHONEHEIF—IE, X2
EAx sV E R AEIRER, BE, 8—REHNITTR. BUERTZSBMARHRTREHIT. T
EATBMGIRRT. RROKINERPITBIMEBE—FIFIE, SURFEE SyntaxErroro

HAAIERNEG (UKESEEMNER) Bal8EE—1T9, HUSSHMmR, fHia:
if x==1:y=2; z=3;

B EELLHIZs

BEHEBLHAEEER, BAXRTAIUESEFEAMAMERTHITENR. TaIITHREENSERIERT
& sys.argv PREHTER, FHGBS len(sys.argv) BILUREXPTEENENEE. 5190:

import sys

print "testl"

print sys.argv[0]

print sys.argv[1]
print len(sys.argv)

FEULRAEIF, import SLATRANEN sys £, UERILUERAXMEPEERTZE, FHIU0 argvo

AT LUER L TR R L R EIFRORI A :
/u/mjloos/testl mike don

RN T

/u/mjloos/testl mike don
testl

mike

don

3



Tl
print XRFHTONERABMEY, NREVERES, BARKERETHE—T. Hlm:

print "This demonstrates the use of a",
print " comma at the end of a print statement."

XRER A T

This demonstrates the use of a comma at the end of a print statement.

for IEAIATIAAAIIR Flu0:

mylistl = ["one", "two", "three"]
for Tv in mylistl:

print 1v

continue

FUIRBIF, FRFIER mylistl 2 3 NFERFH. AR, BITMZIEROTER, 8T nRzHA—17. XRBE
B A T HaiH
one

two
three

TEIRAIR, SR8 v BRORRAIIR mylistl RENTERNE, BR for BFATFERAE N TRIORD
R, BREFUBERKENEABERITIR,

if BARFMHIEM, ZBEORWFHHITRE, HRERELFEE true 3 false, FIU0:

mylistl = ["one", "two", "three"]
for 1v in mylistl:
if v == "two"
print "The value of 1v is ", 1v
else
print "The value of 1v is not two, but ", lv
continue

FEMRBFIFR, IHERSE v #HITTRE R v BEAN two, BBAKRE—PFRH, ZFRFEREF v B
BERZ two FHREINFRFH, XREMUTHEL:

The value of 1v is not two, but one
The value of Tv is two
The value of Tv is not two, but three

HEF®
ERTUM math BHRIFEVERNEES S, FRIIMT B —L755%, BESERE, BUFEEEETSR
R,

xR 7 BERE

ap: R%

math.ceil(x) B x BLRIEAZSECRE], BIATFHET x HR/NEE

math.copysign(x, y) REIHE y TS xo copysign(l, -0.0) ¥5iR[E -1

math. fabs (x) IRE] x AYLESTE

math.factorial(x) RE x Mk, WIR x BAWMIERY, WBABERE
ValueErrors

math.floor(x) B x WTRIEAFRECRE, BVNTFHEF x HERAEY
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x 7

MFEHZE (B

Bk B

math. frexp(x) ¥ x BNEZ m) A () 1EA (m, ) IHR[El, m BF
R, e BEH, XHENITFHEE x == m * 2+xe, AR x A
0, BBALLF ARG (0.0, 0), [NRHRE 0.5 <= abs(m)
<1

math.fsum(iterable) iR[E] iterable H{ERVIEIATE = EH

math.isinf(x) BREZRY x BREREXERHARER

math.isnan(x) WEZSE x BF N NaN FEHF)

math.ldexp(x, i) IR[E] x * (2+%1)o MAEARBFEZRE frexp BIRERE

math.modf (x) RE] x BUNRFIEEEER D, X MERETE x NFS,
FHEBEFESE.

math.trunc(x) IREIEEMTA Integral BY Real & Xo

math.exp(x) IR[A] exxx

math.log(x[, base]) RE|LAE[E base MK x IR, WERKIEE base,

MARHRE x BB SAXTE.

math.Toglp(x) IR[E] 1+x (base e) HIBEFATIER

math.10g10(x) IREILL 10 AER x BIRTEL

math.pow(x, y) R[E] x B9 y KB, pow(1.0, x) F1 pow(x, 0.0) FIALIER
[\ 1, BME x A 0 RIFF B

math.sqrt(x) iRE] x FEHIR

PREFFRERSN, ERMET —EERN=ARIE TRIIBTXEG X,

& 8. ZARBUE

BiE A%

math.acos (x) IREILGIERTH x BIRKZE

math.asin(x) IREIETERTN x BRIEZX

math.atan(x) IREILGIERTH x BIRIEL]

math.atan2(y, x) IREIITERSIE atan(y / x)o

math.cos (x) IREILGIERTH x BIRZ,

math.hypot (x, y) IREIRRLESTEE sqri(xxx + yxy)o XEMESES (x,

y) HRENKE,

math.sin(x) REILGIERTRH x BIIETZ
math.tan(x) REILGENERTRE x BIIEY]
math.degrees (x) BHRE x NMIERIRAE
math.radians (x) BRE x NEERNIE
math.acosh(x) IR[E] x B9 INERARIZE
math.asinh(x) RE] x AYRXNAHIEZE
math.atanh(x) IR[E] x BRXWAHIETE
math.cosh(x) RE] x KIXNHHIEZE
math.sinh(x) IR[E] x BYNBHIEZE
math.tanh(x) RE] x KIXNHHETME




EEMMEFEE, math.pi BNENBRFEE pi. math.e HEARFEE o

fEAIE ASCIl F5F

E2EMAAF ASCII F4F, Python FEPAMAMIIEFRTERIGHMARITN Unicodeo £ IBM SPSS Modeler H, R
7E Python MIASKFA UTF-8 #{T4mY, XEZ#FIE ASCI FRIHVTAE Unicode #ih3. LA TFHIZSEHAITHRIZE,
XEEA SPSS Modeler E% Python 4iF2812E N UTF-8.

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T A F./— F", 96, 64)

B2, T RERBERERIIRE,

BF$5.VAFTAF AFWATS
3. BIRETHESIE ASCI ZRNT AT
REARER, EA Python ERFRBFEEBIEMN ASCI FRFE,

Python JEIEFNRFEERAIMN u FRBILKRIFFIEE Unicode FATRFHEIE:

stream = modeler.script.stream()
filenode = stream.createAt(“"variablefile”, u"T X F./— F", 96, 64)

X EIE Unicode FATER, HEBEWETIRE,

FARS—F
4. FHRETMNESEIE ASCI ZRNT AIRE

fEM Python A Unicode B—MIFEANE, ClBH TAXHEASERE, =#HE TIFSWILERHT T EFH
NERPBENETLARTR.

E R RIEFIRIT

EEX RIS R TR Do R B R SRS, EEX RIS IR T RSB T
REYEM, Python E—MERIREIES, L Python ENHINHREHE FHIEIE:

. B, SONRBUABARE, HENRE LU ISEHTIR, is 7 is not WXAAFHEL.

C KB, SINRBUREBEERS. BYE GITENSHITE) ATILEN.

- R, SNNRBUMEBMEERS, HiEa AT BN,
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Python 1T ZFFEMXTRAVIZFIITRY FTHFE:
« BEFRIONREE, XA TLIERNRHER. WREAR XEKITHNEBIEEM.
© SMEMR, Python IFRMRATZEMRK, FIE Python KOG ZEREZENE, HERURFERES,

- BREREKENIIE, Python AFREEM. RBEE, KBREBIRTEMEINERRRIXERM, KK
WY BTHESEIRER S 7.

EXHE
7 Python £, FIUEXZEMAE. 5 Java AE, EEILE Python R NEXHE (IRR) EXE
BRYEMAQHE, Fitt, aJLAIAA Python FEIEREMUTF Java FHIRAGEL,

£ Python 1, LZEA class IHAIENXH, class IEAAVEIT:

class name (superclasses): statement

e

class name (superclasses):
assignment

function

EXER, ErRILUEFRHENHZIULNREED. XEMEEDFERIZENMELAIHZNEREML,
TR LURME NS Z N LU EBIREE Mo XEREE G RNE T E, BAETIRZ A EN.

ERE—ERER BMRIR. REREED) , LXBINEZME— ERUES I EEEXNSIAR—X.

el pe il
XBTHREL (HH2) BlE, REDTRKRG, BORENENSM), BHRIEARIGHTAR. 0
o, EEEUTE:

class MyClass:
pass

XEMFAT pass 1BH, ANRFE—MEADRTHE, EFRFEURES AHITEERF
UTEAREIESE MyClass BYSER:

x = MyClass()

[SESLHIAINRE
5 Java FE, FFHEILZE Python FEERAIFMEIE, RE—NRHIKLESH. AN, BEKRA x K
Y, TBIERR) LGB

x.attrl =1
x.attr2 = 2
x.atérN =n
EXEKRBEHEMBZE

ERBEERPNEEHNZ LB, EREEFEXNRLERS . FHERBESENLA BEMA self) £
NE—TBEZE, i, BEX—LEXBMNSGE, ERILENTRES:
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class MyClass
attrl 10 #class attributes
attr2 = "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

def method2(self):
print MyClass.attr2 #reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3  #make an alias for method3
EEAP, BZEREZRRERMEXNEEMNSIAE, 190 MyClass.attrle NIZERA self BERTEAEXTE
BIBMRISIE; Bl self.texto EAHRIMNES, EROIZFEAERZ (FI90 MyClass.attrl) SEAIEAISE (FI0

x.attrl, Hf x @FEMLH)) FREMENEBEMENSIH. EXRINB, MIZERRNLEIREFREXLFIZEE
BSIF; 90 x.texto

R &2

AILLUET SR E BT S RaEIE. THREEREMRXEFHTIAN. MREFERIAN _ xxx I xxx_yyy
(BP, FEFMMEIBTRIL) BIBFR, B4 Python fETEHIE BohAAEBIIRFRARINER LUSEREEE, I
u:

class MyClass:
__attr = 10  #private class attribute

def methodl(self):
pass

def method2(self, pl, p2):
pass

def _ privateMethod(self, text):
self._ text = text #private attribute

5 Java N[E, £ Python FAIUEA self REFMEXNEHIZERSIA; RERSMER thiso

2 7%
MEFHITH AN INEERE AN RIFERF L ITHIE, Python FIRZRFPHMAMLEMRE, BHRRARTREEFE
— X, FERARTIUFES MBS,

“hFamd T H MR 0 FERKLIM. % Python KEFFILIZEE. £ Python BY Jython SEIH, REEM—
N Java EHITHIZSEERMSR, THREHESL,

BERNEABME T A EREEAFES, HEARBERMNAERRER, LXBFHERMETP TR LER
XEREMEEGZE. A UERAUEERFRNEMARLE, FERIUERBENES; XEZTIERE. XL
ERIFE RMEMRYT B,

Nt

class Classl: pass #no inheritance

class Class2: pass
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class Class3(Classl): pass #single inheritance
#multiple inheritance

class Class4(Class3, Class2): pass

= 23
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% 3 Z 7 IBM SPSS Modeler Hi#{THzs4m5!

il i

£ IBM SPSS Modeler H, & 3 MERUAIRIZA:

o A, BFESIENSRRITHEEFREERF.
« BUREZ, BFERIBT ST

« BYHZIENA, ATRTEZ M RERADIERIT.

BT 1E IBM SPSS Modeler FRYIAANERMNZITE, o] IERAXLE A ERIGEEF SPSS Modeler I
BB, BN, XUEFEARHE 33 TIME 4 =, THIZRES] APL | FATRIBES AR

5ﬁ\ E Il\\/}"ﬂ*u.

ERZHIBERT, REARTEA—AD, MERBMXGEENTZEBTRPEALTX. BF, ERTERTE
—ENTRNES, FEITLUNT. B2, AR T, HIFFMERFTEAUERTZR, XEWRERE
EERIZ T ARELFRE RO (A,

3z

A

T ER IBM SPSS Modeler XAH3EEL, BILIRE. Bk, HEMBITR. REIUERESH. 2R/E.
RUNEMS Z KEBE R

B AR

BE AR MR ARERNRLL, SHER—, COSEEE—ROTA, BEARS BRI
GE—ER:

. BERAERIA ST A RFENET AT, TIARSETARE S X,

- BRSREENmMAmANELEERSTR (BFBRRTFETRNER)  XEEESTAETEEER
)\%D/)ILH:I'E%'E/)IM #E}_ 'JL?E ,‘JE{ETgEjJﬁlJL

a8

ANEEREEERMNET RORFFRIIEE, FINANMERETR, MMENTRZENER,

RITH
UFROMETATHFTETITS S, #ECRRESNRMARE:

modeler.script.stream().runAl1(None)

U TRz TRPNFERRITT A

stream = modeler.script.stream()
stream.runAl1(None)

EUE R B, /m,ﬁﬁ%r%f] stream NTEFR, BREEEZEFIEEER, RAffEERAFEIRIRE
HHR. SIBBTFEEANTERER— N EINEERRIZ,

25



A4l £

modeler.script BIRIEM T EEPRITHIAB LT3 WERHRFEEBITIRIEES AN SPSS Modeler A,
BEARIRTEN T AT 4 DERER, XERBIRHEA LUA P ERITIMRRRZ

+ session() K%, BFREHEANSIE, HSIEENBSHREFESEUNRERFBTEMRR SPSS Mod-
eler J5iF (AHHFIZTELM SPSS Modeler Server) o

* stream() EREL, UEEREXAIAS RMIARET mIAECS M, HREIRREHAE EEETRRMATEB T R
il S

+ diagram() BRZL, MRIAIUSEBT SHARSER, RIHREBTH aRRNNE, SFEMBARSLER, It
REREIMNANBS stream() FREFEE,

* supernode() R, IR AIUSET RMAESER. HWREHRERERE EEETRMAEET <o
TR T XU R IR H A,

R 9. modeler.script REIHE

iz s By session() stream() diagram() supernode ()
TRz REl%IE EERZHANEREY | 5 stream() 1EE TiEH

FIRER (B0, &
HAMBFT -stream 1%
MEZENR) o

Noneo
pi RE&IE IR 5 stream() #EE RER
B R[E=iE IR[EIR IR[EBT AR R[EBT R

modeler.script RIRIEE X T — AR PR IEHANTSGIN exit(exit-code) EERF(FIERITRIZHH R[]
PR BV ELHLR HET,

FREXBIER—MITERE runAll (List)o WWHERBITARAETRITTR. HITTH REEREARE SR
A EIFrIRHBFIRF,

THRITEEERRENERSHE U REMEY, BHREL, HEATLURHE—MIBLRTIRNTE, f)
u:

stream = modeler.script.stream()
results = []
stream.runAll(results)

WITTERE, BJTRAM results FIRIGBIHITAIAERAIERIITR,

SIARETR

MBEEEA—ESERIMANEN, FRITRZBIMTEBIXESY, BRXESHINTIES:
1. ERXAPHEIT R

2. BETmRM/IRIRE.
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EHTR
TR T SMERME T RNHR. FREAT XL,
® 10, ERIVETRNTE

HiE RO SEE DU
s.findA11(type, label) e REIABIEERBEMTENFAET RN

FR, KEHARZALIA None, FEIXFH
BR T EREMSH,
s.findA11(filter, recursive) £5 RS EIT RS FTiES A E T =E
o WMERBVATEN True, FBALIEE
HIEERANE BT S,

s.findByID(id) TE(N) IREIRBEFMR AR T SRS None (70
RAGFEHRELETR) . BETERERESIA
E GRS

s.findByType(type, label) TENN) IREIE BRI EREAN/ AT

Mo KBRIZFFATLLA None, TEXFHE
MTREEREMSH. NREZITR
iR, MAKEFEHRBEE—1T
Ro MREETEMNT R, BB2REE
A Noneo
s.findDownstream(fromNodes) &5 METIRMEMNT RFIRPHITIER, HiR
EIFfRET R THENT RES. REN
IR BIERREN TS
s.findUpstream(fromNodes) £5 MEFRENT A5IFRAHITIER, FR
EIFfiR T R EFNT RES. RER
FIREIERVIREN T =

fign, MR RESHAEZTBERRINEN TR TR, BARTUERUTHAREEZ TIE TR

stream = modeler.script.stream()
node = stream.findByType("filter", None)

S5, MNRBLMET SRR (0T SHEERN TR S ERFR) , BBAr UERLLIRERER TS,
flan:

stream = modeler.script.stream()
node = stream.findByID("id32FJT71G2") # the filter node ID

IRERM
A A RERHBEETUSEHEAZHIER TG BN R, XEREERATEAXIRITH
SSMI. FREER T AT AR B REILT %,

& 11. BFARMRENRBENTGE

FiE R[EEE iR

p.getPropertyValue(propertyName) | X¥&R REHEEBERMED None (JARFIFIE
LEEM) o

p.setPropertyValue(propertyName, | FNiEMA KRERTREMENE.

value)
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& 11. BFRRSENRBENTGE (82

Bk RO 3eE

DU

p.setPropertyValues (properties) &R

REEERMENE. BEBFHNE N F
BfEE— N ERTRBIERNRE, UK
BELZBIENE,

p.getKeyedPropertyValue( PUE
propertyName, keyName)

R [EEE BRI E K REXEIHEL None
(IRFEFELEEHHR) -

p.setKeyedPropertyValue( FEH
propertyName, keyName, value)

RERERMENENR,

Bign, MRBIGEBMUTROFBMUEN " TEXH TRAE, BARTLUERUTHEIZA:

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)

node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGLn")

HE, EARFERETENRRIEFR, AXMERT, TRREFRIIFBANE, F90:

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

BT R UARAECRR

FRLEERT, EAgRFERINERMIFTR. RIAERANT =8

1. BT,
2. BHRERIIAR.

BT R
TR T SMERTRNSR. TR T XL
*® 12. SIETRBAGA

BARTIES:

FiE RO KE iR
s.create(nodeType, name) TERN) SIEABIEEXREN T RHBERINE

HEERRH.

s.createAt (nodeType, name, X, y) TEN)

BIEEEIEEXENT R HFERINE
EERPRIEEMLE, MR x<0Hy
< 0, ﬁgz\ﬁeiﬁg{ﬁgo

s.createModelApplier(modelOutput, | T s (N)
name)

BRI B PR (AR R A X R BIIR
BNASETR.

fign, BERPEIRERY R TR, ERIUER LIRS

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")
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HEHRMBUHER T R

ERPLIRH T RE, XNHTROICERITREFY, ARARER. MR T SMEET QMBUEER

TRIGZE. TRERT XL,
® 13 BT EENBUEEET RTTE

FiE R[EFERY R
s.1ink(source, target) REH EET RS BirT R 2Bt @i,
s.link(source, targets) REH EREDRSRENERIHNENEFT

R B BT

s.linkBetween(inserted, source, tar-| &M
get)

ERERPEMTREG (R RMER
TiR) ZENTR, HEEEATRE
UEIRENUT XN REGZE,
BEERERTRSERTRZENE
(QI=EESEEEEN

s.TinkPath(path) TiEH ETRELFIZEIENER. £—M0
AREEIEZIMTR, MEZITR
BHEIE=IT R, KIEHE,

s.unlink(source, target) REH MRERDRSEIrT R BT EE
%%,

s.unlink(source, targets) FEH BREBRD RS ERIIRFENTRZIE
HERIEESE,

s.unlinkPath(path) REA FRET ML 2 BEERE AR,

s.disconnect (node) TiERA FREFRUT R 5iEE AP EREMT
MZ B EAEEE,

s.isValidLink(source, target) /RE MRAEENEDRSERTRZIER

BEERIANN, BAlHEFRE
True, IWAERREXRIMUREDRE
FHER, BT REE IR MR
KB R B A LR EE, HiIA
BRI RHE R RTERP SRR,

TEREIMARZHIT 5 TUES:

R TEXHRATR. "TETHRAN KR WETRo
BT RERE .
FEEXHWMATREIREX G
RIEERB BT TR Bm'.

5. HIT'R"TRo

stream = modeler.script.stream()

filenode = stream.createAt("variablefile", "My File Input ", 96, 64)
filternode = stream.createAt("filter", "Filter", 192, 64)

tablenode = stream.createAt("table", "Table", 288, 64)
stream.link(filenode, filternode)

stream.link(filternode, tablenode)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
filternode.setKeyedPropertyValue("include", "Drug", False)

results = []

tablenode.run(results)

L e
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S BT R
SORMERT S, EXBESRAPBRTNT R TREATIATIN. ERAMGT R0

& 14. BTSA. BRANBERT RE75E

B IR[O]REY Erpu
s.replace(originalNode, |7FE&EMR BEERPEET =, RAT R
replacementNode, discardOriginal) BT &N T THEE R
s.insert(source, nodes, newIDs) IES EFMRERFIRPIEA T ANEE, &

EFRMTIRPIFIBE T RE B ST
EHe newlDs AREHRRIZAETDT
RERFIRR, RN ZEHHERR
BiniR. RERTAABT REABHE—
IR, XFERASEERERNIER
T, BIRBEATEIREN True, EF57E
RREFBEATTRB7IER, HHIFRFPR
EXTIRBIEE (B0, MFA—ESH
NFIRPTRBIRFER) o

s.delete(node) EA MIBERARBRIEE T Ro Z TR
BFIEER.

s.deleteAl1(nodes) FEH MEEERTRBRFIEIEETR. £&7F
BHIFRE T RESNTUE FIEE M.

s.clear() TiEH MIEERPRBRFTE T =

EHRPT R
PR T S DS TR B RE— SRR, RRHT LA ATARRKES K075, TR TXE
7550

& 15 BTRREFET R TET RGFE

FiE R[EEE R

s.iterator() K2R REHSHEERTE ST AXTRIIE
22, WRTE next() REIFXIAA
ZEISRETT 7B, BAKBUEENX
KRBT,

s.predecessorAt (node, index) TR(N) IR[EIFTIR AT mAYIEE BRI K None
(WRFE5IBHEE) o

s.predecessorCount (node) int IR[OIFFIRMET R EERIE

s.predecessors (node) eSS IR[EIFTRMET RV EERIE.

s.successorAt (node, index) TR(N) REIFTIRET MAIEE BiZ/E445, None
(WRFRS[BEEE) -

s.successorCount (node) int IREIFFIRHT SR EIEEHE,

s.successors (node) eSS REIFFRHT RN EZRY,
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BRI PR AT
|HRAZREISZHE clear SN MAE, Hlu0:

« clear outputs FBF MESIRES AR P MIBRFTE th I,

« clear generated palette FBFMIRELERIRPEPRFIGIREIR,
« clear stream AFRERNAR,

Python FIZAYmHISZHF—HBPARIREL, removeAll() SF<TATAMRM. MEMRIAEIRE, Flu0:
- BRREESS:

session = modeler.script.session()
session.getStreamManager.removeAll ()

- BRRLEES

session = modeler.script.session()
session.getDocumentOutputManager() .removeAll()

- ARIREEIE

session = modeler.script.session()
session.getModelOutputManager().removeAll()

RRTRNEXER

TRDNEZMARER, HINHESANSETR BEMETRMEMRENTR. 8T HRERMT —
LA BFERZ T RIEXERRNE .

TREAR T BT A FIRECT RBARIR. RVARER %o
& 16. BTRBTRBRIA. |MIREH5 A

Bk R[EI2EE Ei::p%Y
n.getLabel() string BEHEETRARNET RS, REERM

custom_name BIFEFHEHEEM
use_custom_name RHFITIREMBER
T, mEF2e—BMENE;, TN, 15
Z2 getName() HIfE,

n.setlLabel (Tabel) TEH KEEETTAENETINE. RS
NEZFFE, BAKHIEELEN
custom name, HE SR False I8ELRE
% use_custom name, LAfFISEMITRE
ffiide; BN, SR=FRBIETHEL
custom_name, Fi§ True IBELREM
use_custom_nameo

n.getName() string IREFEET mIBE TR,
n.getID() string REFEET RBRIR. SROIEFRT =

e E— MR, B RIENR
BYLBRLER D HITIRTFRY, ARIRRKHET =
—ERAEE, UEEITARIMRET
AT, B2, IRBEREFNTRE
AT, BARKERmANRT R
WERHANEDE—HFRR.
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TRER T AT A F IR "RV EMAEXE BB GE.
x® 17. BFRETREXERNGE

Bi* R[E|EE #ER

n.getTypeName () string IR[E)IHE TS mBYB AR HI 2 FR. 1L R FRED
N RFOIEZT S L GIRE #F.

n.isInitial() mIRE MREFARMETR B, TR
FRUBENTR) , ALl ERFRE
Trueo

n.isInline() m/RE MRLETA2RERTR (B, TFRF
ETR) , BBALLFAERHRIE] True,

n.isTerminal() fRIRE MREFAREETR B, TR
FERAUBNTR) , BALLFEERE
Trueo

n.getXPosition() int RETHRERFH x AERES,

n.getYPosition() int REVRERTHN vy (IBREE.

n.setXYPosition(x, y) ESEY:: BRETRERFNUE,

n.setPositionBetween(source, tar-|RE&H RETNRERPNUE, UEEAMTFFR

get) RN RZE,

n.isCacheEnabled() BIRE MRESAERER, BALlFEFR
[El True, BURHRE Falseo

n.setCacheEnabled(val) RiEHA W REANEAERET. RS
REFEAHERREFEFENER
RS, BABREFEHITEC,

n.isCacheFull() AIRE MRERASRER, BALFTEFR
Bl True, BNRHRE] Falseo

n.flushCache() TiEHA BRI T ANERER. IRERERE
FERAHERH, AL EREEM
EFo
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£ 4 T Ha4H API

iZA4m&l APl &7

AR AP 1RSI R FREM SPSS Modeler THAEMSIAIRl, BRIERMFIE A EE API BIARES, T
LUERIZASIBa T I R L A AT A AT — S IS N, B2, MEES|E AP %, BAKTERUTEAE
SN APIL:

import modeler.api
ESNEBEARFZHAGE] API RFIFTHE.

BILATEXHY IBM SPSS Modeler Python Scripting API Reference Guide HRE|XF @S HIA4mH] API 2
K. FENMSHHTEIEE,

T 1 ERERSESEERTR

B 27 TN IFERT ) FHRETXFEATRNRRZMEAREZHERTERET ARG, EFEES
T, EERTENERNER, FEIIEERTFER NodeFilter AR findA11() FAREM. XMiERE
BEUTRNTE:

1. BIEATY B NodeFilter I accept() FEREHIARARFZE,

2. ERALFENIGIRBERI findA11() FiE. XEREIFFERRE accept() AEPEXHRMAT

U R ERINAERFRRERATNTREREFN TR, FIEREINTRIIRIATFEEHEARET R
prts

import modeler.api

EUP

class CacheFilter(modeler.api.NodeFilter):

"""A node filter for nodes with caching enabled"""
def accept(this, node):

return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findA11(CacheFilter(), False)

Tl 2 AFRARETHEHAIRRINB REAXHFER

FEEGEITF P AFF PSAPI, RI{ER—F#RA session.getServerFileSystem() BYAE, @I VAMA PSAPI K
REBEXHRFAITR,

UTRAIER T REARTFAFAETERZE IBM SPSS Modeler Server BIFAF BIAXPREIREH REXHE R

import modeler.api
stream = modeler.script.stream()
sourceNode = stream.findByID('"')
session = modeler.script.session()
fileSystem = session.getServerFileSystem()
parameter = stream.getParameterValue('VPATH')
serverDirectory = fileSystem.getServerFile(parameter)
files = fileSystem.getFiles(serverDirectory)
for f in files:

if f.isDirectory():

print '‘Directory:’
else:
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print 'File:’
sourceNode.setPropertyValue('full_filename',f.getPath())
break
print f.getName(),f.getPath()
stream.execute()

TTHIE: XTHENGER

HFTRAERTERE—E, AEHTXTFES T T REHNTISHFENES. F90, £ Modeler UI #,
KR EEREBERENFFICEKENTR. ESMABERE,

FHh, MAEALUETIEER ARG HT RINFERRINESERE, WFREETSR, MABERESHHHE
REAERE, B3, HFETNRXBTYERATERHF, MAEERE, RETNR FIRETR) &
AT 7. Hftth= (i P m) AUESRHREFR.

FETERNTGIS, FZAXABRE IBM SPSS Modeler druglearn.str i, HFAS N FEREME—MIRTE
P PRAFERIREE, ©@d U T IERTMUIIRIE:

MR R 18] H SRR B

XA BRIR B R R F R TTIB S

HWEMINFERIZS TR T <o

EE&FEWEE’J&’*” EEy
BITREMET R,

A BiefE, & druglean.str RABTTHIAZA], BRHARHIESIREN Python (ZMTESTATMRASHY
IBM SPSS Modeler ¢, HILRMAREIES IRENBHAREIES) o

import modeler.api

Ok N

stream = modeler.script.stream()

filternode = stream.findByType("filter", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue("use_model name", True)

lastRemoved = None
fields = typenode.getOutputDataModel ()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
continue

# Re-enable the field that was most recently removed
if lastRemoved != None:
filternode.setKeyedPropertyValue("include", lastRemoved, True)

# Remove the field

lastRemoved = field.getColumnName ()
filternode.setKeyedPropertyValue("include", lastRemoved, False)
# Set the name of the new model then run the build

c50node.setPropertyValue("model_name", "Exclude " + lastRemoved)
c50node.run([])

DataModel S&IFHT ZSMA T HRXTFHREREANFERATINERNGZE FTERBRT XL Z,
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& 18. BT X TFRITINESH

DataModel SR 7%

Bk RE|EE iR

d.getColumnCount () int IR [EIEIERE Y R 52K,

d.columnIterator() EN 2R REl—MEREE, BT B EAIR
FIREIES, Lk LEREFIREIFISLA,

d.namelterator() EHEE RE—MEREE, BT ERENIR
iR B 5IHY & #Fo

d.contains (name) wmIRE MR DataModel FEEEBIEER
FRE9FI, FBALLAIRIRE] True, TN,
IR[O] Falseo

d.getColumn (name) Column R[EIAFIRERZTHT,

d.getColumnGroup (name) ColumnGroup IREIEERIFIAT None (FNIRFRIZIEX
HHBIA)

d.getColumnGroupCount () int IR [E] AR B AR R F 1A A

d.columnGroupIterator() EAER R[El—MERZR, BFRRREIZANT
4,

d.toArray() Column[] BEUBRIENTIFEYRE], FiRE"

B NIRRT # TR

BMFER GINR) HRH T SMBTHRXTINERNAE, TRIIBTHA—ES X,
%= 19. BFHRXTFINEENIINRA %

Bk R[E|$EE iR

c.getColumnName () string R[EFIEE R,

c.getColumnLabel () string REFINIRERETFRIER WRAEE
5Z5 REBERRE)

c.getMeasureType() MeasureType IROFINEE R,

c.getStorageType() StorageType R [EFIRTFEREL,

c.isMeasureDiscrete() R1E IR[E] True (FORFIRBMIIH) . fERE
BTSN ER IS,

c.isModelOutputColumn () HR{E IR[E] True (WIRFIBEEEBT)

c.isStorageDatetime() /R1E IR[E True (FORFINTEEABTE. BHER
HEEHIZE) o

c.isStorageNumeric() /RE iR[E] True (WARFIBFMEAEEHIE
8 .

c.isValidvalue(value) RIRE RE] True (NRIEENENSTUEFES
) M valid (MMRBERNFEE
b 1)

c.getModelingRole() ModelingRole REFIHEIERE,

c.getSetValues() Object[] IREIFIFNEMERTISK None (FNREFR
MFEBEIFRES) o

c.getValueLabel(value) string REFIPRENFESE=FRE (R
FHEESZEXBENITE) o

c.getFalseFlag() JHR R [E 58 false $EFREDL None (WNR{E

RAHEFTNARZRITS) o
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& 19. BFhRXTINERNTINRTTE (40

Bk RE|FEE iR

c.getTrueFlag() PUE REFIRY true"$EAREDY None (UNR(E
FAFETIREITE)

c.getLowerBound() POE REFIFAER TIREDS None (MIR{E
KHAHETIFEL) o

c.getUpperBound() PUE IREIFIFBMER EREDK None (WIR{E
KAFETIFEL)

HEE, AZHETHEXTIREENSEETE DataModel SYRABHEN T HEN S %, Hw0, FHIFHmED
EAeEMEM.

dataModel.getColumn("someName").getModelingRole()

dataModel.getModelingRole("someName")

IR B ERBIRTR
BATRAEE SRR R KERINRAEREL, bAERRHBERSTHERNE
BHHIt

FEUTRAEIFR, druglearn.str FRERBIERNEGRR. FITREIFR, BHRITRFHMETR, FEERREE
fEESIRP. A, MAREBEHXLEER, HERITHAENEAERFELEFEREN IBM SPSS Modeler
B (.gm) X, MREFL PMML B FHo

import modeler.api
stream = modeler.script.stream()

# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream
models = []
stream.runAl1(models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunner()
for model in models:
# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelOutput)):
continue

label = model.getLabel()
algorithm = model.getModelDetail().getATgorithmName ()

# save each model...

modelFile = modelFolder + label + algorithm + ".gm"
taskrunner.saveMode1ToFile(model, modelFile)

# ...and export each model PMML...

modelFile = modelFolder + label + algorithm + ".xml"
taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

ESETHERHBT METINERESHNEREAN. TRBATUHEXREHENST E,
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& 20. BFHITERNESHESIETERGE

FiE R[EZERY R

t.createStream(name, autoConnect, |3 SIBFHREFR. HIR, VAR

autoManage) AFARLERMARAP BRXER
FIKIBR1Z3$ autoManage IREIZEBN
Falseo

t.exportDocumentToFile( EH FAREENXHERAFRERSHEX

documentOutput, filename, .

fileFormat)

t.exportModelToFile(modelOutput, | RiEMA FREENXHEABRESHEX

filename, fileFormat) 1%,

t.exportStreamToFile(stream, file- | RNi&FH FERIBEENXHEIERSHE S,

name, fileFormat)

t.insertNodeFromFile(filename, dia- | T (N) MIEEEXHHIEERHIREITI R, AEE

gram) HBENFrRENES, EFE, HE
A B TR EET KX RFET A Xt
Ko

t.openDocumentFromFile(filename, | XIS MIBESTHIRENHIR B ST,

autoManage)

t.openModelFromFile(filename, | &EA4EH MIBEXXHIRENFHROIHR R,

autoManage)

t.openStreamFromFile(filename, | MIBTE X HIEREN R B,

autoManage)

t.saveDocumentToFile( RER B REIIEENSXHAIE.

documentOutput, filename)

t.saveModelToFile(modelOutput, file-|RiEFH RREREFEIEERIAHIE,

name)

t.saveStreamToFile(stream, file-|FiEMA BRREIREENXGME,

name)

S USERTES
Python HEERMETET try...except NIBRAITHIEIRAIES £, AJUEMARERALLG EZRBRERE, H
IR SEEIALL IERYR)EL,

FELUTRAIAES, BE=1M IBM SPSS Collaboration and Deployment Services Repository HHGZRIESY,
IHRERIRE S SBME RS, FIMIAEREMSEFHEEERRIINEFMEERZHEIR, EIHAS, X6
28 HMH ModelerException (IBM SPSS Modeler 4£BBFFEREEHIKER
modeler.api.ModelerException) o

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
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3 RERNXRIIRFIEISEMEATE Java BE; XEREHIFIKEE ModelerException, EFRXLE
FE, FILUERMINAY except RFKIBIRFAE Java BHE, FlU0:

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

e FENBT RSN

SERET —MEETIHEEEMARER AP EIETXEERTRRIINERAR. SHNEBANEXAR
5%EE, BEXARIBT ANESHERTHNEZEAG LTINS, REMBTH RLXIN T —4HH
ParameterProvider SfRENXBIKEL, W TR, SIERM T getParameters() 1AM, WA IREIE XX
LERIETAIST R o

R 21. B ParameterProvider STRE X RIKEL

FiE R[E| A #iR

p.parameterIterator() v IR[E] ST RIS I E BUIE RS,

p.getParameterDefinition( SHENX REIAFIEERIFNSHNBSHENH

parameterName) None (FNRIIREEFHPREFEELES
) o ERTLUREBILSARBEX
RER, HEAFREERMIBESIRERER
ZSEHITHERELEER.

p.getParameterLabel (parameterName) |string IROIEESEAITFEZD None (JIRATF
FIESEH)

p.setParameterLabel (parameterName, | &8 REBIBES BN,

label)

p.getParameterStorage( SEIFE IR[OIEESEHEMED None (JIRAF

parameterName) I ESH)

p.setParameterStorage ( RiEA KEBIRESHNER,

parameterName, storage)

p.getParameterType (parameterName) | S#EHE! IR[EFEESEEILET None (WRAEF
FIESE)

p.setParameterType(parameterName, | Ri&FH REIBESHADR,

type)

p.getParameterValue(parameterName) |XF&R IREEESHAIED None (MNRAEE
RS

p.setParameterValue(parameterName, | Ni&FH REIBESHNE,

value)

FEUTTRAIFR, HECET L Telco BIEUBHRAERMNTHIWNSIENKSE, AE, BERBLXKEIRE—
PREH. BETR, BEERNTRAERAZASHEMBIETRIRIEXE, AERERROBIESZREER

B,
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Jtta_-\ﬁlJ#TEsT L%l%ﬂfﬂZKZK%EEJZT“LTX"%M, HRALBEAE ER T RR]EANPEREMIERAY
B, BR, MBEEMAWEN, AtBIXMENIRES *ﬁk}mﬁi\Tﬁﬂ%E’\Jaﬂ [

TR E— ﬁBﬁj\ﬁHﬂ:ﬁUL}ﬁE B, WRSHEREE THBARRIXE, R, HEAERELS DM
REMEDSXPRETR, FRXETRERE—E,

import modeler.api
stream = modeler.script.stream()

# Initialize a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region’ = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

LR BRI AN B2 LUR o

El - — o

telco.sav Addregate Tahle

-E>
of Q- J—— ‘N
Select Type churn

5. IR S RLEYR
BB TE D BT RITU T LR X REN R T =,
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# First execute the table node
results = []
tablenode.run(results)

IO AR LT ER D AT AT R TR ERBREL. fEE, EEAERPHZTHITER, UEK
TN RIRAIX K,

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount ()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

RS B9 LA T 88 93 5 AR I WM N ERAR RV X 183K 1% B e Rl 812 B "LowestRegion S, A, EMIIZGETES

HRRTHREXENERT, WHEARIETRIEESS,

# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

FER ARG AL TErT.
import modeler.api
stream = modeler.script.stream()

# Create a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region’ = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
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typenode.setKeyedPropertyValue("direction", "churn", "Target")
c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

# First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount ()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

£RE

EREATHEREREEFRNETUCEAI. FJUERASNERUENEXELCSE. TRF, AILUIRETN
BeRE, X—RESRBEEN. 2RESRSHNESET, XRERT RELBE"TRIBTNBh#HT
EH, MABEIMAREZELITHRIEE. FTLOUET AR getGlobalValues() 7EKILRIZAN2/BE,

GlobalValues XRIE X T &R ZERBIEREL
R 22. GlobalValues ITERFRTE X IR ET

FiE R[E]FERY iR

g.fieldNameIterator() K2R REIZVAE—IERENSINTESR
FREQIEMR RS,

g.getValue(type, fieldName) PO BREEERBENFEZMILBEER

None (WIRILAZE) . BRARRHI)
REAJREIRERMERE, EREHHE

REEAEKF,
g.getValues (fieldName) REIEEEEFRIMHNENLENE

8 None (WIRZFEZBEMEHRE) -
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GlobalValues.Type ENXABIGCR2FITHIRE, JRNCSAITNOT:
o MAX: FEEMIRAE,

« MEAN: FEHIIE,

« MIN: FEHR/IVE,

« STDDEV: FEREUIRAEZE.

< SUM: FEEHRERYE,

Bian, LUK AR N FERSE, W ERSESRE TRITE:
import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income"

ERAZANR - JRILHIZS
BEASMNR, SIERIMIIEIZA, BJLITE IBM SPSS Modeler Ul M4REAIEITIEII A, tha] LAfEHEAME
H IR A E AT ST TR IE,

MR AR TARNR. HR—NARTWEER, mE AR TEAFNIER D,

# Change to the appropriate location for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/18.2/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunner()

# Open the model build stream, Tocate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to_K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[0].getName())
applyc50.setPositionBetween(derivenode, histogramnode)
plotstream.linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.run([])

# Finally, tidy up the streams
buildstream.close()
plotstream.close()

UTROIEREMERITARR (R ER-RPRLTFTAREFAER) WA BEEE, (IERIIEASA
FrlcgE,

for stream in modeler.script.streams():
print stream.getName()
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£ 5 T HAHmFRT

FEBENAERMANKIGNGE, SFESRAT. ERARRRABMEE LUK IBM SPSS Collabo-
ration and Deployment Services Repository FHINTRZE,

EEURAIT

BITRE, FRREEL THREIRFRATERRET R, RERRT, EURESRNUEMIIERRIT. =
ELCREVHITIRG, BERBIEIHEERN HIT EM -~ MU TSR

1L A=,

2. BHT A= ERBIMERE B RARINERE R 2,

3. RiREREAFETNIREE N ERERNRITIF.

T RRITER
{ERTIAER for [EFSAEPBIPTE T AT 1B . BIE, LU FA MARAIRF RS TR 8 8
S EHA S,

BILERE "SR T R ERIRPERLEZ, BMESERF EREERFRBZEN. RERNEZERE TR
B R T R BN R BN ERPHFRBITESLNKRE,

# Alternative 1: using the data model namelterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# namelterator() returns the field names
for field in node.getInputDataModel().namelterator():
newname = field.upper()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iterator():
newname = field.getColumnName().upper()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

LA A7E BRI E T R P TR, HRESIMTRESTATETR. RE, BABAKEIFZTSF
NENFER, HER field.upper() 3¢ field.getColumnName().upper() REIGZFERANAT,

iR IBM SPSS Collaboration and Deployment Services Repository
FRAYRT R
WMREEE IBM SPSS Collaboration and Deployment Services Repository #FRIIE, AFA R LAfERMAG

LEFEERFEUSCMPRERNR, FRFEEEEVNARER. TEMB RS EZFEHNSIEZRERIEN
FRXFMIT RV E an B HHITEIE,
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%#%%| IBM SPSS Collaboration and Deployment Services Repository

Hihn)EEE, WAEfBEE SPSS Modeler AR REMN T AXE N FEH ST ENZEFEENS ERE,
BXEZER, 1B5218FE 58 TAY MIBM SPSS Collaboration and Deployment Services Repository 1% B|

=

R =

<52 b

IR 3E
A MEIEHIBFAERE, fI40:

repo = modeler.script.session().getRepository()

MEFEFEIR IR

ERIA, £ retriever RERIFEIZFHNER, SFR. RE, BHATR,. TRARTORRHBNFEE,
R 23. IFRMARGREIR L

RAER Tt RS

D repo.retrieveStream(String path, String version, String label, Boolean autoManage)

=AY repo.retrieveModel(String path, String version, String label, Boolean autoManage)

T repo.retrieveDocument(String path, String version, String label, Boolean autoManage)

TR(IN) repo.retrieveProcessor(String path, String version, String label, ProcessorDiagram dia-
gram)

BIan, ERILUER LT R MIFEEI R

stream = repo.retrieveStream("/projects/retention/risk_score.str", None, "production", True)

HERBIMIBERIX B FICE risk_score.str o 5% production FMREBRRIVRIRE, RE—1MSEHIETE
SPSS Modeler F&EIER (FldN0, N8R SPSS Modeler AP REAIN, AEMAMEHER)  EABKAE,
EFBRERMIBRAAR A :

stream = repo.retrieveStream("/projects/retention/risk_score.str", "0:2015-10-12 14:15:41.281", None, True)
. RRAFMIFESEE S None, BBARHREISRHThRAS,
EFEREPEETR

BEAMAREGEFEEPFENSR, BEMA storex K. TRPETEFHERBIFEE,
TR 24. TFIERIAGRSI R

HREE TFAERE ¥R

i repo.storeStream(ProcessorStream stream, String path, String label)

RE repo.storeModel(ModelOutput modelOutput, String path, String label)

Tl repo.storeDocument(DocumentOutput documentOutput, String path, String label)
TRMN) repo.storeProcessor(Processor node, String path, String label)

Ban, fERILUER LA T RE T ERThRASEY risk_score.str Ji:

versionld = repo.storeStream(stream, "/projects/retention/risk_score.str", "test")

HERBIFRERAMRZAETR. K "test" ARESHAAXEX, FHREFHEIZIIMRAAIRRAITIC,
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i MRTIBEARE SHARAAEREK, IEEIIAREEE None,
EEEMEEX X

I EREFEETRIXER, AR RARIZEAHEHEZ TEERXNNR, £A createFolder()
BREREIES MK, WMLLTFRBIRAR:

newpath = repo.createFolder("/projects", "cross-sell")

HRBITE "/projects" XHEFFBIERZAN "cross-sell" BIFIXHEF, REEREIF XHFHTERRZ,
EHEMANMAFE, 1EFER renameFolder() HR#K:

repo.renameFolder("/projects/cross-sell", "cross-sell-Q1")
FE— M SHEREENBHIXGRNTEREZE, MEZ MBI RIS ERHFHE M.
EMpr S, EER deleteFolder() XKEK:

repo.deleteFolder("/projects/cross-sell")

PIEMBBIXTR

STF#ZA, ERIUBE— IR, UREEMAR BHRE—NERASIERE, Er] R B HERNTR,
HEMMBHIRIBEERN:

repo.lockFile(REPOSITORY_PATH)
repo.TlockFile(URI)

repo.unlockFile(REPOSITORY PATH)
repo.unlockFile(URI)

X FEEFCEREITR, REPOSITORY PATH 5N REFMEEPME, BEMMBRNS|S5EHIERIIIEA
PR, BEFAXDANE,

repo.lockFile("/myfolder/Streaml.str")

repo.unlockFile("/myfolder/Streaml.str")

PRILLZ SN, ERILAERS—RIFARR (UR]) MIFFEERZRAGENRIME, URI HABERIZR spsscr:,
ER BT REES I SH. RBEFIIAILEARREDIRN, TROAURET A EI. BIEREZRLL %20 1
B=M. URI REDANE, REIWT:

repo.lockFile("spsscr:///myfolder/Streaml.str")
repo.unlockFile("spsscr:///myfolder/Streaml.str")

AR, WEUEERTHRFMERE - ETABE SRR R i

£ INZEZHE

REERT, THEREEAENATOSTE, (i, EaERERNSEBEPNIER, MBZEAHE:

. HURERMRL T AT A

- BRIMSBOHIITER

o TEHETE par Xt (ASHT S AE ER-RERNSRXE) TRKIEREEERY

WEAFRE, FTUER— N TARE Blowfish BiAREMMBRG (BXFMAEE, ESIF

www.schneier.com/blowfish.htmll LREREZEE) » #HITHILE, AJUEFIZREHIEEFHERIMASEGNS
$1TBEZT &%, BT databasenode #1 databaseexportnode BT =B epassword TEEINZRZRRY,
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http://www.schneier.com/blowfish.html
http://www.schneier.com/blowfish.html

1. ZERINER, BM TR"KEFREE:

R HITHRED...

£ EY X AERIEE — Do
BERE, UEANEREDAEIENHRD.
BT E H R R N2 2D E 6 2 S iR
R BB RN 2P TR BB AN B 220

ook W N

HAEaE
B B R IHEE T A EA @B, ATRER B R R ARIEL,

6. JRlZs T BFZEfr

AR EEMEREPNE IR HERHAGHIHERN. EEFHEIRT, BEGZNEIETHEH2NIRGE. 1Lt
Eﬂﬂii’é HjLTfalaio

ML 1TRE A
B S WA A LB TIB R AP RERHITAVMLE, S5 1BM SPSS Modeler BY, REBAEHSITRISENIE
T—MRIEIZ, fHIg:

client -script scores.txt -execute

-script FRERIMENIBEEMZA, M -execute FRIBRTITIZHASHEFRHIFAE RS,

52 AR A1

FELARTARZSEY IBM SPSS Modeler FREIZRIRNAEE N 1Z T H BT A I HRTARAFIETT. AT, RERI
ERILAESHENENRFR (EARARE) , HETBATHN R ERRNMEREIR, KRR ERNTAIURT
BIEERMERPANSEREGERIAD (TR > &0 > BPER > &%) igE. i, ErkFERN
IARThRASFRBYRIZS, TEiZhk A PR BRI @ MR A R B R A BN BVRBR R TE Ao

£ AR R 8 2 AV ATE AR B RR S R AT BE T A IE B 1T

WREIRRRAF M AER T EWER (HAHEZF) S, BAFERIBEAGSHHANAREFIX
B, BEER—FRZLEHEE, 7l90, |HA generated KEFEM model &, H clear generated BE# clear
generated palette i, JBAIBEXNRENATLUETT, BERER—FESTHEHE,

IHIRRRITE

% IBM SPSS Modeler T =4 MIEE ., EIRMFZEESFHEITR, EXEHHY, FZ2HHEESATREE
BFIESESHITHNERE, XEENHAINEERR (BMARE) f, ErLUETBATFIRGE M AR
BATIAFIF XL AR, HRXEENARIVA T ZASERANRRT NEER,

fFlan, FEFNRE S HERFAN PMML B9 XML TARRTEAFERENEE, FIIRENESNMFD RE
AL FES, SEHREMERIHETTINEEZE U AR E#1TiERE. A PMML BEE IR H e A
FipatkiE B8 XML ABER, Fla0:
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stream = modeler.script.stream()

# Assume the stream contains a single C5.0 model builder node

# and that the datasource, predictors and targets have already been
# set up

modelbuilder = stream.findByType("c50", None)

results = []

modelbuilder.run(results)

modeloutput = results[0]

# Now that we have the C5.0 model output object, access the
# relevant content model
cm = modeloutput.getContentModel ("PMML")

# The PMML content model is a generic XML-based content model that

# uses XPath syntax. Use that to find the names of the data fields.

# The call returns a list of strings match the XPath values

dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name"

IBM SPSS Modeler TEMIZAS4RHIARZ1F L FTRARE:

o RABRBREXRTAITFINE R REIBRIAR,

« XML ABERRMEITLL XML BXEENABHIAGIE,

« JSON AREERURMHIILL JSON HEXFEHNABHIAIA,

o PSR ERREENE XREF RIS,

o XA ABTERERTIHRR N FENEERITRER BRI FENE,

BAR, UFTNRfEaXERTHRE:
.« BEFYY

< F3!

* SLRM

« TCM

« FiB Python Tm=

* FE Spark T1&=

© FFEREFEERETR

- TREE

« STP

RABER
EABHLRHETHNERTNNMBNEERL, HEHTNEAALBAERE—EHER (B, T
BHEH) .

API

& 25. API

IR[E A& HER

int getRowCount () RO FR BV TEL

int getColumnCount () IR [E]thFRAEY T E

P getColumnName (int columnIndex) RO FEEFIRS NI BZFR. FIFR
SIM 0 FiE.
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R 25. API (%)

R[] FiE iR

StorageType getStorageType(int columnIndex) REMUFIEERSINTINEERE, 7
R3IM 0 FFh.

PO getValueAt(int rowIndex, int|REMITIEETMIIESINE, 77

columnIndex) E5|M 0 FF8,.

void reset () BT S5IHNARE XN E RN EE
2o

Red=tilk s

TRIET BTFHEESITEATER AT A

& 26. TRAEEH

REl=t= WHBR BEFIR

= = "table"

RS

stream = modeler.script.stream()
from modeler.api import StorageType

# Set up the variable file import node
varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full _filename", "$CLEO_DEMOS/DRUG1n")

# Next create the aggregate node and connect it to the variable file node
aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)
stream.link(varfilenode, aggregatenode)

# Configure the aggregate node

aggregatenode.setPropertyValue("keys", ["Drug"])
aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])

# Then create the table output node and connect it to the aggregate node
tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)

# Execute the table node and capture the resulting table output object
results = []

tablenode.run(results)

tableoutput = results[0]

# Access the table output’'s content model
tablecontent = tableoutput.getContentModel("table")

# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), \
tablecontent.getStorageType(col), \
tablecontent.getValueAt (0, col)
col = col +1
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"SI IR R AV AT LT ARA

Age _Min Integer 15

Age_Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
Drug String drugY

Record Count Integer 91

XML AERE

XML ABFRBERHENET XML R,

XML ABERERFEBIARET XPath RANBA N, XPath REXNZATEX FREREMLETRTE
MHFRHR, XML AREEEE T HESMITRURMFRATHAT, M XPath TIHFARBEREXLEH
o XFEFET Python HIARGHIFHITIERAENE SR,

XML ABFRBEREA T XML XEUFFEFNRERIRE. XR1F Python MABFEAEELE Python

EESRAEMT XML,

API
& 27. API
iR[E FiE iR
P getXMLAsString() UFRFEFRE] XML,
HF getNumericValue(String xpath) REIERHFIREI N R EZFHITRE
BER (Fla0, N5BRERIANELA
FITENREHTITED -
h/R{E getBooleanValue(String xpath) IR[EIXT s E R FERIANKREFFSHNG
IRER,
FFE getStringValue(String xpath, String |iR[EISHEERFMATENREEMED XML
attribute) TRE,
FRIBRFIFR getStringValues(String xpath, String |3REI—1FIER, HAREES5H5FEKREZEE
attribute) LECHIFRE B MES XML T R{E.
FRIBTIFRMNTIER getValuesList(String xpath, <List of | IREI—1FIER, HbEE55EKREZER

strings> attributes, boolean

includeValue)

LENMERMEUR XML TRE
(IRFH) o

B5I&R (key:string, value:list of
string)

getValuesMap(String xpath, String
keyAttribute, <List of strings>
attributes, boolean includeValue)

REI—MEIIR, ERBEXBFEMER
XML HREREXET, HEEERE
BT IRABIFRE,

R/RE isNamespaceAware () R[E] XML BB NAERIRE
[E—l_lo Ek%{ﬁ?g Fa]Seo

void setNamespaceAware (boolean value) ®’E XML BinTSReSNAEZ T
18l XITIER reset() LUHBIREEE
ANAENX.

void reset() BEESHARARE (Fl, SREEFEN

DOM X&R) KEXBERIAEEF(EES.

s
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REd=tiik

TRIHT ATFHEESIHEATEENREHAT <o

& 28 HRMRELH

TRA bk B2 i AIRR
RLEIRTIN 2R ERR IR ZHIREY "pMML"
"autodataprep" n/a "PMML"
I 2

BFiABARAR Python MIAESIEEIEERMTFUTRAS:

results = []
modeTbuilder.run(results)
modeloutput = results[0]

cm = modeloutput.getContentModel ("PMML")

dataFieldNames
predictedNames

JSON AFRE

JSON RAEEBATFRMIT JSON BRARBHIXHE. XRMETERE AP,

PRLEEERYIE T T HhER B,

cm.getStringValues("/PMML/DataDictionary/DataField", "name")
cm.getStringValues("//MiningSchema/MiningField[@usageType="predicted]", "name")

AW EREERE CIIAEERR

API

= 29. API

iR[G] F5ik R

FREH getJSONAsString() LUF TR Z0RE JSON AR,

TR getObjectAt(<List of chjecta> path, | IR[EIEEREMNITR, FTIRHEAY root

JSONArtifact artifact) MHSE

THOlRERT, EXMER MRERRN
BHIR. REMERIGER—INFFH
B, B LHHHRERER JSON
T (JSON SYREL JSON #44H) .

B HIER (key:object, value:object)

getChildValuesAt(<List of object>
path, JSONArtifact artifact) HIHHE

AL

5}

WMERISTERREIEMA JSON MR, BLE
RENZEENTFE, TURE null, &
THWXBEFEFRESR, MREBEEREER
— I XFFRFBR. B, LHIGHRE
FERE JSON I (JSON IR}
JSON #148) .

IFRFFR getChildrenAt (<List of object> path | dIRIEEERZIEM JSON #A, HALE
path, JSONArtifact artifact) #HF [REMIFIZEARNITRATIR, TR
-4 Bl null, REIMNERGER—MXFFR
B, B LHIHREHREZE JSON
I (JSON XI%RIZ JSON #4H) .
void reset() BTESHRNAEE (i, SREEN
DOM X&) KEXHEAINEBEERS.
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TR Zs
SRIFTEIRIE JSON M OURMIHERAET =, BARERAUTHAR AR —ABENEXIER:

results = []

outputbuilder.run(results)

output = results[0]

cm = output.getContentModel ("jsonContent")

bookTitle = cm.getObjectAt(["books", "ISIN123456", "title"], None)

# Alternatively, get the book object and use it as the root
# for subsequent entries

book = cm.getObjectAt(["books", "ISIN123456"], None)
bookTitle = cm.getObjectAt(["title"], book)

# Get all child values for aspecific book
bookInfo = cm.getChildValuesAt(["books", "ISIN123456"], None)

# Get the third book entry. Assumes the top-level "books" value
# contains a JSON array which can be indexed
bookInfo = cm.getObjectAt(["books", 2], None)

# Get a Tist of all child entries
al1Books = cm.getChildrenAt(["books"], None)

FIFGIHE RN BREH AN LERSIHE R R ERE

SIGHTAB RN AT UNENFER (BEESR) HENSGITRIAR. XS ABEERHIT T TR
W FERFEDNFERNZS MEZEITERISITRIAR,

ARSI EEEE:
< IR

o ME—IHER

. BRI

- B

- Ait

- &/ME

- mAfE

- BHE

* Variance

. EE

s FHERNITEIRE
- RE

« REMEIRE

. IEE

o IEEAREIRE

o FRfI#

© R

* Pearson
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. MAEE
o T KRLE

« F 1930

FEEERT BTG, MEMENRER TSI,

FRXESITI T R

« "G REMTIZIH I BRI MR EARXF RIS T ERMBIT ST
o "BUERER"TREMYIGTHH B LR EREFRIER N ERMXISEIT.
« "BE"TRENRFERNIEEFRINES BT ERIHEH TR £ AT St

HRLe A IR B A1t o] B EUR TS E T m B hREFIZ T m RIS B,
ColumnStatsContentModel API

& 30. ColumnStatsContentModel API.

iR [5] Wk &R
List<StatisticType> getAvailableStatistics() REIREFE A BLit. HIFFEF
BHSTMEEMMAERITIE,
List<String> getAvailableColumns () REIBAETESAITFIRE,
Number getStatistic(String column, |REISF|XEMFITE,
StatisticType statistic)
void reset () BT SRABER X BT RN EEE
8
PairwiseStatsContentModel API
3% 31. PairwiseStatsContentModel API.
iR[E Bk fEik
List<StatisticType> getAvailableStatistics() IRERB P AT ARSI, HIEFrEF
BHUNMEBFRBESRITINE,
List<String> getAvailablePrimaryColumns () REBAETBERITHNEESR.
List<Object> getAvailablePrimaryValues() REIEANEHERKITHEETINE,
List<String> getAvailableSecondaryColumns () RO AETBERITHIRESZ,
Number getStatistic(String primaryColumn, |iR[E5%|REXMFIHE,
String secondaryColumn,
StatisticType statistic)
Number getStatistic(String primaryColumn, [R[ES5 £ BFIE KX EF| XEXMNSIT
Object primaryValue, String|f{&
secondaryColumn, StatisticType sta-
tistic)
void reset () BT SIRABER R BRI EE
8
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Rtk

TRIHTATHEESIHEATEENREHIT <o

* 32. mafEd.

(BRI T R)

TRA HHBR AR ip=d
"means" "means" "columnStatistics"
("IE"TR)
"means" "means" "pairwiseStatistics"
("E"TR)
"dataaudit" "means" "columnStatistics"

"statistics"
(gt TR

"statistics"

"columnStatistics"

RERERFE FRISEM.

"statistics"

"statistics"

"pairwiseStatistics

REFERIBXRITE M.

("Gt R)

I

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile", "File", 96, 96)
varfile.setPropertyValue("full _filename", "$CLEO/DEMOS/DRUG1n")

# Now create the statistics node. This can produce both

# column statistics and pairwise statistics

statisticsnode = stream.createAt("statistics", "Stats", 192, 96)
statisticsnode.setPropertyValue("examine", ["Age", "Na", "K"])
statisticsnode.setPropertyValue("correlate", ["Age", "Na", "K"])
stream.link(varfile, statisticsnode)

results = []

statisticsnode.run(results)

statsoutput = results[0]

statscm = statsoutput.getContentModel ("columnStatistics")

if (statscm != None):

cols = statscm.getAvailableColumns ()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " = ", statscm.getStatistic(cols[0], stats[0])
statscm = statsoutput.getContentModel ("pairwiseStatistics")

if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns ()

scols = statscm.getAvailableSecondaryColumns ()

stats = statscm.getAvailableStatistics()

corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)

print "Pairwise stats:", pcols[0], scols[0], " Pearson = ", corr
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%6

R ERF

e IERRIERANSSITRUMTELN IBM SPSS Modeler:

1. EZET IBM SPSS Modeler MHE&H E, FTFF DOS =&

B —— A/

AT E o

2. BUREANEEN IBM SPSS Modeler FiHE, 154N modelerclient &8%, ARWNFIENSEL; 0.

modelerclient -stream report.str -execute

IS (frid) AWEEETRSSE. BN,

——

1T

M IREF R

EHMBH

EAGLITERE
TR HLITEEE (WIFAIRE) MR modelerclient s LUEXX IBM SPSS Modeler HYi
Fo
FESZMAANGMLTERERE, ATHEEATENERTHEL,
= 33 mRTEEERE

LTERE HRE
ARELE BXEZER, BEAE 56 T ZEETE F/l,
SHEL%E BEXEZER, BEHAE 57 W 2HETE) F/,
RS[EZRELE BXELER, ESHE 57 0 hsearabe) E

o

IBM SPSS Collaboration and Deployment Services Reposi- | BXEZER, ESAE 58 T1H IIBM SPSS Collabora-

tory EEETE

[tion and Deployment Services Repository ZEiZEHT 2]
FE

i

IBM SPSS Analytic Server EEET

%%ﬁi@%59ﬁmﬁmMsmsmmwm&waﬁ

EE PFmESEL,

z=e|

550, BILAER -server. -stream §l -execute FRIERIEZERIRSEE, AREENFIEIT

s WP

modelerclient -server -hostname myserver -port 80 -username dminer

-password 1234 -stream mystream.str -execute
BAR, SNAMEANZESTHN, FTRER
AL | SEREETKRNESHE, Fli:

modelerclient -stream mystream.str -Pusername="Joe User"

W] LAR A5 AT

A NREESHLTHERENS
i?]l?o

ERRSIRERE TS,

-execute

IBM SPSS Modeler RS, BEESFIER -state F -script  #xico

B, BARBBIESISZAMNERFT,

XA LU e A R R AT SR B SAZ R
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ARG LITERE

FiFdn<1T, 1BEA modelerclient MSHEIREMEETEMBE R TRELE) IBM SPSS Modeler, XAER]LL
WIS BREBRHAE AT, B4, BEUE'SIESHIHEE ("TARE S"IRERIESH) P&

W LTRRNEASHBERTHIA

RGEEE

TRERTATHAARAEGLTERNASKEEE,

& 34 REBETE

BEE

ThnER

@ <commandFile>

@ FFSRREXHR, WXHFRTIEERSIITR. =i modelerclient BEILL @ FLEISK
B, ERERXGPNGSHTIRE MURESSITR—HF. ESHEME 59 0K
[THEZ 128 | THRESER.

-directory <dir>

RERETFER. EFMRIT, ZERBRNABTHIERFNHL. =F): -direc-

tory c:/ or -directory c:\\

-server_directory <dir>

NERIGERERSBE R, B -directory MICIEENITIEERATEL,

-execute

ERMERMITEEIRFIINHERR. RS A, MRERICRSZINEME T B, TR

G RIRATT,

BRI IHEIEERR. AILIEESZ MR, ER&EE—MEERNRRBIREN LR,
BRSNS ERVIRIIM A, MTFFTR, BRRERESZIN, ARiCE] BT EEm4, B
RS AT & — T2,

RS MBEENEEMER ((gn BBIXHF) -

ERE, MEEENERTRS.

MEFEETE. ERINAME— Iz,

EEHMBERFHHEIE (.cou BRBIXM) -

ETamLTEEENIR. BELENG, BRBMAECSHRAETENF.
BFREREH. TTATFRETRENE (BESH .

-stream <stream>

-script <script>

-model <model>

-state <state>

-project <project>

-output <output>

-help

-P <name>=<value>

A WA LUERARRETIREREBR. BinR)LERER, BE XE REPEFISETFERIIKERS S
BR.

mEZ At

BYTRAT, EUUEBESEENEERASEMNEXNRIBXSEERMEZ MR REMEL. 7, &
MEFZITHENFEA report.str 1 train.str BT, ERILERANTHS:

modelerclient -stream report.str -stream train.str -execute

M IBM SPSS Collaboration and Deployment Services Repository &%

AT UME N X4 IBM SPSS Collaboration and Deployment Services Repository (W1REIRIFRI)
HEENR, AILMERXMAFEZRS spsscr: URGERMEMEER file: (ITHAE LHIXR) RIET IBM SPSS
Modeler Eft AMNBEETHNR. A5 U MRCEC M

e -Stream
* -script
* -output
e -model
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* -project

TR LUERTIREIE URL LUEEXRIUE, U0 -stream "spsscr:///folder 1/scoring_stream.str"s %0
RIEET spsscr: A%, BABRKRBEF—HTHIEE THEMB IBM SPSS Collaboration and Deployment
Services Repository #F#%. Ft, STEMNESNAZALTRIRE:

modelerclient -spsscr_hostname myhost -spsscr_port 8080

-SpsSscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

AR, BT BAUER URL A3233R REPOSITORY PATH XIFRIEIEERZ, (HWMERFMGERTFHIZA, )
B X IBM SPSS Collaboration and Deployment Services Repository HIXIRE URI HFMES, 1HEH
B 43 T 3518) IBM SPSS Collaboration and Deployment Services Repository FHEIRTER 1 [ &,

S2RET=E
SEATA{ETE IBM SPSS Modeler M 1THITERBININIC. EM<TEEER, -P fricBFHRAFW -pP
<name>=<value> HIBE,

RS LURZ:

- BB (B, HEE CLEM RAXPFERNSE) .

. EB¥, AT REY. LESHBTFEREIARPEITRNEE. BFSRATHAE 63 TN I oEEH
R UHFBESES.

- MLITETE, BFEXRXT IBM SPSS Modeler RIIEM.

Blan, EEILURHEBIERA A 2MEL NS LTINS, WHAR:

modelerclient -stream response.str -P:databasenode.datasource="{\"ORA 10gR2\",userl,mypsw,false}"

Hig&5 databasenode Tim/BI4HHY datasource B¥HER. BXEZES, 1B5H: [ 75 A ldatabasenode]

NRE BT RIGVER, BARB—PSHRNIZKEN true, HIFER, HIEEFERFRNEBEENNIZER
EARSER (FF3E, ERNAPIEBRHILESHTER) -

A REHMBRTR, BABCIRTRBEENS | SHHAERARFBIIS|SHEITRX FW, MR LERE
FREUERT RRYE A Source_ABC, FBALLFBERIUITFAR:

modelerclient -stream response.str -P:databasenode.\"Source ABC\".datasource="{\"ORA 10gR2\",
userl,mypsw,true}"

BT RRERASHRG I SHEFEERML, WLUT ™M1 BUERRAEIHFR:

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:\Share\TM1_Script.str -P:tmlimport.pm_host="http://9.115.21.163:9510/pmhub/pm"
-P:tmlimport.tml_connection={\"SData\",\"\",\"admin\",\"apple\"}
-P:tmlimport.selected_view={\"SalesPriorCube\",\"salesmargin%\"}

RSZB[EREHTE

-server FRIZIER IBM SPSS Modeler RZEHEEIAHARSS28, #RIC -hostname. -use_ssl. -port. -username. -
password #1 -domain FBF38/~ IBM SPSS Modeler dNfiEIEE| AHEIRSEZ 28, WRKIEE -server BEK, B
AERRE A RS,

ANl



EREEIAHARSSEE:

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

EERIARSS 2R 6 R

modelerclient -server -cluster "QA Machines" \
-spsscr_hostname pes_host -spsscr_port 8080 \
-spsscr_username asmith -spsscr_epassword xyz

FAR, EERIRSB[BEHTEBIEED IBM SPSS Collaboration and Deployment Services T2
hiA2E, FEIt -cluster SENTMEFMHEEEIZIEIN (spsscr_*) EE5FER. BXEZER, 152% IIBM SPS

[Collaboration and Deployment Services Repository ZEiZEB L&) Eill,

*® 35 lRSB[EZELE

BZE ThAER

-server RSS2 IE1T IBM SPSS Modeler, RERfEAIRE -hostname. -port. -
username. -password F1 -domain JEIZEEINFHARSESS.

-hostname<name> RSS2 ENZ, (NERSS[IAR TR,

-use_ss] IBEEZNER SSL (RLEEFR) o REANEN, HREKERNFER SSL.

-port<number> FriEE RS MRS, XTERSEES N TRIA.

-cluster<name> IEEEMARSRER (MTEEHhBRIRSEE) iR, HSHATAREN hostname,

port # use_ss1 &¥, BIFAERES, FAFIR IBM SPSS Collaboration and Deploy-
ment Services Repository FEREMME— URL ARSEEEEEH IBM SPSS Collabora-
tion and Deployment Services FHIIIZINALEEERE. BXELEL, 1ESIH [IBM
[SPSS Collaboration and Deployment Services Repository EEE T 24 [F &,

-username<name> XRATERRSBNAFR B, XERSHHXTETA,
-password<password> XZRATERRSBNEN, XTERSEHFN TAIH.

A WRKERA -password BEE, BARFSBIRTEBANEL,
-epassword<encodedpasswordstringX & Fl F B RIRS BHE D RGN, NERSB AR TT A,
D AJLUEE IBM SPSS Modeler NAEFHY TR RBLEMEIIHIZHIED.

-domain<name> XERTERRSENE. XNERSHF AN TR
-P <name>=<value> BT REREH. B, FOFFRETAENE (BB .

IBM SPSS Collaboration and Deployment Services Repository ZEiZH

=1
TE

WMRBBEI LT REFMEFILE IBM SPSS Collaboration and Deployment Services FEIXIR, BBALIIE
E—MEMiZ IBM SPSS Collaboration and Deployment Services Repository BIBXERE, Fl40:

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-Spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

TRIBTARTREILEZENERE,

% 36. IBM SPSS Collaboration and Deployment Services Repository EiZEETE

BHEZE ThkER
-spsscr_hostname <hostname or IP|%Z%E IBM SPSS Collaboration and Deployment Services Repository BIAR
address> SN ZH 1P Hohtk,
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#R 36. IBM SPSS Collaboration and Deployment Services Repository HEZRBELE (4)

BEE ThNMER

-spsscr_port <number> IBM SPSS Collaboration and Deployment Services Repository &3 E#E
BiROS (8%, SREEN 8080)

-spsscr_use_ss] IEEEZNER SSL (REEEFR) o RS ARNED, HEIRENRER
SSLo

-SpsSscr_username<name> &RZ| IBM SPSS Collaboration and Deployment Services Repository HY
BFR %,

-spsscr_password<password> FERE| IBM SPSS Collaboration and Deployment Services Repository B
25,

-spsscr_epassword<encoded password> |&ERE| IBM SPSS Collaboration and Deployment Services Repository HJ
M=,

-spsscr_providername <name> FAFERE IBM SPSS Collaboration and Deployment Services
Repository (Active Directory 3{ LDAP) BIAEARSBIREREF. WRERZ
M (FzfEEE) REER, BAXT2LF.

IBM SPSS Analytic Server EiZETE

MREBBI P LITFHEHIZE IBM SPSS Analytic Server FIBINR, FAMTIEES IBM SPSS Analytic
Server HIBRIERL

7 Analytic Server FJFREIERM SPSS Modeler Server FREXH, FAFEAILIEZBEITA > Analytic
Server ZEETE X HCHY Analytic Server o

TRILTARTRILEENERE,

# 37. IBM SPSS Analytic Server EZETE

BEE ThkER

-analytic_server_username BFER IBM SPSS Analytic Server B &o
-analytic_server_password BAFER IBM SPSS Analytic Server HYZHT,
-analytic_server_epassword BFEZR IBM SPSS Analytic Server BT 4RIZMIZERD,
-analytic_server credential BAFER IBM SPSS Analytic Server BYEIE,
HEZIEH

BIERRRXAEN @ §5, AUEARMEENRE M X HRAGERSIEEE, XEEEBI RGN
LT, ARALRRRFRSAES S KESEIRE, F1%, LUTEshan<EA T <commandFileName > AY
SIBXfFRBEE S,

modelerclient @<commandFileName>

MRFATE, BABASISKSXENXXHRMBRZEER, WTHAR:
modelerclient @ "C:\Program Files\IBM\SPSS\Modeler\nn\scripts\my_command_file.txt"

MLYXMHRILUESAMERHRNZEMEENFEEXE, #ESTEZEERLH—1T. fIW:

-stream report.str
-Porder.full_filename=APR_orders.dat
-Preport.filename=APR_report.txt
-execute

%6 & mef7EZE 59



HENMSI RS, HIuEE L TR

s BEMHYRLH—1T
o AEEMGSNMHEAHERN eCommandFile B,
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£ 78 BESEER

BHSEEEMR

ALUATR. . IENBTNRIEEZS TN ARNER. RERBMEMETRPEA, flm . £ M T
AT, BEBMENIHNEERENT REE, HttEMEARSLMRE, AU REFN BT R"1T
No FLEEITERFRE (FIEIHFTHMNIEERIET [IETE) HiEEE, EFUSHEMARERREE.

- IBIMAEKEYE WMEAEMR) o BXEZER, BHEH TBMER |

« AE'BTNRSHRPRATREM.

* [BE) IBM SPSS Modeler B, TR ERIAEa<LTIEI (A -P #7iE) BI—EB5

£ IBM SPSS Modeler RIBIZAZRS ETFXH, HREBEARBIEESETNESE. E4ERT, EIHENET
RBCARE M,

BXRHAREESHNFAREE, BEAHEESES)

BHEE

LUERA T EEKENENE
OBJECT.setPropertyValue(PROPERTY, VALUE)

x:

OBJECT.setKeyedPropertyValue(PROPERTY, KEY, VALUE)

BB T IEECRNEEE:
VARIABLE = OBJECT.getPropertyValue(PROPERTY)

:
VARIABLE = OBJECT.getKeyedPropertyValue (PROPERTY, KEY)

Hrh 0BJECT BT =3¢, PROPERTY BFRANSIANT BRI, M KEY SHRIEBUNRE. Fim,
UTEEBTERIET R, RAERERBEUSSFIEFTEFARETHEIEDIE Age FE&:
filternode = modeler.script.stream().findByType("filter", None)

filternode.setPropertyValue("default_include", True)
filternode.setKeyedPropertyValue("include", "Age", False)

ATLUERR findByType(TYPE, LABEL) ER#EREFK IBM SPSS Modeler FERME T R, MMEDIEE—
TYPE 3% LABEL.

SHEM
RS EIERLEN, ERIEAENEMENSNE !
« EBEERTRBERMMNGN, LR TR, "I TRIIE TR

« BRI —EE STHRE RIS
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ERZEORENL

mARMEMERMZONT R (FR "TIE"M" 9% TR) AR TUERERE S LUE ERENT, X
EEUFELEMRIRNBMEANERNR, LRI AR. fl, T TR TR, S NTAFE (EH
£ BHRTFAEAXRES. BIRALES, "TETREATINFE (BLFEA true XZ false) FfiE—
MER, LWEMMERTAE (BIEEN) True T False. BRINTIE T mynode (FEEH L) B—8A 1
NFE. BEXALFE, BB FER Age BIEM include EIRE N False, SO TFFIR:

mynode.setKeyedPropertyValue("include", "Age", False)

NigEZEREMESIIN

NFFLETRMSE, BAIU—XEETRERNZNEL, XTNSEEEHTHIRER,

ARLEERT, SHLEERSEESR. TEIWT:

sortnode.setPropertyValue("keys", [["K", "Descending"], ["Age", "Ascending"], ["Na", "Descending"]])

HEMUBENZ—IMBET, AR T TRREZAAUERTRLEREETIEE. REBERT, ZEES
RBEETEMBERENRFETZE, ERPREREREM. fli, NIREEX'BEXH " TREDRT L
EFREN, ATHREMMKEYERZAIRFA—EN, BaSBAEHER. USEESHAEXEE, 7
EEEEMBERAEFRE LRE MBS, MMk bRREA %,

#E
AENRBMEEZPERITERS. THRESETHERZ,

& 38 IEAPEANITERS

5 aX

abs HaST{E

len KE

=2\ =IME

= FN =AE
correl GEES

covar mAE
num HFHEE
pet Bath
transp ERE
xval R IIE
TE FEXLTE (RTHRH)

T RANRE A

7£ IBM SPSS Modeler AR UEMHAXERT SAREM. WEBEEEBIEHAN—E 57, /EH M4
H—EB 0 A ASEIL MR SIRERY B onit; SAE RiAd B9—850 RLUSEIMEMAASREZEE . &8
BIEBTR'NEATRSHRIEET RS, MREMIKTEMS, BHEETRAERSITETRER 1BM
SPSS Modeler, £ -p Z¥AERTITIAAN O, JUERRBERESRILE,
& 39. TRMBEERG

Bt ax

BRETR s HEM max_size

s.max_size
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& 39. TRAREMRG (4

B aX

s:samplenode.max_size BREITR s BN max_size, EMTAEARTI=,
BRBILSFIRAPEAT RMBEY max_size (REEB—MF
J.F

2
E
AR o
E
E

:samplenode.max_size

s:sample.max_size BRETR s BIEMY max_size, HUTAHART R
t.direction.Age WREIEE TR t PERFTENAR.

:.max_size oo JERIRME 2 IR E T R BT R KR,

T s:sample.max_size WMABAA—EEEHTTRERMLHR,

Tl t.direction.Age WiBR, HENTRBMLEHERNMENEMEEERE, REBERNEBITEM K,
HSEBEMN Eiafk = Ex Bit.

T REMY LA

SMHEXUNTILABECHN—AE8EEY, HESITEMEAEEGERE, WRBTUR—MHEE (BF. inE
RFRR) , EXMEALT, Fﬁlx%’l@ﬁ%%‘ﬁﬂﬁﬁIEﬁ%iﬂo WMRTEFITRGIFER, BLABELREER. 5
G5, BT EMS IR LIEE S AEMEE, I3 Discard. PairAndDiscard #1 IncludeAsText, UHBSHNER A
ET’ME BAKEIEIR, MBI EKAE true T false FEENEGIRENSEM. (REENMOHRNWT

SME: Off. OFF. off. No. NO. no. n. N. f. F. false. False. FALSE 3% 0, {ETERLE R FIREUBMH
TEBU‘%H:'I% £, FTEEHMEIRISHEMA true. A true M false FERF—BETLUBEGRESE, ) EAEEN
BERTD, BYHERTINEMECBMEHRITTIRE, HAHTRBENERER.

/ \ﬁ*II\\E Ii
IBM SPSS Modeler FHRZBILEATHETR (REBHR) .

® 40. AETREM

BiERHR HiERE Btk

use_custom_name flag

name FrI & ERERPENTRBEMARREMS
(BEhEESD) -

custom_name FRI& BET RHEFIBIT,

tooltip FRIB

annotation FRIER

keywords FrI & BE SR XK K BFFIRIEL

i
WiE (fFIE0 ["Keywordl" "Keyword2"]
)

o

cache_enabled flag

node_type source_supernode BRAB S| BT RNREEM. Flm, B
process_supernode Y25 A= (1490 real_income )
terminal_supernode 25, ®ETUHEEXRE (Hl
FrE AT A mHImis ey userinputnode 5§ filternode ) o
REE




BT AREURATE R SR EERITe. BXBSER, BEHE 37 DS 21 B, B
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% 8 E mEM

BT IAR S v LUEH Z MR E E. B5IARE

stream = modeler.script.stream()

stream.setPropertyValue("execute _method", "Script")

Nt

THEEBMRET I RAYsIRFNT A, W TFFRBRIEIA R EN—

stream = modeler.script.stream()

annotation = stream.getPropertyValue("annotation")

annotation = annotation + "\n\nThis stream is called \"" + stream.getlLabel() + "\" and

contains the following nodes:\n"

for node in stream.iterator():

annotation = annotation + "\n" + node.getTypeName() + " node called \"" + node.getLabel()

+ II\IIII

stream.setPropertyValue("annotation", annotation)

RIFIR, FHRZFIRENRERS, LA

PRROMERT SEHCIE T EERPFAET
N

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"
derive node called "Na_to K"
variablefile node called "DRUG1n"
neuralnetwork node called "Drug"
c50 node called "Drug"

filter node called "Discard Fields"

um EkﬂqﬁiﬁtﬁquﬁjéFj:%Eo
® 41. wEM

RERITHELUERMZ:

BHWNTH

k= iR

Bt

execute_method Normal
Script

© Copyright IBM Corporation 1994, 2018
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& 41. REE ()

BB

HhiERE

BitHEE

date_format

"DDMMYY"
"MMDDYY "
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

date_baseline

=

date_2digit_baseline

G2

time_format

"HHMMSS"

n HHMMII

IIMMSS n

"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

time_rollover

flag

import_datetime_as_string

flag

decimal_places

=

decimal_symbol

Default
Period
Comma

angles_in_radians

flag

use_max_set_size

flag

max_set_size

=

ruleset_evaluation

Voting
FirstHit
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& 41. REE ()

BIERTR iR e ipu

refresh_source_nodes flag RAFERRITHERRIFTRT <o

script string

annotation string

name string A XR—RIEEM. NRBEEN
MEVRTR, ERZEREERMINUER
%o

S8 fEF LB BT LAk BRI R AP Ry
Ptk &

TR BAREEEN T,

encoding SystemDefault

"UTF-8"

stream_rewriting boolean

stream_rewriting_maximise_sql boolean

stream_rewriting _optimise_clem_ boolean

W17

stream_rewriting _optimise_syntax_ |boolean

miT

enable_parallelism boolean

sql_generation boolean

database_caching boolean

sql_logging boolean

sql_generation_logging boolean

sql_log_native boolean

sql_log_prettyprint boolean

record_count_suppress_input boolean

record_count_feedback_interval B

use_stream_auto_create node m/RE WREN true, BARERIFE TR

settings RE, BNEERRFEET.

create model_applier_for new_ #IRE NRER true, PBAERENEZECNZE

models

BRI EEE TR SHE
EEY, R II— R N A Es.
. NREFERNE IBM SPSS Mod-
eler Batch V15, BERAMINEUHIFERIZR
AR INAREY N A 2%

create_model_applier_update_Tinks

createEnabled
createDisabled

EX B IIRE N AES T R B gAY

HERRERL,

doNotCreate
create_source_node from builders |#R/R{E WMREN true, BATTIRIDEZCIER

ByRba tHH BB A T ETHR SR E T
HEHERY, BAIN—MERYIRT R

create_source_node_update_1links

createEnabled
createDisabled

E X Boh AR T R B 82 Ay 1R 38
il

doNotCreate
has_coordinate system B/RE WRA true, BEXTEANRNALITR.
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& 41. REE ()

BB HIERE ek 250
coordinate_system string PTG R AR R BB AT,
deployment_area ModelRefresh REZMAEAHER. WRZERERN
zcor‘mg None, BRARGERAHEMEEREB,
one
scoring_terminal_node_id string ERPIEFETD %, ERILUERFH
EATEIR T =
scoring_node_id string REN D D2 RRIREIR,
model_build_node_id string R ERT R
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£ 9 E RNRREM

BTHRAHKEM
R R AR TR, FENEIERAGTSNERES.

5 1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

Tl 2
I B RIS E N EIEX B SRR ETETLNTE Region.

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat square_brackets as lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom storage type", "Region", StorageType.LIST)

# ...and specify the type if values in the list and the 1ist depth
varfilenode.setKeyedPropertyValue("custom 1ist _storage type", "Region", StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom 1ist depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...
varfilenode.setKeyedPropertyValue("measure_type", "Region", MeasureType.GEQSPATIAL)
# ...and finally specify the necessary information about the specific
# type of geospatial object
varfilenode.setKeyedPropertyValue("geo_type", "Region", "MultiLineString")
varfilenode.setKeyedPropertyValue("geo _coordinates", "Region", "2D")
varfilenode.setKeyedPropertyValue("has_coordinate system", "Region", True)
varfilenode.setKeyedPropertyValue("coordinate_system", "Region",

"ETRS 1989 EPSG Arctic_zone 5-47")

" 2 ORTRAKEMN

BRI HEAR Bl
direction Input FEAGNEBIEE%.
Target A
Both NODE.direction.FIELDNAME
None E: OIE, TEEFERE In A Oute TEIFRAIRRZSHAIEE
Partition BUHEX X ENZ .
Split
Frequency
RecordID
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xR 2. FORAHBYE 4.

BB ¢3S BiEEin
type SEE (Range) FERR, MR ZBMIGERN Default, BAKERFIE
Flag values BHIRE, WIRHE value_mode EE N Specify, #B
Set AEREIEEN Read, WIR value_mode BI&EN Pass
Typeless % Read, FBATEART type IRERIRNE,
Discrete R
Ordered Set NODE.type.FIELDNAME
Default
storage RH FEEMEELENRIEREEN,
FRE# AR
B NODE.storage. FIELDNAME
L
Time
HEHA
Timestamp
check None FEREUNCERENRITEL,
Nullify A
Coerce NODE.check. FTELDNAME
Discard
Warn
Abort
values [value value] S FELE CEE) FEmMs, F—1TMEs/IVE, B
ERAE. WFEX (&8) FE, BEEMEE. 15
EFERME, F—MERE false, FT—MERRK true, IREB
ZEMRBHE value_mode BMIZEA Specify. FlifzeE
RIBFIRTPNE—TEREN, FlW, NRE—NERN
string, BAFMHESRRIEEN Stringo
REB:
NODE.values.FIELDNAME
value_mode Read WE T —REUIBEETIRER N FRENA .
Pass R
Read+ NODE.value_mode.FIELDNAME
Current AR, TREBLEMERESEN Specify;, BEERNEE, &
Specify %E values B
default_value mode Read EERAREAFRIREFME FREE,
Pass RERE:
NODE.default_value_mode
ZIGBERLLUEEEA value mode B, BISEFEHITE
=
extend values & % value_mode BN Read FIERIA, &7 T NFHIREX
NERMIZEERIEFRE. BN F WERIEEHRN
FIZENE,
R#ERE:
NODE.extend_values.FIELDNAME
value_labels FrI& RAFIEEERE, 58, YNEEE,
enable missing & HigEN T B, BABENFERREENRE.

REMBI:
NODE.enable_missing.FIELDNAME
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R 2 FORAEBYE 4.

BB HiERE e r:pu
missing values [value value ...] IBE R R EIBERNEUEE,
AR
NODE.missing_values.FIELDNAME
range_missing RS HEHRERN T K, EERSNFREXRKE (FA) B
Elo
AR
NODE.range_missing.FIELDNAME
missing_lower FrRIE range_missing A true BY, MEMIEERKETE TR,
REE:
NODE.missing_Tlower.FIELDNAME
missing_upper FRIP range missing /3 true AY, IEMISEHREESTEN LR,
AR
NODE.missing_upper.FIELDNAME
null_missing RS HEEMIREN T B, BAT (EXRREFRERA $nulls
BRENXE) RTERKE,
AR
NODE.nu11_missing.FIELDNAME
whitespace missing r& LHiZBMIEEN T N, XEETH (T, HIR/FTNTRT
1) VBRI RRERR(E,
RERR:
NODE.whitespace_missing.FIELDNAME
description FITER BT EE FRIrE SR,
default_include & ATFEERIMTAREERSLIEFENRITES:
NODE.default_include
NN
set mynode:filternode.default_include = false
include RS AFEHREaRRTRENFRIBIZEL:
NODE.include.FIELDNAME.
new_name string

measure_type

Range / MeasureType.RANGE
Discrete /
MeasureType.DISCRETE
Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET
Typeless /
MeasureType.TYPELESS
Collection /
MeasureType.COLLECTION
Geospatial /

MeasureType.GEOSPATIAL

LR EZEMT type, EAERATFEXSFEEXEERN
B, XAETF, FAILUME Python MIZALEHIFH setter BREK
ZBEEA—1 MeasureType {H, M getter JRLXIR[D]
MeasureType {Bo

& RhaEE 71
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xR 2. FORAHBYE 4.

BB

hiERE

B R

collection_measure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG
Set / MeasureType.SET

WFUWEFR (RERN 0 WFIR) , RBITEEEXSEM
EXREXBINERE,

MeasureType.INTEGER

Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType . TIMESTAMP
List / MeasureType.LIST

OrderedSet /
MeasureType.ORDERED_SET
Typeless /
MeasureType.TYPELESS
geo_type Point WFHIFTEIFEL, LRBIZEEME X ZFERRNMIET
MultiPoint BIXRAVER, XWiZS5ENTIRREFRE—K.
LineString
MultilLineString
Eouliz
MultiPolygon
has_coordinate_system m/RE XFHIETE TR, WEMENZFRETEEYTA
coordinate_system string X FHIRT[EFE, RIZEME M ZFRAVEIT R
custom storage_type Unknown /| IESEEEMSRT custom storage, RAEABTENFE
MeasureType . UNKNOWN NEBEEFH#E. XAET, EoI U@ Python FIZAZRHIAEY
String / | setter HRE(ZBEH— StorageType fH, MM getter JALL
MeasureType.STRING iR[E] StorageType fHo
Integer /

custom_list_storage_type

String /
MeasureType.STRING
Integer /

MeasureType.INTEGER

Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType .TIMESTAMP

NFFRFER, kiR EERMENTFELE,

custom_list_depth integer WFFRFE, WRIEBEIEEFERIRE

max_Tist_length integer NI AFNELF A BT R HESEIE, IBEYIRA
BENTERELULBIIRNRAKE,

max_string_Tength integer AR TFEEEHIE, £ SQL UBIERMNER. WA

BEPFRAFHHENE, XFERPEL—TRNNEBEE
EFITERT,

asimport Et¥

Analytic Server JRIEZEILATE Hadoop #AHANXHFRS (HDFS) LimfiTit.
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ANl

node.setPropertyValue("use_default_as", False)
node.setPropertyValue("connection",
["false","9.119.141.141","9080","analyticserver","ibm","admin","admin","false","","","",""])

& 43. asimport B

asimport B iEen EMiHER
data_source string HIRIRZ T,
use default_as boolean WMRIKEN True, BEFEAKRS SR

options.cfg XHHFEEENFHE Ana-
lytic Server %%, SNRIGEN False,
BT R AER.

connection

["string","string","string",
"string","string","string","string",
"string","string","string", "string"
,"string"]

X2 E Analytic Server EiZIFME
ENIREMH. XA
["is_secure_connect", "server_url",
"server_port", "context_root",
"consumer", "user_name", "password",
"use-kerberos-auth", "kerberos-krb5-
config-file-path", "kerberos-jaas-
config-file-path", "kerberos-krb5-
service-principal-name", "enable-
kerberos-debug"], Hm
is_secure_connect: EERELRERRE
%, HEN true 3¢ falseo use-
kerberos-auth: & RE2EEF Kerberos
JANIE, E{EX true T false. enable-
kerberos-debug: FETRELFEH
Kerberos JAERAIRER, HERN
true ¢ falseo

cognosimport T EEH

ANl

node = stream.create("cognosimport", "My node")
node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/serviet/dispatch",

True’ IIII’ IIII’ IIII])

IBM Cognos BT M Cognos Analytics #IEESNEIE.

node.setPropertyValue("cognos_package _name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].[BRANCH CODE]",
"[GreatOutdoors] . [BRANCH] . [COUNTRY_CODE]"])
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R 44. cognosimport TisEBME.

cognosimport T HEM4 EAR BiiER
mode Data IBEREN Cognos #iE (d) EREIRS.
i

cognos_connection

["string” flag,"string”,
"string” ,"string”]

XEBE Cognos RFS||EFAMERHTIR

B, XA ["Cognos_server URL",

login_mode, "namespace", "username",

"password"]

Hrh:

Cognos_server_URL BB EIRM Cognos RS

2319 URL,

Togin_mode ETEREERERER, HEN

true 3¢ false; SNRIGEN true, BPARIET

HIFENZER "

namespace 18EATERIRSINLRIAIERHE

2.

username F password FNFAFER Cognos AR

SRNAF B,

{EREE Togin_mode AUEIR, EBTLUERLT

A

« anonymousModeo. f5l40:
['Cognos_server_url’, 'anonymousMode’,
"namespace", "username", "password"]

« credentialMode., %0
['Cognos_server_url’, ‘credentialMode’,
"namespace", "username", "password"]

+ storedCredentialModeo ffl¥0:
['Cognos_server_url’,
"storedCredentialMode’,
"stored_credential_name"]

Hrh stored _credential _name EFfEES
Cognos FIERIE R,

cognos_package_name

string

BERBIENRSNERH Cognos #IEERY
BREMBIR, Fu0:

/Public Folders/GOSALES

A REERITEX.

cognos_items

["field","field", ... field"]

ESAN—IHENHIBEW RN EIF. FEIE
A [namespace].[query_subject].[query_item]

cognos_filters FE& SENBIETENEN— I Z NI IEENE
o
cognos_data_parameters e BIENRTSHNE, "/ E"WETEE
SH, FEZIMWLUES SR, MENFRHFE
EESFESN.
Lr: 5 v
[["param1", "value"],...,["paramN", "value"]]
cognos_report_directory FE EMNRSARENXHERHEH Cognos B

=, B
/Public Folders/GOSALES
*: REENRITEM.
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&R 44. cognosimport THREBM (BR).

cognosimport T HRE4 HuEARY BiiER
cognos_report_name FE ESNNRENIRE A EFRNRFEZT,
cognos_report_parameters IS RESHNE, "B/ B"NEEEESAH,
HEZMWLLES 2R, MBNFREBFEES
ESA,
&
[["param1", "value"],...,["paramN", "value"]]

databasenode EBf4&

"SIEETT R ATEY ODBC (AMABIEEER) MEMHEMIIEE (85 Microsoft SQL

% Server. Db2 #l Oracle &%) FEANIUE,

Nl

import modeler.api

stream = modeler.script.stream()

node = stream.create("database", "My node")
node.setPropertyValue("mode", "Table")
node.setPropertyValue("query", "SELECT * FROM drugln")
node.setPropertyValue("datasource", "Drugln_db")
node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")
node.setPropertyValue("tablename", ".Drugln")

R 45. databasenode B

databasenode /E1% HiERE Btk

mode Table fEENYHEEE Y, 18N Table EIRFIEIEER,
Query F{&Eh SQL RIEER Query TIWEEIIRE,

datasource string WIEESTR (BIESHTENER) .

username string HIEEEEFAGERE (FESHTERER) o

password string

credential string IBM SPSS Collaboration and Deployment Ser-

vices FRTFERVEIERIZ R, BT LUERA LB HERA
& username # password B4, EILMAFLZHM
ER IS Ih 0 R ERT B0 E P & M EiEHE T

fic

use_credential BN True T Falseo

epassword string BELIRGHENE, URKBEHAPERLS
5,

BEXEZER, BERE 45 1 VERINEE
o EHITHRE], LEBMARRIR.
tablename string ZihMRE M.
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R 45. databasenode B (42)

databasenode Ef¥ ¢S BiEER

strip_spaces None ERFHEPFIHNEITHEAED,
Left
Right
Both

use_quotes AsNeeded EEMBEELZEHN, EERERBMIIEHE
Always F3l5W (fl, MRXEZIFEETEITF
Never =) o

query string IEEBIRZE WA SQL 4Hid.

A WR datasource BUFHEIEEZIMEE— M HZITIE. A8 (TGS HTFRIL, BAKALL
FA"REMING S B EEEAFHFRHITLHIE, Fa0: "{\"db2v9.7.6_Tinux\"}" 3 "{\"TDATA 131\
"I LBAh, MRERNE datasource FRIERERNGISMEESEENR, WMTHFAR: "{\"SQL Server\

", spssuser,abcd1234,false}"s

A WNR datasource BMFHHIBEREETHE, BAKBKETUAE FIIBRANENEIEREBRERRE
datasource. username # password FENEM:

R 46. databasenode B - FHETEIER

databasenode EB% HEen B

datasource string =55V
[database_name,username,password[,true |
false]]

RE— "SR SEIMENERESER. IR
KEIRN true, BEERBZAINEIDHITHE

=
2R
=

o

MREEBEURE, BAERLEI; 72, IREREEXHFABZHEN, BARER username Y pass-
word B1%.

datacollectionimportnode Ei%

. Data Collection ¥BES AT RiRIETIZAZE™®RMEAN Data Collection BRI S NIAE IR,
WAZS Data Collection $IBEEA ATFERILTS o

Nt

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")

node.setPropertyValue("metadata_file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source type", "File")
node.setPropertyValue("casedata_file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
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Quanvert/Museum/museum.pkd")

node.setPropertyValue("import_system variables", "Common")
node.setPropertyValue("import multi_response", "MultipleFlags")

& 47. datacollectionimportnode [B1%E

datacollectionimportnode /E1%

ShiEes

B iR

metadata_name

FRTER

MDSC B9RZ#F, 45%{E DimensionsMDD FRR/fE
FAtRAE Data Collection JTHUESN Y, HEAATREM
BEEE:

mrADODsc

mrI2dDsc

mrLogDsc

mrQdiDrsDsc

mrQvDsc

mrSamp1eReportingMDSC

mrSavDsc

mrSCDsc

mrScriptMDSC

$55K{E none IERATETE MDSC,

metadata_file

TAETTEIRRISC AR R R,

casedata_name

CDSC H#&#F. BIRERVEELE:
mrADODsc
mrI2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc?2
mrSavDsc
mrScDSC
mrXm1Dsc

15%(E none IERARIFEE CDSCo

casedata_source_type

FEH CDSC BUJRERY,

casedata_file

% casedata_source_type /3 File BY, BBAISTE
BERGIEBIBI M.

casedata_folder

% casedata_source type 3 Foder BY, R4S
B EROIEIRI 4,

casedata_udl_string

% casedata_source_type 9 UDL BY, BBARE
BRAIBIBRIVEIRIFIEE OLD-DB EiEF RS,

casedata_dsn_string

% casedata_source_type J§ DSN, BRANEIE
JRIEE ODBC EiEFRH.

casedata_project

M Data Collection ¥#EZFIREXINEEIER,
AN TENZ IR, WFFrE AN NEER

RERE, MRIRERT,
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R 47. datacollectionimportnode B (4)

datacollectionimportnode B4 iEEs BER
version_import_mode ATl E X a5 o
Latest
Specify
specific_version FrI & % version_import_mode 3 Specify BY, BBARE
XEFNEHEIBRIAR A,
use_language FRTER EX BB NFERIEEIES IR,
BE FRIEP R use Tanguage BIEN True, APAEXFAN
NEFANEERE, BB ARMEES
KR —aT A8,
use_context FrRIE EXBERENFEN LT EFTXAFXS
5mRAE R BER,
context FRIB R use_context BIEA true, BBAEN SR
B RN ERAIBIBPHNE—TBHIfE,
use_label type FRTER EXEENENEERTRE,
Tabel type FRIB R use_Tabel_type FUEAN true, FPAENXE
SANIRELRE, RMELWNERGIBIBTNE
—H] AR AL,
user_id FRIE NTFEREXNERNEIEE, BolLURERATH
IREIE IR A P ARIR A 2,
password FRIB
import_system variables =R EEESANRATE,
None
All
import_codes_variables flag
import_sourcefile_variables flag
import_multi_response MultipleFlags
Single

dataviewimport B4

i

Nl

stream

modeler.script.stream()

"EARLE T UG SRR B S\ IBM SPSS Modeler A,

dvnode = stream.createAt("dataviewimport", "Data View", 96, 96)

dvnode.setPropertyValue("analytic_data_source",
["","/folder/adv", "LATEST"])

dvnode.setPropertyValue("table name", ["","com.ibm.spss.Table"])
dvnode.setPropertyValue("data_access plan",

["","DataAccessPlan"])
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dvnode.setPropertyValue("optional attributes",
[["","NewDerivedAttribute"]])
dvnode.setPropertyValue("include xm1", True)
dvnode.setPropertyValue("include_xml_field", "xml_data")

+ 48. dataviewimport B

dataviewimport /B4

HhiEes

Bt

analytic_data_source

string

ZfETE IBM SPSS Collaboration and Deploy-
ment Services FRDITEIEMEN R, EEHAN
R 7S BB 12 8 M AR AN AR o

["Object ID","Full path", "Version"]

table_name

string

DINEIREMNE R EANSIENER, REVNE
BRERZ. ERLUEIM IBM SPSS Collabo-
ration and Deployment Services Deployment
Manager EFHHFSE BOM HEESREMN zip
YAHEAY default.bom XEFFRFHITEIRIKENEL,

p*3E BOM BEM IBM Operational Decision Man-

["Object ID", "Name"]

agement (iLOG) F&N, BUERIELIER,

["Object ID", "Name"]

data_access_plan string RAF RS R ER SRR SR AR 5 5.

optional_attributes string EAZHRERERNTIR.

[["ID1","Namel"], ["ID2", "Name2"]]

include_xml wRE MEEBEEENAE XOM LHIEIENFER, B
473 Trueo BRIEMFRA IBM Analytical Decision
Management (iLOG) Tim, FNUENFIZEN
false. BRALLTIAIGERIEINIT L ERSMLIE,

Mo

include_xml_field string 7 include_xml IEEN trueBtERIMNFENE

excelimportnode E4%

Excel SANTTRAM Microsoft Excel Ll xlsx XHFRAENEIE. TEESTE ODBC #HER.

e

| ERCERy

Nt

#To use a named range:node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file type", "Excel2007")
node.setPropertyValue("full _filename", "C:/drug.x1sx")
node.setPropertyValue("use_named range", True)
node.setPropertyValue("named_range", "DRUG")
node.setPropertyValue("read field names", True)

#To use an explicit range:node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.x1sx")
node.setPropertyValue("worksheet mode", "Name")

#
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node.setPropertyValue("worksheet name", "Drug")
node.setPropertyValue("explicit_range_start", "Al")
node.setPropertyValue("explicit_range_end", "F300")

& 49. excelimportnode BI%.

excelimportnode &% &3t BIEHER
excel_file_type Exce12007
full_filename FHRE# TENHE (8RR .
use_named_range mRE EEEAEENTERE. MRA true, WBAKH
named_range JEMERIEFERICEE, BRREMT
ERMEIECEIZE.,
named_range FRTER
worksheet_mode Index EERTBE RS IHBIFHKEX TR,
Name
worksheet_index integer ERMTERNES], FIBNE—NIERNE
519 0, ETATERNESIN 1, MRILAEH,
worksheet name FRE# EIFENTERMZ R,
data_range_mode FirstNonBlank EEWECENA R
ExplicitRange
blank_rows StopReading % data_range_mode /9 FirstNonBlank BY, 38T
ReturnBlankRows =ITREE R,
explicit_range_start FRIE % data_range_mode /9 ExplicitRange BY, }SEE
BEECEEE R,
explicit_range_end FRE#
read_field names BIRE EERSNIEE CENE—THREFE ()

B,

extensionimportnode B4

3%

B BE|ATR, EALE!T R 8 Python for Spark Bl

BRI NI

Python for Spark Tl

##### Script example for Python for Spark
import modeler.api
stream = modeler.script.stream()

node = stream.create("extension_importer", "extension_importer")
node.setPropertyValue("syntax_type", "Python")

python_script =
import spss.pyspark
from pyspark.sql.types import =*

cxt = spss.pyspark.runtime.getContext()
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_schema = StructType([StructField('id’, LongType(), nullable=False), \

StructField('age’, LongType(), nullable=True), \
StructField('Sex’, StringType(), nullable=True), \
StructField('BP’, StringType(), nullable=True), \
StructField('Cholesterol’, StringType(), nullable=True), \
StructField('K’, DoubleType(), nullable=True), \
StructField('Na’, DoubleType(), nullable=True), \
StructField('Drug’, StringType(), nullable=True)])

if cxt.isComputeDataModelOnly():
cxt.setSparkOutputSchema(_schema)
else:

df = cxt.getSparkInputData()

if df is None:

druglList=[(1,23,F',’HIGH’,"HIGH",0.792535,0.031258, 'drugY’), \

(2,47,'M','LOW',’"HIGH’,0.739309,0.056468,'drugC’) , \

(3,47,'M',’LOW',"HIGH",0.697269,0.068944,'drugC’) ,\
(4,28,'F',’NORMAL’,"HIGH',0.563682,0.072289, drugX’) ,\
(5,61,'F',’LOW',"HIGH",0.559294,0.030998, 'drugY’) ,\
(6,22,'F',’NORMAL’,"HIGH',0.676901,0.078647,'drugX’) ,\
(7,49,'F','NORMAL',"HIGH',0.789637,0.048518,'drugY’) ,\
(8,41,'M',’LOW',"HIGH",0.766635,0.069461,'drugC’) ,\
(9,60,'M",’NORMAL’,"HIGH',0.777205,0.05123, 'drugY’) ,\
(10,43,'M’,’LOW','NORMAL',0.526102,0.027164,'drugY’)]

sqlcxt = cxt.getSparkSQLContext ()

rdd = cxt.getSparkContext().parallelize(druglList)
print 'pyspark read data count = '+str(rdd.count())
df = sqlcxt.createDataFrame(rdd, _schema)

cxt.setSparkOutputData(df)

node.setPropertyValue("python_syntax", python_script)

R =l

#### Script example for R
node.setPropertyValue("syntax_type", "R")

R_script = """# 'JSON Import’ Node v1.0 for IBM SPSS Modeler

# 'RISONIO’ package created by Duncan Temple Lang - http://cran.r-project.org/web/packages/RISONIO

# 'plyr’ package created by Hadley Wickham http://cran.r-project.org/web/packages/plyr

# Node developer: Danil Savine - IBM Extreme Blue 2014

# Description: This node allows you to import into SPSS a table data from a JSON.

# Install function for packages
packages <- function(x) {
x <- as.character(match.call()[[2]])
if (!require(x,character.only=TRUE)){

install.packages (pkgs=x,repos="http://cran.r-project.org")

require(x,character.only=TRUE)
}

1
# packages

packages (RJSONIO)
packages (plyr)

### This function is used to generate automatically the dataModel

getMetaData <- function (data) {
if (dim(data)[1]<=0) {

print("Warning : modelerData has no Tine, all fieldStorage fields set to strings")

getStorage <- function(x){return("string")}
} else {

getStorage <- function(x) {
res <- NULL

#if x is a factor, typeof will return an integer so we treat the case on the side

£

9

81



if(is.factor(x)) {
res <- "string"
} else {
res <- switch(typeof(unlist(x)),
integer = "integer",
double = "real",
character = "string",
"string")
}
return (res)
1
}

col = vector("list", dim(data)[2])
for (i in 1:dim(data)[2]) {
col[[i]] <- c(fieldName=names(data[i]),

fieldLabel="",
fieldStorage=getStorage(data[i]),
fieldMeasure="",
fieldFormat="",
fieldRole="")

}

mdm<-do.call(cbind,col)

mdm<-data. frame (mdm)

return(mdm)

1
# From JSON to a list
txt <- readLines('C:/test.json’)
formatedtxt <- paste(txt, collapse = ")
json.Tist <- fromJSON(formatedtxt)
# Apply path to json.list
if(strsplit(x="true’, split='
" ,fixed=TRUE) [[1]]1[1]) {
path.1ist <- unlist(strsplit(x='id_array’, split=',"))
i=1
while(i<length(path.list)+1){
if(is.null(getElement(json.Tist, path.Tist[i]))){
json.list <- json.Tist[[1]]

telsef
json.list <- getElement(json.list, path.Tist[i])
i< i+l
}
}
}
# From Tist to dataframe via unlisted json
i<-1

filled <- data.frame()

while(i < length(json.Tist)+ 1){
unlisted.json <- unlist(json.list[[i]])
to.fill <- data.frame(t(as.data.frame(unlisted.json, row.names = names(unlisted.json))), stringsAsFactors=FALSE)
filled <- rbind.fil1(filled,to.fil1)
i<- 1+

1

# Export to SPSS Modeler Data

modelerData <- filled

print(modelerData)

modelerDataModel <- getMetaData(modelerData)

print (modelerDataModel)

node.setPropertyValue("r_syntax", R_script)
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& 50. extensionimportnode JBIE

extensionimportnode Bt HiEeny BER

syntax_type R IEEBEIE{THIBIZA - R 3 Python (R
Python HNREE)

r_syntax string FiE1TH R MIARERHIEE.

python_syntax string EIn{TH Python MIAS4RHIEE.

fixedfilenode Ef%

"BEXMFHRAMBEEFEXAXM (B, XEFHNFERAHITER, MEMB—UEFBEK
] EEE) RSNEE. HSERNEEREFRIELSE UEEFRBATFE,

ANl

node = stream.create("fixedfile", "My node")

node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

node.setPropertyValue("record Ten", 32)

node.setPropertyValue("skip_header", 1)

node.setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 7], ["BP", 9, 10], ["Cholesterol",
12, 221, ["Na", 24, 251, ["K", 27, 271, ["Drug", 29, 3211)

node.setPropertyValue("decimal_symbol", "Period")

node.setPropertyValue("Tines_to scan", 30)

& 51. fixedfilenode B

fixedfilenode /1% SRR B R
record_len E 2 EESFIERPNFRE.
Tine_oriented flag B S &KICRESNIRITR,
decimal_symbol Default FAFE3RIRP -+ 2 IR RTRIEE,
Comma
Period
skip_header BF EEETBRIERIKBIEHITR. ATF2KY
Frllo
auto_recognize datetime flag IEERREERZEE BantniR B HAS AT El,
Tines_to_scan 2
fields LIES LB M.
full_filename FRE# EFERXHNEM (8FER) .
strip_spaces None ES|AREFFHFEFEIHRNEINTE.
Left
Right
Both
invalid_char_mode Discard MEGERRAFRELTHFR (ZE. 0 HHFAIHRD
Replace FRTEENFR) , HAEENRFRTSER
TR F o
invalid_char_replacement FRIE
use_custom_values flag




& 51. fixedfilenode B (47)

fixedfilenode /B4

HiERE

custom_storage

FA
FRIE
E2
L
Time
HEA

Timestamp

custom_date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

SREAEEETERNEFEENERT, LEEAE
Ao
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& 51. fixedfilenode B (47)

fixedfilenode B4

HhiERE

B R

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)m"
"(M)M. (S)S"

SEAEEETERNEFEHENERT, LEEAE
Ao

custom_decimal_symbo]l

field

QEEEE T EREENER TER.

encoding

StreamDefault
SystemDefault
"UTF-8"

B X ARG T 7o

gsdata_import B

%
\__..'

& 52. gsdata_import TRBM

fE " IR =S 8] R R B UG B s = [ R 5 | N\ SR IZ I S 1E .

gsdata_import T HEM iEeny BER

full_filename string BNEBEND shp XHHIXHERR.

map_service URL string WMANEEEEIMETIRS URL,

map_name string {NYER map_service URL BY; Ith3EBY 61 & METARSS

BYTRER S {4 2544

jsonimportnode Bt

JSON JEH M JSON XS AR, BSHAJSON B ERNES (S,

[JSON]




& 53. jsonimportnode B

jsonimportnode B4 EAeny EtEi58E

full_filename FRE# TENHE (8RR .

string_format records }ETE JSON FRIB\MEX. REEBENIER.
values

sasimportnode 1%

% ..

SAS EANTRAE SAS #IESAE| IBM SPSS Modeler 1,

Nl

node = stream.create("sasimport", "My node")
node.setPropertyValue("format", "Windows")
node.setPropertyValue("full_filename", "C:/data/retail.sas7bdat")
node.setPropertyValue("member _name", "Test")
node.setPropertyValue("read _formats", False)
node.setPropertyValue("full_format filename", "Test")
node.setPropertyValue("import names", True)

& 54. sasimportnode [BIE.

sasimportnode [E1¥ HuEAR BER
format Windows ESAXHRIET
UNIX
Transport
SAS7
SAS8
SAS9
full_filename FrI& RMANTEXHE (BEBE)
member_name FRIEE EBEEMNFTE SAS FRNXHEPS NS,
read_formats & MIBER R G FIREEHIER (FIINZE SR
%) o
full_format_filename FRIEE
import_names NamesAndLabels EEESANRS T EZ RSN £,
LabelsasNames

simgennode B4
RN R SR T — BRI - SRR PSRN 7 ML T R,

& HEEANNE L LBIREIT ERIMIAE T RMIRENEI D 6 BB E IR, YT REGAPEFE
THEMERER, KT RENTEREBNER#ITIHENIEEE R,
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& 55. simgennode BIE.

simgennode B4 HiEEn BER

fields S ES BEERG)

correlations SiES BERG

keep min_max_setting mIRE

refit_correlations mIRE

max_cases integer &/MER 1000, TmAEH 2,147,483,647
create_iteration_field mIRE

iteration_field_name string

replicate_results m/RE

random_seed integer

parameter_xml string UFFFEFHIREISEH XML

fields Rl
UTRERATINEEZNEMLESEL

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, locked, [distribution3], min, max]

1)

distribution @D HRIER, LLINERESBEMIN/EXHTIR. M2 HUTIARENX:
[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min","1"],["max","2"]11], "",

plan, EeVZBTEMREE _INHHNENFRITR, ERILUEA T

simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)
simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],
["prob", 0'7]]]’ nu’ uu]])

“HRHERMTEI n M probe BT ZIMAHALFFRAMENEAE, BILXMNMISEBENTFRIHR
fito

F: BREEEIEIGE distribution; AILUBHS fields BM—E[EA,

UTRGIERFABERAREND ZELE, 15FE, HETE NegativeBinomialFailures #1 NegativeBinomialTrial
FRISEIANA thresho
stream = modeler.script.stream()

simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel","1"],["shape2","2"]1]], "", ""]

binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" ,"1"],["prob","1"111, "", ""]

categorical_dist = ["Field3", "String", False, [" Categor1ca1" [["A",0.3],["B",0.5], ["C",O.Z]]], o

dice_dist = [“F1e1d4”, "Real", False, ["D1C€ [[nln ", 5n] [nzn ", 5n]]] wn nn]

exponential_dist = ["Field5", "Real", False, ["Exponent1a1", [["scale","1"]11], "", ""]

fixed_dist = ["Field6", "Real", False, ["Fixed", [["value","1" 117, "", ""]

gamma_dist = ["Field7", "Real", False, ["Gamma", [["scale","1"], [”shape” R

Tognormal_dist = ["Field8", "Real", False, ["Lognorma]" [["a","1"],["b","1" 117, "", ""]

negbinomialfailures_dist = ["Field9", "Real", False, ["NegativeBinomialFailures", [["prob“ "0.5"],["thresh","1"]1]], "", ""]
negbinomialtrial dist = ["Field10", "Real", False, ["Negat1veB1nom1a]Tr1a1s" [["prob","0.2"],["thresh","1"]]1], "", ""]
normal_dist = ["Field1l", "Real", False, ["Normal", [["mean","1"] ,["stddev","2"111, "", ""]

poisson_dist = ["Fieldl2", "Real", False, ["Poisson", [["mean", “1“]]] o]

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN", ”[1 3]"] [”END” “[2,4]"],["PROB","[[0.5],[0.5]1"]111, "", ""]
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triangular_dist = ["Field14", "Real", False, ["Triangular", [["min","0"],["max","1"],["mode","1"]1], "", ""]
uniform dist = ["Field15", "Real", False, ["Uniform", [["min","1"],["max","2"]11, "", ""]
weibuH_dist - ["F1e1d16", "Real", False, ["WEibuH", [[uau’uou]’[ubu’ul ||]’[||c||’||1||]]]’ nu ||||]

simgennode.setPropertyValue("fields", [\
beta_dist, \

binomial_dist, \
categorical _dist, \
dice_dist, \
exponential_dist, \
fixed_dist, \

gamma_dist, \
Tognormal_dist, \
negbinomialfailures_dist, \
negbinomialtrial_dist, \
normal_dist, \
poisson_dist, \

range_dist, \
triangular_dist, \
uniform_dist, \
weibull_dist

1)
EE SNl
U RER TINE RS IESE:

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],
[field2, field3, correlation]

1)

BXEEUENT +1 5 -1 ZENEE#HRT. ETLURIEFZEERXE, EEREENEXEERFTIREN
0o MRFEFEMKMFE, BANZEBRXERER (X)) LREBEXMEE, HAUABXEAERZE, NR
FHERNFE, BATERITHR.

statisticsimportnode Et¥

G IBM SPSS Statistics XM IBM SPSS Statistics 1ERM .sav XHR I URIREE IBM SPSS
Modeler FHEREEFEXH (EOFERAERER) REEEE,

BXETEBUENER, BSFEE 317 TR statisticsimportnode EBIMEJ b

tmiodataimport T EM

~ IBM Cognos TM1 JET5 M Cognos TM1 HUERES NEIE.

& 56. tmlodataimport T3 RB M

tmlodataimport T =B HiEEs BieER
admin_host string REST API M9FE#HEH URL,
server_name string M admin_host R TM1 BRSS2RRIETR,
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& 56. tmlodataimport TImBME (40)

tmlodataimport =B HiEeny BER
credential_type inputCredential 3| AFIEREIEXE,
storedCredential
input_credential e % credential type 79 inputCredential BY; 8%
. ARRMNEE,
stored_credential_name string % credential_type /9 storedCredential BY; 387

C&DS AR as EBYEIER R,

selected_view

["field” "field"]

HIREM, HRESFNE TM1 ZEHIEEMNEMER
MUNREMPEHIBS NG SPSS HNZAHIREIENZ
o Bl%0: TM1 import.setPropertyValue
("selected view", ['plan_BudgetPlan’, 'Goal Input’])

is_private_view flag EE selected_view EHERETRAUE., REEN
falseo
selected_columns ["field” ] IBEPMEMNTI; ReeEE—1 I,

fI30: setPropertyValue("selected_columns", ["Me-
asures"])

selected_rows

["field” "field"]

EEPMERTT,

fl%0: setPropertyValue("selected rows",
["Dimension_1_1", "Dimension_2_1",
"Dimension_3_1", "Periods"])

tmilimport T REM (FHEF)

IBM Cognos TM1 JETHM Cognos TM1 ¥iEES N\#iE.

A T RTE Modeler 18.0 AT, BT RMAZHA tmlodataimports

& 57. tmlimport TTREME.

tmlimport T mEM IEER BIEHER
pm_host string A XBR V16.0 # 17.0
EMB. FE: TM1 import.setPropertyValue
("pm_host", 'http://9.191.86.82:9510/pmhub/pm’)
tml_connection ["field" field", ... /field"] | 7¥: {XPR V16.0 A 17.0

BE TM1 RSB[BOEZFAGEENTIRENE. BX
J9: [ "TM1_Server_Name","tml_ username","tml_
password"]

30 : TM1 _import.setPropertyValue
("tml_connection", ['Planning Sample’, "admin",
"apple"])
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& 57. tmlimport T RIBYE (BR).

tmlimport TREM iR EiER
selected view ["field” "field"] FIREN, HREEMME TM1 Z4EHIEENIEAER

DUIREMFEEIES NE] SPSS M ASURENENZ
o fBl¥l: TM1 import.setPropertyValue
("selected_view", ['plan_BudgetPlan’, ‘Goal Input'])

selected_column ["field” ] FEEMENS;, REEEE—1,
f5I30: setPropertyValue("selected columns", ["Me-
asures"])

selected_rows ["field” "field"] FEEFTIZAYIT,

ffl30: setPropertyValue("selected rows",
["Dimension_1 1", "Dimension_2_1",
"Dimension_3_1", "Periods"])

twcimport B4
TWC JRTTREM The Weather Company (—ZR IBM Bill) SAKSEIRE, ErGEA TR

‘ EMIBNHERSEIBAFUNRSEIE, XEHTERHERSRoNLSHRAFR, BTER
B B RIE R A AR SBIERGIE BIF IR R

& 58. twcimport T RBI4E

twcimport T REM EAR BiiER
TWCDataImport.latitude K 18E [-90.0790.0] EXMSEEE
TWCDataImport.longitude AL § 18E [-180.07180.0] EANEEE,
TWCDataImport.1licenseKey string $EEM The Weather Company FREXAYIFRIIE
5o
TWCDataImport.measurmentUnit | English IEEEER (L, RENEEIE English. Met-
Metric ric B¢ Hybrido Metric AFREE,
Hybrid
TWCDataImport.dataType Historical BEEMANKXSEIERE, TN ERE
Forecast Historical 3 Forecasto Historical A&
B
TWCDataImport.startDate B NIRRT TWCDataImport.dataType $8E T His-
torical, &R yyyyMMdd H&=VIEE FF 44 HHA.
TWCDataImport.endDate B WISREFS TWCDataImport.dataType 3SZE T His-
torical, BE#R yyyyMMdd &I ELER B A,
TWCDataImport.forecastHour |6 WEREHSY TWCDatalmport.dataType IEE T
12 Forecast, IBEETXI/NEYIERE 6. 12. 24 T§ 48,
24
48
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userinputnode B4

. BPREATRERT —MATERSEHIENRFERSI - UMK R B LIRS EIEL
__ EHTEE, ETRIFEER, fli, ERENERIBNRLBIEEN, BAEALT <o

Nl

node = stream.create("userinput", "My node")
node.setPropertyValue("names", ["testl", "test2"])
node.setKeyedPropertyValue("data", "testl", "2, 4, 8")
node.setKeyedPropertyValue("custom_storage", "testl", "Integer")
node.setPropertyValue("data_mode", "Ordered")

& 59. userinputnode B

userinputnode B4 HiEeny BiER
data
names BB IIRET R FTE R T R & FRTI RS L
B,
custom_storage A ARAFIZEFREIENFEEFHENEE,
FRIB
B
S5
Time
HEA
Timestamp
data_mode Combined WRIEE T Combined, FBAREBUMERI/ &KX
Ordered ENENMEEHBEER —MER. ERBERE
EFENFERPENHRENRTR. NRIEETH
F, BBAMNBHRIERNE—FIPRIN—MERE
MEIETT. ERNIERBET—IS5FTEMEXN
RAHE. BAABHIBEERLVNFEANST
B
values . WEMER userinputnode.data BXX, Hitt
THEF M ES(ER,
variablefilenode B4
= "TENH'TRIENBHEEXFENAXXHFRNEIE, B, HIERESEEHRENFE, BE8
_ TEHEFHNXH. EFHARNFEEEEKEMANAMELSERE TR GHIEER

Ho

Nl

node = stream.create("variablefile", "My node")
node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node.setPropertyValue("read field names", True)



node

node.
node.
node.
node.

.setPropertyValue("delimit_other", True)
node.
node.
node.
node.
node.

setPropertyValue("other", ",")
setPropertyValue("quotes_1", "Discard")

setPropertyValue("decimal_symbol", "Comma")
setPropertyValue("invalid_char_mode", "Replace")
setPropertyValue("invalid_char_replacement", "|")
setKeyedPropertyValue("use_custom values", "Age", True)

setKeyedPropertyValue("direction", "Age", "Input")
setKeyedPropertyValue("type", "Age", "Range")
setKeyedPropertyValue("values", "Age", [1, 100])

2R 60. variablefilenode B

variablefilenode Bk PR EitHER
skip_header wF BESFICRLERRRHN TR
num_fields_auto flag BB ESFICRTHNFERI. iSROAMLIRIT
FFIE,
num_fields 2 FEEEBFIERPNFEE
delimit_space flag BEXMHHPATIIEFEARNFR.
delimit_tab flag
delimit_new_line flag
delimit_non_printing flag
delimit_comma flag HERERPENAETEEDRFNFERER
TIBY, ¥ delimit_other REN true, ARER
HittBMRE R s ENE R To
delimit_other flag OV R ELAt R 14 SRAE TE RE I E 1T o
other FRIE# £ delimit_other A4 true BY, IEEEERNE
o
decimal_symbol Default BT AT EIRRPH#SI DR
Comma
Period
multi_blank flag RBEZMHEAITBRERFAAN—TE—ERFTL
i,
read_field names flag BRI E— TR FIRRE,
strip_spaces None ESANNEFFREFHIBNEBHTE,
Left
Right
Both
invalid_char_mode Discard MEGBBANFRELTHFR (ZE. 0 IR
Replace BHFmEENTR) , IARENRFHRTSE
W FTFo
invalid_char_replacement FRIE
break_case_by newline flag BEITE AR NIRRT,
Tines_to_scan wF 1R B A EUE LB AT
auto_recognize_datetime flag IEETIREUERZESE BEARiR B EASAYIE,
quotes_1 Discard BESNERSISHAESH.
PairAndDiscard
IncludeAsText
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R 60. variablefilenode B (4)

variablefilenode B4

iR

Bt

quotes 2

Discard
PairAndDiscard
IncludeAsText

EES NG| SHLIES .

full_filename

FAFER

ERBHNX AL (BFER) .

use_custom_values

flag

custom_storage

RA
FRIH
B

SKE

Time

HHA
Timestamp

custom_date_format

"DDMMYY"
"MMDDYY "
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

REEEE T EFIEENE R TER.

#
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& 60. variablefilenode B (4)

variablefilenode B

iR

e r:pu

custom_time_format

"HHMMSS"

"HHMM"

""MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)s"

[EEEE T ERIEENER TER.

custom_decimal_symbo]l

field

REEEE T EREFENBERTER.

encoding

StreamDefault
SystemDefault

"UTF-8"

REX ARG T 5o

xmlimportnode E4%

P "XML R XML BHEIES NIRRT, AJUSARNXHE, WAIUSAEDSBRFARFR
<KML>| BXM, ERILUERIEISERICM, UEMPIRE XML 415,

il

node = stream.create("xmlimport", "My node")

node.setPropertyValue("full_filename", "c:/import/ebooks.xm1")

node.setPropertyValue("records", "/author/name")

& 61. xmlimportnode JBI%.

xmlimportnode B IEERY BEiER

read single EEENIB S (BrE) , XBRPWFFAE

directory XML X%,

recurse & EEREFIMEBIEEERNMETFER+THN
XML X,

full_filename FRIE (K5 BN XML XHHREREMX
2 (W0R read = single) o

directory_name FRIER (WBE) EMNHFEN XML XHEHHEFRTER
2L (WR read = directory) o

full_schema_filename FrI& EMHIRE XML 45989 XSD 5 DID X{48Y

RERAMXHZ. NMREAET IS, BM
XML JES 4 AIRENE,
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& 61. xmlimportnode BN (40).
xmlimportnode B1% HUEAR Bl

records FRE# XPath AT (FI40, /author/name) , FLE
XiERIHR., SREREXEHBRL TR, &
BOIEMINIE R,

mode read EEFTEHIE (Bd) , IIEEEERNNmE,
specify

fields EE2ONNIME (GcEHEBEY) 7k, 7IRTHNE
IR XPath RixTo




96 1BM SPSS Modeler 18.2 Python MIZRE 5 E5hkiswE



% 10 E EREFTREMN

appendnode E4%

BT RATERSARR. FI, BAUATRENEMNERTTRNSIESEAS R —E.
o o

Nl

node = stream.create("append", "My node")
node.setPropertyValue("match_by", "Name")
node.setPropertyValue("match_case", True)
node.setPropertyValue("include fields from", "A11")
node.setPropertyValue("create_tag field", True)
node.setPropertyValue("tag_field name", "Append Flag")

&R 62. appendnode B

appendnode B4 iEER BiER

match_by Position AILURIEF B T EIRR PR E S\ B+
Name FEERE RN EEER,

match_case & LEREFEEMNBEARAANE,

include_fields_from Main
A1l

create_tag field &

tag_field_name FRIER

aggregatenode B4

RN RE-RIBANCRERNEIRHENCSNRHIER.

P

Nl

node = stream.create("aggregate", "My node")

# dbnode is a configured database import node
stream.link(dbnode, node)

node.setPropertyValue("contiguous", True)
node.setPropertyValue("keys", ["Drug"])
node.setKeyedPropertyValue("aggregates", "Age", ["Sum", "Mean"])
node.setPropertyValue("inc_record count", True)
node.setPropertyValue("count_field", "index")
node.setPropertyValue("extension", "Aggregated ")
node.setPropertyValue("add_as", "Prefix")
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R 63. aggregatenode BME.

aggregatenode [BlE iEER

e ipu

keys GBS

SIHATRELEBNFTE, i, R Sex #
Region BRFEL, M M F SXig N M S &
—4EE (MME—4EE) BEEE—MEELC
BHIER.

contiguous &

MRENEMAPAIERABHERRBENCRE DA
- (flan, MRZBFEYWAHITT H
) , IEERIED. XFMETiRS .

aggregates

—TERENE, EFHEERRCEHNEFFR
LAR 2 TE B9 SR o

aggregate_exprs

BIEREYE, WANRKEFREM (FEBTIHEILR
MBPC2FER) o Blan:

aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX", "MAX('Na')")

extension FRIER WNEESWLEAFRIEENANESE BHERIT) .
add_as Suffix

Prefix
inc_record_count & BIE— P EINFER, RZFEIEENERERICAIE

FLETEZOFRWANILR.

count_field FRIER IBEIDRITHRF IR,
allow_approximation mR{E 7 Analytic Server FHITC RN AFBEITRSIT
bin_count integer EEERGEEREAND R

balancenode E¢

"HE T R ATUESIEETHNATE, UELSBIEENFRMS. " hisRIBEERIAR

-:[9" FA AR IIRIE R SBILE Bl

Nl

node = stream.create("balance", "My node")

node.setPropertyValue("training data only", True)

node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]])

R 64. balancenode B

balancenode B4 iEER

e ipu

directives

RIEEERF TEHFRELFHNEHUEE (BiF
TEBTED .

training_data_only flag

EERNIZITNGEIEHITFE. MRBPIEE
PDXFER, BRARZRRILIED,

T R BEEERU T

[[ number, string 1 \ [ number, string] \ ... [number, string ]].
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A MRAERENFRANTEANGISHFHH, BABTEXEFFHFREZAMN EEXFRF"\"s "\"FAFEH
WRITEFN, ARTHBMRSHHTIN—1T.

cplexoptnode Et¥

f&Bh CPLEX Optimization T/, AILUBEMHEIZIES (OPL) RENMAREAETFRUNE S
% #%, IBM Analytical Decision Management =gt 7 LT8R, BEIAEIRRILITE SPSS Mod-
eler FfEA CPLEX TAMAEZE IBM Analytical Decision Managemento

BX CPLEX Optimization f1 OPL HNE%ER, 751 IBM Analytical Decision Manage-

ment
&R 65. cplexoptnode B
cplexoptnode B HiEesy B1uER
opl_model_text FRIE ¥H CPLEX Optimization ¥ sus{THEMMLL
L OPL (MMURIZIES) HIARER.
opl_tuple_set name FRE# XZE OPL RPN FENIBNTHESR

o XARHEN, HFEEBEEBEIHARHITIZ
B, XN TREFMASURIRIFEIRET
data_input_map L EIERTIR HIRRNBAF RS, XTERHFN, HEBE
BEIMAHITIRE. XA TRIEPIEHIER
ERESZEEN S

%10 = CRBETEEE 99


https://www.ibm.com/support/knowledgecenter/SS6A3P_18.0.0/configurableapps/knowledge_center/product_landing.html

R 65. cplexoptnode B (42)

B4R

OPL HEXHENTHSE NN FEREER

(FENEE) ZEINFERES . BFRAILUIRES
NMGRREITE MR, EdIEA, FLUER
RERMR—REREMERS. ZIREFEE
TERPRET.

FIRPHE D LA R LSRR

RRIRIC. ¥URRMIRIE, UTFEIBR TR
x, 0, XFF 0_Products_Type, ZARICE
0o

HIERERS, HIERNVBEAINF (R5) . XH
ERIRFERE,

B R. BUBRMWET =R CE%) . ZzBMAT
HIEBRTHAIRS, M, IF
0_Products_Type, JET 52 Products,

TS, EEYET CPLEX M SMAIT S
CER) - ZBUHMNTEIERETHYIERS,
W, XFF 0 Products_Type, EETHE Typeo

THE AR, FIERNTHESRZI. THM
5 OPL #EXBIARAILA,

TAFERBM. BIERNTHESTFREM. €
WS OPL TTASETENXHEXHNARLE,

FHEXB, FEREFMHEXE, FJENER int.
float B string.

HIEFERBIT. BIERNFRE. Tl

[[0,0,'Product’, Type’, Products’, 'prod_id_tup’

[0,0,'Product’,'Type’, 'Products’,’prod_name_tup
'prod_name'], [1,1,'Components’, 'Type’,’Componen
‘comp_id_tup’,"int’,’comp_id’],[1,1,’Components|
'Components’,’comp_name_tup’,’string’,’comp_nam

"int’,'prod_id],
,'string’,

ts’,

,'Type’,

e']]

XEAT OPL HI—LZLEBEHIENE Xo

BJRERYEAN raw B dvar. WIRIEET dvar, FB
AR ATE fa EI R EIEE OPL AT
BT RERETEZ . WRIBET raw, BAK
BiERL ERRE, M5BFEX.

OPL HEXKBEMMEBBEZN. X
output_value_mode BMIEEN dvar A RBH

ZTE,

cplexoptnode Bt iEEs
md_data_input_map S EERTR
opl_data_text FRE#
output_value_mode FRIER
decision_variable name FHRE#
objective_function_value_fieldname |FfI&

BfrRBREER TR HFEANFERAR. REE

79 _OBJECTIVE,
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R 65. cplexoptnode B (£

cplexoptnode Bt HiEeny

BEiRA

output_tuple set names FRE#

KBEENBIENTEXTANZ M. ZBMTY
ARREENRS|, MPAEETERLE—ERL,.
HHITTAAINS OPL RRRERTEEN —H. W
REZPRS|, BITRES (,) EZETART.

BANTHATREIZE Products, XIRAY OPL EX
= dvar float+ Production[Products];

ZANTTHERTRAIRE Products,Components, XTRZAY
OPL E X2 dvar float+
Production[Products] [Components] ;

decision_output_map B MERYIR

OPL HENXMERAHENTESHHFTEEZE
HFERMEt, PIRPHIENLEEMI2EWLE
&

LTERM. OPL REMHIEERT.
FHERE, FIREMIER int. float 3 stringo

MUFERET. SRPNTMEAFERET EH®
S) . =l

[['Production’,’int’,'res’], ['Remark’,'string’,'r
'float’,'res_2']]

es_17['Cost’,

derive_stbnode Ef#

"R EIRE T RIBESE. KENNEBICFEIKE T TEERE ST LUSMERNT

Nl

node

G : i8] B B BR AT F i

= modeler.script.stream().createAt("derive_stb", "My node", 96, 96)

# Individual Records mode

node.
node.
node. 2
.setPropertyValue("timestamp_field", "OccurredAt")
node.
node.
node.

node

setPropertyValue("mode", "IndividualRecords")
setPropertyValue("latitude field", "Latitude")
setPropertyValue("longitude field", "Longitude")

setPropertyValue("densities", ["STB_GH7_ 1HOUR", "STB_GH7_ 3OMINS"])
setPropertyValue("add_extension_as", "Prefix")
setPropertyValue("name_extension", "stb ")

# Hangouts mode

node.
node.
node.
node.
.setPropertyValue("min_events", 4)
node.

node

setPropertyValue("mode", "Hangouts")
setPropertyValue("hangout_density", "STB_GH7 3OMINS")
setPropertyValue("id field", "Event")
setPropertyValue("qualifying duration", "3OMINUTES")

setPropertyValue("qualifying pct", 65)
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& 66. "=RIBTEIRE T B M

derive_stbnode B4 BiERR BEER
mode IndividualRecords
Hangouts
Tatitude field FEE
Tongitude field FE
timestamp_field FER
hangout_density BE B—E, FBH densities UTHRERNEE

=8

densities [density,density,..., density] BMNEE#HE—FRH, FI90 STB_GHS_1DAY,
A WTFHLEREER, FERE. F
geohash, AJLUER GH1 I GH15 EIE. XFF
temporal #853, FILERTIIE:
EVER
1YEAR
IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
SMINS
2MINS
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field FE
qualifying duration 1DAY IR F RS,
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Hours
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events integer RNVEREHREN 2
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& 66. "TEIEYEIFRE TTREME (8

derive_stbnode Ef%¥ iEEE B
qualifying pct integer RNAF 1 5 100 ZiE
add_extension_as Prefix
Suffix
name_extension string

distinctnode E¥

& RO H BT E— RO BRERIKER, REBIEFE—MERHGEAESLRE
== BEHIER, BEEEMITR

Nl

node = stream.create("distinct", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("fields", ["Age" "Sex"])
node.setPropertyValue("keys pre sorted", True)

R 67. distinctnode [BIE.

distinctnode /1% HIERE EiEER
mode Include BRI LA S — R X D2 REFETEIERA, BaTld
Discard ERFEZXDIERHBEMNESEREXIIHIE

o

grouping_fields 2B FIHATFREILRESHEENTE,
7. M IBM SPSS Modeler 16 #2, REFEALL
=

composite value g BEEU TR,

composite_values g BEBEU TR,

inc_record_count flag BIE— NN FE, RFRIEEANEREFRLCEIE
FLRTZLEFRANIER,

count_field string BEICRITRFERER,

sort_keys LM IE, 7 : M IBM SPSS Modeler 16 2, THEFEAILL
B4,

default_ascending flag

Tow_distinct_key count L RERGELEERUR/HERFRIN D EE—
B

keys_pre_sorted & EEAEHRARENMERRERAR AT —
2o

disable_sql_generation S
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BB
composite_value BHEEBLTEBIEI:

node.setKeyedPropertyValue("composite_value",

composite value

FILLOPTION AY4&ZX9 [ FillType, Optionl,

il

node.setKeyedPropertyValue("composite_value",
node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite_value",
node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite_value",
node.setKeyedPropertyValue("composite_value",
node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite_value",
node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite_value",

TE 3%t

node.setKeyedPropertyVa1ue("composite_va1ue",
node.setKeyedPropertyValue("composite_value",
node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite_value",
"Separated"])

node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite_value",
node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite_value",

Eed: 0Nt
composite_values BHEEBLUTEAKEI:

node.setPropertyValue("composite_values", [

MEELNEE,

composite_values

FIELD, FILLOPTION)

Option2, ...].

["First"])
["Tast"])
["Total"])
["Average"])
IIAgeII, [IIM.inII])

"Age" , [IIMaXII] )

"Date", ["Earliest"])
"Date", ["Latest"])
"Code", ["FirstAlpha"])
"Code", ["LastAlpha"])

"Age" y
"Age" s
llAgell s
"Age" s

XESHOF LT R A, Fln:

"Name", ["MostFrequent", "FirstRecord"])

"Date", ["LeastFrequent", "LastRecord"])
"Pending", ["IncludesValue", "T", "F"])
"Marital", ["FirstMatch", "Married", "Divorced",
"Code", ["Concatenate"])

"Code", ["Concatenate", "Space"])
"Code", ["Concatenate", "Comma"])
"Code", ["Concatenate", "UnderScore"])

[FIELD1, [FILLOPTION1]],

[FIELD2,
1)
AN
node.setPropertyValue("composite_values", [
[IIAgeII’ [IIF.i Y'St"]] ,
["Name", ["MostFrequent",
["Pending", ["IncludesValue", "T"]],

["Marital", ["FirstMatch", "Married",
["Code", ["Concatenate", "Comma"]]

"First"]],

1)
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[FILLOPTION2]],

"Separated"]],
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extensionprocessnode E%

E'@- B ETRE S, FLGRICRE R, HEE R B
F, 4RI, Python for Spark FHIZA4RHING LR L7 AT L EIE.

Python for Spark Tl

#### script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension process", "extension process")
node.setPropertyValue("syntax_type", "Python")

process_script = """

import spss.pyspark.runtime
from pyspark.sql.types import =*

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = StructType([StructField("Age", LongType(), nullable=True), \
StructField("Sex", StringType(), nullable=True), \
StructField("BP", StringType(), nullable=True), \
StructField("Na", DoubleType(), nullable=True), \
StructField("K", DoubleType(), nullable=True), \
StructField("Drug", StringType(), nullable=True)])
cxt.setSparkOutputSchema(_schema)
else:
df = cxt.getSparkInputData()
print df.dtypes[:]
_newDF = df.select("Age","Sex","BP","Na","K","Drug")
print _newDF.dtypes[:]
cxt.setSparkOutputData(_newDF)

node.setPropertyValue("python_syntax", process_script)

R =5l

#### script example for R

node.setPropertyValue("syntax_type", "R")

node.setPropertyValue("r_syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")
next_day<-day + 1

modelerData<-chind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")

R 68. extensionprocessnode /B

extensionprocessnode B iEeRy BER

syntax_type R IBEBITITHMA - R 3 Python (R NEAEE)
Python

r_syntax string FiE1TH R MIARERGIEE.

python_syntax string EE1TH Python BIZALRHIIEX.

use_batch_size flag BRI E,
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R 68. extensionprocessnode BIE (4%)

extensionprocessnode /B4 iEER BER

EEEEAES MABPNHIEIZR .
LR AR F RIS T B

batch_size integer

convert_flags StringsAndDoubles

LogicalValues

convert_missing flag eI TS GRS ERE A R NA {Eo
convert_datetime flag IE%EI A T BB B EAs B AR B XA L 25
7 R BEA/BSEIRE T
convert_datetime class POSIXct XEETATFEEER BN HANEEANTE
POSIXTt BA T A

mergenode E4%

"EHTNRERSZTMHALR, HUIRESRENEHBMAFRNENMIHIER, XUTFEHXK
b BRAREREHRIE FFEER, FIREEF HIEMEWIZ ARSI IR,

Nl

node = stream.create("merge", "My node")

# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)

stream.link(salesdata, node)

node.setPropertyValue("method", "Keys")
node.setPropertyValue("key fields", ["id"])
node.setPropertyValue("common_keys", True)
node.setPropertyValue("join", "PartialQuter")
node.setKeyedPropertyValue("outer join_tag", "2", True)
node.setKeyedPropertyValue("outer join tag", "4", True)
node.setPropertyValue("single_large_input", True)
node.setPropertyValue("single_large input tag", "2")
node.setPropertyValue("use_existing_sort_keys", True)
node.setPropertyValue("existing sort_keys", [["id", "Ascending"]])

& 69. mergenode B

mergenode B4 iEER BiER
method Order EEIRRETRENTEEIEXX 4TI RIREHTT
Keys aH. BEEA— T HEITRFERREHETRFR
Condition FEESERENER. BSEREEERGNEH
Rankedcondition BRIEESEAHTIBHIEENMERERIES
RS NMTYY; ERARFRAR T URMREIEH
I 3R] N DL FR T A T HE o
condition string R method IEA Condition, IBEEFHEFIC
SiIE LN
key fields 1E
common_keys flag
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R 69. mergenode B (42)

mergenode [E14% iEeRy BiER
join Inner
FullQuter
PartialOuter
Anti
outer_join_tag.n flag ELEMH, n B EEHEE WEER ETARC
Bo FE, AILIEESZMRCE, AAEMHREN
HIREH T A RMTEILR,
single large input flag BERTHITMN, UFE— P RASHEHMEAMEL
BEE M ENRAEMANE,
single_large_input_tag string BERBRABIEE WEEPNERIEERCE.
AR, ZEMMAEES outer_join tag BIHEAIAE
EREARE RCS5F/FER) , EATEREEE
—MEANEBUES,
use_existing_sort_keys flag EERMANEESERBE—IHEMBEFERHAITH

o

existing_sort_keys

[['string’, 'Ascending’] \ ['string”,
'Descending']]

EEBHFNFREEAF R,

primary_dataset string WNR method /9 Rankedcondition, TETEEFHFAHIEEF
FTEHES, EURSRI UM AIMNREREESHIE
o

rename_duplicate fields wmRE AR 57579 Rankedcondition, HEITUEEA Y,
HENMRERNEHBIESE S RETEEIERN
ZIMERFER, BARBEIEENS MRSRAm
EFERYIIRERIFF K4,

merge_condition string

ranking_expression string

Num_matches integer ZREIMTA D, BEF merge_condition

ranking_expression. &/JMEA 1, FAEA 100,

rfmaggregatenode E1¥

FEANER. MRMET (REM) SCE2"Ta,

BRILIKRAEFY HEIERESMIERE, BFRRE
TRHEURBAREMINRENESLBMEASK—1T, BZTPIIETMISELRK IS

BRtEl. FRFEMBIR S 8 URXERZH S iE.

Nt

node = stream.create("rfmaggregate", "My node")
node.setPropertyValue("relative to", "Fixed")
node.setPropertyValue("reference_date", "2007-10-12")
node.setPropertyValue("id _field", "CardID")
node.setPropertyValue("date field", "Date")
node.setPropertyValue("value field", "Amount")
node.setPropertyValue("only recent_transactions", True)
node.setPropertyValue("transaction_date after", "2000-10-01")
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R 70. rfmaggregatenode JEIE

rfmaggregatenode [B14% iEER BER
relative to Fixed BEITERZARN B,
Today
reference_date HHA {X7E relative_to HIEHE Fixed BSA R,
contiguous flag NREEIEHTT T LR, UWEFREIRIRER
MiER—EBIMEHIERF, BBAEFIEDR L
PNRAMEIREE,
id_field field EEZFERUBRIANEFRRERZZ,
date field field EERERARITREIEAN BT,
value_field field EEZFERUBRITEEME,
extension FRI# NEE LR FRIEERAHE S
add_as Suffix IEE BB NIEARIZEEZEEAI extensiono
Prefix
discard low_value_records flag BAMA discard_records_below 1&E,
discard_records_below BF A7EITE RFM 2itHY, IEE— I &/ME, RETFZ
ENZZEAEERHABERER, ERUSFE
value FEMHEX,
only_recent_transactions flag BFRfA specify_transaction_date |
transaction_within_last 1&&,
specify_transaction_date flag
transaction_date after HEA SABER specify transaction date BIA R A, 15
ERZHIAUESTNEERZ FMIER.
transaction within last BF RAE%EH transaction within_last BRI B, 18
EMITEEXNFUTREREEBEFERPMRERY
FARREMERLE (R, A. BSE) , TIHE
ZEMERBREETENDTH.
transaction_scale Days HAES transaction_within_last BIA A, 15
Weeks EMITEEN T U TRERIEE B 7 B FmR ERY
Months FERFMAREE (K. A. AHF) , TLHE
Years ZENEREHEEEENI .
save_r2 flag ERENEFRFE-IRERZHBHE,
save_r3 flag [BER save_r2 WA TR, ERSIEFLE=D

AR ZIEE,

Rprocessnode B4

y |

Nl
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node = stream.create("rprocess", "My node")

node.setPropertyValue("custom_name", "my_node")

node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")

next _day<-day + 1

modelerData<-cbind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
node.setPropertyValue("convert datetime", "POSIXct")

# 71. Rprocessnode JBIE.

Rprocessnode B BiESER BEHER
syntax string
convert_flags StringsAndDoubles
LogicalValues
convert_datetime flag
convert_datetime_class POSIXct
POSIX1t
convert_missing flag
use_batch_size flag SRR IE
batch_size integer EBEEOEES ML ERNEIEC R

samplenode B4

"HA'NRATER-SDIER. IHEMELRLE, BESE. BENIEREN (E8k)
s Ao REXNFIREMEREUSEFAXICRANESA#H TN +H0BER.

ANt

/* Create two Sample nodes to extract different samples from the same data */
node = stream.create("sample", "My node")

node.setPropertyValue("method", "Simple")

node.setPropertyValue("mode", "Include")

node.setPropertyValue("sample_type", "First")

node.setPropertyValue("first _n", 500)

node = stream.create("sample", "My node")

node.setPropertyValue("method", "Complex")

node.setPropertyValue("stratify_by", ["Sex", "Cholesterol"])

node.setPropertyValue("sample_units", "Proportions")

node.setPropertyValue("sample_size proportions", "Custom")

node.setPropertyValue("sizes proportions", [["M", "High", "Default"], ["M", "Normal", "Default"],
["F", "High", 0.3], ["F", "Normal", 0.3]])

&R 72. samplenode B

samplenode B iEER BiER
method Simple
Complex

%10 = SRBETEEE 109



& 72. samplenode B (4R)

samplenode B4 iEER BER
mode Include BREFIEFTHEIEERMNIER,
Discard
sample_type First FEEIES £
OneInN
RandomPct
first_n B REEREFEIEERLERIER.
one_in_n #Hr BR n-1 FIERBEREF—FIER.
rand_pct HF EEEGERNEFIERNE DL
use_max_size flag BFfER maximumiscard_records_below i&&.
maximum_size B EEECEEHERPREFNRAELRSE, ik
TRITRIEI, FEIIEE First A Include BRI
2H
set_random_seed flag BRENMHFEE,
random_seed B 1EE RIERBH M FRYE,
complex_sample_type Random
Systematic
sample_units Proportions
Counts
sample_size_proportions Fixed
Custom
T8
sample_size_counts Fixed
Custom
7 \%
fixed_proportions 2
fixed_counts B
variable_proportions field
variable_counts field
use_min_stratum_size flag
minimum_stratum size B {RHIHMENE 2447 Sample units=Proportions E7
B2 FB bR
use_max_stratum_size flag
maximum_stratum size B R HIHENE 2447 Sample units=Proportions E7
B2 FB L3R T
clusters field
stratify_by [field1 ... fieldN]
specify_input_weight flag
input_weight field
new_output_weight FRIER

sizes_proportions

[[string string value][string
string wvalue]...]

MR sample units=proportions H
sample_size proportions=Custom, f&EEBFRE
FNAJREAEHE,

default_proportion

€2
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& 72. samplenode B (42)

samplenode B iEeRy BER
sizes_counts [[string string value][string | IEEBRFRES NI ENEASE. BiES
string value]...] sizes_proportions FYFEMEMA, {BIEEHIREEN,
mAEEL .
default_count 2

selectnode B4

_ SR EAIRERE SN SIER T EREF SR I, FILUEESSE R E XK
7> eSS

Nl

node = stream.create("select", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("condition", "Age < 18")

R 73. selectnode B

selectnode /Bt BUERR BER

mode Include EEREELRRERETEILR.
Discard

condition FRTER BIENERICEMNEMSS

sortnode Ei4
HERE SRR R SN R BT RS R A SR T

4>

Nl

node = stream.create("sort", "My node")

node.setPropertyValue("keys", [["Age", "Ascending"], ["Sex", "Descending"]])
node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use_existing keys", True)
node.setPropertyValue("existing keys", [["Age", "Ascending"]])

R 74. sortnode BM

sortnode [E% HiELE e 2P0

keys (IES BREEFNHFKENTE, IRKEESH, W
KERREE,

default_ascending flag EEREHFIRF.
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& 74. sortnode B (80

sortnode B4 HiEE e 23

use_existing_keys flag BEEEFERAUGIEHFEFENEFIRE R
ERHF.

existing_keys BECHEFENFEREHFAHE., FANERAS
keys EMHEAER

spacetimeboxes B4

== ElBEIRRE| (STB) 23#17 T HIBHF i+ EM=a BRI B, BAKMS, STB 2— 128
0 FEHE, TRRIRINAESE K8 K,

&R 75. spacetimeboxes JBI

spacetimeboxes /B iEER BER
mode IndividualRecords
Hangouts
Tatitude field FE
Tongitude field FE
timestamp_field FER
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R 75. spacetimeboxes B (4R)

spacetimeboxes B

iR

e i:pu

densities

[density, density, density...]

8 density BE—PFRTE, FIU0: STB_GH8_1DAY
BAR, WTFHEBEEN, FERE,
X4F geohash, AILAER GH1 % GH15 ABYE,

X F temporal #B5), FILAERTHIE:

EVER
1YEAR
IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2 MINS
1 MIN
30SECS
15SECS
10SECS
5 SECS
2 SECS
1SEC
field name_extension string
add_extension_as Prefix
Suffix
hangout_density BE B—EE (BFEHELX)
id_field FE
qualifying duration 1DAY MR F &,
12HOURS
8HOURS
6HOURS
4HOURS
2HOURS
1HOUR
30MIN
15MIN
10MIN
5MIN
Z2MIN
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events integer =IMER 2
qualifying pct integer WANF 1 5 100 ZiEl
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streamingtimeseries E%

e "R EFEY T REE— NS RANRNIEF R HI EHITIED
) A R EIE Y T R ER T/E SPSS Modeler £ 18 RRAPREFENFRA MR TS T =0

x 76. streamingtimeseries &

streamingtimeseries BlE =] BiER
targets FE& RIUEE RS T R AT

—PNRENER, FTLUERRE
A—1TEHZ MaNFERIFAT
MEE, FERIMEF RN
E¥R. BXBEZER, B2
FE 169 TIEY TAHERT

REM) FE.

candidate_inputs

[field1 ... fieldN]

TREUPRIE R RN FER TN

=EreaEn
'R—WE%EXO

use_period

flag

date_time_field

FE

input_interval

None

AN

s

FE

B

A

Day

N:)
Hour_nonperiod
paks
Minute_nonperiod
b
Second_nonperiod

period_field

FE

period_start_value integer
num_days_per_week integer
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day integer
start_hour_of_day integer
timestamp_increments integer
cyclic_increments integer
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R 76. streamingtimeseries B (

4

Z

51

)

streamingtimeseries B4

Bt

cyclic_periods

(e

output_interval

None

FE

A
Day
N
paks
b

is_same_interval

flag

cross_hour

flag

aggregate_and_distribute

eSS

aggregate_default

Mean
ait
REX
=/IME
RAE

distribute_default

Mean
&it

group_default

Mean
&it
REL
=2\
RAE

missing_imput

Linear_interp
Series_mean
K_mean
K_median
Linear_trend

k_span_points integer
use_estimation_period flag
estimation_period Observations
B8]
date_estimation Gl {NEERA date_time field BY
7RI
period_estimation S1IES {NHMER use period BYAH]
H
observations_type Latest
=P
observations_num integer
observations_exclude integer
method ExpertModeler
Exsmooth
Arima
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R 76. streamingtimeseries B (48)

streamingtimeseries B1E =] BiER
expert_modeler _method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level shift flag
expert_outlier_innovational flag
expert_outlier_level shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local_trend flag
expert_outlier_additive_patch flag
consider_newesmodels flag
exsmooth_model_type Simple

HoltsLinearTrend
BrownsLinearTrend
DampedTrend

SimpleSeasonal
WintersAdditive
WintersMultiplicative
DampedTrendAdditive
DampedTrendMultiplicative
MultiplicativeTrendAdditive
MultiplicativeSeasonal

MultiplicativeTrendMultiplicative
MultiplicativeTrend
futureValue_type_method Compute
specify
exsmooth_transformation_type None
SquareRoot
NaturallLog
arima.p integer
arima.d integer
arima.q B
arima.sp B
arima.sd B
arima.sq B
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant flag
tf_arima.p. fieldname B FA TR L

116  1BM SPSS Modeler 18.2 Python MIZA4RE 5 E5hkisR




R 76. streamingtimeseries B (4)

streamingtimeseries Bl =] BiER

tf_arima.d. fieldname B FA TR AL
tf_arima.q. fieldname B TR
tf_arima.sp. fieldname B FA TR ER AL
tf_arima.sd. fieldname B AT HRRE,
tf_arima.sq. fieldname B FBF R 2o
tf_arima.delay. fieldname B TR
tf_arima.transformation_type. fieldname None FA TR #Ro

SquareRoot

NaturallLog

arima_detect_outliers flag
arima_outlier_additive flag
arima_outlier_level_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
conf_limit_pct real
events FEE
forecastperiods B
extend_records_into_future flag
conf_limits flag
noise_res flag

streamingts B (i)

—\ #: WES R E RS T S SPSS Modeler V18 BRI, H BB mtatia s
( , "Te, RS AFA IBM SPSS Analytic Server bﬁ%lﬁk*ﬁgo "R TSP AREEN
b S IR R A (B B SIS B H ST BT IS, AR B alX|a"+ &,

BNl

node = stream.create("streamingts", "My node")
node.setPropertyValue("deployment_force rebuild", True)
node.setPropertyValue("deployment_rebuild_mode", "Count")
node.setPropertyValue("deployment_rebuild_count", 3)
node.setPropertyValue("deployment_rebuild pct", 11)
node.setPropertyValue("deployment_rebuild_field", "Year")
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& 77. streamingts B

streamingts B BiEEn BiER
custom_fields flag IR custom _fields=false, BBANRF(ERA Lz L5

"HERRNHENEE, WR custom fields=true, B4
ATHETE targets # inputso

targets [field1...fieldN]
inputs [field1...fieldN]
method ExpertModeler
Exsmooth
Arima
calculate_conf flag
conf_limit_pct real
use_time_intervals_node flag IR use_time_intervals_node=true, ABAYEER
EHHEXKE"TRNIEE. NR
use_time_intervals_node=false, BAMTIERE
interval_offset_position. interval_offset #
interval_typeo
interval offset position LastObservation LastObservation BIERE—TEXMNE,
LastRecord LastRecord B EMRE—MIERITE.
interval_offset number
interval_type Periods
Years
Quarters
Months

WeeksNonPeriodic
DaysNonPeriodic

HoursNonPeriodic

MinutesNonPeriodic

SecondsNonPeriodic
events FE
expert_modeler_method AT1Models

Exsmooth

Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_Tlevel shift flag
expert_outlier_innovational flag
expert_outlier_transient flag
expert_outlier_seasonal_additive |flag
expert_outlier_Tlocal_trend flag
expert_outlier_additive_patch flag

exsmooth_model type

SimpleHoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
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&R 77. streamingts BYE (8R).

streamingts B4 iEER BiER
exsmooth_transformation_type None
SquareRoot
NaturallLog
arima_p integer X FEEES EET R E—E YT
arima_d integer X F B EFEY EET R R — B
arima_gq integer XY FEEEY EET R R —E Y
arima_sp integer X F B EFEY | BET R R — B
arima_sd integer XY FEEEY EET R R — BN
arima_sq integer X F B EEY R R R — B
arima_transformation_type None XY FEEEY EET R R — BN
SquareRoot
NaturallLog
arima_include_constant flag X FEEFET " EET R R — B
tf_arima_p.fieldname integer XF HNERI"BETRER—EE. BTERRR
o
tf_arima_d.fieldname integer NF'HEFI"BETREE—E. ATHEiREK
o
tf_arima_q.fieldname integer NF HEFIEETN R ER—Et. AFERK
o
tf_arima_sp.fieldname integer NF'NEFH"BETREE—E. ATHEiREK
£ 08
tf_arima_sd.fieldname integer NF HEFIEET R ER— B, AFERK
o
tf_arima_sq.fieldname integer NF'HEFI"BETREE—E. ATHEIRE
o
tf_arima_delay.fieldname integer NF BRI EET R ER— B, AFERK
o
tf_arima_transformation_type. None
fieldname SquareRoot
NaturallLog
arima_detect_outTier_mode None
Automatic
arima_outlier_additive flag
arima_outlier_level shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive |flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
deployment_force_rebuild flag
deployment_rebuild_mode Count
Percent
deployment_rebuild_count number
deployment_rebuild_pct number
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& 77. streamingts BIE (8R).

streamingts Bt

iR

B

HE

ky

B

deployment_rebuild field

<FE>
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F 11 E FREBETREN

anonymizenode B4

"ERN T RBTRRFEAMFRETE NENTTAN, MMBHRIGHE. MREAITFHM
? BFREZEEEREE GINEr2FHEMERES) NRE, BAXMTR+2EM.

v

Nl

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUG1n")
node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)
node.setKeyedPropertyValue("enable_anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set random_seed", "Age", True)
node.setKeyedPropertyValue("random seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", True)
node.setKeyedPropertyValue("use prefix", "Drug", True)
node.setKeyedPropertyValue("prefix", "Drug", "myprefix")

& 78. anonymizenode JBME

anonymizenode B4 HEAR BiER

enable_anonymize flag REN True BY, FTEEESUFERE MHAETFE WEHITESZWL
"FIRSHZFEERER) o

use_prefix flag REA True BY, MREBIEEEHIFIR, BARERZIR. SR

TREBIRFZRERUNTER, MEEDSTE BIRE EES
P B E Wl SRR

prefix string HETFE SIRE EENXSERRANGIS. NRFEEHME
fAfE, BRAREFIZENEIZIRE B,

transformation Random BT IR EE B UM FENF RS MM NTEREERN.

Fixed

set_random_seed flag RERN True B, KBEBBENMHFE (1R transformation
B Random) o

random_seed integer set_random_seed i&EA True BY, LLEANFENEHFHT,

scale number transformation I&EN Fixed BY, WEAF EHRRE" &F,
RAREMERN 10, BB/ REL.

translate number transformation IEEN Fixed B, LLERT'EIE, @F, BK

IR{EHN 1000, ERTEERHIR/N\LUBERIEH
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autodataprepnode B4t

"BEpEIEES (ADP)'TRADHTEREIEHMMELE, MALEERBMKFIELTANTR, HE
EHNER TIKERBENE, B8 RSN AR, BRI URAREAHANE
R =R, MMAFT REFHNAEYT, ZIMETUENAEIT S ERHRETER
2. ELIHTEN

R =

Nl

node = stream.create("autodataprep", "My node")
node.setPropertyValue("objective", "Balanced")
node.setPropertyValue("excluded fields", "Filter")
node.setPropertyValue("prepare_dates_and_times", True)
node.setPropertyValue("compute time until_date", True)
node.setPropertyValue("reference date", "Today")
node.setPropertyValue("units_for _date_durations", "Automatic")

& 79. autodataprepnode B4

autodataprepnode B4 HEAR B4R
objective Balanced
Speed
Accuracy
Custom
custom_fields flag WNRA true, BBARFENHFTTHRIEEBRT

B MAFRMNEMFR, (RN false, BAK
fEA LR TR YRNRE,

target FER S B BT
inputs [field1 ... fieldN] REFFEARMA TRV EEFE,
use_frequency flag
frequency field FE
use_weight flag
weight_field FE
excluded_fields Filter
x

if_fields_do_not_match

StopExecution
ClearAnalysis

prepare_dates_and_times flag EHIXTFRE HER S BB FELRYIA R
compute_time_until_date flag
reference_date Today
Fixed
fixed_date date
units_for_date_durations Automatic
Fixed
fixed_date_units Years
Months
Days
compute_time_until_time flag
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&R 79. autodataprepnode B (£2)

autodataprepnode /&M HhaEsE Bt
reference_time CurrentTime
Fixed
fixed_time time
units_for_time_durations Automatic
Fixed
fixed_date_units Hours
Minutes
Seconds
extract_year_from_date flag
extract_month_from date flag
extract_day from_date flag
extract_hour_from_time flag
extract_minute_from_time flag
extract_second_from_time flag
exclude_Tow_quality_inputs flag
exclude_too_many missing flag
maximum_percentage_missing number
exclude_too_many categories flag
maximum_number_categories number
exclude_if_large_category flag
maximum_percentage_category number
prepare_inputs_and_target flag
adjust_type_inputs flag
adjust_type_target flag
reorder_nominal_inputs flag
reorder_nominal_target flag
replace_outliers_inputs flag
replace_outliers_target flag
replace_missing_continuous_inputs |flag
replace_missing_continuous_target |flag
replace_missing_nominal_inputs flag
replace_missing_nominal_target flag
replace_missing_ordinal_inputs flag
replace_missing_ordinal_target flag
maximum_values_for_ordinal number
minimum_values_for_continuous number
outTier_cutoff _value number
outlier_method Replace
Delete
rescale_continuous_inputs flag

£ 11 & FREFNTREN
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& 79. autodataprepnode B (4R)

autodataprepnode /% BuEARR B
rescaling_method MinMax
ZScore
min_max_minimum number
min_max_maximum number
z_score_final_mean number
z_score_final_sd number
rescale_continuous_target flag
target_final_mean number
target_final_sd number
transform_select_input_fields flag
maximize_association_with_target flag
p_value_for_merging number
merge_ordinal_features flag
merge_nominal_features flag
minimum_cases_in_category number
bin_continuous_fields flag
p_value_for_binning number
perform_feature_selection flag
p_value_for_selection number
perform_feature_construction flag

transformed_target name_extension string

transformed_inputs_name_extension string

constructed_features_root_name string
years_duration_ name_extension string
months_duration_ name_extension string
days_duration_ name_extension string
hours_duration_ name_extension string
minutes_duration_ name_extension string
seconds_duration_ name_extension string
year_cyclical_name_extension string
month_cyclical_name_extension string
day_cyclical_name_extension string
hour_cyclical_name_extension string
minute_cyclical_name_extension string
second_cyclical_name_extension string
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astimeintervalsnode E%

R B E PR A A LS R B Al PR R A B T T E R O BB B2, ISR EpSEE
BB IElEIRE, MADEILE,

R 80. astimeintervalsnode B

astimeintervalsnode B4 BuERR BiER
time_field FE& HEEESENMESTR, ZFREHRTAAER

FHARMEIXERCE#, NREMAERTE
BFE, BARBLFERANEZRS,

dimensions [field1 field2 ... fieldn] | XRLEFEAFRIBFRENRZMHNERT.
fields_to_aggregate [field field2 ... fieldn] | XLEFEGTEE LR EFERARARNIIZF#ITIC

Bo FMEIEFSIEIER S PR ESHER
FEB, UETHR.

binningnode &%

"DEPR/RE-ARSINEES: BFEE) FROEEHEERMNEX (EF) FK.
nﬂfﬂﬂﬂn o, ERILRBESBAFRERA—INEERERN (FASHEZRNRE) BHMOEFR.
= NIFREEDHERE, RIARIEDEIRER KE TR

ANt

node = stream.create("binning", "My node")
node.setPropertyValue("fields", ["Na", "K"])
node.setPropertyValue("method", "Rank")
node.setPropertyValue("fixed width _name extension", " binned")
node.setPropertyValue("fixed_width_add_as", "Suffix")
node.setPropertyValue("fixed bin _method", "Count")
node.setPropertyValue("fixed bin _count", 10)
node.setPropertyValue("fixed bin width", 3.5)
node.setPropertyValue("tilel@", True)

& 81. binningnode B

binningnode Bi¥ iEsR BiER
fields [field1 field2 ... fieldn] | fFEEARANES (BFEE) FE. aTUERT%
N FEHITHHE.
method FixedWidth BFRFHFESE (K BESBRNFG*.
EqualCount
Rank
SDev
Optimal
rcalculate bins Always BEBERAITT RNESERITESBH G LR
IfNecessary BMANBXDTE, BRRFEERMENE 25
ERIEARINAF 2 F6o
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& 81. binningnode BYE (8

binningnode Bt iEER BER
fixed width_name_extension string RET BEA _BIN,
fixed_width_add_as Suffix BEERT BEANAFEERE (BR) &2
Prefix Fk (RI%R) o BREY BEA income_BIN,
fixed_bin_method Width
THER
fixed_bin_count integer EERTHRENFENEERESM (K5)
HIEE R,
fixed_bin_width real XRRATFIHESHERENE (B .
equal_count_name_ string REY EBEAN _TILE,
extension
equal_count_add_as Suffix IEEFERTE p-tile EFERMNFEBFERAN
Prefix TERE (ERIEE) . RETEEN _TILE i
£ N, Ef N B
tiles flag RN, ENOREPESE 25% BN
MHE,
tiles flag ERAR DD TE.
tilel0 flag LTI D,
tile20 flag ER TS
tilel00 flag LR BRI DFE,
use_custom_tile flag
custom_tile name_extension string BREY BEA _TILEN,
custom_tile_add_as Suffix
Prefix
custom_tile integer
equal_count_method RecordCount RecordCount FZRAE MDD EHERLKEHN
ValueSum 2%, M ValueSum HEREDEIZREETS
AP ENESMBES,
tied_values_method Next EEERMANDEEERIE.
Current
Random
rank_order Ascending LB EIE Ascending (RIEEMRIEN 1) =
Descending Descending (BREEMRIZA 1) o
rank_add_as Suffix IETTE A TFHRE. P8t FENE DT,
Prefix
H& flag
rank_name_extension string REYT EEN _RANK,
rank_fractional flag NPEFHITHR, HPFfFENEETHRER
MIERRRNRINEZ M. DEHFENTF 0-1
ZI8lo
rank_fractional_name_ string REHT E’EA _F_RANK,
extension
rank_pct flag ST HRERUEEERENZRI, BERU

1000 B EFHATF 1-100 SEEA,
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& 81. binningnode B (4)

binningnode Bt iEER BiER
rank_pct_name_extension string BT B&/A _P_RANK,
sdev_name_extension string
sdev_add_as Suffix

Prefix
sdev_count One

Two

Three
optimal_name_extension string RET BE N _OPTIMAL.
optimal_add_as Suffix

Prefix
optimal_supervisor_field FE ERNEEFRIAENTFER, IDHEEENFERS

ZHX.
optimal_merge_bins flag EERFE AR/ IE TSR S FERINEE
REIHEEE 7o

optimal_small_bin_threshold integer
optimal_pre_bin flag RTNEHITHIBEMNTI %6,
optimal_max_bins integer B1E PR LS S B i KD 785K
optimal_lower_end point Inclusive

Exclusive
optimal_first_bin Unbounded

Bounded
optimal_last_bin Unbounded

Bounded

derivenode E4%

VRE TN RERBBERERE-INHS M AEFREEFTFR. SAUSIRERNAN. 15
S B RS HHHFHNFR.

W

TPl 1

# Create and configure a Flag Derive field nodenode = stream.create("derive", "My node")
node.setPropertyValue("new name", "DrugX Flag")

node.setPropertyValue("result_type", "Flag")

node.setPropertyValue("flag_true", "1")

node.setPropertyValue("flag_false", "0")

node.setPropertyValue("flag_expr", "'Drug’ == \"drugX\"")

# Create and configure a Conditional Derive field nodenode
node.setPropertyValue("result_type", "Conditional")
node.setPropertyValue("cond_if _cond", "@OFFSET(\"Age\", 1) = \"Age\"")
node.setPropertyValue("cond_then expr", "(@OFFSET(\"Age\", 1) = \"Age\" >< Q@INDEX")
node.setPropertyValue("cond else_expr", "\"Age\"")

stream.create("derive", "My node")
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Tl 2

IHERIABREBHE MR XPos F YPos HYERFT, EMDHERENR (FE, E—F4HLENNUE) B9 X
Y #15, EREIRRE TR, ETRATREFELTRAPRTZRN X M Y LR EIETES):

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new_name", "Location")
node.setPropertyValue("formula_expr", "['XPos’, 'YPos']")
node.setPropertyValue("formula_type", "Geospatial")

# Now we have set the general measurement type, define the
# specifics of the geospatial object
node.setPropertyValue("geo_type", "Point")
node.setPropertyValue("has_coordinate_system", True)
node.setPropertyValue("coordinate system", "ETRS 1989 EPSG_Arctic_zone 5-47")

R 82. derivenode B4

derivenode B4 HiER EiEk
new_name string Bl al=3: DE it
mode Single BEENHEZ TR,
Multiple
fields LIES RAFESZEAATERZIFER.
name_extension string EBEMFRENT RS,
add_as Suffix B BR2ANMAFERBEER (FFX) =
Prefix B% GRE) .
result_type Formula ElRclfe:Spavinbitl: SE e s
Flag
Set
State
Count
Conditional
formula_expr string XERATFERE"TRATERFREN
FEo
flag_expr string
flag_true string
flag_false string
set_default string
set_value_cond string XR—MEMKEY, BTRHSLAEE
PSSP S
state_on_val string IEEMRE On FHNHFENE,
state_off val string BEMRE Off HUNHFENE,
state_on_expression string
state_off_expression string
state_initial On AHFENEMEROEMBRE on
off 0ffo AITERREE T HFAIERILE,
count_initial_val string
count_inc_condition string
count_inc_expression string

128 1BM SPSS Modeler 18.2 Python MiZ4%5 5 BEILISE



R 82. derivenode B (%)

derivenode B4 R Eithag
count_reset_condition string
cond_if_cond string
cond_then_expr string
cond_else_expr string

formula_measure_type

Range / MeasureType.RANGE

Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

tbE MR AT EX5IKkEFEXBENN
2o AJLM setter REEZE—NFRIEHK
HA—™ MeasureType B, getter EREIEIE
£3R[0] MeasureType {Ho

collection_measure

Range / MeasureType.RANGE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED SET
Typeless / MeasureType.TYPELESS

NFWREFER (RERN 0 M7IXR) , 1B
MEE X SRR E XK ERE,

geo_type Point XY FHIBT AT, WEME N ZFRER
MultiPoint THHIBETENRIER, XWZ5EN
LineString FFRRERF—
MultiLineString
2107
MultiPolygon

has_coordinate_system mIR1E NFHIBTEFE, WEMEXZFERE

LRBYITR
coordinate_system string XY FHIRT A FEE, EMENZFERN

£

ensemblenode E¥

"BETNRNAIERNULRERFITAS, XFFARBHTNLLEIES—MEERFHM
MEH .

S

ANt

# Create and configure an Ensemble node
# Use this node with the models in demos\streams\pm_binaryclassifier.str
node = stream.create("ensemble", "My node")

node.setPropertyValue("ensemble target field", "response")

node.setPropertyValue("filter_individual _model output", False)

node.setPropertyValue("flag_ensemble method", "ConfidenceWeightedVoting")
node.setPropertyValue("flag voting tie selection", "HighestConfidence")
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R 83. ensemblenode B4

ensemblenode /E1% HiERE EithaA

ensemble target field field NERAEPERANFAERIIEE BIFF
B

filter_individual_model _output flag BEREMNHIZE MERNITAER,

flag_ensemble_method Voting SEATHERMTONS F. XYk

ConfidenceWeightedVoting
RawPropensityWeightedVoting
AdjustedPropensityWeightedVoting
HighestConfidence
AverageRawPropensity
AverageAdjustedPropensity

EWBEREIAEF RN, AaNALE
B

set_ensemble method Voting EERATHERMKITEDNAE. XHik
ConfidenceWeightedVoting EHNETERRXFEEN, F=NALE
HighestConfidence Bo

flag_voting_tie_selection Random NRERERET L, BBAETERRE
HighestConfidence WAEE. NEEENEREREFER
RawPropensity BY, ASNAIIEE,
AdjustedPropensity

set_voting_tie_selection Random NREREREF L, BBAIETERRLE
HighestConfidence WAEZ. NEEENEIMERANXTE

B, AsNALIEE.
calculate_standard_error flag MREMFREESY, BAREER

TRETIRERENE, LUITEUNEE
HEBESEXREZENE, HETRX
LABENLRREE,

fillernode E14%

AR TRATERFREHBENFME. EUTUNEEETFT CLEM & (a0 eBLANK

Nt

node =

stream.create("filler", "My node")

node.setPropertyValue("fields", ["Age"])

node.setPropertyValue("replace_mode", "Always")
node.setPropertyValue("condition", "(\"Age\" > 60) and (\"Sex\" = \"M\"")
node.setPropertyValue("replace with", "\"old man\"")

&R 84. fillernode B

(GFIELD)) RYEFHUE. B4, HWAJLUEERAIETHESN Null EEMRAKEE. HRR"TRE
BE'RUTRESER, UBRREE,

fillernode EBf¥ HiERE e 273
fields 1 RSP HERROEHBIRN TR,
130 1BM SPSS Modeler 18.2 Python MiZ4%5 5 BEnLISE



R 84. fillernode B (4R

fillernode B iEER BiER
replace mode Always AUEBFIEE. THERTE, WrLURER
Conditional EEHRITELR,
Blank
Null
BTankAndNul1l
condition string
replace_with string

filternode E

"ETRATEE (BEF) FR NFRHATEGRURKBFERM—NRT SRR ES—1T
&

WO

vl

Nl

node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new_name", "Drug", "Chemical")
node.setKeyedPropertyValue("include", "Drug", False)

£ default_include B, 5%, &E default_include BMMNEFSEHEREIHRIERZR, MEE
WEF X HAIFMEF IR EITH. EEL, KEMESITEE TR R MWIEEFHNREBATEIEFTER
B, 90, RIKEITUTRIZS:
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the 1list
for f in ["Age", "Sex"]:

node.setKeyedPropertyValue("include", f, True)

XRFETREEFE FR M M5 , MEFREMAEFTER. IE, BBz THERRAEIEER N REF
E&:
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the Tist
for f in ["BP", "Na"]:

node.setKeyedPropertyValue("include", f, True)

RS IRSRPBERNA N FE, FHSHEEZEONFE (Fie . %5/ . BP . Na) . BEENR, ¥
default_include HIBEEIIREN False FA=BoIEIREMBTER.

Ite5h, NRIEEI EAMATE TIET R IEEPR default_include FIEESN True, MEEUITA%
S, B, REFMISE LEFIHNENFER. NRBELR, BIER TIET R IWEERIEEHITE
¥, XRETIERILZE M,
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& 85. filternode BME

filternode B HiEE EithEA
default_include flag RAFHEERIMTHEREERETRFENBITE
%

EE, BERBEREADEERERFES
B CRBERAER T EaEEE AT
B, BREMEEESATENR.
include flag XERTOENRETRNREE.

new_name string

historynode Ei%

. "HEER'TREBEFHFER, XEFRESLMCRIPNFRIVERE, HEER TREEHTIN
EE FrEsdE, BIanRsiElFoEkiE. AER THERIER TRE, AJLUER"HF T RSIRETHIF.

ANl

node = stream.create("history", "My node")
node.setPropertyValue("fields", ["Drug"])
node.setPropertyValue("offset", 1)
node.setPropertyValue("span", 3)
node.setPropertyValue("unavailable", "Discard")
node.setPropertyValue("fi11 _with", "undef")

& 86. historynode JBM

historynode B4 iEsEn iR

fields IES FEHRTIERNFTE,

"% number BEENFREAELERFEENZHIER

(A RZEMIER)

span number IEEEMPIRIENUEIIERIEE.

unavailable Discard RIBAERFIBRENIERN, BESELE
Leave MUEIMIEREABELERNELNER (UF
Fill HHEERTNER) o

fill_with FrIR EERTERFIERETHANERNERF
Number a8,

partitionnode B4
BEBHTERHKTE, HFRIBRIED SN LM TR BERRRIIIS, Witil

fend SER R,
e

Nl
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node = stream.create("partition", "My node")
node.setPropertyValue("create_validation", True)

node.setPropertyValue("training_size", 33)
node.setPropertyValue("testing size", 33)

node.setPropertyValue("validation_size", 33)
node.setPropertyValue("set _random seed", True)

node.setPropertyValue("random_seed", 123)

node.setPropertyValue("value _mode", "System")

& 87. partitionnode BN

partitionnode B HIEXRR B
new_name string AT RERND XFERIER,
create validation flag BB TN I 7 X,
training_size integer ENERLINESXIERFTERESLE (0-100).
testing size integer BHRAMIRA S XIERFr SNBSS (0-100).
validation_size integer BHRLWIED XBIERFT SNBSS (0-100), 20
RROEEIENX, BARIELEME,
training_label string WD K AIIRES
testing_label string Mt KBIFREE
validation_label string WIED KRS, MIRROIEIIESDK, AR
i3
value_mode System BEATRTEBERFE N XNE, HIa, Ik
SystemAndLabel KA LRRARFAEE 1. 7% Training ZEH
Label ¢844 1 Training.
set_random_seed /R1E 1B B BN B P 1EE R Fo
random_seed integer BAREENREILMMTFE. IREFAHALE,
set_random_seed HIUKEN Trueo
enable_sql_generation mIRE EEESMFEA SQL EEUSEIEREINX,
unique_field BEMATE, AUBRRUENENIEENSE
BROIEIIX. NREBEFAIE,
enable_sql_generation AIUKE N Trueo
reclassifynode B
"ENM AR TR AN LERIBRAS—HE, WTFHSEFREHTEIBENDAURITON

mE, EMPLIFEER.
>

ANl

node = stream.create("reclassify", "My node")

node.setPropertyValue("mode", "Multiple")

node.setPropertyValue("replace field", True)

node.setPropertyValue("field", "Drug")

node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])
node.setPropertyValue("name_extension", "reclassified")

node.setPropertyValue("add as", "Prefix")
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node.setKeyedPropertyValue("reclassify", "drugA", True)
node.setPropertyValue("use_default", True)
node.setPropertyValue("default", "BrandX")
node.setPropertyValue("pick Tlist", ["BrandX", "Placebo", "Generic"])

& 88. reclassifynode B4

reclassifynode B& iR B4R

mode Single Single Sf—PFEMEFHITEH D, Mul-
Multiple tiple REUER TR SN FEHITHIRAIE

i,

replace_field flag

FE string {XFE Single I TEH,

new_name string {XFE Single & TFER,

fields [fieldl field2 ... fieldn] |{RFE"ZE"HI FMER.

name_extension string RE"SE AN TER.

add_as Suffix NE'ZE " HFNTER.
Prefix

reclassify string FERENSHLEM.

use_default flag ERREE,

default string IEEREE,

pick_list [string string ... string] | RFFAFSABMFFENTIRLIEFRRFA T

LIIEN

reordernode E¢

£\ FREFIFS BAEXATER TEFRNEAIRF. WRFEENFRESHIE (i
S £, SIRMFPEAEESR) NETFHD. LEEREEN, IBEEHTERBTRENEN.

Nl

node = stream.create("reorder", "My node")
node.setPropertyValue("mode", "Custom")
node.setPropertyValue("sort_by", "Storage")
node.setPropertyValue("ascending", False)
node.setPropertyValue("start_fields", ["Age", "Cholesterol"])
node.setPropertyValue("end fields", ["Drug"])

R 89. reordernode B4

reordernode B BuEAR e 2730

mode Custom AT BEHERITHIF, el LUEEERIIRE.
Auto

sort_by Name
Type
=&

ascending flag
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K 89. reordernode B (%)

reordernode /B4 HiEE e k273
start_fields [field1 field2 ... fieldn] |FFEIBARIXLEFEZF,
end_fields [field1 field2 ... fieldn] | FFEIBNBIXLEFERZF,

reprojectnode B4
# SPSS Modeler 7, FATIIRITEES. SEFHETN (STP) 3 S RHEE LS SET

{ BEARTAITR, EREFELT ST UBRES AN EABATRIEASENLITR.
L=

& 90. reprojectnode B

reprojectnode Bt BEAR EiiR
reproject_fields [field1 field2 ... fieldn] | Y IHFTEEEHIRTNFE,
reproject_type Streamdefault AR F R TR
Specify
coordinate_system string BTN AT RN E M. R
set reprojectnode.coordinate_system =
"WGS_1984_World_Mercator"

restructurenode E¢

\ "B TNRBRXFRIGSFREFRN—EFER, XAFTRAUERS —FRNEHTERR.
H flan, AE—1MRA ZARENFER, BHEN BH. B E75, BaFE=1Hxk (&
' . WE E7H) , 8IFRAUGESEFZANE

Nl

node = stream.create("restructure", "My node")
node.setKeyedPropertyValue("fields from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("include_field _name", True)
node.setPropertyValue("value _mode", "OtherFields")
node.setPropertyValue("value fields", ["Age", "BP"])

R 91. restructurenode B

restructurenode /1% HiELE e 2i:pu
fields_from [category category cat-
egory]
all
include_field_name flag ETELEENEMINFERERERAFES.
value_mode OtherFields RTATHENEHUFRIEEENERN. MR
Flags E4E OtherFields, HIIEEEMFRAWLFER
(BFTX) o INREFE Flags, MABEBNKE
Ri&o
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R 91. restructurenode BMY (4%)

restructurenode JEl% b5 6 Eei ] EithEA
value fields HlzR R value_mode 2 OtherFields, ABAltEM

BUFEN. BEERAMLEFRIENETFTR.

rfmanalysisnode B

P BHEH. FERET (REM) ST, CIUGEES BE—RWLE SRS H06E (F
&) F) . BAWINRE (5% UREFEZANFERESH (KH) , BETEmNRERRN
! B,

Nl

node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")
node.setPropertyValue("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")

node.setPropertyValue("tied values_method", "Next")
node.setPropertyValue("recalculate_bins", "IfNecessary")
node.setPropertyValue("recency thresholds", [1, 500, 800, 1500, 2000, 2500])

R 92. rfmanalysisnode B

rfmanalysisnode /B4 iR Bk
recency FE& EBEIERTR, ©EAEEHEE. NaBicskEE
B,
frequency FE& EEMETEL,
monetary FE. IBERMFE.
recency_bins integer EEEENIADEHE,
recency weight number IEENATFIERIENNE, HEEA 100,
frequency_bins integer EEEENRRERD TR E,
frequency weight number SN ATFIMELIENNE, HEEA 10,
monetary_bins integer FEEBEMRE T DN E,
monetary weight number IBENAFEMBIENNE, BHEEN L
tied_values_method Next FEE BB DG ESIE.
Current
recalculate_bins Always
IfNecessary
add_outliers flag HBY recalculate_bins &7 IfNecessary Bt
A, MNREIRE, BARMAT TFRIFEUTHIE
RAMIITRSFER, HEEREIFHEULMNER
ANERE SR,
binned_field Recency
Frequency
Monetary
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R 92. rfmanalysisnode B (42)

rfmanalysisnode /B4 b3 67 =it BiiEA
recency_thresholds value value HBEH recalculate_bins 1% Always BYAEIF,

IEEERERS BN T IRREM LREE. — M 25Em
FIREAERET—I2MEITREE Flg0, [10 30
60] AIEXHF NS, B— NN RREN TR
HESFHR 10 M 30, FEZNDFHEENRED 5

79 30 #0600
frequency thresholds value value S5 recalculate bins i& Always BYZABIFH,
monetary_thresholds value value [BY recalculate bins &4 Always BSAAIA,

settoflagnode B4

"EANRE TRBEHN P HE IR X FREXNDRERES MISF R,

3

Nl

node = stream.create("settoflag", "My node")
node.setKeyedPropertyValue("fields from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("true_value", "1")
node.setPropertyValue("false value", "0")
node.setPropertyValue("use_extension", True)
node.setPropertyValue("extension", "Drug Flag")
node.setPropertyValue("add as", "Suffix")
node.setPropertyValue("aggregate", True)
node.setPropertyValue("keys", ["Cholesterol"])

& 93. settoflagnode B

settoflagnode EtE MiEAR B R
fields_from [category category cat-
egory]
all
true_value string EBEREMSHNTRIEANEEB. REER
To
false_value string EEGENSNTAMERNRE, REEN
Fo
use_extension flag FERYT REENMTSTFRNESEFS.
extension string
add_as Suffix IEEFTAINNY B2 R ESEEFE.
Prefix
aggregate flag RIBRFEBIERDH,. NMREGEMIERKIKE
A true , BBARBRAATRHFAEIREFTR.
keys HR BT
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statisticstransformnode E1%

—_,—

= "Statistics ¥R TIREXT IBM SPSS Modeler HRYEIRIRIZITIAIERY IBM SPSS Statistics &%
%, WFHREE IBM SPSS Statistics FIIFA] @IS,

BExtTRBUNEER, ESRE 317 118 Ustatisticstransformnode EIES b

timeintervalsnode Eif (FiF)

A WETIRFE SPSS Modeler V18 RERHER, FHEBEMAFN EFTI TR, "BHEXE" T RiE
EXE, SIZBTWREFFIEE #TRENTE WRFR) . ARSI MENERFHYS, BA
RN R UREFEERENERELS, UEERZBNKESHS,

Nl

node = stream.create("timeintervals", "My node")
node.setPropertyValue("interval type", "SecondsPerDay")
node.setPropertyValue("days_per week", 4)
node.setPropertyValue("week begins_on", "Tuesday")
node.setPropertyValue("hours_per day", 10)
node.setPropertyValue("day begins_hour", 7)
node.setPropertyValue("day begins_minute", 5)
node.setPropertyValue("day begins_second", 17)
node.setPropertyValue("mode", "Label")
node.setPropertyValue("year_start", 2005)
node.setPropertyValue("month start", "January")
node.setPropertyValue("day start", 4)
node.setKeyedPropertyValue("pad", "AGE", "MeanOfRecentPoints")
node.setPropertyValue("agg mode", "Specify")
node.setPropertyValue("agg set default", "Last")

R 94. timeintervalsnode JB.

timeintervalsnode /B4 5 &Rt EiEtEiR
interval_type None
Periods

CyclicPeriods
Years

Quarters

Months

DaysPerWeek
DaysNonPeriodic
HoursPerDay
HoursNonPeriodic
MinutesPerDay
MinutesNonPeriodic
SecondsPerDay
SecondsNonPeriodic
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R 94. timeintervalsnode BYE (42).

timeintervalsnode B4

iR

B iR

mode

Label
Create

EEEEESMICIERETERIEIEE B,
BB Bk ic ek hY B F BT 5 o

field

FE

HIRESUEWEFIIN, EERTEMNCRE
B HASR AT EIAYF R

period_start

integer

1B BB A AR X8

cycle_start

integer

BB HRREE A A B

year_start

integer

WNFEANKEREE, EF—TXEMENE
7o

quarter_start

integer

MNTEANKERE, EF—TXEMENE
o

month_start

January
February
March
April
May

June
July
August
September
October
November
December

day_start

integer

hour_start

integer

minute_start

integer

second_start

integer

periods_per_cycle

integer

XTEIAR, e T APRREK.

fiscal_year_begins

January
February
March
April
May

June
July
August
September
October
November
December

WNFEEXE, EEMBEEFRAMD,.

week_begins_on

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
Sunday

NFEAAEXE (—FFRIR. —KFH/)
B, — RPN —KFW) , EE—F
FHARAR—RKo
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R 94. timeintervalsnode BYE (42).

timeintervalsnode B 5 6 Eit] Etthaig
day_begins_hour integer X FEAHEXE (—KPIN, — KBNS
HH—XPR) , BE—RFWBRVNE, 7]
L5 day begins minute A day begins_second
HEEERMEH, UWEE—MEWHE, i
8:05:01, 1HE W TEMFERTS.
day_begins_minute integer S FEEAMEXE (—XKFPRNY. —RBPH5
HR—XHPHF) , BE—RFBHDH (6
a0 8:057HY 5) o
day_begins_second integer N FARMEKE (—KPRVNE, —KFB5
HHR—XPEF) , IBE—RFWBHF (FIa
8:05:17 HHY 17) o
days_per_week integer FEBAMEXE (—FAFHR. —KPHV)
. — RPN —KFHR) , EEE—F
FRBIXR
hours_per_day integer N FARAMEKE (—KPHNE, —XFPB5
R —RPEIFY) , EE—RHPHYNETER,
interval_increment 1 X F—RKAND A —KPNF, BEAED
2 BRGNP ER T 4K
3
4
5
6
10
15
20
30
field _name_extension FRE#
field_name_extension_as_prefix L
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R 94. timeintervalsnode BYE (42).

timeintervalsnode B4

iR

B

B
B

date_format

"DDMMYY"
"MMDDYY "
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

time_format

"HHMMSS"

n HHMM n

IIMMSS n

"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)s"
"(H)H. (M)M"
"(M)M. (S)S"

aggregate

Mean

Sum

Mode

Min

Max

First

Last
TrueIfAnyTrue

EEFRICES %o

pad

BTank
MeanOfRecentPoints
true

False

EEFRIIET G .

agg_mode

A11
Specify

EEEREFTEEARERIECSSIETAE
FE, ERIEEEERNFRME L.

£

= =

11§ F

B

12

F

=+

T

=%




R 94. timeintervalsnode BYE (42).

timeintervalsnode B 5 6 Eit] Etthaig
agg_range default Mean L SES T RN BRI E R
Sum
Mode
Min
Max
agg_set_default Mode EBELEE X FENEFRRE RKE,
First
Last
agg_flag_default TrueIfAnyTrue
Mode
First
Last
pad_range default Blank IEEIRRESF RN EFANRE R,
MeanOfRecentPoints
pad_set_default Blank
MostRecentValue
pad_flag default Blank
true
False
max_records_to_create integer FEEIERFYINECIENRAIERE.
estimation_from_beginning s
estimation_to_end 15
estimation_start_offset integer
estimation_num_hoTldouts integer
create_future_records &
num_future_records integer
create_future field &
future_field name FRE#

transposenode Et¥

"B T RIRITHFIREVEEE, UEEREMTR, FREMIER.

Nt

node = stream.create("transpose", "My node")
node.setPropertyValue("transposed names", "Read")
node.setPropertyValue("read from field", "TimeLabel")
node.setPropertyValue("max_num fields", "1000")
node.setPropertyValue("id_field _name", "ID")
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R 95. transposenode BT

transposenode B4 iEeRy BiER
transpose method enum BEZMAE: IEE (normal), CASE F| VAR
(casetovar) 3¢ VAR Z|] CASE (vartocase)o
transposed_names Prefix ERE TR AENEN. PTLUARBIEERIE AL
Read HEFERE, W UMEIENINE FEHIREHF
BB
prefix string "ER T EREM,
num_new_fields integer ERTIRAENEY, RSN, EEECE
BT F IR A E.
read_from field FE "ERERAENEN. MPIRENEMNTFE, It
FEMME—MERGMFE, SUHRITH B
Ho
max_num_fields integer ERTRAENENL. SMENFEPIRINET
BY, 8% _EMRLUE GBI KA FEER.
transpose_type nx "ERE'TRAENEN. BREBRT, REREERE
FRIE £ (BFEE) FE, BHALUEERFTTRNE
Custom B FESEEFMETFRIRTE.
transpose_fields eSS "ER TR ENEY. BEEFEREGENNEE
HFEL
id_field_name FE "IEE"TIRAENEM.
index FE& CASE ZE| VAR (casetovar) THAZENEML, ES
FRZINFERIENRSIFE,
fieldl ... fieldN
column FE CASE ZEI| VAR (casetovar) TG ENEMN. &R
FRZ N FERIENIIFE,
fieldl ... fieldN
value FE CASE % VAR (casetovar) THAENEML, 2%
FRZ N FERENEFE.
fieldl ... fieldN
id_variables FE VAR % CASE (vartocase) TR ANE M. EZ
RSN FERIEANMFREEFE,
fieldl ... fieldN
value_variables FE VAR %l CASE (vartocase) TR ZNEM. 1£F
FRZ N FERENEETEFTE.
fieldl ... fieldN

typenode B4

"RETSIEEFRITBIENES, flN, SRLIEES I FERANERS (L. 8X. §F
 RERTAERKENZRS Null EET. REBTERRNFRNAG. HEFRIT

- _
-a WATE
-E

FMERZURNFRIEEE,
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node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC", "drugD", "drugX",
"drugY" , "dY‘ugZ”] )
node.setKeyedPropertyValue("null missing", "BP", False)
node.setKeyedPropertyValue("whitespace missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value labels", "BP", [["HIGH", "High Blood Pressure"],
["NORMAL", "normal blood pressure"]])

AR, REBRTHRFEREEMM LR ITRAREEMTRIERE!T, fli, "gAGE TR fields
from B, PILIRER"R"TRHFRITIZT R UEFMEXLETFES:

tablenode = stream.createAt("table", "Table node", 150, 50)

stream.link(node, tablenode)

tablenode.run(None)
stream.delete(tablenode)

& 96. typenode B

typenode B1% HuEAay BiEHER
direction Input FHAGHRITEN,
Target A WfE, FHEEFERE In M oute TERERH
Both hRZS R E] BEEGH XX LB Y 2 35
None
Partition
Split
Frequency
RecordID
type SBE (Range) FERIMELRA (URIFRAFERRFEE")
Flag & type 18BN
Set Default =EFRFIE values S8
Typeless RE, FHWMR value_mode HIEN
Discrete Specify, BBATHEEEN Read, WE
OrderedSet value_mode I&E I Pass X Read,
Default BAIKE type F=M value_mode,
A ASNEANSBERETAFLEENTRRER
HIKA, ST KFRINTPIR: Range -> Continu-
ous Set - > Nominal OrderedSet -> Ordinal
Discrete- > Categorical
storage Sl FERTFMEREMN R RRIEE Y.
FREA
B
3¢
Time
HH#A
Timestamp
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& 96. typenode B (42)

typenode [B1% iEEn BiER
check None FERANCENCENRITES.
Nullify
Coerce
Discard
Warn
Abort
values [value value] WFELEFHEME, F— P emx/ME, B—
BERAE, WFEXFE, EEMRHE. Win&
FEME, F—MENR false, T—MERR
true, RBZBEMEBLHE value mode BHIRE
A Specifyo
value_mode Read WEEMEEAR. TR, TEILBEEERS
Pass B Specify; BERRERE, BiKE values B
Read+ %,
Current
Specify
extend_values flag % value_mode i&EH Read BRI, A T
MR FIENERINEERNE FRE. ®EBER
F MEFMEEHANFIREE,
enable_missing  |flag HIREN T B, BABENFERRKERRER.
missing_values |[value value ...] EE R EUIRMEURE.
range_missing flag EERBNFRENRKE (BH) BE.
missing_lower string range_missing A true BY, LtBMIEERKETE
B TR,
missing_upper string range missing A true BY, ILEMISERKET
By R,
null_missing flag REN TH, & (ERHRETH $null§ BIXK
EXE) WANRKE,
whitespace_ miss-|flag REA T H, NEATH (TH. HIRFNIRT
ing ) HEHEMARKE,
description string NFEAEE W Ao
value_labels [[Value LabelString] [ Value LabelString] ...] BAFAENIEEINS,

display_places integer NFENGE BRANEIER ((XABTFLL REAL 17fE
MFE) ., BN -1 B, BERRREE.
export_places integer NFEOLESHEEY AR ((RBTFLL REAL 7F
BFER) - EA -1 B, BERRMREE
decimal_separator | DEFAULT NFEIGEHHFHIDMRAT ((RBTFLL REAL ZER
PERIOD FE) o
COMMA
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& 96. typenode B (42)

typenode B1E

iR

BiHER

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

NFEIREHIAEY ((RATFLL DATE T TIME-
STAMP TZEHIFER) o

time_format

"HHMMSS"

n HHMMII

IIMMSS n

"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM. SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

NFEREMNEIE ((YBFLL TIME ¢ TIME-
STAMP TZEHIFER) o

number_format

DEFAULT
STANDARD
SCIENTIFIC
CURRENCY

NFRITEHF BB

standard_places

integer

NFEGE LR ERR BRI NI BN
-1 B, BERAARREE. BIEE, WEN
display_places BEHSBUULEM, BEFE
TEER.

scientific_places

integer

NFERIRE UM Z S T B R R N T 2
BR -1 i, BERRREE,

currency_places

integer

NFRIRE UG MRA BRI NRIE. BN
-1 B, RERRRE(E,
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& 96. typenode B (42)

typenode [B1% iEEn BiER
grouping_symbol | DEFAULT NFRREDEFTS,
NONE
LOCALE
PERIOD
COMMA
SPACE
column_width integer NFERIREYEE, BN -1 MRRBIIEERE
ﬂg Autoo
justify AUTO NFEGETIRTFFE.
CENTER
LEFT
RIGHT

measure_type

Range / MeasureType.RANGE

Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

LEEIEBERMUT type, ARNEARTFEXSF
EEXBRINE, XF7ETF, BEALA Python
KEH B H REEBEE AP
MeasureType B, T getter JA£%3R[E] MeasureType
(=8

setter

collection_ mea-
sure

Range / MeasureType.RANGE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED SET
Typeless / MeasureType.TYPELESS

WNFWEFE CRER 0 WFIR) , IkizEY
EX SEMEXEKATNERE,

geo_type Point WFHIBTEIFE, RITEUENZFERR
MultiPoint BIHMIRZS BT RAVEE, XNiZSEMTIRRE
LineString RF—E
MultiLineString
Egnlic
MultiPolygon
has_coordinate |fR/R{& WFHIBTEFE, WEMEX ZFRELTAESR
system L
coordinate_system |string N FHIETEFER, IRIERMEE X ZFRIY

5o

custom_storage_
type

Unknown / MeasureType.UNKNOWN
String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE
Timestamp / MeasureType.TIMESTAMP
List / MeasureType.LIST

Irif= BN T custom_storage, HAERA
FEXFENEBEEFM. XANETF, EATLUH
Python BIZASZREIREY setter HRE(ZHBEAH—D
StorageType 1B, M getter JA£%IR[E] StorageType
B
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& 96. typenode B (42)

Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp / MeasureType.TIMESTAMP

typenode B1% uEARY BiEA
custom_1list_|[String / MeasureType.STRING WFFRFE, HEEEMIEEEMBENTES
storage_type Integer / MeasureType.INTEGER A,

custom_list_depth | integer WFHIRFER, BEEMIEETHEINRE

max_list_length |integer A BAFNELF BT B RESHEIE. 18
EFIRAEENTRHELULEIIRNRAK
E

max_string_length | integer NPT FIREIE, £ SQL LIEIERAE

o MABUETRAFNENE; XFERTE
=T ARNEBESEFIFHENT.
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12 =

BT RaRRENE
ABNBERSAWEARE, SEARBENSHS AXLFENEL,
& 97. RHEEFTREN

AHEETLREG HERR Eithaid
title string MR, Bl "This is a title"
caption string IBENXFH, =l "This is a caption
output_mode Screen EERETERT RN mHEZRET R X MH4H,
File
output_format BMP EEREHER, AFSITREANHEEERZER
JPEG E8Y
PNG
HTML
output (.cou)
full_filename string A MERT R R Ak I E BARER R X2
use_graph_size flag FHESEATENEENSERRARAZRELNAK
he REmmdEIRENER, FERT 7/ TR
graph_width number % use graph_size 9 True BY, LUMERANBMIZEEF
BE.
graph_height number L use graph size 4 True BY, LUEHEANBMNILGE R
_'%_XO

KA FEL
BYEBEUEEIKER " " (BFFR) , JUEEFE (NEMNESFE) XH, OTLURGIFIR:
plotnode.setPropertyValue("color field", "")

EEH®

ERTERIFHE (MHS #) Fi8) , TEERE. fvi. ESRNGERNES. fi, ERETERIKE
ARG, BEAUTED:

mygraphnode.setPropertyValue("graph_background", "#87CEEB")

Itb&k, BIROIEL 87 FEELABARE; REMH CE EEFBRNE; REMI BB EEBEBNT. SUKA
RE—MITSEE 09 3 A-F REYE. XEEE—RAMUEEL-LZ-E (B RGB) B,

A LU RGB RV GR, AILERRR RETNFRERSHE EMREENRE. IFHEREEEN
& LERAAE S RE RN IRRER.
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collectionnode E4

"WENTRET - EFFRNEAY TSI HRFFROENSF. (CLIRENTEHEN
B, ) ETRRBAETEANEERNTRE, © BEAN. £ 3-D BiSRTH, EraiE

i —ANER R T RS 4,

Nl

node = stream.create("collection", "My node")

# "Plot" tabnode.setPropertyValue("three D", True)
node.setPropertyValue("collect field", "Drug")
node.setPropertyValue("over field", "Age")
node.setPropertyValue("by field", "BP")
node.setPropertyValue("operation", "Sum")

# "Overlay" sectionnode.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tabnode.setPropertyValue("range _mode", "Automatic")
node.setPropertyValue("range min", 1)
node.setPropertyValue("range _max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num bins", 10)
node.setPropertyValue("bin_width", 5)

R 98. collectionnode B

collectionnode B iELR BitER
over field FE
over_label_auto flag
over_label string
collect_field FE
collect_label_auto flag
collect_Tlabel string
three_D flag
by field FE
by_label_auto flag
by_label string
operation Sum

Mean

Min

Max

SDev
color_field string
panel_field string
animation_field string
range_mode Automatic

UserDefined
range_min number
range_max number
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R 98. collectionnode B (42)

collectionnode /Ef¥ HIERR EithaA
bins ByNumber
ByWidth
num_bins number
bin_width number
use_grid flag
graph_background e EREFLUNA T inERFEE,
page_background g ENEFLNB T inERTEE.

distributionnode Ef4%

/ "DHENRETNS (92K E (GINRHERE5)) hIRE. 88, ErUER" 2% T
- SRETHERRNATE, ARFUESIRRERIEA 9% T R KU EI A E,

Nl

node = stream.create("distribution", "My node")

# "Plot" tabnode.setPropertyValue("plot", "Flags")
node.setPropertyValue("x_field", "Age")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("normalize", True)
node.setPropertyValue("sort_mode", "ByOccurence")
node.setPropertyValue("use_proportional_scale", True)

& 99. distributionnode B

distributionnode EM¥ HiEE Btk
plot SelectedFields
Flags
x_field FE
color_field FE REFH.
normalize flag
sort_mode ByOccurence
FHIRF
use_proportional_scale flag

evaluationnode Ei4
S A B TR LR TER, AR R S RS T E RORSRE, TIRET

£ WEMFTNEEENERETHF. ERERIEETMERRNNA (S8 , AEMNSE
AT U2 L SHREE, FRRER, URRNAFETRSMREL
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Nl

node
# "P1
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node
node.
node.
node.

= stream.create("evaluation", "My node")
ot" tab

setPropertyValue("chart_type", "Gains")
setPropertyValue("cumulative", False)

setPropertyValue("field detection _method", "Name")

setPropertyValue("inc_baseline", True)
setPropertyValue("n_tile", "Deciles")
setPropertyValue("style", "Point")
setPropertyValue("point_type", "Dot")
setPropertyValue("use fixed cost", True)
setPropertyValue("cost_value", 5.0)
setPropertyValue("cost _field", "Na")
setPropertyValue("use fixed revenue", True)
setPropertyValue("revenue value", 30.0)

.setPropertyVa]ue("revenuerie]d", "Age")

setPropertyValue("use fixed weight", True)
setPropertyValue("weight_value", 2.0)
setPropertyValue("weight field", "K")

& 100. evaluationnode JBIE.

evaluationnode /B1% HiERE Ei%i5teR
chart_type Gains
Response
Lift
Profit
ROI
ROC
inc_baseline flag
field_detection_method Metadata
Name
use_fixed_cost flag
cost_value #Hr
cost_field string
use_fixed_revenue flag
revenue_value =
revenue_field string
use_fixed_weight flag
weight_value #Hr
weight_field FE
n_tile Quartiles
Quintles
Deciles
Vingtiles
B9 (Percentiles)
1000-tiles
cumulative flag
style Line
Point
152 1BM SPSS Modeler 18.2 Python MiZ4%5 5 BEnLigE




& 100. evaluationnode BYE (4L).

evaluationnode Bt HIEAR BineA
point_type Rectangle
Dot
Triangle
Hexagon
Plus
Pentagon
Star
BowTie
HorizontalDash
VerticalDash
IronCross
Factory
House
Cathedral
OnionDome
ConcaveTriangle
OblateGTlobe
CatEye
FourSidedPillow
RoundRectangle
Fan
export_data flag
data_filename FRIB
delimiter FRIB
new_line flag
inc_field_names flag
inc_best_Tine flag
inc_business_rule flag
business_rule_condition string
plot_score_fields flag
score_fields [field ... fieldN]
target_field FE
use_hit_condition flag
hit_condition string
use_score_expression flag
score_expression string
caption_auto flag
graphboardnode Ef4%
Iy "BERTRTENTAPRETFSAEXRENER., FRETS, TUERERENHIEF

F
iZSi)

EMERTEEHIENFERFIER — P B, T REmSEERERNERTFRIERD

A MREKENEREETHRHEE (BIg, AEFEETE y_field) , ZBIHEHRZBE,

H#

=E%
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A 1E Ul FIFSAEEREEN FAER EN~LE, B—MEFTER; HARESHFAFIFH.

Nt

node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")
node.setPropertyValue("x_field", "K")
node.setPropertyValue("y field", "Na")
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R 101. graphboardnode J&%

graphboard B4 iEeny BirER

graph_type 2DDotplot PMRERSEEY,
3DArea

3DBar

3DDensity

3DHistogram

3DPie

3DScatterplot

Area

ArrowMap

Bar

BarCounts

BarCountsMap

BarMap

BinnedScatter

Boxplot

Bubble

ChoroplethMeans
ChoroplethMedians
ChoroplethSums
ChoroplethValues
ChoroplethCounts
CoordinateMap
CoordinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap

PointOverlayMap
PolygonOverlayMap

Ribbon

Scatterplot

SPLOM

Surface

x_field FE A x HIEEERITE. RER TR,
y_field FE 7y BEEERTRE. RERTIRE.
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R 101. graphboardnode B (42)

graphboard B4 iEER BiER

z field FE BFEL 3-D &,
color_field FEE EHRERFER.

size field FE ESEBSERER,
categories_field FE

values_field FE

rows_field FE

columns_field FE

fields FE&

start_longitude_field |FE% 5&FZEPHELESER.
end_Tongitude field FE

start_latitude field |ZFE&

end_latitude_field FE

data_key field FE RAF&ME,
panelrow_field string

panelcol_field string

animation_field string

Tongitude_field FE S5EPHSRERS M.
Tatitude field FE

map_color_field FE

histogramnode &%

"BEAE'NREFRFFRIENHIVAE. T REEARTHITHIRRENREMERIRER
HiE. 5w TREMN, "HFE"TREEBRIEREERNA T,

Nl

node = stream.create("histogram", "My node")

# "Plot" tabnode.setPropertyValue("field", "Drug")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tabnode.setPropertyValue("range _mode", "Automatic")
node.setPropertyValue("range min", 1.0)
node.setPropertyValue("range_max", 100.0)
node.setPropertyValue("num bins", 10)
node.setPropertyValue("bin_width", 10)
node.setPropertyValue("normalize", True)
node.setPropertyValue("separate_bands", False)
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2R 102. histogramnode B

histogramnode [B14% iEen BiER
FE FE
color_field FE
panel field FE
animation_field FE
range_mode Automatic
UserDefined
range_min number
range_max number
bins ByNumber
ByWidth
num_bins number
bin_width number
normalize flag
¥Eseparate_bands flag
x_label_auto flag
x_label string
y_label_auto flag
y_label string
use_grid flag
graph_background e EHEFLMNB T InERTEE,.
page_background g ENEFLNB T INEREE.
normal_curve flag BHEENEREPERESH MLk,
mapvisualization E14%
"WERAL T R A MER S MANER, FEME ERMETESEE TN —RIIE. 81
\ BERMMETREIFE; fIN, KEFVEEEXIMXME, THZ FRIGEFET—MNERE.
Ty —AREN—MER.
a3
R 103. mapvisualization B4
mapvisualization B4 BiEER B4R
tag string REWABIRICRT. RETICHETRNERE

BAReh 2, DU

TRINIEFHT E—NEEREN 1, B2NE

12 & BT

H#

=E%
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R 103. mapoisualization BYE (4%)

mapvisualization B

hiERE

e ipu

Tayer field FE

PR HIESE R HIEF R B R E ER— T E
B REEFRETFUTHFIRF:

s BE-R

- R - HZIIF

MREFERTEBR—NERENFER, BARE
BRTRHEFRBFHNFBINFHINE —1TF
B

color_type wmRE

IEE R T IT ARG N AT HIBF RN B 4L,
REEECEETRIBBEHIESETS —FHENENS
MFHLFHITER, TIEEREEE standard 3¢ over-
lay, TRE{EA standardo

Pies!

string

WIREXT color_type A standard, HPATHIF!
REENAGIRSAFEN" 2R ENF ENER
KA E IR,

RENERLIHFE Lo

color_field FEE

WREFT color_type A overlay, FBATHITIZR
88 5P IEABRNMIBF RN EIEE PR
BFE.

symbol_type mIR1E

IEERTGHITAR S NATHEFENFAEIER,
REECEERNSIRIBHIESETS —FENAHE
M SEtr. TEENEEE standard I over-
Tayo TREMEN standards

symbol

WREIT symbol_type A standard, HBATHIFI
FEETATFEME LE RSB SIEE,

symbol_field

WREXT symbol_type iEFR overlay, HBA THIFY
REE 5P ERNENMIEF B RNEIBEESRRN
FrEEX. BFESEFE.

size type mIR{E

BERTRIFER NN A TFHIEFERNEIER,
REREBEEANMRBHIESET S —FENEEN
HSENHLEREE XD, FIEENEEIE standard
3 overlay., FRE{EN standard.

size

string

WREX size_type & standard, FBAXTTF
point 3 multipoint, FRIFIREEFFIEFSHIK
NERE, HTF linestring BF multilinestring, F
hIFIRBELSEERNERE,

size field FE

WRET size_type A overlay, FBATHIFIZR
BE5EPIENENHIEF B R SIBE PR
BFE,
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R 103. mapoisualization BYE (4%)

mapvisualization B

iR

e i:pu

transp_type

wIRE

BERTREINEZHEN BTHIEFERMNAEIE
%, , REETEESHEREMIEETS —FK
HEFRFTS. EEXFRLZUENERERS. T8
BIEEIFE standard B overlay. TR&E{EA stan-
darde

transp

integer

WRERT transp_type A standard, ABATHIFY
REEEEERIINEE, M 05 CREE) Fiki
10% IGELIMNE 1005 (EFA) . IKEHE LS. 4
W ZINFERIERE,

WREST size_type A overlay, ABATHIFIFR
B 5%EFERNENIEFRERBIBEETIIER
BF K.

SFF points. multipoints. linestrings F{EANE
Ef multilinestrings. polygons #
multipolygons, BREEN 0% XWFAREBFEERHN
polygons #1 multipolygons, TRE{EA 50% (LU
RERXEZINETHETEM

transp_field

WREFT transp_type ¥EH overlay, EBATHIF!
REE5EDEANENHMIET RIERMNEIEESRR
FrE T,

data_label field

IEEEME L EREASIERENTFE. Fi, 0
RILSENBTHEAZIBEE, BABIERED
BER name FE& - HPEEENZBFEHNET.
ILETELEIEF name FERSSHREME L ERXLESR
#Fo

use_hex_binning

iR{E

BRNGE ST, ABBRAELE TR, RE
BERTRAIKRE,
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R 103. mapoisualization BYE (4%)

mapvisualization B

hiERE

e ipu

color_aggregation 0| string

transp_aggregation

MREAERT AU DB RBERTES
FE, BAZFERPFAENEROAT %G
WHFTE R TR, BABENATHENERNE
BFRIEERER.

AR SR

ELE (REEEHEE)
ait

. B
&/ME

« mAE
AR5

© B—PESMI
E=L

LR (BYiE. BHASIBYEBICERE) ¢
%
- &ME
RAE
BX /A%
REL
- &ME
RAE
&
© True (JARERIA true)
+ False (WIREAIA false)

custom_storage string

REBFERNRBEEFMAEDR, BEERN Listo MNRIE
E List, BBAZALLT custom value_storage #
Tist_depth ¥,

custom_value_storage string

REVRFPHTENEFELE, MARFRIOER
FRERE, REEN Realo
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R 103. mapoisualization BYE (4%)

mapvisualization B4 HBUELER ERE 2P0

list_depth integer RBEIRFERIRE, FIRNRAEIRTHIEFE
AR HEE T ISR

- R-0

© & -1

.« B - 2

2R -1

« ZHE -2

© BB -3

BT FRE BN T RATMIE T 8] F Ry SE
BURZEFERIFAFERE. MRKEHIR, BT
EERIZF K.

REEN 0, &/IMEN 0, RAEN 10,

multiplotnode B4

"SEHRETREBERD X FREBTED ¥ FROHRE, ¥ FRRAHAXENE; &
B FHASTHENRENEAE X B RENHFNERETR. ERES M EEMRMEHENT
ERE, ZERREIFEER.

Nl

node = stream.create("multiplot", "My node")

# "Plot" tabnode.setPropertyValue("x field", "Age")
node.setPropertyValue("y fields", ["Drug", "BP"])
node.setPropertyValue("panel_field", "Sex")

# "Overlay" sectionnode.setPropertyValue("animation field", "")
node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use overlay expr", False)
node.setPropertyValue("overlay expression", "test")
node.setPropertyValue("records_1imit", 500)
node.setPropertyValue("if over limit", "PlotSample")

&R 104. multiplotnode BT

multiplotnode B ¢ git) BiER
x_field FE

y_fields LIRS

panel field FE

animation_field FE

normalize flag

use_overlay_expr flag

overlay_expression string

records_limit number
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& 104. multiplotnode B (42)

multiplotnode B4 EeR BER
if_over Timit PlotBins
PlotSample
PlotA11
x_label_auto flag
x_label string
y_label_auto flag
y_label string
use_grid flag
graph_background e EREFLUNB T iERFEE,
page_background e KBEFLMNB T InERTEE,.

plotnode &%

A HRET R B EFREINXR, B EAS (Ba) &elESRE,
s

Nl

node = stream.create("plot", "My node")

# "Plot" tabnode.setPropertyValue("three D", True)
node.setPropertyValue("x_field", "BP")
node.setPropertyValue("y field", "Cholesterol")
node.setPropertyValue("z_field", "Drug")

# "Overlay" sectionnode.setPropertyValue("color_field", "Drug")
node.setPropertyValue("size field", "Age")
node.setPropertyValue("shape_field", "")
node.setPropertyValue("panel field", "Sex")
node.setPropertyValue("animation_field", "BP")
node.setPropertyValue("transp_field", "")
node.setPropertyValue("style", "Point")

# "Output" tabnode.setPropertyValue("output _mode", "File")
node.setPropertyValue("output_format", "JPEG")
node.setPropertyValue("full _filename", "C:/temp/graph_output/plot_output.jpeg")

& 105. plotnode B

plotnode Ei% HhiERE Bt

x_field field A x WIEEEETS, REATRE.

y_field field Ay HIEEENTS. RERTIRE.

three D flag 7y WISEEEIRE. QBMT 3 AEF RIS,
z_field field

color_field field REFE.

size_field field

shape_field field
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& 105. plotnode B (47)

plotnode 1%

HiERE

BitHER

panel_field

field

EERTAEN LI EH RIRERNE X FRITE
Fi, BR—EFTHE—MIHEAF.

animation_field

field

1EE LEREREIEESES (B EAmE e E—RT
RINF 2 THERRKGR) BFTEANE X FERIER

= En
E%Eﬂo

transp_field

field

EEUERBHIEERS (B3NS EERTR
RARBEAERIRA) NAEANTFR. FERTE
BB,

overlay_type

None
Smoother
BRI%K

EBERETREERIERE LOESS Fias.

overlay_expression

= A

FrIE

BT overlay type IXEA Function BIERABITFRIA
o

style

Point
Line

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

x_mode

Sort
Overlay
AsRead

Xx_range_mode

Automatic
UserDefined

X_range_min wnx
X_range_max HnF
y_range_mode Automatic
UserDefined
y_range_min HnF
y_range_max 2
z_range_mode Automatic
UserDefined
z_range_min wx
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& 105. plotnode BYE (4%)

plotnode Bk HIERR EithaA
Z_range_max e
Jitter flag
records_limit e
if_over_Timit PlotBins
PTotSample
P1otAT1
x_label_auto flag
x_label FRIER
y_label_auto flag
y_Tabel FRE#
z_label_auto flag
z_label FRE#
use_grid flag
graph_background e KNEFLMNB T InERTEE.
page_background e EREFRLN BT IERREE,.
use_overlay expr flag ZEME R overlay type Bt

timeplotnode E4%

AR B AR R AR S AN AFTINE. BEERT, CHEEER SERE AR
e —A TimeLabel FE, HFBRATFH » WREE,

Nt

node = stream.create("timeplot", "My node")
node.setPropertyValue("y fields", ["sales", "men", "women"])
node.setPropertyValue("panel", True)
node.setPropertyValue("normalize", True)
node.setPropertyValue("1ine", True)
node.setPropertyValue("smoother", True)
node.setPropertyValue("use_records Timit", True)
node.setPropertyValue("records limit", 2000)

# Appearance settingsnode.setPropertyValue("symbol size", 2.0)

& 106. timeplotnode JEM

timeplotnode B4 iEeR BiER
plot_series 5
Models
use_custom_x_field flag
x_field field
y fields ElIES
panel flag
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& 106. timeplotnode B (42)
timeplotnode B4 iEen BiER
normalize flag
line flag
points flag

point_type Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother flag RER panel KEH True , AREFBEFMEIE
AEH,

use_records_limit flag
records_limit B
symbol_size HnF BERFS KN,

panel_layout Horizontal
Vertical

eplotnode Et¥

= E-Plot (Beta) TRAIETRHRFFRIENKXFR, EXNUTFHRETR, BERFE, HEHBHER
Y BEFZTRFEERE. £ beta HFTRKIXAEZMIBVEZETIEE,

i

i a)

& 107. eplotnode B

eplotnode B ¢ git) BEER

x_field FRE# BEEEKT X HEETRHNFE,

y_field FrI& EBEEAEH Y MLEETHNTE,

color_field FRE# EBEEZATRTIALTNEEERESNFE (10
REBE) o

size field FRIE EEERTRABETNANNEESNFE (W
RED) o
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& 107. eplotnode B (42)

eplotnode [Ei% iR EiER

shape_field FrIE BEERTRTAETPNEREESNFE (W0
RIFH) o

interested fields FRIER EEEEaTRETNFE,

records_Tlimit B EEETREPLFINERIZRE. 2000 HRE
=8

if_over_limit m/RE FEEBE records_limit BY, 2EREASETIE
EBEAMEHRIBED, HAZBREE, TSHEiH
EVER3E, EEHAZE records limit ALk, N5
EERFTEHIBELLZEE records_limit HEHIFT
BHIESR, BIEXRAEMRRMEE.

tsnenode EM

.'l .'.

'&* t-RENSBLERN (+-SNE) (+-SNE) BR—RATFAIMLSHEIEN TR, K TARHERNFR
BRRBIRNE, It +SNE Fif7E SPSS Modeler FfEf Python #HITEMHBEE scikit-
learn© Python o

K 108. tsnenode BIE

tsnenode B MiEHER EithER

mode_type FRIER $8%E simple ¢ expert oo

n_components FrRIE MATIEINAE (2D 5 3D) - 1EE 2 5 3. fik
HEN 2

method FRIB }8F barnes_hut 3 exact. MEMENAN
barnes_hut,

init FRIB FIAHR . #ETE random B pca. TREEN
randome

target field FHRE# BfRFEZT. =S ER ERE G
B, MRKEEENTE, BALERKEER—
e,

perplexity FRE perplexity 5EAMAAF B EPERNRIEAED

TTRIER, BEE, HREEA, IR perplex-
ity K, EREE 5 2 50 ZERYE, REE

A 300

early exaggeration PERE EHIRET AN ERAEHERANT BFEEREE
MR ERBE Z BV (al, TREEN 12.0,

Tearning_rate AL TREEHN 200,

n_iter B MU RARIETE EERED 250, BREEN
10000

angle R MENSEENEETRNAEX). BETH

H 0-1 BB, BREEN 0.5
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R 108. tsnenode B4 (42)

tsnenode B4 HIERR EithaA
enable_random seed B/RE REN true LUSHA random seed B3, FA&E
A falseo
random_seed B EFRANMBNSMTF, REEA Noneo
n_iter_without_progress B BEHENRRKERRE. REEH 300
min_grad_norm FRIER MRBEMREBERTLIRE, FBARKEEL,
TR&ERN 1.0E-7, AIRERIEN:
e 1.0E-1
e 1.0E-2
e 1.0E-3
e 1.0E-4
e 1.0E-5
* 1.0E-6
e 1.0E-7
* 1.0E-8
isGridSearch m/RE KEAN true URMTEEZNMNFTRAEREN
t-SNE., fRE{EN falseo
output_Rename B/RE MRERHEFIZHR, BIEE true, HEWNRE
BHohxWRteE, BIEE false. REMERN
falseo
output_to FRB $E%E Screen B Output. FRE{EN Screen,
full_filename FRE# FEEREXHE,
output_file_type FRTER WX A&, 8 HTML 3k Output objecto &R

H{EN HIML,

webnode E¢

Nl

node

Web TIREEAM MM MNALSS (5938) FEROEZENXREE, LEERREHEARLTFFK
i RERRE, I, EAILUER Web T RERRBFEHSMIL E—EEmIEEZENX R,

= stream.create("web", "My node")

# "Plot" tabnode.setPropertyValue("use_directed web", True)

node.
node.
node.

node

setPropertyValue("to_field", "Drug")
setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
setPropertyValue("from fields", ["BP", "Cholesterol", "Sex"])

.setPropertyValue("true flags only", False)
node.
node.

setPropertyValue("1ine_values", "Absolute")
setPropertyValue("strong 1links heavier", True)

# "Options" tabnode.setPropertyValue("max_num Tinks", 300)

node.
node.
node.

setPropertyValue("1inks_above", 10)
setPropertyValue("num Tinks", "ShowAl1")
setPropertyValue("discard_links_min", True)
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node.setPropertyValue("Tinks min_records", 5)
node.setPropertyValue("discard_1links_max", True)

node.setPropertyValue("weak _below", 10)
node.setPropertyValue("strong _above", 19)

node.setPropertyValue("1ink_size continuous", True)
node.setPropertyValue("web display", "Circular")

& 109. webnode BI4%

webnode /1% HhiERE [B it
use_directed_web flag
fields LIES
to_field FE
from_fields LIES
true_flags_only flag
line_values Absolute
OverallPct
PctLarger
PctSmaller
strong_links_heavier flag
num_T1inks ShowMaximum
ShowLinksAbove
ShowAll
max_num_11inks number
links_above number
discard_links_min flag
links_min_records number
discard_links_max flag
1inks_max_records number
weak_below number
strong_above number
1ink_size_continuous flag
web_display Circular
S
Directed
Grid
graph_background e KBEFLMNB T InERTEE,.
symbol_size number BERS K/
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13 E BETYEE

1%

NEBETREGE

UTEMEERTRESFMERET R. FMEIIIMERIRERRCRES MNERT RBHET,

® 110. 2HEBEETHREM

B & ek 250

custom fields flag WMERA true, BARTFENLRITHRIEEBT
FE. MATERMEMTER. WRA false, B
ARER LR LR N RNEENEE,

target FE RIBEUXBIETFE— I BENMFERASIER

)4 1 FHo

targets [field1 ... fieldN]

inputs [field1 ... fieldN] REFRERNRATERETNEEFE,

partition FE

use partitioned data flag MREXTRXFE, BALLETAT R
YR KR EIE A F R,

use_split_data flag

&

[field1 ... fieldN]

BE—1HETATHEEENFR, (NE
use_split_data IEBNENBE.

use_frequency flag BERBEFMEAINEFRIMETE (&
REMMERZEREGE) o
frequency field FE&
use_weight flag
weight_field FE
use_model_name flag
model_name string FEEBITE HIE TR,
mode Simple
Expert

anomalydetectionnode Ei%

P Anomaly Detection 3 RIERFFE"
EREMEXHIAFARERECHERNR, A UEALLT RREESEHE,

Nt

node = stream.create("anomalydetection",
node.setPropertyValue("anomaly method",

"My node")

node.setPropertyValue("percent_records", 95)

IR SRR IRR

"PerRecords")

EWNE (BEHE) . EMEERHETLE
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node.setPropertyValue("mode", "Expert")

node.setPropertyValue("peer_group_num_auto", True)

node.setPropertyValue("min_num_peer_groups", 3)
node.setPropertyValue("max_num peer groups", 10)

&R 111. anomalydetectionnode B4

anomalydetectionnode B =L BER
inputs [field1 ... fieldN] "SERNMRARELEENMATEXNICR
#iTimik. ENNFTERBIRFR. 3%,
WAREANEFERNMEFE, BEEHE
HE 169 0 I AREBTAEEl ) T
RELER.
mode Expert
Simple
anomaly method IndexLevel EERATRIERMIEANREN D RENH
PerRecords EH %o
NumRecords
index_level number BEATIFCRENR/IND RE,
percent_records number RIBINGEBIEFNIERBE ARG ERT
REIE RV HR{E,
num_records number RIEINGEIEPICREBERIGERTT
1I2IE R E,
num_fields integer HONEEREICRBRENFERE.
impute_missing_values flag
adjustment_coeff number ERFI I E RSN EL R FEEF
DEFEAMENEHRT1TFE.
peer_group_num_auto flag BaiitEXTEA .
min_num_peer_groups integer 157 peer_group_num auto I®EN True BY
ERNSTEANR N
max_num_per_groups integer BENFANRATE.
num_peer_groups integer JEXE peer_group num auto IZEN False
ENREDZER PO EAzE S
noise level number MECIRELXMELEEFEN SR, 15
EEHTA 0 5 05 ZiEl
noise_ratio number BENRENZATFREREFNAENA
FHfl, FEEBLTA 0 Bl 05 Zidl

apriorinode Ef%

Nl

"SR T R MBHERER—2AAINY, BMEEREEARBRZHIMM. Apriori TRt AL EMNIATTS
FEHERERNERS RIUKEMOIEATIESR, WTRARR, Aprior JIZENREEERR;

EXARERAN S EREEARG, METAERZSHE 32 MHRERAMN, LI Bk
ANMHEEFERIANDEEFER, ERAEETABBILRBBEMHITRL, AMLERERS

%o
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node = stream.create("apriori", "My node")

# "Fields" tabnode.setPropertyValue("custom_fields", True)
node.setPropertyValue("partition", "Test")

# For non-transactional
node.setPropertyValue("use_transactional _data", False)
node.setPropertyValue("consequents", ["Age"])
node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])
# For transactional
node.setPropertyValue("use_transactional_data", True)
node.setPropertyValue("id field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content field", "Drug")

# "Model" tabnode.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "Apriori_bp_choles_drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true_flags", False)
node.setPropertyValue("optimize", "Memory")

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("evaluation", "ConfidenceRatio")
node.setPropertyValue("Tower bound", 7)

& 112. apriorinode B

apriorinode B4 =] B4R
consequents FE Apriori {REERA"ER M FRE G KEILENE
HFRMBAFR. FMEANEFRMIART
B, E2ATTE 169 DM [ARERD mUs)
[Ei] THmE2ER.
antecedents [field1 ... fieldN]
min_supp number
min_conf number
max_antecedents number
true_flags flag
optimize Speed
Memory
use_transactional_data flag
contiguous flag
id_field string
content_field string
mode Simple
Expert
P& RuleConfidence
DifferenceToPrior
ConfidenceRatio
InformationDifference
NormalizedChiSquare
Tower_bound number
optimize Speed BFHEEEENREH W ERELERRAEHTM
Memory 1o
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associationrulesnode E¥

oy KBTI R LEMTF Apriori TTR; B2, 5 Apriori TEARNZE, KBTI 0] LULET)
\ E REIB, FIb, ATLUERBFNTI 5 IBM SPSS Analytic Server EC&{E R ARMEATLEE LUK
FAERNHITLIE,

3+ 113. associationrulesnode &%

associationrulesnode B iR BHER
Fom FE IHIRANFEREEZ T AMUBTTN LS
ks [field1...fieldN] I HIRFNFEERBER R AN 54
max_rule_conditions integer AIUEREEFANPEENEH4NEARE. &/IVE
71, mAER 9%
max_rule_predictions integer AIUEREFANPESHTUNNEAKE. &/IVE
A1, mRAEHN 5
max_num_rules integer A AR AR 532 B9 4B AR BB 52 B M B SR A2 E o
&/IMER 1, &AEH 10,000
rule_criterion_top_n Confidence BTFHEEZERERPE NN &R ER R
Rulesupport JUESEN
Lift
Conditionsupport
Deployability
true_flags wmRE BEN Y BHREEMNZEREIHTEFERE R
true fEo
rule_criterion mIRE BN Y BHRETEREMEREIEANFZEER
HEBRALN
min_confidence number 0.1 ¥ 100 - REPFRERMBFMMNNFENFEEEER
FMNE D E. MREEFRERANNEEERS
RFLHAEERE, BAGEFURN,
min_rule_support number 0.1 ) 100 - #REPFRERAIFINBI AR AR RN 25
NBEDLbE, NSRRI P AN A9 N 52 35 2R% 31
RTFIEEE, BBAREFLIN,
min_condition_support number 0.1 to 100 - #REFFE RN RN TR Z5F
NE DL E. WREEPTE RN BY 5 4 2 FFR A
RFIEEE, BRARBEFILAN.
min_1ift integer 1 & 10 - RREFREIRNN RESFIZF -
MRER R RN R AR IRTFIEEE, A
BEF LN,
exclude_rules mI/RE RATFRFE-JEAFEREBIEE I EMRVAIERX
FEo
fI4A: set :gsarsnode.exclude_rules = [[[field] field2,
field3]] [[field4, field5]]] - H, LA [] RSN
FRIIRERPHN—1T,
num_bins integer REWNESFRHITDRFAKIEN B DRI

B. &/MEAN 2, &AEN 10
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R 113. associationrulesnode B (42)

associationrulesnode E% BT EithEA
max_Tlist_length integer MAFESEAKERMNNEMTIRTE, JIFRPiLt
MIEERFZAINFETEREETERERER;
RAEMTERREF. R/NEN 1, RKER
1000
output_confidence mIRE
output_rule_support wmRE
output_Tlift mIRE
output_condition_support mRE
output_deployability /R1E
rules_to_display upto EEHERPETIANNEAEE,
all
display_upto integer YR rules_to display HIRET upto, HIR
ETRERPETHANNEE. &IMER Lo
field_transformations wmR{E
records_summary IRE
rule_statistics mRE
most_frequent_values m/RME
most_frequent_fields mRE
word_cloud IRE
word_cloud_sort Confidence
Rulesupport
Lift
Conditionsupport
Deployability
word_cloud_display integer =/MEA 1, RKEA 200
max_predictions integer B LA SR NN A LUATIT 2 BN BY SR ARE
criterion Confidence EERATHEANEENES,
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats m/RME WERSEH P EEEBHEETUNAIFN,
check_input NoPredictions
Predictions
NoCheck

autoclassifiernode B4

"BEHNER TRATLRMMIE - TER (BRHE, REAIFRKE) WEFTTRER, £H
t% FRILUERATE D ITHRELRIETTE, BTX3F SMEERZX, RItAUBRREEBNA.
B AN E R LSRR AERTTIER, TRIREREERENAEN —AREHRIER

P8 E BT AT R AR TR IR
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Nl

node = stream.create("autoclassifier", "My node")
node.setPropertyValue("ranking measure", "Accuracy")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_accuracy_limit", True)
node.setPropertyValue("accuracy 1imit", 0.9)
node.setPropertyValue("calculate variable_importance", True)
node.setPropertyValue("use _costs", True)
node.setPropertyValue("svm", False)

& 114. autoclassifiernode B

autoclassifiernode /Ei% L [Ef 23
target field NFREER, "BOEBE'TRF
BPERFRUR—THSTIHEANT
o Zoh, B LUEANEMME ST
B BBAETHME 169 18 TAHEE|
FEEE. ] TREZEE.
ranking_measure Accuracy
Area_under_curve
Profit
Lift
Num_variables
ranking_dataset Training
Test
number_of_models B XEEETERERPIREEY, 8T
BHA 1 5 100 Zid,
calculate_variable_importance flag
enable_accuracy_limit flag
accuracy_limit B AF 05 100 ZEIRVEEEL,
enable_ area_under_curve _limit flag
area_under curve Timit 2 AF 00 5 1.0 ZiaHIsLEk,
enable_profit_limit flag
profit_limit 2 AF 0 B9EEL
enable_lift_Timit flag
Tift_Timit 2 XBATF 1.0 BIE,
enable_number_of_variables_limit flag
number of variables limit BF AF 0 BIEEL,
use_fixed_cost flag
fixed_cost 2 XEAF 0.0 BISE,
variable_cost field
use_fixed_revenue flag
fixed_revenue 2 XEATF 0.0 BISLHEL
variable_revenue field
use_fixed_weight flag
fixed weight BF XZEATF 0.0 BISLEL
variable_weight field
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R 114. autoclassifiernode B (42)

autoclassifiernode B & Bt

1ift_percentile BF AF 0 5 100 ZEEES,

enable_model_build_time_limit flag

model build_time Timit BF READHHNEY, BFRHIMES
MEEUPRTEZE AT B,

enable_stop_after_time_limit flag

stop_after_time_limit Hr XEIRBE /NS, BFREE

1TEBhD KBS,

enable_stop_after_valid_model_ produced flag

use_costs flag
<algorithm> flag ATFHBIEFERRER A,
<algorithm>.<property> FREH KREREEEINBEEE, ESHER

[REELEE] PHFHESEE.

IRBEERMY
XFEEHHLR. EHHFHEHNBLT SR, TAEHEMERGE T A SRS ANBIE:

autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)

flan:

node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

BT B D LT alNEEZFRE cart. chaid. quest. c50. logreg. decisionlist. bayesnet. discrimi-
nant. svm 1 knno

BFEHHFETaNEELZFE cart. chaid. neuralnetwork. genlin. svm. regression. linear FI knno
"ERE T ANEEZITE twostep. k-means 1 kohoneno
BHUEEREET RIS FIERAVITER T,
BEURREMTRARSNEEZEMS MG EER5SH, Flm:

node.setKeyedPropertyValue("logreg", "tolerance", "1.0E-5")

AR EEDEZME, B!

node.setKeyedPropertyValue("decisionlist", "search direction", ["Up", "Down"])

BERARERARERE:

node.setPropertyValue("chaid", True)

A MRREERENE BN KRB TRPAAIAE, HEREREER MEMAEIEEETHE, BARSHE
B RYPR Y S R AR A AR T R BRI PRBIAREL.
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autoclusternode Ef4%

'EEER S AEHAL R R EERANERER, BALARS e aHRE
=7 BRIAR, EEE—RRRETRNTRES NATAS. BRAEREANBETIR, NS
& IR R LR ST, FRE— M BT RETRNES NS,

Nl

node = stream.create("autocluster", "My node")

node.setPropertyValue("ranking measure", "Silhouette")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_silhouette 1imit", True)

node.setPropertyValue("silhouette 1imit", 5)

R 115. autoclusternode B

autoclusternode Etk & EiER

T FE A REDRETR. MIREHEEEME
WFER. R, ARATMIREEN TR
EHTXONRFEE, NMARRRETT
EF RN RIFIEE,

ranking_measure SiThouette

Num_cTusters
Size_smallest_cluster
Size_largest_cluster
Smallest_to_largest

Importance
ranking_dataset Training

Test
summary_1imit integer BERE T AOEROME, JEEEHY

ZiA 1 7 100 ZiEl

enable_silhouette_Timit flag
silhouette Timit integer AF 0 5 100 ZiEHVEE,
enable_number_Tess_limit flag
number Tess limit number AF 00 5 1.0 ZiEHIEE.
enable_number_greater_limit flag
number greater limit number AF 0 B9EEL,
enable_smallest_cluster_limit flag
smallest cluster units Percentage

Counts
smallest_cluster_limit_percentage |number
smallest_cluster limit_count integer ATF 0 BIEEL
enable_largest_cluster_limit flag
largest_cluster_units Percentage

Counts
largest_cluster_limit_percentage |number
largest_cluster_Timit_count integer
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R 115. autoclusternode B (42)

autoclusternode /B4 [l Btk
enable_smallest Targest limit flag
smallest_Targest_limit number
enable_importance_Timit flag
importance_Timit_condition Greater_than

Less_than
importance_Timit_greater_than number AF 0 5 100 ZiEHVEEE,
importance limit_less_than number AF 0 5 100 Z[EIRVEE,
<algorithm> flag ARTFRBIFERSESR .
<algorithm>.<property> string WEREEANEME, BE2ATHE 175

[ty MEEEEEMN) PRBESER.

autonumericnode Ei4

BE#F N REAZMAEAEET AN RENESHFERER, ETRMBsNERTR

\ &, WIELNER, ALALUEREERANERR M NRELRPEAS MENAGHTIHNE

£ Eo REFNEEEIFEMEME. C&R . CHAID. MR, I XEMREIUARZRHEEN
(SVM), FIETHEXE. BWHIRNERTEHEHITI L,

Nl

node = stream.create("autonumeric", "My node")
node.setPropertyValue("ranking measure", "Correlation")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable correlation limit", True)
node.setPropertyValue("correlation limit", 0.8)
node.setPropertyValue("calculate_variable_importance", True)
node.setPropertyValue("neuralnetwork", True)
node.setPropertyValue("chaid", False)

R 116. autonumericnode B

autonumericnode B & Bt

custom_fields flag WNRA True, BEAEHFRITEAE LE
"TRIRE,

target FEE "BEMHF HNARERETBERFEUAR—

HEMRANFER. HI, BAILUERNEM
MEFER, BSATHE 169 K TRt
BETRER |, THRESEER.

inputs [field1 ... field2]
partition FE
use_frequency flag
frequency field FE&
use_weight flag
weight_field FE
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R 116. autonumericnode BYE (42)

autonumericnode /1% ] JE 23
use_partitioned data flag MREXTAXFE, BBANRKIINGHIER
FREME,
ranking_measure Correlation
NumberOfFields
ranking_dataset Test
Training
number_of_models integer XEEAETRERDAVEIIE, 1EEEH
WHA 1 E 100 ZE
calculate_variable_importance flag
enable_correlation_limit flag
correlation_Tlimit integer
enable_number_of fields_Timit flag
number_of_fields_limit integer
enable_relative_error_Timit flag
relative_error_limit integer
enable_model _build_time_Timit flag
model_build_time_Timit integer
enable_stop_after_time_limit flag
stop_after_time_limit integer
stop_if_valid_model flag
<algorithm> flag AFHBLEFERIERE.
<algorithm>.<property> string GEBTEANBRME, E2RTE 175
R BB AR URRESER.,

bayesnetnode Ef%

I I TR TS R, ARE] AR AR B SE IR BYHI T D H S PRLERANIC REVIEERAD 2 4R

'f- EE, ZHAEANEAT R REEIME (TAN) FID/REXBENE, XEEETBETS
: K,

Nl

node = stream.create("bayesnet", "My node")
node.setPropertyValue("continue_training_existing model", True)
node.setPropertyValue("structure type", "MarkovBlanket")
node.setPropertyValue("use_feature_selection", True)

# Expert tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("independence", "Pearson")
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&R 117. bayesnetnode B

bayesnetnode Bt

=1

e i

inputs

[field1 ... fieldN]

T HT PR IS B (B AR 8 N B AR T ER LA —
PEEMANTER, ELTRIG BT
S5, BEBHATHE 169 0 [ARER)
FaEEl | TRESES.

continue_training_existing_model flag

structure_type TAN BEEEETHWENH WL NGRS
MarkovBlanket o

use_feature_selection flag

parameter learning method Likelihood BERXTREBMNT R ZEIR &A=
Bayes RTINS 7o

mode Expert
Simple

missing_values flag

all_probabilities flag

independence Likelihood EETRATRERNZTENRIMNERS
Pearson BB E.

significance level number B R THEMIIEN S RE,

maximal_conditioning_set number WERATRIMNANFHTENRAE

Bo

inputs_always_selected

[field1 ... fieldN]

FERE M DM 48 BY 15 2 B RV BUIE S
FEo
A IRREERBTRFR.

Validation

maximum_number_inputs number 187 19 12 D1 i T I 48 B PR BV B\ FER BN
RAIE.

calculate_variable_importance flag

calculate_raw_propensities flag

calculate_adjusted_propensities flag

adjusted_propensity_partition Test

buildr B4

,

e
/R\

Nt

node =

node.setPropertyValue("score_syntax",
result<-predict(modelerModel,newdata=modelerData)

stream.create("buildr", "My node")

modelerData<-chind(modelerData,result)

"R MR TIRE

TREBWANESR R B2, LIAIT IBM SPSS

Modeler FERERREZIERITS,
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varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",fieldMeasure="",

fieldFormat="",fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")

® 118. buildr B.

buildr Ef¥ & 3 ip
build_syntax FRI#R XA FHITREMEN R MAIEE,
score_syntax string XEAFTHITRETESH R BAEZX,

convert_flags

StringsAndDoubles
LogicalValues

IR AR F AR AT S 7 B

convert_datetime

flag

It AR T B A B #s B HR RS A &
BN R BE/BERE.

convert_datetime_class POSIXct XLERTA FHEE B/ B HAsE B BT (a1 =0
POSIX1t NEBEMAT A
convert_missing & LRI A IR EFRIR A R NA fEo
output_html & IR FE R EERPANET R £ 2RE
i
output_text flag IR/ R EHAXAREEE R &2

RAABYIETTRo

c50node Eif

C5.0 HEMEAENRAN £, ZERN TERESRBETE MR A SRR TR
C?‘E BIEA, BRTRUANDLTE, AFHTEREFHNFAND L,

Nt

node = stream.create("c50", "My node")

# "Model" tabnode.setPropertyValue("use model name", False)

node.setPropertyValue("model _name", "C5 Drug")

node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("output type", "DecisionTree")

node.setPropertyValue("use xval", True)
node.setPropertyValue("xval num folds", 3)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child records", 3)

# "Costs" tabnode.setPropertyValue("use costs", True)
node.setPropertyValue("costs", [["drugA", "drugX", 2]11)

R 119. c50node B4

c50node B

=1

Bt

target

FE

C50 BEERENBHFTRUR— RS M
NFH. B, TALEERETH, X
FHE8, BEAE 160 0N TAREET
[REE) B
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R 119. c50node B ()

c50node [EfE [l Btk
output_type DecisionTree
RuleSet
group_symbolics flag
use_boost flag
boost_num_trials number
use_xval flag
xval_num_folds number
mode Simple
Expert
favor Accuracy LA ER TR 2B A .
Generality
expected_noise number
min_child_records number
pruning_severity number
use_costs flag
costs e XEEMEE.
use_winnowing flag
use_global_pruning flag HERN'BA (True)
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity_partition Test
Validation

carmanode E4

CARMA REAFEZRFIEEBMAXBIRFREAMEBIRHEN—AMN. 5 Apriori £F,
ﬁﬁ CARMA TimiefMNIRER FITREISE) , MAMUNERITRR. XMEREER
: MM LATFESNARER, fIATERSRERS @) HN7IR, XE~RERSHE

BUOAEAETI B HRENR R A Mo

Nl

node = stream.create("carma", "My node")

# "Fields" tabnode.setPropertyValue("custom_fields", True)
node.setPropertyValue("use_transactional _data", True)
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"])
node.setPropertyValue("partition", "Test")

# "Model" tabnode.setPropertyValue("use model name", False)
node.setPropertyValue("model_name", "age bp_drug")
node.setPropertyValue("use partitioned data", False)
node.setPropertyValue("min_supp", 10.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_size", 5)

# Expert Optionsnode.setPropertyValue("mode", "Expert")

%13 % gETvREE 181



node.setPropertyValue("use _pruning", True)
node.setPropertyValue("pruning_value", 300)
node.setPropertyValue("vary support", True)
node.setPropertyValue("estimated transactions", 30)
node.setPropertyValue("rules without antecedents", True)

R 120. carmanode BYE

carmanode Ei% & EiER

inputs [field1 ... fieldn] CARMA EEFERMAFERYIR, BFERE
HFE, TMEANEFERIMEFE, BX
ELER, ESHE 169 1 [ AHEEB D]
[REE) EA,

id_field FE& HF R AT # TR MR F K.

contiguous flag RFEERRFRPIIRRREES.

use_transactional_data flag

content_field FE

min_supp number(percent) S5ANZHEX, MARSAREZGZIFE
Ko FREEN 20%o

min_conf number(percent) REEN 20%o

max_size number REEA 10,

mode Simple TREEN Simpleo

Expert

exclude_multiple flag HERE B Z MARMAMN, REEH Falseo

use_pruning flag REEN Falseo

pruning_value number fREEH 5000

vary_support flag

estimated_transactions integer

rules_without_antecedents flag

cartnode B4

N 2HEMEYT (C&R) WHREMPTB TN LREWMERRRN, ZHEZEIES TN T ER

AT AIREERAAEE, E£ARPADKIFIFIERIENH, MRMFREDTRFR 100% BIRNE
HETEMFERI—MERS, BARTRBBIAENADE" BRNBAFTERAUZHTFE
EEnE (BX. BFHGS) ; MESEAZTNE EMXDERREDFAH) -

Nl

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tabnode.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Drug")

node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])

# "Build Options" tab, "Objective" panel
node.setPropertyValue("model output type", "InteractiveBuilder")
node.setPropertyValue("use_tree directives", True)
node.setPropertyValue("tree directives", """Grow Node Index 0 Children 1 2
Grow Node Index 2 Children 3 4""")

# "Build Options" tab, "Basics" panel

182 1BM SPSS Modeler 18.2 Python MiZ4%5 5 BEnLigE



node.setPropertyValue("prune_tree", False)
node.setPropertyValue("use_std_err_rule", True)
node.setPropertyValue("std_err_multiplier", 3.0)
node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use_percentage", True)

node.setPropertyValue("min_parent_records pc", 5)

node.setPropertyValue("min_child_records_pc", 3)
# "Build Options" tab, "Advanced" panel
node.setPropertyValue("min_impurity", 0.0003)

node.setPropertyValue("impurity measure", "Twoing")

# "Model Options" tabnode.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "Cart_Drug")

+ 121. cartnode B%E

cartnode [E% & ek :pu
target FE C&R WIREFEERNBEirFEUE— %
MANFR. FI, ERILUEEMERFE,
BXEZER, BBHAE 169 118 TRt
[EE SR .
continue_training_existing_model |flag
objective Standard psm ATIERE KIVEIESE, BINFEE Server
Boosting %
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree_directives string EBERATEMEKNHIES, XEHIEST
MIEE=ZE5|SH, BREXHITHAI
5. FAR, WELHRENKIERREER
NAMZHUESERR, HEFEEEERT
HthEhiEss,
use_max_depth Default
Custom
max_depth integer BAWMEEMN 0 E 1000, R#&E
use_max_depth = Custom BIE,
prune_tree flag BEIRY, LUBRIEINE.
use_std_err flag FRRANKRERE (IRERE) .
std_err multiplier number RAEE,
max_surrogates number AR,
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
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R 121. cartnode B (4&)

HighestMeanProbability

cartnode B4 & BiEER
costs ERTiaLd B,
priors Data
Equal
Custom
custom priors R LB,
adjust_priors flag
trails number FF i s AEERVAA IR B,
set_ensemble_method Voting DEBETRIREASIN,
HighestProbability

range_ensemble_method Mean ELEEARRIRE A SN,
R TE
large_boost flag XYAFE RBUAVERIE SR N AR
min_impurity number
impurity_measure Gini
Twoing
Ordered
train_pct number LT ENEES,
set_random_seed flag BRI RIED,
seed number
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity_partition Test
Validation
chaidnode Ef¥
: iﬂ% CHAID ARG REBRRN, UMERENSEl, CHAID 5 C&R Ml QUEST TimA
i B, ERMUERIFEZTN, XEREREDERFESTR DN BFNBAFRAIUZEF

CE (E4) 5(9ZE, Exhaustive CHAID & CHAID BWMELERR, ©EXFIE D2 HITEMRNKG
%, BiEmEhEK,

Tl

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full _filename", "$CLEO_DEMOS/DRUGIn")
node = stream.createAt("chaid", "My node", 200, 100)
stream.Tink(filenode, node)

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")

node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("use _model _name", True)
node.setPropertyValue("model name", "CHAID")
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node.setPropertyValue("method", "Chaid")
node.setPropertyValue("model_output_type", "InteractiveBuilder")
node.setPropertyValue("use_tree directives", True)
node.setPropertyValue("tree directives", "Test")
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("merge_alpha", 0.04)
node.setPropertyValue("chi_square", "Pearson")
node.setPropertyValue("use_percentage", False)
node.setPropertyValue("min_parent_records_abs", 40)
node.setPropertyValue("min_child_records_abs", 30)
node.setPropertyValue("epsilon", 0.003)
node.setPropertyValue("max_iterations", 75)
node.setPropertyValue("split_merged categories", True)
node.setPropertyValue("bonferroni_adjustment", True)

R 122. chaidnode B

chaidnode Et% & ek 2:pu
target E224 CHAID EHEFERENERFRUN—THZ
MANFR. FI, ERILUEEMERFE,
BXEZER, BBHAE 169 118 TRt
ET R .
continue_training_existing_model |flag
objective Standard psm ATIEE KAVEIESE, FINFEE Server
Boosting &
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree_directives string
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth integer BAWMEEMN 0 E 1000, R#&E
use_max_depth = Custom BIfE,
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs cyaiie B,
trails number AT AL H HFIEEIE,
set_ensemble_method Voting DEBEFRREHESN,
HighestProbability
HighestMeanProbability
range_ensemble_method Mean ELZBATRREASIN,
SRR ¢
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R 122. chaidnode BY (42)

chaidnode /Bt & Bt
Targe_boost flag X AER AT AR SR N7 A 3
split_alpha number AFRIT2 RN EE M KTE,
merge_alpha number BTFHRITEHNEZ KT,
bonferroni_adjustment flag 5/ Bonferroni A EE4(E,
split_merged categories flag AP EHBIEFIHITE .
chi_square Pearson XERATITERARITAIAE: Pearson MU
LR SALL
epsilon number RAEE B AR M /N U (B,
max_iterations number WA R ARIE AR
set_random_seed integer
seed number
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test
Validation
maximum_number_of_models integer

coxregnode B
f# Cox BIAT S, HAILERENREERTRIMNEENEFEEY, ZEUAER— E

% FRER, ZRHATNELERNE () AN TFREERNRAREEEXEHNRERE,

Nl

node = stream.create("coxreg", "My node")
node.setPropertyValue("survival time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

# Expert tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal criterion", "Conditional")
node.setPropertyValue("survival", True)

& 123. coxregnode B

coxregnode B4 =] BER

survival time FE Cox EIEREEBNEELEENENF
E&o

target FE& Cox EIRRFELNEFRFERUN—1T

EMRNTH. BXFLER, BESAH
[169 TIH IAHBRT REM) FE/,

method Enter
Stepwise
BackwardsStepwise
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&R 123. coxregnode B4 (%)

coxregnode JE% =l ek 250
groups FE
model_type MainEffects
Custom
custom_terms ["BP*Sex” "BP*Age”]
mode Expert
Simple
max_iterations number
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
removal_criterion LR
Wald
Conditional
probability_entry number
probability_removal number
output_display EachStep
LastStep
ci_enable flag
ci_value 90
95
99
correlation flag
display_baseline flag
survival flag
hazard flag
Tog_minus_Tlog flag
one_minus_survival flag
separate_line FE




&’ 123. coxregnode B (4R)

coxregnode B4

e rpu

value

MRRNENFRIEEE, BARKWHZF
ERfE AR & I t91E

decisionlistnode E¢

o
4 y
EE-

Nl

REFIRT RAMRFASNER, BER52EEXN

ME_TERNMUARENSR. Hl0, EF

EIHMLERFATERRNET R WA ENE B IEFHRIRIENA RS &8 E SR
HAFREEEERERER, LU S SIIRFRERE D, REFIREEH—AM
Wi, HRSMNEE—PHFEMN—INER. MUKIRFRA, HLERE— M UERE

“#R,

node = stream.create("decisionlist", "My node")

node.setPropertyValue("search _direction", "Down")

node.setPropertyValue("target value", 1)
node.setPropertyValue("max_rules", 4)
node.setPropertyValue("min_group_size pct", 15)

R 124. decisionlistnode B4
decisionlistnode JE% & iR
target FE TREFIRERERR N EFUR— SN
BWATE. B9, BAILUEEMETR. 8§
XBZER, BSHE 169 Tl IRHEEE|
TRES) E#H.
model_output_type Model
InteractiveBuilder
search_direction Up S5EREEX;, E Up T 2lX", m
Down Down #8%F {E#E=",
target_value string MRKIEE, BAGSESERA true Eo
max_rules integer PRAREUIMIRARER L
min_group_size integer BNEKRN
min_group_size pct number =NEARN (LERLRT) -
confidence_level number AT FERANFERESRMBEEEXWEME,
BWAFERSAIEENMAERS (RBAH) B
=/NEE.
max_segments_per_rule integer
mode Simple
Expert
bin_method EqualWidth
EqualCount
bin_count number
max_models_per cycle integer FIRAIERTEE,
max_rules_per_cycle integer BN RE
segment_growth number
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R 124. decisionlistnode BMY (42)

decisionlistnode /1% & e 2i 3
include_missing flag
final_results_only flag
reuse_fields flag AEEFHAEY (HMEAMNPAENT
B o
max_alternatives integer
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity_partition Test
Validation

discriminantnode E¢

AN FIBUDHFRBIERIKLL logistic BIVIRIRIKE™1g, BAENFEXERILE, ARISHALUEA logis-
\ [l tic [E)3DHEIE AERIE 4 7o

Nl

node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("method", "Stepwise")

R 125. discriminantnode JBIE

discriminantnode B4 & BiER
target FE& "FIFEREERANERTFRUAR—PEZ D

WATR, FEANEFTRIMETR, &
SEETHE 169 W (AHRERD LB
[y TRE2ES.

method Enter
Stepwise
mode Simple
Expert
prior_probabilities Al1Equal
ComputeFromSizes
covariance_matrix WithinGroups
SeparateGroups
Ty flag SR SHEE RIS AR,
univariate_anovas flag
box_m flag
within_group_covariance flag
within_groups_correlation flag
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R 125. discriminantnode B (42)

discriminantnode B1% & Bt
separate_groups_covariance flag
total_covariance flag
fishers flag
FRinAEN flag
casewise_results flag "B SHEER R IR,
Timit_to_first number REEA 10,
summary_table flag
leave_one_classification flag
combined_groups flag
separate_groups_covariance flag PRI S E
territorial_map flag
combined_groups flag MAEEIT BXE4A .
separate_groups flag ARENAI R4
summary_of_steps flag
F_pairwise flag
stepwise_method WilksLambda

UnexplainedVariance

MahalanobisDistance

SmallestF

RaosV
V_to_enter number
criteria UseValue

UseProbability
F_value_entry number REEN 3.84
F_value_removal number REEHN 271
probability entry number HREEN 0.05
probability removal number fR&EEH 0.100
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity_partition Test

Validation

extensionmodelnode E4

190

IBM SPSS Modeler 18.2 Python fiZ4RE 5 B ai{kigm

By RRETR, &
ARITBRERH XL

BILUETT R 3 Python for Spark Hf
BT



Python for Spark fjl

#### script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_build", "extension_build")
node.setPropertyValue("syntax_type", "Python")

build_script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.mllib.1linalg import DenseVector

from pyspark.mllib.tree import DecisionTree

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()
schema = df.dtypes[:]

target = "Drug"
predictors = ["Age","BP","Sex","Cholesterol","Na","K"]

def metaMap(row,schema):
col =0
meta = []
for (cname, ctype) in schema:
if ctype == 'string’:
meta.append(set([row[col]]))
else:
meta.append((row[col],row[col]))
col +=1
return meta

def metaReduce(metal,meta2,schema):
col =0
meta = []
for (cname, ctype) in schema:
if ctype == 'string’:
meta.append(metal[col].union(meta2[col]))
else:
meta.append((min(metal[col][0] ,meta2[col1][0]),max (metal[col][1],meta2[col][1])))
col +=1
return meta

metadata = df.rdd.map(lambda row: metaMap(row,schema)).reduce(lambda x,y:metaReduce(x,y,schema))

def setToList(v):
if isinstance(v,set):
return Tist(v)
return v

metadata = map(lambda x: setTolList(x), metadata)
print metadata

Tookup = {}
for i in range(0,len(schema)):
Tookup[schema[i][0]] = i

def row2LabeledPoint(dm,1ookup,target,predictors,row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictors:
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):

%13 & gErREE 191



pval = dm[predictor_index].index(row[predictor_index])
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval, DenseVector(pvals))

# count number of target classes
predictorClassCount = len(metadata[Tookup[target]])

# define function to extract categorical predictor information from datamodel
def getCategoricalFeatureInfo(dm,lookup,predictors):
info = {}
for i in range(0,len(predictors)):
predictor = predictors[i]
predictor_index = Tookup[predictor]
if isinstance(dm[predictor_index],list):
info[i] = Ten(dm[predictor_index])
return info

# convert dataframe to an RDD containing LabeledPoint
1ps = df.rdd.map(lambda row: row2LabeledPoint(metadata,lookup,target,predictors,row))

treeModel = DecisionTree.trainClassifier(
Tps,
numClasses=predictorClassCount,
categoricalFeaturesInfo=getCategoricalFeaturelnfo(metadata, lookup, predictors),
impurity='gini’,
maxDepth=5,
maxBins=100)

_outputPath = cxt.createTemporaryFolder()

treeModel.save(cxt.getSparkContext(), _outputPath)

cxt.setModelContentFromPath("TreeModel", _outputPath)

cxt.setModelContentFromString("model.dm", json.dumps (metadata), mimeType="application/json")\
.setModelContentFromString("model.structure",treeModel.toDebugString())

node.setPropertyValue("python_build_syntax", build_script)

R =5l

#### script example for R
node.setPropertyValue("syntax_type", "R")

node.setPropertyValue("r_build_syntax", """modelerModel <- Tm(modelerData$§Na~modelerData$K,modelerData)

modelerDataModel
modelerModel
unn ||)
& 126. extensionmodelnode B
extensionmodelnode /&1 & Btk
syntax_type R IEEBIEITHMIZA - R 3 Python (R AEAE
Python &)
r_build_syntax string AT #TEMEEN R MAESIEE.
r_score_syntax string RAFHITREETSH R MAREREIEE,
python_build_syntax string AT #HITIREMEDN Python BIALGSIEE,
python_score_syntax string BF#HITEEIFESH Python BIAGREIEX.
convert_flags StringsAndDoubles BTN A F AR RAT S 7 o
LogicalValues
convert_missing flag BRI A FIRFERREREIRA R NA B
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R 126. extensionmodelnode B (42)

extensionmodelnode /&% & Btk

convert_datetime flag It A T3 BB H Bis B HARY B AV 2
S A R BE/EEIE,

convert_datetime class POSIXct XA A T E B HHAs B HART a4 =X

POSIXTt NEEFM AT AN,

output_html flag IEEAFE R RBRPAIATN £ £ 2RE
o

output_text flag AR TR R iTHaXAEmEEE R &2
RAPBIEI R,

factornode B¢

"PCA/EF T REHATREMEE MEERNBAMIERLER AR, EHMHIH (PCA) AL

ANFRAMAS, ZASRIFMHRTENF

i

BREAHTHNAE, BASHHEIEIEEER

(HBEEH) . AFAaMURHRFIKRERER, XERREBTAUNFREGANBEXER
Mo WFXFHHGZE, EHRANEREHRETNRAEFRESTNERHITERSENVEBIRE

FEo

Nl

node = stream.create("factor", "My node")

# "Fields" tabnode.setPropertyValue("custom_fields", True)
node.setPropertyValue("inputs", ["BP", "Na", "K"])
node.setPropertyValue("partition", "Test")

# "Model" tabnode.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "Factor_Age")
node.setPropertyValue("use partitioned data", False)
node.setPropertyValue("method", "GLS")

# Expert optionsnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", True)
node.setPropertyValue("matrix", "Covariance")
node.setPropertyValue("max_iterations", 30)
node.setPropertyValue("extract_factors", "ByFactors")
node.setPropertyValue("min_eigenvalue", 3.0)
node.setPropertyValue("max_factor", 7)
node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

# "Rotation" sectionnode.setPropertyValue("rotation", "DirectOblimin")

node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

& 127. factornode B

factornode B4 &

B R

inputs

[field1 ... fieldN]

"PCA/ BT BEBARANTEIIE, BFME
RERTE. FERNETBIRETE,
EXBEEE, BEHE 1600 00 [ARE

%13 % gETREE 193



& 127. factornode B (42)

factornode B4 & Bl
method PC
uLsS
GLS
ML
PAF
Alpha
Image
mode Simple
Expert
max_iterations number
complete_records flag
matrix Correlation
ViVaE=
extract_factors ByEigenvalues
ByFactors
min_eigenvalue number
max_factor number
ek None
Varimax
DirectOblimin
Equamax
Quartimax
Promax
delta number WSRIEIFE DirectOblimin EANERREIRAIA
B, BRARILUETE delta AIMES
MRKIEE—ME, BBAKEEA delta BURRE
B
kappa number WIRIESE Promax TEATERREURIIIEE, A
AILI$EE kappa HI{E,
MBRIEE—ME, BAKHER kappa AUERE
B,
sort_values flag
hide_values flag
hide_below number

featureselectionnode B¢

"HEER N RRE—ARG (FIUREEESL) RERRENBATER, ARG, BNFEE
== BR R RN EEERTHTR. fla, BRONENMIESIEEE LT MEERN, BAmLE
; MARBUREATNERELERFITRER?

Tl
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node

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

= stream.create("featureselection", "My node")
setPropertyValue("screen_single category", True)
setPropertyValue("max_single category", 95)
setPropertyValue("screen_missing values", True)
setPropertyValue("max_missing values", 80)
setPropertyValue("criteria", "Likelihood")
setPropertyValue("unimportant _below", 0.8)
setPropertyValue("important_above", 0.9)
setPropertyValue("important label", "Check Me Out!")
setPropertyValue("selection_mode", "TopN")
setPropertyValue("top n", 15)

BXROBMUAFHEAZR BENEFATE, BFSRE 4 718 DRTMZRG]: ERSIEEFERE |

R 128. featureselectionnode B

featureselectionnode JEi% & Bt
target FE "FHIEE R R AAEX T8 E B B AR U2
BEHTH®, TEANEFEMMETF
i, BEATHE 169 018 | ARBET]
[EEHI] TRESES.
screen_single_category flag WMRA True, BBARETHEMENTFiCREELM
SERAMEHPEEITLIERNFE,
max_single category number 8% screen single category /9 True BY
FERANEE,
screen missing values flag WRA True, ABARTHERBTEZIRAEN
FE, FRERTHEREHENE .
max_missing_values number
screen_num_categories flag MRS True, BBATHEMETFiCREELT
SEAIEEINNFE,
max_num_categories number
screen_std_dev flag MRS True, BAKTATEE NTFHEFT
fEER/IMENFE,
min_std_dev number
screen_coeff of var flag WIRA True, BBARTHRAERINTHE
FHEER/NMENFE.
min_coeff_of_var number
criteria Pearson RIBDXBERN D XTMNE 2 H#HITHH
Likelihood B, EEBEEMHEPMRIENESR,
CramersV
Lambda
unimportant_below number EBEATREEHHRANEE" . "UFE"K"
REEH p EHE. EZM 00 2 1.0 B
=8
important_above number BEZM 00 3 1.0 W&,
unimportant_label string S FEE HRBIIRE,
marginal_Tlabel string
important_Tabel string
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R 128. featureselectionnode B (4)

featureselectionnode Ei% =l JE 23
selection_mode Importancelevel
ImportanceValue
TopN
select_important flag £ selection_mode KREN
ImportancelLevel BY, R ESR EE
FEo
select_marginal flag = selection_mode BENR
Importancelevel BY, FEEREIEEZR AR
FEo
select_unimportant flag £ selection_mode BENRN
ImportanceLevel A, TSR AEE
"o
importance_value number £ selection_mode i&& /9 ImportanceValue
BY, IEEEEMIDFE. ZZM 0 F 100
BB
top_n integer £ selection_mode & TopN BY, 3ETE
EEAID R ME. EZM 0 F 1000 BYE.

genlinnode /1%

N XA R R AR
B MRS, TIE, WRETAFRD

ITY R,

XA EBEIIEENXRRBSERFNHEEL
ENFESHH. EEEAITEERBONINE, HPEEL

MEY3. logistic [E1Y3. %?i‘l‘%‘ﬁﬂ(?ﬁﬁ’]ﬁ%&éﬁ%Tﬂ%i—*éu&[@ﬂﬂﬂ%if 1RE,

Nl

node = stream.create("genlin",

"My node")

node.setPropertyValue("model type", "MainAndAl1TwoWayEffects")
node.setPropertyValue("offset type", "Variable")

node.setPropertyValue("offset field", "Claimant")

&R 129. genlinnode B

genlinnode B4 =] BiER

target FE [TXEMBEREBRBENERFR (WHE—
PMESHFE) , UR—PHZPMEANF
Eo o, BAILHEENEF R, BSHE
AE 169 Y IAHEET ARG || TH
BEZER.

use_weight flag

weight_field FE FEREBMRIGEL,

target_represents_trials flag

trials_type Variable

FixedValue
trials_field FE FREBOFEES . TSN EF
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& 129. genlinnode B (4R)

genlinnode B4 =] BiER
trials_number number HREEN 100
model_type MainEffects

MainAndAT1TwoWayEffects

offset_type

Variable
FixedValue

offset _field FE FEREBIAFEL,
offset_value number WL
base_category Last
First
include_intercept flag
mode Simple
Expert
distribution BINOMIAL IGAUSS: =8,
GAMMA NEGBIN: 1 “Iz,
IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL
negbin_para_type Specify
Estimate
negbin_parameter number HEEN 1. BABEIERTE
tweedie_parameter number
Tink_function IDENTITY CLOGLOG: B #hXNXY#K,
CLOGLOG LOGC: NFE#hEL,
LOG NEGBIN: fa”In= .
LOGC NLOGLOG: fAXNXT#K,
LOGIT CUMCAUCHIT: 2F Cauchit,
NEGBIN CUMCLOGLOG: RFREHMWXTEK,
NLOGLOG CUMLOGIT: &R Logito
ODDSPOWER CUMNLOGLOG: ZEFR T WXT#o
PROBIT CUMPROBITZEFR Probit,
POWER
CUMCAUCHIT
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT
power number BEOTNEIEETEH.
method Hybrid
Fisher
NewtonRaphson
max_fisher_iterations number BHEEN 1, RAVEREREY,
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& 129. genlinnode B (4R)

genlinnode B

&

kY

[B1H

B
[

scale_method

MaxLikelihoodEstimate
Deviance
PearsonChiSquare
FixedValue

scale_value

number

BREERN 1; BIKT 0o

covariance_matrix

ModelEstimator

RobustEstimator
max_iterations number REERN 100, RAFFERIERELL,
max_step_halving number REERN 5, IAVEREEHR,
check_separation flag
start_iteration number REERN 20; RAVFERERY.
estimates_change flag
estimates_change min number REEN 1E-006; RAFERIELR.
estimates_change_type Absolute
Relative
Toglikelihood_change flag
Toglikelihood change min number RATFERER.
loglikelihood_change_type Absolute
Relative
hessian_convergence flag
hessian_convergence_min number RAVFERAER.
hessian_convergence_type AbsoTlute
Relative
case_summary flag
contrast_matrices flag
descriptive_statistics flag
estimable_functions flag
model_info flag
iteration_history flag
goodness_of_fit flag
print_interval number REERN 1, BABIEEHK,
model_summary flag
lagrange_multiplier flag
parameter_estimates flag
include_exponential flag
covariance_estimates flag
correlation_estimates flag
analysis_type Typel
Typelll
TypeIAndTypelll
statistics Wald
LR
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& 129. genlinnode B (4R)

Validation

genlinnode B4 =] BiER
citype Wald
Profile
tolerancelevel number EREEA 0.0001,
confidence_interval number REEH 95
loglikelihood_function Full
Kernel
singularity_tolerance 1E-007
1E-008
1E-009
1E-010
1E-011
1E-012
value_order Ascending
F#F (Descending)
DataOrder
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test

glmmnode Et4

. =

& 130. glmmnode B

["XEMREEE (GLMM) §RTAMEE, RRERIUEIFRESSH, BRI REKEE
S5RAFMPEELMEAX, FEMNETERXR MXEMESREREM B RL ORI E
FESHEEBIENE RS RIERH KPR,

glmmnode /Bt =] BiER

residual_subject spec 11 XEEENDLFTENELAS, thAGHE—
HE X EIREPHER,

repeated measures 551k XEFERATIFREEMNE,

residual_group_spec

[field] ... fieldN]

XEFERBTFEXEERN NG ESHNR

VS

residual_covariance_type

StAL (Diagonal)
AR1

ARMA11
COMPOUND_SYMMETRY
IDENTITY

TOEPLITZ
UNSTRUCTURED
VARIANCE_COMPONENTS

EEAEN T ELE1T,

% 13 B BETREN
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& 130. glmmnode B (47)

glmmnode Bt =] BiER

custom_target flag SRR ERAELFET REXELR (false) i
ZH target field I8EMEHIEIR (true)s

target_field field ZREEMRNTE (J0R custom_target A
tY‘Ue) o

use_trials flag ERENHEE—AREPERENRLSEYS
B, BEEAATHEEHRHNMRINFEES
B, TREEN falseo

use_field_or_value FE BTEERFE (RE) EEEFRETHAR

Value o

trials_field field It FEE AT E 130 %

trials_value integer WERTFEERL. NREELEMYE, B
ARIMEA 1o

use_custom_target reference flag ETRBEWNSZLINBTHEBR. REE
73 falseo

target_reference value FITR EFEAMNSEZET (OR

use_custom_target reference /3 true) o

dist_link_combination

Z X (Nominal)
Logit

Gammalog
Binomiallogit
PoissonLog
BinomialProbit
NegbinLog
BinomiallogC
Custom

EREN DB ATER, EHF Custom AL
}E7E target_distribution FRIEMHMITIRHH
PaKit®

target_distribution

EZ (Normal)
—In
Multinomial
i3 (Gamma)

% dist_link_combination /9 Custom BYE#R
BRI,

peLy it
NegativeBinomial
Poisson
Tink_function_type Identity XEATEEIMES TN EHERXAI KRR,
LogC MR target_distribution A
Log Binomial, BRAEEILIER
CLOGLOG FR 5 ORI R BXER #, N
Logit target_distribution 9
NLOGLOG Multinomial ZSMH{EfRI{E, FB
PROBIT 2SR AR CLOGLOG. CAUCHIT. LOGIT.
POWER NLOGLOG B PROBIT, %NS
CAUCHIT target_distribution 9
Binomial B¢ Multinomial Z4MW{E(E, AR
LSEA]LAER IDENTITY. LOG X POWER.
Tink_function_param number EFEHAMNXHERBSHE, XY

normal_Tink function 3¢ 1ink_function_type
79 POWER B¥Z &M
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& 130. glmmnode B (47)

glmmnode Bt =] BiER

use_predefined_inputs flag ETEEMNFEREEXNBAFERN LR
(true) XERHE fixed effects list
(false)o FREEA falseo

fixed_effects_list &k R use_predefined_inputs I false, B4
BRERBANTERBFEEME T,

use_intercept flag MERA true (RE) , BAEREPEER
2B,

random_effects_Tlist 1L YEREHIA N IS E RN FELIR,

regression_weight_field field bF R IED N EF K.

use_offset None FBRMAIEEFE %, B None RINAFERTE

offset_value
offset_field

%o

offset_value number use_offset IKE/ offset value BI{ERMIFE
#%1E,

offset field field use offset IREN offset field AT F
BENFEE,

target_category order Ascending PDEBIHEFINEF. (B Data IEEFRLIE

F£F (Descending)
Data

FRYHEFIRRF. FREEZ Ascendings

inputs_category order

Ascending
F#F (Descending)
Data

DEMNEENHFINTF. {E Data FEEMRER
HIERIVHFINF, TREES Ascendingo

max_iterations integer R ZEHRITHRRERRE, EREEK;
EREEA 100,
confidence_level integer XEATFITEREAHNXE®BITENER
ER7, FHEE; RAEN 100, REERN
950
degrees_of_freedom method Fixed BRI E BRELHITEZE MK,
Varied
test_fixed effects_coeffecients |Model XEZRFITESEGITNS EEMEN 5 %
Robust
use_p_converge flag R O Ciprint
p_converge number =T A EREE,
p_converge_type AbsoTute
Relative
use_1_converge flag FAF XS AR SA U SRR 32E T
1_converge number THEHEMEE,
1_converge_type Absolute
Relative
use_h_converge flag BT Hessian UXSIAYIEIL,
h_converge nunber THEHEMERE,
h_converge_type Absolute
Relative
max_fisher_steps integer
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& 130. glmmnode B (47)

glmmnode Bt =] BiER
singularity tolerance number
use_model_name flag FERENRENEEERIBM (true) KREAR
FERBIZIR (false)s TREEN falseo
model_name FRE# IR use_model_name /9 true, BRAISE(ERA
HIIEEY 2 R,
confidence onProbability HEEFESECEENEM: ESTUNEERDR
onlncrease ExRESAEMIBMEZ E,
score_category probabilities flag WMRA true, BBANDLEBEIRERTUUELZ,
HEEN falses
max_categories integer {NR score_category probabilities A3
true, BABEREFERALEINE.
score_propensity flag WRA true, LSRN BIRFERER AT
7, IBTRFEERA true"BIRTEEM.
emeans structure WFEEMMTRPNENDLFTE, 8
REEMGITIARIE,
covariance_list structure NFEEMETNRPNENELETFTE, BE
HEGITHRYERERERYNETRRE S
B
mean_scale Original EERRIEEMNERERRE (#4) 228
B (Transformed) ERER R BRSO E T IAPRYE,
comparison_adjustment_method LSD XA HITRIGK B ERANEARES
SEQBONFERRONI o
SEQSIDAK

gle B4

GLE ¥ BT &4MHRE, £REMAIUEEESHH, BIEENXKRBSEFMNEEL A

SRR RFREL,

* 131. gle B

Lﬁ X, ARWMERRERX. " XEMTREREREM B R &SR IRE B IFESHR IR E 5

gle B & ek 2:pu

custom_target flag ERRFEAELFTREXNEBIR (false) IE2H
target_field F8EMEHIENF (true)o

target_field FE EREEIFHITE (J0R custom_target 7 true) o

use_trials flag ERERMNE—HRRPRENRSEHE, B
AEAATREABRHMNMFERNE. REER
falseo

use_trials_field or_value FE EBTEFERATE (RE) EREFRETERIEHE.

Value
trials_field FE eF A FiEEIXIR R,
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& 131. gle B (B

gle Bl =l Eithaid
trials_value integer WERATFEERLI. NREELEY, BLrzm/N
BA 1,
use_custom_target reference flag ETREHNSEXINBTOEER. REERN
falseo
target_reference value string EFERANESEEF (WX
use_custom_target reference /9 true) o
dist_Tink_combination NormalIdentity BfRMEN SRR AHEE,
GammaLog AR CUSTOM RILUFERE target distribution FriEfit
PoissonLog 5 RS,
NegbinlLog
Tweedieldentity

NominallLogit
Binomiallogit
BinomialProbit
BinomiallogC
CUSTOM

target_distribution

1EZA (Normal)
—IR
Multinomial
33 (Gamma)
INVERSE_GAUSS
NEG_BINOMIAL
Poisson
TWEEDIE
UNKNOWN

% dist_link_combination 9 Custom BYBAMMEMIS
o
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& 131 gle B (B

CUMUL_PROBIT
CUMUL_COMPL_LOG_LOG
CUMUL_NEG_LOG_LOG
CUMUL_CAUCHIT

gle Bl & BitER
Tink_function_type UNKNOWN XERATEEMESTNTEEXMNXERRE, W
IDENTITY & target_distribution J Binomial, ABAEKALL
LOG A
LOGIT UNKNOWN
PROBIT IDENTITY
COMPL_LOG_LOG LOG
POWER LOGIT
LOG_COMPL PROBIT
NEG_LOG_LOG COMPL_LOG_LOG
0DDS_POWER POWER
NEG_BINOMIAL LOG_COMPL
GEN_LOGIT NEG_LOG_LOG
CUMUL_LOGIT 0DDS_POWER

R target_distribution 9 NEG_BINOMIAL, B4
SR LA

NEG_BINOMIALo

R target distribution JJ UNKNOWN, ARALERILL
A

GEN_LOGIT

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_LOG

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

Descending

Tink_function_param number EFAN Tweedie SHE, X4
normal_link_function 3¢ link_function_type A
POWER Y7 i&EFo
tweedie_param number EFTHAMNXBERBSHE, X1
dist_link_combination &9 Tweedieldentity,
& link_function_type 79 TWEEDIE BYiEFH,
use_predefined inputs flag TR FERREN ABMANTFEN LR (true) &
2XB fixed effects list (false)o
model_effects _list 91k R use_predefined_inputs 9 false, BAIEER
BNF R A IFREMN F .
use_intercept flag WMERA true (FRE) , PBAEREAGIERIE,
regression_weight_field FE It FEERER N EF .
use offset None RIS EF#. B None RZAFERFE,
B (Value)
TE
offset_value number use_offset i&EN offset_value FIERAIIFEE,
offset field FE use offset IEEN offset field RAFFHBENFE
E&o
target_category order Ascending DEBMMHHEHFIRF. TREEHN Ascending.
Descending
inputs_category order Ascending DEFMNEENHFIRF, REEH Ascendingo
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& 131. gle B (B

gle B4 =] BiiEA

max_iterations integer WEEERITHRANERRE. AL, REE
73 1000

confidence level number XERATIHERERHNKEGKITENEREESR
Ao IFTAEEER; |RAMEN 100, FREEN 95

test_fixed_effects_coeffecients |Model XERFITESEGITHHA EHBMEN %o

Robust

detect_outliers flag A true B, BEERBREMOMINIE D HNR
A E,

conduct_trend_analysis flag A true B, BERITHSTLERES D,

estimation_method

FISHER_SCORING
NEWTON_RAPHSON
HYBRID

EERAKERREMEGEITEZ.

max_fisher_iterations integer WISRMEFA FISHER_SCORING estimation_method, FABA
NERIERE. &=/IMEN 0, RAEAN 20,
scale_parameter method MLE BERTRESHHENS %,
FIXED
DEVIANCE

PEARSON_CHISQUARE

scale_value number {R7E scale_parameter_method JREA Fixed BAH]
o

negative_binomial method MLE EBERTAZIN MM EHRHENS %,

FIXED

negative binomial _value number {1 negative binomial method I&E /Y Fixed BSA
A A,

use_p_converge flag RFSHUSIRETL,

p_converge number THREMRIEE,

p_converge_type flag True = £33, False = FBXF

use_1_converge flag TSR UR SR BT,

1_converge number TEHEMAEE,

1_converge_type flag True = #483F, False = #BXT

use_h_converge flag FF Hessian UXEKHYIET,

h_converge number THREMIEE,

h_converge_type flag True = #4831, False = #BX$

max_iterations integer WEERERITHRARNER R, AL, REE
73 1000

sing_tolerance integer

use_model_selection flag BRSHEEMRIEE AT,

method LASSO MERELERT R, HEBEWMRMER Ridge, BARER

ELASTIC_NET
FORWARD_STEPWISE
RIDGE

MW T5 %o
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& 131 gle B (B

gle B4 {11

B HER

detect_two_way_interactions flag

£ True BY, {RELRBCNENTF R ZERINE
R B,

RERBENNERN (B2, BRRIBRERNE
BEMAE) FHEERH method H'AEFIFZH" . "ER
"B S PR BY A N AR e

automatic_penalty_params flag

{RIEEEERE method N"ER"HEIENE"BA ]
Ao
ERLLRHLIAANS " ER N B ENE EEERT
EERBRBETT S

WRHA True, WARERAREE, WARN False, B
2R BERENSHHBETRNEIE,

lasso_penalty_param

number

NEEEER method A'EZR"SN"#MMUEMLZ FHE
automatic_penalty params JJ False BYA R, {5
E'ER'NETSHE,

elastic_net_penalty paraml

number

RIEBEEIEIE method A"ER"H"BEMEME " FHEH
automatic_penalty params J False BYA R, 15
EREMLE S 1 NESISHE,

elastic_net_penalty_param2

number

NIEERER method A'"EZR"SN"BMUEMNLZ HE
automatic_penalty params I False BYABIFH, 35
E ML B 2 NETSE

probability_entry

number

RFEERRY method A'AATL B BA R A, HEERIM
BE F HIHEERFHNEZIEKT,

probability_removal

number

{RIEERRY method J9"ERIZ # BIA BRI, FEERMM
BIFREY F SiHEBFHHNEZEKT,

use_max_effects flag

{RIEEFE method N"EFIZ "B A B

BF max_effects 3=l

£ False BY, GENMNAREHENETIRMHS
RN SR A B,

max_effects integer

EEEAREID H#R T AR &/ 2.

use_max_steps flag

BF max_steps 1=l
I False BY, BRET BN ZERMLALIER M
= E A B,

max_steps integer

EEE A MRS #H 1 method BPRRARIRAS
B

use_model_name flag

SRR AEENEEERZ (true) ERERRFAEM
BIRZFR (false) TREEN falseo

model_name string

IR use_model name A true, FBAISEMFEMAAIRE
£ Ko

usePI

flag

WRA true, BAKHETNZEEE T,
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kmeansnode B4

K-Means IR REIBEEREIFRNE (RELK) . KFEREXEENREHRE, KiERERS
(% FoaByE, LURBARREDL, HEH—PRUTEBHRE, k-means TRIEA—THIFHEESF
I, EATHETNER, MEBRRSTERAFTREPHIRN,.

Nl

node = stream.create("kmeans", "My node")

# "Fields" tabnode.setPropertyValue("custom_fields", True)
node.setPropertyValue("inputs", ["Cholesterol", "BP", "Drug", "Na", "K", "Age"])
# "Model" tabnode.setPropertyValue("use model name", True)
node.setPropertyValue("model _name", "Kmeans_allinputs")
node.setPropertyValue("num_clusters", 9)
node.setPropertyValue("gen_distance", True)
node.setPropertyValue("cluster_label", "Number")
node.setPropertyValue("label prefix", "Kmeans ")
node.setPropertyValue("optimize", "Speed")

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("stop_on", "Custom")
node.setPropertyValue("max_iterations", 10)
node.setPropertyValue("tolerance", 3.0)
node.setPropertyValue("encoding value", 0.3)

R 132. kmeansnode BYE

kmeansnode /B & EitiER
inputs [field1 ... fieldN] K-means BEEE—RIMANFE ERITERES
i, BHRMERBENRFR. TMEANEFR
MIARFER, ESATHE 169 0150 AL
EESERE ) TRESER.
num_clusters number
gen_distance flag
cluster_label FRIER
Number
label_prefix string
mode Simple
Expert
stop_on Default
Custom
max_iterations number
tolerance number
encoding_value number
optimize Speed BAFiEEREMERHNERELRRNEHTT
Memory fiko
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kmeansasnode E{4t

K

K-Means RE&FBHNREE LT — EARMIERRENTEXHRELRE, SPSS Modeler 1Y
K-Means-AS T RfERA Spark #1TKI. BHX K-Means FANFMESR, 1BH:

[spark.apache.org /docs/2.2.0/ml-clustering.html}, 1&EEE, K-Means-AS TEARXND LT EHL)

RITIRPAGRED

&R 133. kmeansasnode BI4E

kmeansasnode B E(V) BiER

roleUse FRIB € predefined LUERTEXBE, HEE
E custom UEREHFEDE. BREENN
predefinedo

autoModel /RE $ERE true LUFERBRE B ($S-prediction)
ERMERNITESFERNBM, HEEE
false LUERERIBIR. HEEN trueo

features field XZ rolelUse BMIREN custom B, AT
NHIFERZFRT R,

name FRIB X2 autoModel BMIZREN false B, ¥i&E
AT FERRY R o

clustersNum B EOEMERNE, REER 5

initMode FRIB TR EZE, TREMNEEIE k-means|| =
random, TAE{EN k-means||o

initSteps B XZY initMode BB k-means|| BT, #0%4
LB, BREERN 2

advancedSettings f/R1E {8 true LUELLITEENEMET AATAEM,
HREEN falses

maxIteration 285 BEMRRELRE, HREEN 20,

tolerance FRIB XERATFELEERNEE, TTENESRE
1.0E-1. 1.0E-2. .... 1.0E-6, BREMEN
1.0E-4,

setSeed HR{E IBE true LUIFEATEHIBENMF, REERN
falseo

randomSeed B XEH setSeed BHIRE N true BYRIEFIME
M+,

knnnode E1¥

» .
..
L

Nl
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The k-BRITAEPITERE (KNN) NN NEXKIFTNEETEREERDEN L PRI
ASE (HA b AEE) . KUPNEBESRE, MAEIMEBRZE,


https://spark.apache.org/docs/2.2.0/ml-clustering.html
https://spark.apache.org/docs/2.2.0/ml-clustering.html

node = stream.create("knn", "My node")

# "BFr"iED+Enode.setPropertyValue("objective", "Custom")

# MEBE"RIMK - "MEBTE " EHRnode.setPropertyValue("automatic_k_selection", False)
node.setPropertyValue("fixed k", 2)

node.setPropertyValue("weight by importance", True)

# "EBE"RINE - "2 B node.setPropertyValue("save distances", True)

R 134. knnnode B

knnnode [E1% [l Btk
analysis PredictTarget
IdentifyNeighbors
objective Balance
Speed
Accuracy
Custom
normalize_ranges flag
use_case_labels flag I EEERTBAT— %D,
case_labels_field FE
identify focal cases flag I EEERTBAT— %D,
focal cases_field FE
automatic_k_selection flag
fixed_k integer HEY automatic_k_selectio /9 False BYA
BR.
minimum_k integer HAY automatic_k selectio 79 True BYA
BHR.
maximum_k integer
distance_computation Euclidean
CityBlock
weight_by_importance flag
range_predictions Mean
ERNTES¢
perform_feature_selection flag
forced_entry_inputs [field1 ... fieldN]
stop_on_error_ratio flag
number_to_select integer
minimum_change number
validation_fold_assign_by field |flag
number of folds integer HABY validation_fold assign by field A4
False BYA B,
set_random_seed flag
random_seed number
folds_field FE HABY validation_fold assign by field
True BSA B,
all_probabilities flag
save_distances flag
calculate_raw_propensities flag
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R 134. knnnode B (42)
knnnode Bi¥ &8 BiER

calculate_adjusted_propensities |flag

adjusted_propensity_partition Test
Validation

kohonennode E%

Kohonen TR ER—TPHHEEMIES, AHE MR BT RBIRRREEIZNERE, WKL

E: BYfE, FEMEVIE RN HRS T EFHRE, ERANERVNRKILZE, EJLLEIEER
B R BTAERNERN SR E R LRI AR R, XL ENRENBNRERPRE
ito

Nl

node = stream.create("kohonen", "My node")

# "Model" tabnode.setPropertyValue("use_model_name", False)
node.setPropertyValue("model _name", "Symbolic Cluster")
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("time", 1)
node.setPropertyValue("set random seed", True)
node.setPropertyValue("random_seed", 12345)
node.setPropertyValue("optimize", "Speed")

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("width", 3)
node.setPropertyValue("length", 3)
node.setPropertyValue("decay style", "Exponential")
node.setPropertyValue("phasel neighborhood", 3)
node.setPropertyValue("phasel eta", 0.5)
node.setPropertyValue("phasel cycles", 10)
node.setPropertyValue("phase2 _neighborhood", 1)
node.setPropertyValue("phase2_eta", 0.2)
node.setPropertyValue("phase2 _cycles", 75)

R 135. kohonennode |BI%E

kohonennode Ei% & B%ER
inputs [fieldl ... fieldN] Kohonen #REFERBMNFERNTIER, BFFER

Bir. MERMERFRNNEFR. BXE
ZER, BEMAE 169 1M IAHBRT S
[EETNza

continue flag

show_feedback flag

stop_on Default
Time

time number

optimize Speed BTFiEEREMERHWEREREHNEHRT
Memory f1to

cluster_label flag
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R 135. kohonennode BYE (42)

kohonennode B4 L Eithad
mode Simple
Expert
width number
KE number
decay style M (Linear)
Exponential
phasel_neighborhood number
phasel_eta number
phasel_cycles number
phase2_neighborhood number
phase?_eta number
phase2_cycles number

linearnode B4

P LMEIRERIEETRS — P RSN TN L E BRI M X RFUNES: B 1o

Nl

node = stream.create("linear", "My node")

# Build Options tab - Objectives panel

node.setPropertyValue("objective", "Standard")

# Build Options tab - Model Selection panel

node.setPropertyValue("model selection", "BestSubsets")
node.setPropertyValue("criteria_best_subsets", "ASE")

# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

R 136. linearnode BI%E

Tinearnode B & EithER
target field EESTBENRFR.
B [field] ... fieldN] EREROTNT BT,
continue_training_existing_model |flag
objective Standard psm ATFIFEARNEIES, FRFEE Server
Bagging E,
Boosting
psm
use_auto_data_preparation flag
confidence_level wF
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R 136. linearnode B (42)

Tinearnode /B =l EithaA
model_selection ForwardStepwise
BestSubsets
¥
criteria_forward_stepwise AICC
Fstatistics
AdjustedRSquare
ASE
probability entry e
probability removal 2
use_max_effects flag
max_effects 2
use_max_steps flag
max_steps 2
criteria_best_subsets AICC
AdjustedRSquare
ASE
combining_rule_continuous Mean
%
component_models_n b
use_random_seed flag
random_seed #r
use_custom_model_name flag
custom_model_name FRIE
use_custom_name flag
custom_name FRIEA
tooltip FRH
keywords FRIB
annotation FRI&H

linearasnode E4

=L

Fi

e
=

R 137. linearasnode B4

LMENIRBEBRIEEIRS — PRSI NEE 2 BE M X R TUUES: B 1.

linearasnode B4 & B R
target FE EEBENBEIRFR.
inputs [field1 ... fieldN] REMFERNTN T EFE,
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R 137. linearasnode B4 (4)

lTinearasnode B L Eithad

weight_field FE BREERN S ITFE,

custom_fields flag fREEX TRUE,

intercept flag fR&EEH TRUE,

detect_2way_interaction flag EBEZEWNARE, REEN TRUE

cin number ATt ERAZHIEENEEXE, BEE

AF 0 B/hF 100 B9(E. HREEN 95

factor_order ascending DEMVNEENHFINF, TREEN ascend-

descending ingo

var_select_method

ForwardStepwise

BEEBNEEEZRES BREEN

BestSubsets ForwardStepwiseo
none
criteria_for forward stepwise AICC T R MR Y PR IN R B2 E 2 B MAREY
Fstatistics FEBRBRENRITER. REEN
AdjustedRSquare AdjustedRSquareo
ASE
pin number RaERPRINER/ NFIEE pin HIENS
N p ENEL, REEN 0.05
pout number BEMRREPAEBATIIEE pout BIEWN p
BERNEAMLN,. REEN 0.10,
use_custom max_effects flag EEERELREPERRAMNEE. REEN
FALSE,
max_effects number EERLEEDPEANEARNNE. REEN
1o
use_custom_max_steps flag EEFERRATEN, BREEN FALSE
max_steps number NTRAEFLEZRANEATBH. REEN
1o
criteria_for_best_subsets AICC BEEANZFMHA R REE RN
AdjustedRSquare AdjustedRSquareo
ASE

logregnode B4

Logistic BlJ3R—4A1t757%, ERRBRAFRIEMCRHETNE SXRMFTLMEDT, EX

(L) EREES

Z IR

| BRI T e,

node = stream.create("logreg", "My node")

# "Fields" tabnode.setPropertyValue("custom_fields", True)

node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tabnode.setPropertyValue("use_model_name", True)
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node.setPropertyValue("model name", "Log reg Drug")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("logistic_procedure", "Multinomial")
node.setPropertyValue("multinomial_base category", "BP")
node.setPropertyValue("model type", "FullFactorial")
node.setPropertyValue("custom terms", [["BP", "Sex"], ["Age"], ["Na", "K"II)
node.setPropertyValue("include_constant", False)

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale value", 3.0)

node.setPropertyValue("all probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section

node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)
node.setPropertyValue("1 _converge", "1.0E-
node.setPropertyValue("p_converge", "1.0E-
node.setPropertyValue("delta", 0.03)

# "Output..." section
node.setPropertyValue("summary", True)
node.setPropertyValue("Tikelihood ratio", True)
node.setPropertyValue("asymptotic_correlation", True)
node.setPropertyValue("goodness_fit", True)
node.setPropertyValue("iteration_history", True)
node.setPropertyValue("history steps", 3)
node.setPropertyValue("parameters", True)
node.setPropertyValue("confidence_interval", 90)
node.setPropertyValue("asymptotic_covariance", True)
node.setPropertyValue("classification_table", True)

# "Stepping" optionsnode.setPropertyValue("min_terms", 7)
node.setPropertyValue("use _max_terms", True)
node.setPropertyValue("max_terms", 10)
node.setPropertyValue("probability entry", 3)
node.setPropertyValue("probability removal", 5)
node.setPropertyValue("requirements", "Containment")

3II)
)

IR

node = stream.create("logreg", "My node")

# "Fields" tabnode.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Cholesterol")
node.setPropertyValue("inputs", ["BP", "Drug", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tabnode.setPropertyValue("use_model name", False)
node.setPropertyValue("model_name", "Log reg Cholesterol")
node.setPropertyValue("multinomial_base category", "BP")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("binomial method", "Forwards")
node.setPropertyValue("Togistic_procedure", "Binomial")
node.setPropertyValue("binomial_categorical_input", "Sex")
node.setKeyedPropertyValue("binomial_input_contrast", "Sex", "Simple")
node.setKeyedPropertyValue("binomial_input_category", "Sex", "Last")
node.setPropertyValue("include_constant", False)

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)
node.setPropertyValue("all probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
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node.setPropertyValue("1_converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")
# "Output..." section

node.
node.
node.
node.
node.

setPropertyValue("binomial output display", "at_each_step")
setPropertyValue("binomial_goodness_of fit", True)
setPropertyValue("binomial_iteration_history", True)
setPropertyValue("binomial_parameters", True)
setPropertyValue("binomial ci _enable", True)

node.setPropertyVa]ue("binomia]ZciF, 85)
# "Stepping" optionsnode.setPropertyValue("binomial removal criterion", "LR")

node.setPropertyValue("binomial _probability removal",

& 138. logregnode B4

Togregnode /B4 & BER
target field Logistic BlIRBEFE—BEITFERUAR—
HEPMRANFER, NMERAMEFENNEF
B, EBHEME 169 TN IRHEET S
EH:] THmESES.
Togistic_procedure —m
Multinomial
include_constant flag
mode Simple
Expert
method Enter
Stepwise
Forwards
Backwards
BackwardsStepwise
binomial_method Enter
Forwards
Backwards
model_type MainEffects ¥ FullFactorial IEEIRTYAARY, BPfFIE
FullFactorial ETH#EFZE, PHAFEHARRIEBT. ME
Custom /A Enter Hiko

MRBRELRIGE N Custom, BRIEEE
HFE, BARKWEEMMER,

custom_terms

[[BP SexI[BP][Age]]

multinomial_base category

FRFER

EENAHESE 5,

binomial_categorical input FRIER
binomial input_contrast Indicator XEOXWMANRIZEY, BFiETuaEim
Simple EXTEbo
Difference
Helmert
Repeated
Polynomial
Deviation
binomial_input_category First XEDEWMANBIZEY, BTETNEH
Last EEZE5,
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R 138. logregnode B4 (42)

Togregnode &4

&

[E1ts

HE

R

scale

None
UserDefined

Pearson
Deviance
scale value 2
all_probabilities flag
tolerance 1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
min_terms /2
use_max_terms flag
max_terms /2
entry_criterion Score
LR
removal_criterion LR
Wald
probability entry =
probability removal 2
binomial_probability_entry wF
binomial probability removal HF

requirements

HierarchyDiscrete HierarchyAll
Containment

None
max_iterations 2
max_steps wF
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
delta wF
iteration_history flag
history_steps =
summary flag
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R 138. logregnode B4 (42)

Togregnode B4 & BEER
1ikelihood_ratio flag
asymptotic_correlation flag
goodness_fit flag
28 flag
confidence_interval HF
asymptotic_covariance flag
classification_table flag
stepwise_summary flag
info_criteria flag
monotonicity_measures flag
binomial_output_display at_each_step
at_Tast_step
binomial_goodness_of fit flag
binomial_parameters flag
binomial_iteration_history flag
binomial_classification_plots flag
binomial_ci_enable flag
binomial_ci wF
binomial_residual outliers
all
binomial_residual_enable flag
binomial outlier threshold HF
binomial_classification_cutoff /2
binomial_removal_criterion LR
Wald
Conditional
calculate_variable_importance flag
calculate_raw_propensities flag
Isvmnode Bk
/\ ERLMZIFREN (LSVM) TR, AILUSHIED AMAE, MERIEME. LSVM RLkit,
\ \i/, / BRIUSEMIEREAER, flW, BESEABIERIIES.
& 139. Isvmnode B4
1svmnode JE1% & B R
intercept flag EEBPEEEE, BEEN True

H#
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R 139. Isvmnode B (4)

1svmnode [E1% =l BiER

target_order Ascending EBEREBFHNHIFERER. WTEEB
Descending InAR8, ERE{EN Ascendingo

precision number XY BITFERRTNE4R5)9 Continuous

B fER. f8ESEIKATSRIEE
KB &IMERN 0, HFEE&EKAE,
REEN 0.1,

exclude_missing_values flag £ True B, SIREFRIBMERK, BB
ABHRIE R, TREEN Falseo
penalty function L1 TEEFERNETRNER, REERN
L2 L2,
Tambda number TS (k) &%
calculate_variable_importance |flag NFEMBENNNEEZEEENERE,

IETER—PEXR, HPERGiTHR
BEE S M N EENENERES. &
AR, WFREERE, tETEERE
(BRI RA IR HITIRIERY) FIRE
FELRKEE, FHERINERT, Xt
FRERE, TEEEMHL T AR
So BEBEMN T RARIIRKREART]
Ao

neuralnetnode E4

ER: FRIThRPIRE T G ISR AN BEMERIET =, HREET—T (neuralnetwork) FIHLT
NB. REENIAC LUMER A MASRIGZERHNH TS, BRIMTENERHAEHRNERMMmE, XER
EEIT;‘EHUH&$E’J-L¥QHMD/§\L/{1 tie s,

Nl

node = stream.create("neuralnet", "My node")

# "Fields" tabnode.setPropertyValue("custom fields", True)
node.setPropertyValue("targets", ["Drug"])
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
# "Model" tabnode.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Dynamic")
node.setPropertyValue("train_pct", 30)
node.setPropertyValue("set_random seed", True)
node.setPropertyValue("random_seed", 12345)
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("accuracy", 95)
node.setPropertyValue("cycles", 200)
node.setPropertyValue("time", 3)
node.setPropertyValue("optimize", "Speed")

# "Multiple Method Expert Options" section
node.setPropertyValue("m topologies", "5 30 5; 2 20 3, 1 10 1")
node.setPropertyValue("m non_pyramids", False)
node.setPropertyValue("m_persistence", 100)
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R 140. neuralnetnode B

neuralnetnode Bt

=1

e pas

targets [field1 ... fieldN] "HENE HTRRE-—IHESPERFERUAKR
—PMHEPMRANFE. BRBMENNEF
B, EBATHE 169 0 I ARBED &
EEl] TRESES.
method Quick
Dynamic
Multiple
Prune

ExhaustivePrune
RBFN

prevent_overtrain flag
train_pct number
set_random_seed flag
random_seed number
mode Simple
Expert
stop_on Default F1E Ao
Accuracy
Cycles
Time
R number {SIEER,
cycles number IR B EA%L.
time number JIZRBSiE] (830 o
continue flag
show_feedback flag
binary_encode flag
use_last_model flag
gen_logfile flag
logfile_name string
alpha number
initial_eta number
high_eta number
Tow_eta number
eta_decay_cycles number
hid_Tayers One
Two
Three
h1_units_one number
h1_units_two number
h1_units_three number
A number
m_topologies string
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R 140. neuralnetnode B (42)

neuralnetnode B & Eithaik
m_non_pyramids flag
m_persistence number
p_hid_Tayers One
Two
Three
p_hl_units_one number
p_hl_units_one number
p_h1_units_three number
p_persistence number
p_hid_rate number
p_hid_rate number
p_inp_rate number
p_inp_pers number
p_overall_pers number
r_persistence number
r_num_clusters number
r_eta_auto flag
r_alpha number
r_eta number
optimize Speed BFEEREMERHWEREEEAFHTT
Memory 1o
calculate_variable_importance flag A KEMRAR TR RARERR
sensitivity_analysis B4, NAZIFIRE
M, BENER
calculate_variable_importanceo
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity_partition Test
Validation

neuralnetworknode B4

e ERRT S EFNER 2 AR ARRNRE B RELT ORISR B M A R 20
iﬂ&; F R iR EE S SRS e T, BENE 2R AN—RENETE, DB

== B/ DI SR AR R BT LA B TSR R

Nl
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node = stream.create("neuralnetwork", "My node")
# Build Options tab - Objectives panel
node.setPropertyValue("objective", "Standard")
# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

R 141. neuralnetworknode B

neuralnetworknode Ef & JEfedi:3n
targets [field1 ... fieldN] fEEBMFE.
inputs [field1 ... fieldN] RESHANTUNEEFE,
splits [field1 ... fieldN EBE— RS TRAT R EEENFE,
use_partition flag MREXT PXFE, BALLEITATHRN
Ry KB BIER TR,
continue flag 4|1 R B REL,
objective Standard psm FAFIEBARNEIESE, BNEFEE Server
Bagging E%,
Boosting
psm
method MultilayerPerceptron
RadialBasisFunction
use_custom_layers flag
first_layer_units number
second_Tayer_units number
use_max_time flag
max_time number
use_max_cycles flag
max_cycles number
use_min_accuracy flag
min_accuracy number
combining_rule_categorical Voting
HighestProbability
HighestMeanProbability
combining_rule_continuous Mean
Median
component_models_n number
overfit_prevention_pct number
use_random_seed flag
random_seed number

missing_values

listwiseDeletion
missingValuelmputation

use_model_name

IRME

model_name string
confidence onProbabiTlity
onlncrease
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R 141. neuralnetworknode B (42)

neuralnetworknode /&% & e ipu
score_category_probabilities flag

max_categories number

score_propensity flag

use_custom_name flag

custom_name string

tooltip string

keywords string

annotation string

questnode %

Nl

node

node.
node.
node.

node

ot QUEST T RAJieftATMWEZRENON_To®E, WHANRITENRRD AR C&R WO
FHAIERYE], RV EDENGEFARNEZUEZFIATEZ N OEREA. BWAF
ERAILIRHFEE (&%) , EENRFROARD . MEDEEME T,

DWEST

= stream.create("quest", "My node")
setPropertyValue("custom_fields", True)

setPropertyValue("target", "Drug")

setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])

.setPropertyValue("model_output_type", "InteractiveBuilder")
node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("use_tree_directives", True)
setPropertyValue("max_surrogates", 5)
setPropertyValue("split_alpha", 0.03)
setPropertyValue("use percentage", False)
setPropertyValue("min_parent_records_abs", 40)
setPropertyValue("min_child records abs", 30)
setPropertyValue("prune_tree", True)
setPropertyValue("use _std_err", True)
setPropertyValue("std _err multiplier", 3)

R 142. questnode B

questnode B & BER
target FER QUEST BREFE—MBEIrFERUN— T %

PMNFR. B, EJLIEEMEFEL,
BEXELEL, BSFEE 169 i VARE
BT aEMN) FE

continue_training_existing_model |flag

objective Standard psm FFIEBRBEIESE, RNEE Server
Boosting &
Bagging
psm

model_output_type Single

InteractiveBuilder
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R 142. questnode B (8)

questnode /B4 =] BiEER
use_tree_directives flag
tree_directives string
use_max_depth Default
Custom
max_depth integer EARMAREMN 0 F 1000, R
use_max_depth = Custom BYfEF,
prune_tree flag BB, LUBRIEINE.
use_std_err flag FRRANKNEE (RERE) .
std_err multiplier number BRAEE,
max_surrogates number AR,
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs LY SR,
priors Data
Equal
Custom
custom_priors 1L B
adjust_priors flag
trails number AT SRS RVA B IREEL,
set_ensemble method Voting DEENFRIREHESFN,
HighestProbability

HighestMeanProbability

range_ensemble_method Mean ELBEATHIREA SN,
AR

large_boost flag XTAE R AT AR SR L7 FR 3

split_alpha number BFHRITHEINEZEEKTE,

train_pct number b EN SRR,

set_random_seed flag BRI RIED,

seed number

calculate_variable_importance flag

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

adjusted_propensity_partition Test

Validation
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randomtrees 1%

o

"HEA T RRMTIE C&RT Tm; EBE, "IN TREELREABIRUCIEZR MY, HiE
SPSS Modeler V17 EF',J\DDE’JﬁﬂutH*E%%EPLTEBZE’JE’*” "REAL T R E R T FNE 3 28
RFIMMETRRN . BT ZBIAS NI BERAREFRRAEEE, £RRADKIFINGCR
DEIRNH, WRMPEDTRP 100% HWRWEERREFERFERI—MEESLR, BART REK
INERNGE. BRMNBAFRAUZRRFEEEDE (BX. BFHGS) ; DRI T
D& EBMXDEARDIFA

R 143. randomtrees BIE

randomtrees B & EithR

target FE TR SRR, REFERPERUN—
PMHENIRANFE. FZI, EBRILUEEME
TR, BXEZER, BEHE 169 18
[MaHZ2R T REE) FEf.

number_of_models integer WEEZFNERBEN—H0HENRE
=

use number of predictors flag HERSHEA number_of predictors.

number_of predictors integer EEEMBFNEENEEHANTNT S
o

use stop_rule for accuracy flag MEET R ERERTEILEENE,

sample_size number B ZERRE A IREE KA SIEE AT
BEo

handle_imbalanced_data flag MRBENBEIRERREMMSHER, FEBE
AR SRR RAVEERIEE N, BA
BIBA TS, HERUHITHSISERREF

AIRE R MR A RS TR ., R TENHREL

1, MR HIRAE RS 7 AR R
RHLEMERBARE,

use_weighted_sampling flag £/ False BY, B LERIBBEXRMEILEZRS
TENTE, £ True BY, BEIHRININFE
?XREO

max_node_number integer BIMPATFHNRAT A, NRET—
FONBI L EE, BARIEKEL,

max_depth integer BRI LRI R AR E,

min_child_node_size integer BEAHFSI KN REFTRAALFHNR/NE
. MRFHREENERENTLILE

ENEE, BARFEHEIRTR

use_costs flag

costs eayniie ZiEY. wXZEH 3 MEHARNTIR: £
Fﬂﬁ FUMEMRA (IRFUNEIR) . 6l
.
tree.setPropertyValue("costs", [["drugA",
"drugB’, 3.0, ['drugX’, "drugY’, 4.0]])
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R 143. randomtrees B (42)

randomtrees B =l Eithad
default_cost_increase none * XN EFRERBER.
Tinear RENAEFERNREE,
square
TE
max_pct_missing integer MRERBAPREENB S EERFUILLE
EWE, BBARHEREN. &/IMERN 0, |®K
79 100,
exclude_single_cat_pct integer MR—NEFEXRTCRNES LS FLILL
BEMNE, BARMEREZDRREDF
o m/IMER 1, RAEN 9%
max_category_number integer NRFERPEFHREBTZE, BABME
BMERHRRILE TR, SIMER 2
min_field variation number MRELFENTERRBUNTZE, BB
MIEEI R BRI F £ o
num_bins integer REBIERESMNARR A R, REEM
FRANNEMBEE; TR 2.
4. 5. 10. 20. 25. 50 ¢ 100,
topN integer T ERSHANEE, REER 50, &/IME
A1, &K{EH 10006

regressionnode B

ZMLEAR—FMEI NS ELAHTE USRI S SRV E @RIt 5%, EalEiulERSE

Frimth(EZ BIRYE R &/ MEo

A ERRIARAEA, ST REEREEITR. RITENENIMEFIEERLEREH#HTE MR,
5l
node = stream.create("regression", "My node")

# "Fields" tabnode.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use weight", True)
node.setPropertyValue("weight field", "Drug")

# "Model" tabnode.setPropertyValue("use_model_name", True)
node.setPropertyValue("model _name", "Regression Age")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include constant", False)

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping method", "Probability")
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node.
node.
node.
node.

setPropertyValue("probability entry", 0.77)
setPropertyValue("probability_removal", 0.88)
setPropertyValue("F_value_entry", 7.0)
setPropertyValue("F_value_removal", 8.0)

# "Output..." section

node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("model fit", True)
setPropertyValue("r_squared change", True)
setPropertyValue("selection_criteria", True)
setPropertyValue("descriptives", True)
setPropertyValue("p_correlations", True)
setPropertyValue("collinearity diagnostics", True)
setPropertyValue("confidence interval", True)
setPropertyValue("covariance_matrix", True)
setPropertyValue("durbin_watson", True)

R 144. regressionnode B

regressionnode B4 & B
target FE "EAERBEFEENBNFRUAR—EED
BWMANFE. H, TAUIEENEFE. &
XBZER, BBAE 169 N IAHEE
TREN) .
method Enter
Stepwise
Backwards
Forwards
include_constant flag
use_weight flag
weight field FE
mode Simple
Expert
complete_records flag
tolerance 1.0E-1 BEFERANE IS ETEERR,
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method usep useP: £/ F BUEZ
useF useF: £/ F &
probability_entry number
probability_removal number
F_value_entry number
F_value_removal number
selection_criteria flag
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R 144. regressionnode BIE (4%)

regressionnode [B1E =] BiER
confidence_interval flag
covariance_matrix flag
collinearity_diagnostics flag
regression_coefficients flag
exclude_fields flag
durbin_watson flag
model_fit flag
r_squared_change flag
p_correlations flag
descriptives flag
calculate_variable_importance flag

sequencenode B4

. FHT R A A BELSIIEE S B a8 KBV EIERR XN, FIIR—RFIFIRER RTINS
ik RENTMBEES. FlM, —MNEETRTIFMMEKEIME TR T REYNMEERNE. FHIT
RET CARMA XEHNEZ, B EAER—MERHR LR EZELFT.

=

Nl

node = stream.create("sequence", "My node")

# "Fields" tabnode.setPropertyValue("id field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("use_time_field", True)
node.setPropertyValue("time_field", "Datel")
node.setPropertyValue("content fields", ["Drug", "BP"])
node.setPropertyValue("partition", "Test")

# "Model" tabnode.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "Sequence_test")
node.setPropertyValue("use partitioned data", False)
node.setPropertyValue("min_supp", 15.0)
node.setPropertyValue("min_conf", 14.0)
node.setPropertyValue("max_size", 7)
node.setPropertyValue("max_predictions", 5)

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("use _max_duration", True)
node.setPropertyValue("max_duration", 3.0)
node.setPropertyValue("use pruning", True)
node.setPropertyValue("pruning_value", 4.0)
node.setPropertyValue("set mem sequences", True)
node.setPropertyValue("mem_sequences", 5.0)
node.setPropertyValue("use gaps", True)
node.setPropertyValue("min_item gap", 20.0)
node.setPropertyValue("max_item_gap", 30.0)
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R 145. sequencenode BT

sequencenode Bt &8 BiER

id_field FE BEEFIMNE, EFBEE—MRRF
U R— AR B, URk—PHS
TABFHR. FERNEFBRNARTH,
BEERATIHE 169 TN IAHBEETRE
E] TwE2Ea.

time_field FE

use_time_field flag

content_fields [field1 ... fieldn]

contiguous flag

min_supp number

min_conf number

max_size number

max_predictions number

mode Simple

Expert

use_max_duration flag

max_duration number

use_gaps flag

min_item gap number

max_item_gap number

use_pruning flag

pruning_value number

set_mem_sequences flag

mem_sequences integer

slrmnode Ei4

Lo BFEEEE (SLRM) TRIATFHE— I E282 M NESDERMUENERE, Bt
\ :III / REY, THREREIHIEREHITENIGREI AR B HITERITE,

Tl

node = stream.create("slrm", "My node")
node.setPropertyValue("target", "Offer")
node.setPropertyValue("target response", "Response")
node.setPropertyValue("inputs", ["Cust ID", "Age", "Ave Bal"])
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R 146. slrmnode B

slrmnode B4 =] BiER
target FE& BIRFEREMNEZERXFRANEFER. 5

Sh, BEILEEMEFR. BXEZER,
BEEHE 169 0l MRHRRTREY) B

o
target_response FE& KB NITEIT S

continue_training_existing_model |flag

target_field_values flag Use all: EAXRBERNE2EBE,
Specify: WEHRFIFRAVE,

target_field_values_specify [field1 ... fieldN]

include_model_assessment flag

model_assessment_random_seed number I R

model_assessment_sample size number AT 8

model_assessment_iterations number IS

display_model_evaluation flag

max_predictions number

randomization number

scoring_random_seed number

sort Ascending EBERLETMED REEBREMIRMN.
Descending

model_reliability flag

calculate_variable_importance flag

statisticsmodelnode Ef4%

"Statistics A" S FELAES BT T TIEEER PMML R IBM SPSS Statistics 12RO A0
BEIE, T EEE IBM SPSS Statistics BIFAIEIZS,

BEXETHRBMENESR, BSIE 318 A Ustatisticsmodelnode BMJ b

stpnode B4

TIEREFN (STP) TRfEAeSUERE. ATHUNEATFER FINEE) . NEaFRMBER
FREOHME. EBEFHNEMIEREERET, XETRTISRAHETIENES N TNEEN
B WBIEHITONZ/E, FAIUERETNS R ERNREMIEREAMIEN BRME.

R 147. stpnode B
stpnode B1E HiEeny BiER
FROETR
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R 147. stpnode BY (42)

(INBYERIRG|FE, BEEFHE)

stpnode B4 PiEeny BiEER
target FE; A BT
uE FE REMNMUEFR. XATFERIETE
FEo
Tocation_label FE DEFE, BFEREFH Tocation H
Fride il B AR INARE
time_field FE REMBS R F . XATFERRBES
MEMFE, FEFMEEREKI N
B, BE. BHEBicsi B
inputs [field1 ... fieldN] BMAFEMTIR,
B [B)iE] PRI~
interval_type_timestamp Years
Quarters
Months
Weeks
Days
Hours
Minutes
Seconds
interval_type date Years
Quarters
Months
Weeks
Days
interval type time Hours FREIEIZE STP BFitEBHNEEZRE RS
Minutes BEERNBAXREK
Seconds
interval_type_integer Periods BIREREiR NIRRT EIX 8], B AR

EURTFIEZFRFEREN time_field NF
ERRYTEAEISEY,

period_start integer

start_month January REBABRBIRSINEBA B (F
February W, WMRLKITEEAN=A, BHIELEH
March E—FKIBRN—AB, BAERRIEES
April HIRFIERAM=ZBFBREIZES])
May
June
July
August
September
October
November
December
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R 147. stpnode BYE (42)

stpnode /1% R Bt
week_begins_on Sunday STP RIEHUELIEMAYEIZRS | MRS
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
days_per week integer =IMERN 1, RAKERN 7, BEH 1
hours_per_day integer RAGERERHASAN/NEE, MR
"EN 10, MABEERKEM
day_begins_at BY{EIFFSAEEIIZRS|H 1L
10 M™NEY, ABBES day begins_at
BELREN T —MEES,
day_begins_at 00:00 BRI IAE T RS | AR N E,
01:00
02:00
03:00
23:00
interval_increment 1 B EIRESHIT O HHW, WIURE T
2 RERIB IR R RS IV E, A,
3 EI%E4 30 HEMNEEMRER ATEIE
4 M, HEE 30 MREHRIBE—IE
5 5lo
6
10
12
15
20
30
data_matches_interval B/RE MRIGEN N, BATTMEREE, 2K
BRI AEN interval_types
MRERHKEESERERERX, #E
interval_type MFTEXBIZEESEURE
FEULEE, EELTUGES v LARE IEER
gC 2R,
BILINEE N Y *2AMELRE,
agg_range_default Sum LWHURER FESFENRELCER
Mean Fo REAMEBATEEF CEPHMEE
=ZN SEFEEERLAIEENFEH#ITE
RAE Bo
FRA#L
FE— ML
B= L
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R 147. stpnode BY (42)

PoweredExponential

stpnode B4 PiEeny BiEER
custom agg [[field, aggregation|&EMLEMN:
method], []..] IASE: custom_agg
N fan:
[['x5' 'FirstQuartile’]['x4" 'Sum’]] | set :stpnode.custom_agg = [
[fieldl function]
[field2 function]
1
Hr function RESZFRESERN
LR R,
BEAET R
include_intercept flag
max_autoregressive lag integer =IMER 1, RAER 5, EEN 1, It
AN R falic R, At,
RIGEN 5, BBABFERLHN 5 £id
FOEFTN, ARIEREHIEIEE
MiERBEEHIERA, ALBFPE
SRR TIT D BN BRI IR,
estimation_method ESH BFx=ialths ZREHITEEN S A
S
parametric_model Gaussian SR A ERENEFSH
Exponential

exponential_power number PoweredExponential #RAEHTR, &=/
BRN 1, RKXEN 2

ERIETR

max_missing_values integer AWEREPEANEERAENER
ERAB DL

BEKFE number BEMERRIENIRNAEEME KT, 15
E STP REMEHHPAERL (BIEMI
WEMERR. BN F RIEKRARK T 1@
) MEEMEE,

RidEm-R

model_specifications flag

temporal_summary flag

Tocation_summary flag AEMNEWMB " RESEFETHEE L
o

model_quality flag

test_mean_structure flag

mean_structure_coefficients flag

autoregressive_coefficients flag

test_decay_space flag

parametric_spatial_covariance flag

correlations_heat_map flag

correlations_map flag

232 1BM SPSS Modeler 18.2 Python HIZA4RTE 5 EkigR




R 147. stpnode BYE (42)

stpnode B HiERE Btk
Tocation_clusters flag
similarity_threshold number H{E, TELEREL RS ERFRIANER
MEIATREB & HE 2R,
max_number_clusters integer ANEREREMEPEENEREN L
Ro
IRELEBHET R
use_model_name flag
model_name string
uncertainty factor number =IMERN 0, RAEN 100 REMATF
REFTNHNAHEN (FiR) BK, ©
EFTMAY_E PR T IR
svmnode EM¥
o FRAZFEREN (SVM) TR, AILUREIED AMA, MERIEMNS. SVM IS TEEIESRR
;:*;\5. B, FINBLEESERERMAFRINEES.

Nl

node = stream.create("svm", "My node")

# Expert tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("kernel", "Polynomial")

node.setPropertyValue("gamma", 1.5)

R 148. svmnode BIE.

svmnode Bt

=1

B R

all_probabilities

&

stopping_criteria

.0E-1
.0E-2

.OE-4
.0E-5
.OE-6

1
1
1.0E-3 (default)
1
1
1

WERFELEREEE,

regularization number WA C B
precision number NEBIRFERMMEZR57 Continuous
B A5

kernel RBF (FR#&) TR PiZR a8 EY,
Polynomial
Sigmoid
Linear

rbf_gamma number {R7E kernel 73 RBF BYfER,
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R 148. svmnode B (4L).

svmnode [Ei% & Eithaid

gamma number {X¥E kernel A Polynomial B Sig-
moid BY{EM,

bias number

degree number {Y1E kernel 73 Polynomial BYfEM,

calculate variable importance |#F&

calculate_raw_propensities L

calculate_adjusted_ PR

propensities

adjusted_propensity partition |Test
Validation

tcmnode Ei4

BB RARBEZHENEFIBIER AR BHIERI R, ENERRERS, SEE—HBMT

.-'Ji . 5, FEEXEERI—AREmAN. G, IE/FASTEMEBE M EFIIRE,
e HAENEE5BETMEAEREENERXRIBEA.

R 149. temnode B

tcmnode B & e 273
custom_fields m/RE
dimensionlist [dimensionl ... dimensionN]
data_struct Multiple

Single
metric_fields FER
both_target_and_input [f1 .. fN]
targets [f1 .. fN]
candidate_inputs [f1 .. fN]
forced_inputs [f1 .. fN]
use_timestamp Timestamp

Period
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R 149. temnode B (82)

tcmnode B

&

Bt

input_interval

None

ARA

&

FE

A

A

Day

I
Hour_nonperiod
pak
Minute_nonperiod
7
Second_nonperiod

period_field

string

period_start_value

integer

num_days_per_week

integer

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

integer

start_hour_of_day

integer

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

e

output_interval

None
&+
=E
A
A
Day
I
baki
0

is_same_interval

ElE

Notsame

cross_hour

iRME

aggregate_and_distribute

e

aggregate_default

Mean
it
AREL
=/ME

RAE

H#
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R 149. temnode BYE (42)

tcmnode B

&

Bt

distribute_default

Mean
&it

group_default

Mean
ait
RER
=/ME

RAE

missing_imput

Linear_interp
Series_mean
K_mean
K_meridian
Linear_trend

x

k_mean_param integer
k_median_param integer
missing_value_threshold integer
conf_level integer
max_num_predictor integer
max_lag integer
epsilon number
threshold integer
is_re_est WmIRE
num_targets integer
percent_targets integer
fields_display 1S
series_display IES
network_graph_for target mIRE
sign_level for_target number
fit_and_outlier for target mIRE
sum_and_para_for_target WmIR1E
impact_diag_for target RIRE
impact_diag_type_for target 1EFR
RE
Both
impact_diag_level_for_target integer
series_plot_for target mIRE
res_plot_for_target mIRE
top_input_for_target mIRE
forecast_table_for_target mIRE
same_as_for_target m/RE
network_graph_for_series WmIRE
sign_level_for_series number
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R 149. temnode B (82)

temnode B & EitER
fit_and_outlier for series IRE
sum_and_para_for series mIRE
impact_diagram_for_series m/RE
impact_diagram type for_series R
REH
Both
impact_diagram_level_for_series integer
series_plot_for series mIRE
residual_plot_for_series mR1E
forecast_table for series mIRE
outTier_root_cause_analysis mR1E
causal_levels integer
outlier_table RE
Hh
Both
rmsp_error RIRE
bic iRME
r_square m/RME
outliers_over time miRE
series_transormation mIRE
use_estimation_period mIRE
estimation_period A iE]
SNHE
observations LIS
observations_type Latest
=P
observations_num integer
observations_exclude integer
extend_records_into_future mIRE
forecastperiods integer
max_num_distinct_values integer
display_targets FIXEDNUMBER
PERCENTAGE
goodness_fit_measure ROOTMEAN
BIC
RSQUARE
top_input_for_series mRE
aic mIRE
rmse miRE

H#

13 & giEpREE 237



ts Bt

s
- .,
\ .

® 150. ts B

"BHEI T R T BT Bl R Y I RE B RE. R TSR0 SHEITIE (ARIMA) =5
MZTE ARIMA (BIFRIREED) BE, HEMARRMEEENTINEIE. Lt EEFEY] 5 REUTFE
SPSS Modeler % 18 RFPFEENIR BRI TR, B2, LEHN BEFRY TRt AFE
IBM SPSS Analytic Server BEJIRAMIBAREIE, HTE SPSS Modeler 5 17 RPFHMNEEESR
AP ER AR,

ts B

&(v) B4R

targets

field "B 181 R 51" 5 S5 BT AT —
KRB, FLUEEER—
NRE M HATERIERTINE
£, FMERMETRANES
B8, EEALIE 169 1)
[AEEETAREL] T

BEER.

candidate_inputs

[field1 ... fieldN] REFRE AR S FUNE S
FE

use_period

flag

date_time_field

field

input_interval

None

RH

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod

period_field

field

period_start_value

B

num_days_per_week

BY

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

2

start_hour_of_day

BY

timestamp_increments

B
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x 150. ts B (80

ts Bl

E(V)

B3R

cyclic_increments

B

cyclic_periods

(eSS

output_interval

None
Year
Quarter
Month
Week
Day
Hour
Minute
Second

is_same_interval

flag

cross_hour

flag

aggregate_and_distribute

e

aggregate_default

Mean
Sum
Mode
Min
Max

distribute_default

Mean
Sum

group_default

Mean
Sum
Mode
Min
Max

missing_imput

Linear_interp
Series_mean
K_mean
K_median
Linear_trend

k_span_points

B

use_estimation_period

flag

estimation_period

Observations

Times
date_estimation Gl NEEMA date_time field BY
AIFR
period_estimation FlR {NHERA use_period BIATF
observations_type Latest
Earliest
observations_num B
observations_exclude E25
method ExpertModeler
Exsmooth
Arima
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x 150. ts B (48)

ts Bt =[] B1%5iEA
expert_modeler _method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level shift flag
expert_outlier_innovational flag
expert_outlier_level shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local_trend flag
expert_outlier_additive_patch flag
consider_newesmodels flag
exsmooth_model_type Simple B ETB A, REE

HoltsLinearTrend
BrownsLinearTrend
DampedTrend

SimpleSeasonal
WintersAdditive
WintersMultiplicative
DampedTrendAdditive
DampedTrendMultiplicative
MultiplicativeTrendAdditive
MultiplicativeSeasonal

A Simpleo

thod="specify"
s=[{'Market_1','US
E', "},{'Market_3

MultiplicativeTrendMultiplicative
MultiplicativeTrend
futureValue_type method Compute WEREA Compute, FRARLE
specify ST E SN 28 B9 TN B 8]
FERRGRAE,
FXTENFUNZE, BT MRS
® (B, RERBYENSER
B) #TEE, HEH
specify LUFhNE. B
ERENFERMEMN, EEA
extend metric_values B
Bign:
set :ts.futureValue_type_me
set :ts.extend_metric_value
{'Market_2’,’MOST_RECENT_ VAL
exsmooth_transformation_type None
SquareRoot
Naturallog
arima.p B
arima.d B
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x 150. ts B (80

ts B =[] EMi5RA
arima.q B
arima.sp B
arima.sd B
arima.sq B
arima_transformation_type None
SquareRoot
NaturallLog
arima_include_constant flag
tf_arima.p. fieldname BY FB TR 2o
tf_arima.d. fieldname B TR
tf_arima.q. fieldname BY FBF R 2o
tf_arima.sp. fieldname B FA TR
tf_arima.sd. fieldname BY FB R 2o
tf_arima.sq. fieldname B FA TR
tf_arima.delay. fieldname BY FFHRER AL
tf_arima.transformation_type. fieldname None ATFERRE,
SquareRoot
NaturallLog
arima_detect_outliers flag
arima_outlier_additive flag
arima_outlier_level_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
max_lags B
cal_PI flag
conf_limit_pct real
events FE
continue flag
scoring_model only flag RAFaEa&kE (¥h) HiEF
FIBIIREL,
forecastperiods B
extend_records_into_future flag
extend metric_values FE AFEATNESRHERE
(=18
conf_limits flag
noise_res flag
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x 150. ts B (48)

ts Bk &(V) B4 EA
max_models_output B RF =6 P 2R ER

HE, REEN 10, MRME
R SEEBIIE, BaR
AR ERERH. BRI
BFiT.

timeseriesnode Bt (FiEHEF)

o5 s WWEA BHEIRESI T ATE SPSS Modeler V18 (BRI, HABMAF MEFFIHa, I

\ i8It AR IBM SPSS Analytic Server BEFISRAMEANIE, "BHEIRFS"¥S miditATiaE 5%k

' EMIERTRER, BPTBEEIEAHHTIIE ARIMA) BEMZETE ARIMA (BIEHRELR)
R, HAERRREAENTRINEIE, £ a5 S BN e X T S

ANl

node = stream.create("timeseries", "My node")
node.setPropertyValue("method", "Exsmooth")
node.setPropertyValue("exsmooth model type", "HoltsLinearTrend")
node.setPropertyValue("exsmooth_transformation_type", "None")

&R 151. timeseriesnode JBIE

timeseriesnode B1% & Btk
targets FE& "BY i8] 5" T BT A —
HEZT B, AILUERER—
PHZPMRAFREATNE
2, MEAMRFERAINET
B, E2ATYE 169 15
[(AHBET AR ] TH
BEER.
continue flag
method ExpertModeler
Exsmooth
Arima
Reuse
expert_modeler_method flag
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level_shift flag
expert_outlier_innovational flag
expert_outlier_level_shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert outlier Tlocal trend flag
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R 151. timeseriesnode B4 (4)

timeseriesnode /% L ek 250
expert_outlier_additive_patch flag
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type None
SquareRoot
Naturallog
arima_p integer
arima_d integer
arima_q integer
arima_sp integer
arima_sd integer
arima_sq integer
arima_transformation_type None
SquareRoot
NaturallLog
arima_include_constant flag
tf_arima_p. fieldname integer FAF AR #Ro
tf_arima_d. fieldname integer TR
tf_arima_q. fieldname integer FA TR #Ro
tf_arima_sp. fieldname integer ATERRE,
tf_arima_sd. fieldname integer FA TR #Ro
tf_arima_sq. fieldname integer TR
tf_arima_delay. fieldname integer FA TR #R,
tf_arima_transformation_type. fieldname None ATFERRE,
SquareRoot
Naturallog
arima_detect_outTier_mode None
Automatic
arima_outlier_additive flag
arima_outlier_level_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
conf_limit_pct real
max_lags integer

H#
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R 151. timeseriesnode B4 (42)

timeseriesnode Bi% =l BiER

events FE&

scoring_model only flag RBFEa&XE (¥AH) HiERF
FIRgIESY,

treeas EB¥

N "W-AS"HRRMTIA CHAID TR; BR, "W-ASTREELEABIEURRE M, H1E
'.__/gfbp\“ SPSS Modeler V17 HARMEMHERRFT EREMMIRE, T RBESEA RS (CHAID)

FKIRFRMIFSD, MMERRER, X CHAID WX—FERRTEMIEZTH, BHRERELIFRIF
BEMNULEND . BRBMAFTRAUZHFTEE (&%) H9%. Exhaustive CHAID &
CHAID BYEIERR, ENPIEREIHTEARNLE, BitEELRK,

R 152. treeas BMY

treeas B & BEiER
target FER 7 Tree-AS T2, CHAID {REEEZHNH

=P HSMAANTFR. HI, ERILIEE
MEFE, BRXEZER, BEHAE 169 7Y
[y TRHERETREM FE/

method chaid

exhaustive_chaid
max_depth integer BRARARE (K0 2l 200 » BRINMEAR 5
num_bins integer NSEOERESRANARN A A, REEA

TRANEMBE, WMy 2.

4, 5. 10, 20. 25. 50 3 100,
record_threshold integer BRI, FRIKENIER T EEME
R MR p BUMRABEZ K. REE
79 1,000,000; EIRIEE 10,000 FULIB AR
o

split_alpha number AFHRITHENEZNKT. ZESXIANTF
0.01 # 0.99 Zigl

merge_alpha number RAFHITEHNEZEEKFE. ZESANTF
0.01 #1 0.99 Zj&l,

bonferroni_adjustment flag M Bonferroni A EEME,
effect_size threshold_cont number REAFERELBMFER T RMEHER N
BN A/NSE. ZELASTT 0.01 F 0.99
2o

effect_size threshold cat number REFEADEBMFES T RMEHLZNH
MM A/NEE, ZELANTF 0.01 F 0.99
Zilo

split_merged_categories flag AT EHMEFHITEDE,
grouping_sig_level number BFHENEAER T RAR MRS ED
=t

o
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R 152. treeas B (47)

treeas B4 & Btk
chi_square pearson XEBAFIHERAFAITNAE: Pearson M
Tikelihood ratio SALL
minimum_record_use use_percentage
use_absolute
min_parent_records_pc number REERN 2, &IMEN 1, RAMEHN 100, 3G
BH 1o KZEXIETFRZ.
min_child_records_pc number REEN 1. &/IMER 1, RAEA 100, 1§
27 1
min_parent_records_abs number REEHN 100, &=/IMEA 1, &AEHR 100,
BEHN 1, RKOZEXIETFIR.
min_child_records_abs number REERN 50, =IMEHN 1, mAEHR 100,
WEN 1o
epsilon number R B TR N RN E,
max_iterations number WS B A HORE
use_costs flag
costs Ry ZrEd. wX2H 3 MEEARTIR: XL
FrE. FUNENAEA (WRTUEIR) o Fl
4.
tree.setPropertyValue("costs", [["drugA",
"drugB", 3.0], ['drugX", "drugY", 4.0]])
default_cost_increase none * XN EFERFER.
Tinear B EFERRIRE E,
square
TE
calculate_conf flag
display_rule_id flag EFSBEHPAMN—PFE, RAEMER
D ECEIRI AR U T RAYARIR,

twostepnode E14%

T TNRERRIREGE, BT TRRARMIELE, UERRIGMANSBIEERES N EEN

FREES, B_IERABRAREAEFFRE DI ITEHNEANRE, "“M"BEE—ML

=, MEEBNIIGHER AT REREY. EUSHAERGHNFEREBMAENYIE

%

Nl

node = stream.create("twostep", "My node")
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("inputs", ["Age", "K", "Na", "BP"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use _model name", False)
node.setPropertyValue("model_name", "TwoStep_Drug")
node.setPropertyValue("use_partitioned data", True)
node.setPropertyValue("exclude outliers", True)
node.setPropertyValue("cluster_label", "String")
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node.setPropertyValue("Tabel prefix", "TwoStep ")
node.setPropertyValue("cluster_num_auto", False)
node.setPropertyValue("max_num _clusters", 9)
node.setPropertyValue("min_num clusters", 3)
node.setPropertyValue("num_clusters", 7)

&R 153. twostepnode B

twostepnode /B & B
inputs [field1 ... fieldN] "ZMREERRATESIR, BRERBR
FBo FMRFIINEFRMMEFTER, BXE
%158, BEAE 169 1 [AEEED 4|
EETN==8
standardize flag
exclude_outliers flag
percentage number
cluster_num_auto flag
min_num_cTlusters number
max_num_clusters number
num_clusters number
cluster_label FRIEH
Number
label_prefix string
distance_measure Euclidean
Loglikelihood
clustering_criterion AIC
BIC

twostepAS Ei%

"THMRE'B-MRRIA, BTETIMEETREATHEENEASA BIERE) . IEER
NEEE S P AHNREERA TEARERAR, FINLEDEMESTE. REHKENED
PN AT B,

& 154. twostepAS B

twostepAS EE =] Bi%ER
inputs [f1 ... fN] TwoStepAS #EEMER—FIHAN

Fi, EFNEAENRFR. &
IRBINEFRRAAERFE,

use_predefined roles B/RE TREEN True
use_custom field assignments m/RE fRE{E) False
cluster_num_auto RIRE FREEN True
min_num_clusters integer HREERN 2
max_num_clusters integer REEN 15

246 1BM SPSS Modeler 18.2 Python HIZA4RE 5 EhkigR



& 154. twostepAS B (8

twostepAS B =] BiER
num_clusters integer REEN 5
clustering_criterion AIC

BIC

automatic_clustering_method

use_clustering_criterion_setting
Distance_jump

&/ME

RAE

feature_importance_method

use_clustering_criterion_setting

effect_size

use_random_seed mIRE
random_seed integer
distance_measure EucTidean

Loglikelihood
include outlier clusters R/RE FREEN True
num_cases_in_feature_tree_leaf_is _less_than |integer REEN 10
top_perc_outliers integer HREEN 5
initial_dist_change_threshold integer REEHN 0
Teaf_node _maximum_branches integer HREEN 8
non_leaf_node_maximum_branches integer REEN 8
max_tree_depth integer HREEN 3
adjustment_weight_on_measurement _level integer REEN 6
memory allocation mb BF HREERN 512
delayed split HIR(E HREEN True
fields_to_standardize [f1 ... N]
adaptive_feature selection m/RE TREEN True
featureMisPercent integer REEN 70
coefRange HE HEEN 0.05
percCasesSingleCategory integer HEEN 95
numCases integer REEN 24
include_model_specifications BIRE REEN True
include_record summary m/R1E TREEN True
include_field transformations BIRE REEN True
excluded_inputs m/R1E TREEN True
evaluate model quality WmIRE REEN True
show_feature importance bar chart m/RE FREEN True
show_feature_importance_ word_cloud m/RE TREEN True
show outlier clusters m/RE FREEN True
interactive_table_and_chart
show_outlier_clusters_pivot_table mRE TREEAN True
across_cluster_feature importance R/RE FREEN True
across_cluster_profiles_pivot_table m/RE TREEN True
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& 154. twostepAS B (40

twostepAS B =] BlER
withinprofiles H/RE HEEA True
cluster distances m/R1E fREEAN True
cluster Tlabel FRE#

Number
Tabel _prefix FRIER
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E 14 & EERTEEM

BERTRAGSHMTSERMNAHLEYE. BXEZER, B2HAE 3 TN IAHT AR E#.

applyanomalydetectionnode B

R UER" BB R SRER ' B RN REIR, ZARBRBARZ A applyanomalydetectionnode,
ﬁ K RESEETRESMARNFMES, H5HE 169 18 lanomalydetectionnode B b

R 155. applyanomalydetectionnode JB1%

B =l EithER
anomaly_score method FlagAndScore HE QRS B A TS
FlagOnly
ScoreOnly
num_fields B ERENFE
discard_records flag EREGMREHPERIER.
discard_anomalous_records flag EBTEEFFRIEREEER EREIER. RERK
?5?9 Off; 13,53_—\%%5”5 15%0 IZIU_I\IJJ yu%'{k/u\jj
on, MBAEFREILR., NHBA discard_records
BMN, AaBRLtEM.

applyapriorinode Bt
SR LAEER Apriori BARTIRRER Apriori #REIR, ZARBIRMARBITA applyapriorinode. BXRE &
BH B SHANEAEE, BESHE 170 1A lapriorinode B1ES |

& 156. applyapriorinode B4

applyapriorinode B4 & BEHER
max_predictions BF (B
ignore_unmatached flag
allow_repeats flag
check_basket NoPredictions
Predictions
NoCheck
criterion Confidence
Support
RuTeSupport
Lift
Deployability
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applyassociationrulesnode E%

KECRNEIET R A A FERREGINAEEIR,,  IARBUIRBIB AR GBI AR FRA applyassociationrulesnodes
IWRETABEHITHARHNESER, BSHE 172 T lassociationrulesnode EMJ |

& 157. applyassociationrulesnode &%

applyassociationrulesnode B4 |iERE B4R
max_predictions integer B LAY NN LUAATIT 53 BRI B9 B K E
criterion Confidence EERTHEANRENES,

Rulesupport

Lift

Conditionsupport

Deployability
allow_repeats miRME WERSEIHFEE BEEHEETUNAFN,
check_input NoPredictions

Predictions

NoCheck

applyautoclassifiernode B4

SR LUER" Boh D K BIET mRER Boh) K3 EAR, RBIRIIARZ IR applyautoclassifiernodes
BEXREEETREIMARFMES, E8HE 173 71H lautoclassifiernode B b

& 158. applyautoclassifiernode &M

applyautoclassifiernode B & Bl

flag_ensemble method Voting EERATFHERKITEDNG E. XHik
ConfidencelWeightedVoting TR BRI S TR, F=NALS
RawPropensityWeightedVoting Bo
HighestConfidence
AverageRawPropensity

flag_voting tie_selection Random MREEEREFHE, BABTHERE
HighestConfidence WAEZE. NEXENEMBIRSEFE
RawPropensity N, ZA=RALSE,

set_ensemble_method Voting BERATHRERBMRTINSE, XX
ConfidencelWeightedVoting EHBEITEESFERN, FaNAL%
HighestConfidence =1

set_voting_tie_selection Random MREEEREHE, BAETHRRE
HighestConfidence MNAE. NEEEHNEREBZXFE

B, A=RALEE,

applyautoclusternode JE1%

SRR BohRE " BRI R E L BohREREIR, ZIRBLRIBIAR BTN applyautoclusternode, IHHAREY
RAEEEAEMEY. GXREEETSEIMANEAEE, E2HE 176 5l lautoclusternode &)
EIN3
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applyautonumericnode E4
eI LR BT AR mORE A B F 1R AR, MWRBRAIRARE TR applyautonumericnode, BX

15N

HERETABEMANIEAEE, B2E 177 71 lautonumericnode BMHS |

& 159. applyautonumericnode B
applyautonumericnode B4 & B

calculate_standard_error flag

applybayesnetnode Bt
BT LUSE AR DI H AR BRAR T R A AR DU HT A8 1R BUIR, IZARBURAVB AR B IR0 applybayesnetnode, B X

158

HRERETREEMENIEMAEE, B2IFE 178 TIH Ibayesnetnode B b

& 160. applybayesnetnode JBME.

applybayesnetnode B4 & BiER
all_probabilities &
raw_propensity &
adjusted_propensity tri&
calculate_raw propensities 15
calculate_adjusted_propensities &

applyc50node B
R LIER C5.0 IR RRERM C5.0 RAR, ZIRERHBIRZHA applycs50node. BXRHEEETRE
BHIAREMEE, BESHE 180 T1AY IcS0node B1ES b

& 161. applyc50node B

applyc50node B4 & BiER
sql_generate udf RAFIgEMNEHRITHREFERAR SQL 4k
Never W, TREEN udfo
NoMissingValues
calculate_conf flag BF SQL £mREAA; EMEREREENIT
BEETEERBINF,
calculate_raw_propensities flag
calculate_adjusted_propensities |flag

applycarmanode B4
ERILAER CARMA EBIETRRER CARMA REUR, ZIRBURIBIRZITA applycarmanode, IEAREIIR

B

FEEEMHEMEY. BXREEET RBSHANFMAESR, F2HE 181 71K lcarmanode B |
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applycartnode B4

Ay

HRBESMANFEMAES, FSHE 182 A lcartnode BMJ b

& 162. applycartnode B

BRI LIER"C&R M BEETTRREM "C&R M"REIR, ZRBRBBARRIRA applycartnodes BRIWE BIE

enable_sql_generation

applycartnode E% & B
Never BT &EMMNERITEREERMN SQL 4%

MissingValues
NoMissingValues

T,

calculate_conf

flag

B SQL £miYAA; WEMERBEFEENIT
BEEEERBINE,

EPDBEPRN—N T, RREMER

display_rule_id flag

D EEIFL T RBIRIR.
calculate_raw_propensities flag
calculate_adjusted_propensities |flag

applychaidnode Ei4%

EA LUER CHAID BIETISRAER CHAID AR, ZIERIRMBABFRA applychaidnode. 18 XIRE IS
TR BEBHENEMER, BSIAE 184 71 lchaidnode B b

& 163. applychaidnode [B1%

applychaidnode B & Bi%ER
enable_sql_generation Never BFIREANEHRITHREERRY SQL 4Rt
MissingValues T,
calculate_conf flag
display_rule_id flag AN REHPARM—NFERE, RS MER
P ECEIRIL T REVRIR,

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applycoxregnode Et¥
BRI LUER Cox BIRTRRER Cox 1REUR, ZIRBURIVHABIRA applycoxregnode, BXRREEET = H

Ay

BHAREMES, EBHE 186 K lcoxregnode BIEJ |

& 164. applycoxregnode B4

applycoxregnode B4 & Bi%iER
future_time_as Intervals
FER
time_interval 2
num_future_times g
time_field field
past_survival_time field
all_probabilities flag
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R 164. applycoxregnode B (42)
applycoxregnode Btf =] BiER

cumulative_hazard flag

applydecisionlistnode &%

ERT LUER " REESIR BIET R E R TR ER YR R ER, ZIRBURBI AR B IR applydecisionlistnode, B X4
EEETHESMANEMAEE, 152%%E 188 MY Idecisionlistnode B b

R 165. applydecisionlistnode J&1%

applydecisionlistnode 1% &8 B
enable_sql_generation flag fEA true BY, IBM SPSS Modeler =1

RERFNFAREOHEE] SQL,

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applydiscriminantnode Ei%

BT LAGE A AR AR R R FIR IR BYIR, ZARBLIRAVB R B HRA applydiscriminantnode, B XIS IEIE
TR BEBHAENEAEE, BSEE 189 TR ldiscriminantnode B |
& 166. applydiscriminantnode &%

applydiscriminantnode B14% &8 B

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applyextension B14%

BIRA applyextension, B RIERT = B H#HITRHIAIRHIH
@571.:. , EBEE 190 1M lextensionmodelnode J&)|

W T REET RO BT ERY RIERR, HEEIREIRIZ R

Python for Spark Rfjl

#### script example for Python for Spark
applyModel = stream.findByType("extension_apply", None)

score_script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.mllib.Tinalg import DenseVector

from pyspark.mllib.tree import DecisionTreeModel

from pyspark.sql.types import StringType, StructField

cxt = spss.pyspark.runtime.getContext()

% 14 B ERERLEEE 253



if cxt.isComputeDataModelOnly():
_schema = cxt.getSparkInputSchema()
_schema.fields.append(StructField("Prediction", StringType(), nullable=True))
cxt.setSparkOutputSchema(_schema)

else:
df = cxt.getSparkInputData()

_modelPath = cxt.getModelContentToPath("TreeModel")
metadata = json.loads(cxt.getModelContentToString("model.dm"))

schema = df.dtypes|[:]
target = "Drug"
predictors = ["Age","BP","Sex","Cholesterol","Na","K"]

Tookup = {}
for i in range(0,len(schema)):
Tookup[schema[i][0]] = i

def row2LabeledPoint(dm,lookup,target,predictors,row):
target_index = lookup[target]
tval = dm[target_index].index(row[target index])
pvals = []
for predictor in predictors:
predictor_index = Tookup[predictor]
if isinstance(dm[predictor_index],list):
pval = row[predictor_index] in dm[predictor_index] and dm[predictor_index].index(row[predictor_index]) or -
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval, DenseVector(pvals))

# convert dataframe to an RDD containing LabeledPoint

Tps = df.rdd.map(lambda row: row2LabeledPoint(metadata,lookup,target,predictors,row))
treeModel = DecisionTreeModel.load(cxt.getSparkContext(), _modelPath);

# score the model, produces an RDD containing just double values

predictions = treeModel.predict(Tps.map(Tambda 1p: 1p.features))

def addPrediction(x,dm,lookup,target):
result = []
for _idx in range(0, len(x[0])):
result.append(x[0] [_idx])
result.append(dm[lookup[target]] [int(x[1])])
return result

schema = cxt.getSparkInputSchema()

_schema.fields.append(StructField("Prediction", StringType(), nullable=True))

rdd2 = df.rdd.zip(predictions).map(Tambda x:addPrediction(x, metadata, Tookup, target))
outDF = cxt.getSparkSQLContext().createDataFrame(rdd2, _schema)

cxt.setSparkOutputData (outDF)

applyModel.setPropertyValue("python_syntax", score script)

R =5l

#### script example for R

applyModel.setPropertyValue("r_syntax", """
result<-predict(modelerModel,newdata=modelerData)
modelerData<-chind(modelerData,result)
varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",fieldMeasure="",
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")
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& 167. applyextension B

applyextension B14% =] BiER
r_syntax string XEATHITIRETDH R MAE %,
python_syntax string XEATHITRAITSH Python M7
Bio
use_batch_size flag B et E,
batch_size integer EEEC TS MMMIERRNEIRICR
58
convert_flags StringsAndDoubles 3% T A F 3R AR S F ERo
LogicalValues
convert_missing flag BRI TGRS B R NA (B
convert_datetime flag 2T A T/ B8 H #AsC B #ARYEIAE =
WEEFMA R BEA/BEIRE,
convert_datetime_class POSIXct XA T8 E 2% B #ASK B HARY 8]
POSIX1t BEANEEER T AR,

applyfactornode Ef%¥

{EET LB PCA /BT BT SRR PCA/ T 1R R, ZABEURBMIAE IR applyfactornodes HABTIR

FEEEAEMEE. BXRFEEERT

RAESHRIFAER, 55

BES

193 T1BY Ifactornode EMJ

applyfeatureselectionnode %

& B] LAGE A IR AR T R A AR DRI R AR, 2R BRI BTN applyfeatureselectionnode. B
KRESERTREEMANEAEE, BSHE 194 1A [featureselectionnode BIEJ |

3R 168. applyfeatureselectionnode J&1%

applyfeatureselectionnode EtE

&

e 13

selected_ranked_fields

EEETERENERPRE

E&o

WL EHFREY T

selected_screened_fields

EEBAERENSSEPHNE

B

W LE B I 1 BY 7

applygeneralizedlinearnode E%¥
BRI XA (genlin) BET SRER - XA BRE, ZEYROMASTRN

applygeneralizedlinearnode, BXRREZRTI ~ B IMARIFMAES, 15

R 169. applygeneralizedlinearnode [E1%

2i%% 196 1A Tgenlinnode B1EJ |

applygeneralizedlinearnode B4 |{& B4R
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
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applygimmnode E14%

EETLUEA GLMM AT S3RAER GLMM 18R, ZIERURMBIAGIN applyglmmnode, 5 XTI
R B GHANEAES, BESAE 199 1 Tgimmnode BIE) }

& 170. applyglmmnode B

applyglmmnode B1% & B4R
confidence onProbability HEIFSEEEENEMN: SRS
onIncrease ERESRETNESEZ ZE,

score_category_probabilities flag NRIGEN true, FBANDZEBEIRERTUNIEE
X, I8N LNNE—1MFE, REEN
Falseo

max_categories B EMMMEENFTARELINHBE., XY
score_category _probabilities /9 True B
M,

score_propensity flag NRIGEH True, BBANEBITEBITAVRE

ERRBIAETS (True"ERTTREMN)
MRDRETFER, BAREEZREN
AXFERBEENMATD. REEN

Falseo
enable_sql_generation udf BATFERPITHIENEE SQL £RHET, EM
native IR EIEIEEFER SPSS® Modeler Server

EHEREE (NRERIRETIFSIEERLS
HEIRE) #1745, HETE SPSS Modeler
AT

HEEAN udfo

applygle B
GLE BET S ATER GLE REIR, WIRBBREAES|RITN applygle. BRITEET S BB HTHIA
FEINEZEE, B2EE 202 5189 lele B |

& 171. applygle B

applygle Bt & BEER
enable_sql_generation udf BFEFRNITHRENSE SQL EmMIEm, #FEF
native JEHERIBUREHMER SPSS Modeler Server i

SERE MREEITET T9EREN
HUERE) TS, SETE SPSS Modeler 1Y
53

applygmm Ei%

SHRE T RABTERSINEGRER, IMEEIRAVBAGRSI RN applygmme ZARBRAFEHMEE.
BXREEEET RBSMANFEAER, BF2HE 321 M lgmm B |
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applykmeansnode Et¥

IEAILAEA K-Means BIETIRKER K-Means AR, ZARBRIFIARZFRA applykmeansnode, LEAZRILR
FRAEHAHEMEN. BXEEEETRBSHANEAES, B2HE 207 118 lkmeansnode EBIJ |

applyknnnode B4

R LIER KNN Z2IETRCRERM KNN REUR, WERRIBAZIRE applyknnnode, BXRRBE BIET =
BEMARFMES, B5HE 208 1 lknnnode EMJ b

&R 172. applyknnnode B4

applyknnnode @14 & BiER
all_probabilities flag
save_distances flag

applykohonennode &%

&ATLAEA Kohonen EARTI R4 Kohonen #REUR, ZIRBREIMIAREZIRIY applykohonennode, LEAREL
RAREEAHMEY, EXESEETSBSMANFHAEE, ESHE 180 T1H I'c50node EMHJ |

applylinearnode E14%

TSR] AR R 1 AR T SR A AR R M IR BLR, ZARBURAVHIARZFRA applylinearnode, BXRE EIRT =B
BHAREMER, B52RE 211 718 llinearnode EEJ |

& 173. applylinearnode B

Tinear EM¥ & Bi%iER
use_custom_name flag
custom_name FRE#
enable_sql_generation udf BTFERPITHIENRE SQL £RED, HEM
native IR EIFIREFHER SPSS® Modeler Server
puresql FHERR (NREZRIRETIESIESEHRS
RIEIRE) #1745 . £ SPSS Modeler AT
7, RERIBEEHER SQL Ha.
HREERN udf,

applylinearasnode Et¥

Linear-AS EET R B]FT4ERL Linear-AS 1RE3R, IWIRBURIVHIAYGRHI B IR applylinearasnode. B XY
EEETSESMAMNFMESR, BESRE 212 7189 llinearasnode &M b

& 174. applylinearasnode B4

applylinearasnode /B & Bi%ER
enable_sql_generation udf REEN udf,
native
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applylogregnode B4
S AE A "Logistic ElVIRE"BEIET RREM Logistic BIVIRBRRIR, ZRB WAL T

applylogregnode, BXRERET RESMANFMAER, FSFE 213 718 llogregnode B b

& 175. applylogregnode &%

applylogregnode B4 & BER
calculate_raw_propensities flag
calculate_conf flag
enable_sql_generation flag

applylsvmnode B4

LSVM EBET Rl ATAM LSVM AR, HREIRMIBIAGESIZFRA applylsomnodes BRITEET RBES
HITHARFINESZEE, BB2REE 217 518 lsvmnode BIES b

& 176. applylsomnode B

applylsvmnode B4 =] BiER

calculate_raw_propensities flag BERGITERIBMMIES.

enable_sql_generation udf EERBR"TNEER" (NRERE) HEX
native TR, EREHIREINTD .

applyneuralnetnode Ei%
(AT IR R L AR TS SR P MRS AR, AR RIMIA IS applyneuralinetnode, %S

s

EETREEMANIEAEE, B2EE 218 T Mmeuralnetnode B b

AR RRITHRPRET BB ERINENHTRARSENEREIR, FRET—T (applyneuralnetwork) Hi
INd. RESHRATARTR, ERITENEERMAUERMEMRE. LAMRE T STaiiApIiF4AE 81U

HEE, EREFRNEITRPRERS.

R 177. applyneuralnetnode JE%

applyneuralnetnode 4% & Bk
calculate_conf flag B SQL £MEAEA; EEREEERITES
FETEE AR,
enable_sql_generation flag
nn_score_method Difference
SoftMax
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
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applyneuralnetworknode /E1%

BT DUE R AR LS AR TT SR AE PR AR LS IR YR, ZARBYRAVI AR B HRA applyneuralnetworknode, B X
HERET RBEMANIEMAES, 15817 neuralnetworknode B, |

&R 178. applyneuralnetworknode B1%

applyneuralnetworknode B4 & B
use_custom_name flag
custom_name string
confidence onProbability
onlncrease
score_category probabilities flag
max_categories number
score_propensity flag
enable_sql_generation udf BFERPITHENRE SQL £RHED, EM
native B EIFIREFHER SPSS® Modeler Server
puresql FHERR (NREZRIRETIES SRS
BORUREE) #1759, 7E SPSS Modeler HT
7, WEWEEIEFEHER SQL 15,
REEN udf,

applyocsvmnode Et%

B3 SVM TRAJATEMSBEE SVM RER, IHREIRAVEIALGSI RN applyocsvmnode, ZIRBIRANIFIE
HittEM, AXFEEEETRBIMANFMAES, BFSIHE 325 TH Tocsvmnode BMJ b

applyquestnode E1%

SR LAER QUEST BT = R4ER QUEST REUR, ZIRBURMZARZIRA applyquestnode, B RIRE EIR
TR BEBHENEMAER, BSRE 222 718 Tquestnode &% |

& 179. applyquestnode B

applyquestnode B & B
enable_sql_generation Never AT IREMNEHRITHAEFERR SQL ARt
MissingValues I,
NoMissingValues
calculate_conf flag
display_rule_id flag AN BWEHPARIM—IFE, KR8 MER
7 BRI T REVRIR,
calculate_raw_propensities flag

calculate_adjusted_propensities |flag
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applyr B¢

EAILUER'R MR T aREM R Rk, WEEBRMBIARH IR applyre BXREEET 5 B B4
FAER, BSEAE 179 89 Tbuildr B b

& 180. applyr B

applyr B &8 B4R
score_syntax string XEATFHITIRIETOH R MAREE,
convert_flags StringsAndDoubles BRI A F AT S F B
LogicalValues
convert_datetime flag IEEIR A F% B 5 HHASE B HART [l =
W EiEH R BEA/BEIER.
convert_datetime_class POSIXct XL A THEE Z 4% B #As B AR (8]
POSIX1t BEHNEBER AT AR
convert_missing flag BT IR B A R NA B
use_batch_size flag SR AR
batch_size integer EEEGCETESMLEFRNEIRER
#

applyrandomtrees 1%

"FEATLIN AR T B AT AR BEA A IR AR, AR B ERBIB AR EI R FR A applyrandomtrees, B RITIRIETI =
BEHTHARHNEZELE, ESHE 224 718 randomtrees B |

& 181. applyrandomtrees JB%E

applyrandomtrees B &8 BiER

calculate_conf flag ItEHEEEEITERSTERAIRF,

enable_sql_generation udf BTFERPITHIENRE SQL £RET, HEE
native [EHEEIEIEZEFER SPSS Modeler Server 1

DERE WREEINRET TN ERSEN
BURE) B1TIFS, BTE SPSS Modeler A
5

asapplyregressionnode /&%

B AR 1M )T AR T R R S R R BLR, ZIRBRAVEIARZFR A applyregressionnode, LEAREY
RAEBTAEMEN. BXAETRETRBSHAFMES, ES5RE 225 718 lregressionnode B |

applyselflearningnode Ef%

BRAUER"BFEMNER (SLRM)"BERETRKEK SLRM HER, ZEKEEBEREARZ RN
applyselflearningnode, BXRREEET R B SHANIFRER, BSHE 228 71K lslrmnode BMJ |

& 182. applyselflearningnode B4

applyselflearningnode B4 ] B4R
max_predictions #r
randomization BF
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R 182. applyselflearningnode &M% (42)

applyselflearningnode B4 & B4R

scoring_random seed 2

sort ascending EERAETES REEERENIRM,
descending

model reliability flag B E AR AR R e IR IE R IE N,

applysequencenode Ei%

TR LUER Y R R R Y R BR, R IR BRIV AR IR A applysequencenode, HHAREURABEE
AEMEE. BEXRESERTSEBHANFMAEE, BSRE 227 118 lsequencenode &S |

applysvmnode E4%

ERILUER SVM BIRTTmSRER SVM 1RBUR, ZIRBURIBIARB I applysvmnode, BXRREEIETI = E
BHIZARIFEMES, 1525%E 233 78 lsvmnode B |

& 183. applysumnode BT

applysvmnode B & BIEHER
all_probabilities flag
calculate_raw_propensities flag
calculate_adjusted_propensities flag

applystpnode E4%
STP EET A AFEMKBIEER, MEARTREEESPETRREH, WREIRNEAES RN
applystpnode, BRITEIET R B HHITHIARHNESEL, BESRE 229 5189 lstpnode B |

R 184. applystpnode B

applystpnode B BiEER B4R
uncertainty factor mIRE =IMERN 0, RAMEAN 100,

applytcmnode E14%

BHElRREE (TCM) BET R ATER TCM EEIR,  IRBRAVFIZAYRSEI 2R applytcmnodes B X
NERETRBEFHITHARFNESER, BESHE 234 1189 ltemnode B |

& 185. applytcmnode B

applytcmnode B & BIEHER
ext_future mIRE

ext_future_num integer

noise_res mIRE

conf_Tlimits WmIRE

target_fields eSS

target_series (e
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applyts B4

& A] LAE R BB 5 AR T R EE B B Bl H I R AR, IARBURAVBIZSIREI R RN applytse B RITEIETS
BEHTHARFINESER, F2RE 238 T8 Its B b

& 186. applyts B

applyts B & BER
extend_records_into_future B/RE

ext_future_num integer

compute_future values_input WIR(E

forecastperiods integer

noise_res BIRE

conf_limits m/R1E

target fields e

target_series LIES

includeTargets FER

applytimeseriesnode Eif (Rif#E)

SR LA R B B e 5 AR T R AR BT Bl B 5 R BUR,, ZAR BRI AR RN applytimeseriesnode, B X4
ERETSEBMANFMAEE, BESFE 242 718 ltimeseriesnode B (R#EE) 1 b

R 187. applytimeseriesnode JBI%E.

applytimeseriesnode [B1% {11 EitiER
calculate conf 15
calculate residuals &

applytreeas E4%

Tree-AS BHRTRAIBTEM Tree-AS #REUR, MREBIRMBIRIREILIRA applytreenaso BRWNERTRE
SHITHAREHNESER, BSAE 244 TIH Ttreeas B |

& 188. applytreeas B

applytreeas Bi% & BiER

calculate_conf flag EEMREEEITESSTERNRNA,

display_rule_id flag EFSBEHPAMN—PFE, RAEMER
DRI R AYATIR,

enable_sql_generation udf RFERRITHIEIZE SQL £Mitm, #EZF

native [EHERIFIREEFH (R SPSS Modeler Server iF

DSk (MRERILETITHSERH
HIERE) #1779, HETE SPSS Modeler K
5o
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applytwostepnode Ei%

TR LR Z M AR T SRR MM R AR, ZARBURBIBI AR RN applytwostepnode, IAREIRANEHIE
HHEHMEY. BXREEET ABSHANFRER, FSHEE 245 718 ltwostepnode EMJ |

applytwostepAS B4

ZM AS BRI ATEMRTM AS RER, WIRBRIBIARLREI BTN applytwostepAS. BXRRE EIET
SBEFMARFMER, EBIRE 246 718 TtwostepAS BMHJ |

&R 189. applytwostepAS B

applytwostepAS B4 & BiER
enable_sql_generation udf BFERPITHENZE SQL 4HEDR, M
native EIEHEIEUEZEH (A SPSS® Modeler Server

WoEksE (NMRERINLET TSRS
BVEER) #1TITD, HETE SPSS Modeler
)

REEN udf,

applyxgboosttreenode &%

XGBoost Tree TTmAIATFEM XGBoost Tree IR, IIRBIRIVHIAIREI RIS applyxgboosttreenode, %
BRARAEEEMEYE. EXRSRETRESMNENEAEE, BESFE 331 18 Ixgboosttreenode J&|
XN

applyxgboostlinearnode /E14%

XGBoost Linear TR BT 4R XGBoost Linear EAIR, IARTUIRAEIHIAGRHIZFTA applyxgboostlinearnodes
ZREERAEEEMEN. BFRERET B INAN¥MES, BESIE 330 58 Txgboostlinearnode &)
EIN:

hdbscannugget Ei¥

HDBSCAN TS mAIATEM HDBSCAN #REIR, HRRIRAIMIARSIZFE/ hdbscannugget, ZIRRIRATF
THMEM. BXREEET ABSHANFMAER, FSHE 321 7189 Thdbscannode B |

kdeapply B
KDE BT R AFER KDE RER, REIRAHIAGRSIZITA kdeapply. BRXEET =B H#HITH
RHEINER, BSHE 323 TR lkdemodel B4 |

& 190. kdeapply B

kdeapply B HiEeny B1EER

outLogDensity boolean $8RE True T False UEMHFPESHHFASE
FEE, BEEN False
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% 15 & HEEEETRREM

IBM SPSS Modeler 155 ZREIBEMRNENAUBIZHEMEE TRER, XBIE Microsoft SQL Server
Analysis Services. Oracle Data Mining. #1 IBM Netezza® Analyticso #&BJLUf$EF IBM SPSS Modeler K7
BEFBENSEFERE EZRMBIRE R HITITD . A UERATNNANE M EI RS AR 2
IPEIEFIEEL,

fBlan, LUTFBEZASHERIAEA T SN{ER IBM SPSS Modeler BlZA<4miI R E A7 Microsoft Decision Trees ##%!:

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server name", 'Tocalhost’)
msbuilder.setPropertyValue("analysis_database name", 'TESTDB')
msbuilder.setPropertyValue("mode", 'Expert’)
msbuilder.setPropertyValue("datasource", 'LocalServer’)
msbuilder.setPropertyValue("target", 'Drug’)
msbuilder.setPropertyValue("inputs", ['Age’, 'Sex'])
msbuilder.setPropertyValue("unique_field", 'IDX’)
msbuilder.setPropertyValue("custom fields", True)
msbuilder.setPropertyValue("model name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.linkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql _generate", True)

tablenode.run([])

Microsoft ZiENT B

Microsoft EEToEH
N

Microsoft #¥UEFEREIRET R AHE MW TR,

& 191. A Microsoft T RBM4

A Microsoft TTREM =l Bk

analysis_database_name string Analysis Services ¥UBERIZ R,

analysis_server_name string Analysis Services EHHIE o

use_transactional_data flag EEWMABEERARBAEZESER.

inputs HIR REUENBANF R

target FE& MMFEE (REBAT'MS BR'H'FIRE TR .

unique_field FE BFE

msas_parameters ZEM1 % EBH, BXEZER, BEHE 2607 N VEEZ)|
o
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& 191. " Microsoft THREME ()

2 Microsoft WHEM =l Bt
with_drillthrough flag "HITARNIREN IR,

MS RERHH

BB mstreenode KEWTREXBEKEM, BSHARTFRNAHE Microsoft B1%,
Ms B3

ZBA msclusternode ERMTREXBEMFEM. BEHEEFTFRMNLHE Microsoft /B
MS KEXFL

UTHERBMRIAFEEN nsassocnode BT

R 192. msassocnode JB1%

msassocnode /B4 & e 2730

id_field FE TRMREIREFNEINES,
trans_inputs plzR ESBENRATE.
transactional target FEE FUNFE: (B5EUB) -

MS FhE&EDIMHHr

B msbayesnode EKENTREXEKREMS. BSHAERTHRNLRE Microsoft B4,

MS %13

&B A msregressionnode KEWTREXEREM, BBRETALMNLAHE Microsoft B,
MS 424K

B msneuralnetworknode REWTTREXAEREMS. BESEATHRIAH Microsoft Eit.
MS Logistic [E])3

RB N mslogisticnode REMTAREXEAEEMN, BERETHLNAE Microsoft B4,

MS B3iaElF5l

BB mstimeseriesnode RAMTREXEREMS. BEEATHKIIAH Microsoft B,

MS FFHIRE

LTS EBMR BT AN mssequenceclusternode AITI .

R 193. mssequenceclusternode J&%

mssequenceclusternode [B14E &8 BER

id_field FE TRREIBRMEINES,
input_fields LIES ESBIBNRANTE.
sequence_field FEE IR,
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R 193. mssequenceclusternode JB% (42)

mssequenceclusternode [B14% =] BiER
target_field FE FUN=FEE (REIR)
BiEBH

i Microsoft #IBRFRBKEIGHAIEA msas_parameters BHRIREBNIFESE, Hu0:

stream = modeler.script.stream()
msregressionnode = stream.findByType("msregression", None)

msregressionnode.setPropertyValue("msas_parameters", [["MAXIMUM INPUT ATTRIBUTES", 255],
["MAXIMUM OUTPUT ATTRIBUTES", 255]])

.

X

LSHIRB SQL Servero BEES/ M RIBXESLL, BHITH TR
KRR T RN BT Ho

TSR R T o

MEHEIR N R R PIEE— D ERR,
MBRBIRF|RPERE—T B,

B UK AIZ R R T Ro
MYINETIHEBE MR Microsoft ¥IEERIET o
ISR R R T <o

prie s Svialily S

S A R R e

= BRZTT BB msas_parameters B1%o

Microsoft {RAIRE 4
{F Microsoft ¥UBEZET REIBNREREFTTIIE %,

MS R
& 194. MS REEMEM
applymstreenode [B14% =] R
analysis_database name string A L EEE R I ST,
LtEMRATFARIR Analysis Services #IBERIE .
analysis_server_name string Analysis BRSZ 28 ENBIRFT,
datasource string SQL Server ODBC #EREZ# (DSN) HIZ 7R,
sql_generate flag B SQL %M.
udf
MS £&tt[0])Y)3
& 195. MS LMEREIABM
applymsregressionnode B fA2(V) iR
analysis_database_name string A ABE IR R ARST T S TIE Do
LB A FARIR Analysis Services ¥IEEEHIE o
analysis_server_name string Analysis fRS523 EHBIRFT,
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MS #HEZEMLE

x 196. MS HEMLE R

applymsneuralnetworknode B1% fE(V) iR

analysis_database_name string B LB B AP N T o## T50
LB M ATAFIR Analysis Services ¥IREERIZ Mo

analysis_server_name string Analysis BRE28ENBIRFT,

MS Logistic [E]/7

& 197. MS Logistic [ElYAE

applymslogisticnode B B(v) iR

analysis_database_name string B UE RN T s T390
LB A FARIR Analysis Services ¥IEEEHIE o

analysis_server_name string Analysis BRZS 28 ENIZ T,

MS BfiElFFl

& 198. MS BYEIFSIEM

applymstimeseriesnode /B4 fE(V) iR

analysis_database name string B AE R ATT #TiT5
/B AFHRIR Analysis Services #UHEERIE o

analysis_server_name string Analysis IRS 28 ENBIZFT,

start_from new_prediction B B HITRRFUNE A LT,
historical_
prediction
new_step 2 TE X REFTMRI R8T (8] Eo
historical step HF E X LN FIAE 8 ERo
end_step #F TE X T4 R A 8] B

MS FF5IER3E
x 199. MS FHIREREM

applymssequenceclusternode B1% fE(V) iR

analysis_database_name string B L BRI R T
EEMATAFIR Analysis Services ¥IBEEAIZ Mo

analysis_server_name string Analysis ARS8 EHBIRT,
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Oracle ZEHNTREN

Oracle EET o BN
Oracle #UIBEEEET 2 AREMIN AT

& 200. A Oracle TERBEM

A Oracle HEEM f&(v) EM5ER

target field

EIUN FERRYTIER

partition field ISR TFREES X ARENEFEDR, UATFRENER
WER. HLIEFNINIERM Lo

datasource

username

password

epassword

use_model_name flag

model_name FRE# IS BRI TE H B FFo

use_partitioned_data flag MREXT AXFE, MR ATHRNIIZ D XATE
ERTIERE,

unique_field field

auto_data_prep flag BRASEZR Oracle Bal#BEENRE ((NEAT 11g
HIERE) o

costs &1L BN TS LR
[[drugA drugB 1.5] [drugA drugC 2.1]], Ee [] &
BB T E R KRN,

mode Simple MEZ M T RBMERERNANE, WRIGE N Simple,

Expert SFHBEELRE L,

use_prediction_probability flag

prediction_probability FRE#

use_prediction_set flag

Oracle & DIMHf

AN oranbnode MY BRI FEEMII TFA:
R 201. oranbnode B4

oranbnode 4% B(V) B 1415 ER
singleton_threshold BF 0.0-1.0*
pairwise_threshold #Hr 0.0-1.0*
priors Data
Equal
Custom
custom_priors LT inkid B TSR
set :oranbnode.custom_priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4][drugY 5]]
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* YNER mode IKEN Simple, MZBREM,
Oracle Adaptive Bayes

ZEAH oraabnnode MY SRR B TS
R 202. oraabnnode B4

oraabnnode Bl fE(V) BMi%eEA
model_type SingleFeature
MultiFeature
NaiveBayes
use_execution_time_limit flag *
execution_time limit B BERIARTF 0o *
max_naive_bayes_predictors 2y BEHHARTF 0o *
max_predictors B BEHBRARTF 0o *
priors Data
Equal
Custom
custom_priors Rt iaid B TSR :
set :oraabnnode.custom priors = [[drugA 1] [drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* 9NR mode IEEN Simple, NZBEM,
Oracle Z#FRZM
KA orasvmnode FYT =AYRTRB MU0 TFATS

+ 203. orasvmnode B

orasvimnode 24 B(v) B 15tEA
active_learning Enable

Disable
kernel_function Linear

Gaussian

System
normalization_method zscore

minmax

none
kernel_cache_size B ERTFEIRZ. BEXIKRTF 0, *
convergence_tolerance BF BEBMARTF 0, *
use_standard_deviation flag ERS5EHRZ. *
standard_deviation BF BEBMATF 0, *
use_epsilon flag OEAFEVAIRE, *
epsilon Hx BERIATF 0, *
use_complexity_factor flag *
complexity factor 2 *
use outlier rate flag SR TRETIE, *
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R 203. orasvmnode B (4%)

orasvmnode B4 fE(V) EHER
outlier_rate HF NERTFEETHE, 0.0-1.07
NE Data
Equal
Custom
custom weights cepaiie BN TS ES:

set :orasvmnode.custom_weights =
[[drugA 1][drugB 2] [drugC 3] [drugX
4] [drugY 5]]

* fNER mode IEEH Simple, MZREM,

Oracle |~ ML $1EHY

AN oraglmnode MY mRYRI BB TS

R 204. oraglmnode JB%

oraglmnode B4 fE2(V) B4R
normalization_method zscore

minmax

none
missing_value_handling RepTlaceWithMean

UseCompTleteRecords
use_row_weights flag *
row_weights_field field *
save_row_diagnostics flag *
row_diagnostics_table FRI&H *
coefficient_confidence 2 *
use_reference_category flag *
reference_category FrRE *
ridge_regression Auto *

off

On
parameter value 2 *
vif_for_ridge flag *
* YR mode EEH Simple, MRAEM,
Oracle RZ#
FAJ oradecisiontreenode BT SBYAIBEMIN TAIR:
&R 205. oradecisiontreenode B
oradecisiontreenode 21 fE(V) B4R
use_costs flag
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R 205. oradecisiontreenode BYE (42)

oradecisiontreenode B E(V) e
impurity metric /& (Entropy)

Gini
term_max_depth B 2-20%
term_minpct_node 2 0.0-10.0%
term_minpct_split 2 0.0-20.0#
term_minrec_node B BEHBAARTF 0, *
term minrec_split B BEHRKF 0, *
display_rule_ids flag *

* 918 mode IEEN Simple, NZBREM,

Oracle O-Cluster

2R oraoclusternode M SRR TEI::

& 206. oraoclusternode B

oraoclusternode B fE(V) Bi%eA
max_num_clusters 27y BEHHKRTF 0o
max_buffer B BERIKRTF 0, *
sensitivity = 0.0-1.0%
* YNER mode BN Simple, MZBREM,
Oracle KMeans
FAH orakmeansnode RYTImBYR] AR FFITR:
+& 207. orakmeansnode BE
orakmeansnode Bt B(V) BRER
num_clusters B BEHBRATF 0,
normalization_method zscore
minmax
none
distance_function EucTidean
Cosine
B B 0-20*
conv_tolerance BMF 0.0-0.5*
split_criterion Variance FREEA Variance, *
Size
num_bins B BEHBRKRTF 0o *
block_growth B 1-5%
min_pct_attr_support 2 0.0-1.0#
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* YN mode IXEHN Simple, MZBREM,
Oracle NMF

ZEAN oranmfnode WIS SRR BN FFAS:

R 208. oranmfnode B

oranmfnode /24 E(V) B4R
normalization_method minmax

none
use_num_features flag *
num_features B 0-1, REERBEEREHIEGEITSH. *
random_seed wF *
num_iterations B 0-500
conv_tolerance BF 0.0-0.5*
display_all_features flag *
* YNR mode IKEHN Simple, NZAEEEM,
Oracle Apriori
A oraapriorinode MITI AR BB FAAIT:
&R 209. oraapriorinode B
oraapriorinode Bi% E(V) B1ueR
content_field field
id_field field
max_rule_length B 2-20o
min_confidence 2 0.0-1.00
min_support &2 0.0-1.0,
use_transactional_data flag

Oracle &/M&RKE (MDL)

EBBENEERN oramdlnode T REXBEREM, BBRAETFLEDRER Oracle B4,

Oracle BEZEM (Al)

AN oraainode M =EYRIEEMII TFI:
R 210. oraainode B

oraainode B4 E(V) B4R
custom fields flag WRA true, WAFEAHFT RIEEER. WAFE

fthF . FARA false, MFERARE LT RBYZH]
K®E,

selection_mode

TopN

Importancelevel
ImportanceValue
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R 210. oraainode B4 (42)

oraainode B4 fE(V) BiHER

select_important flag £ selection_mode i&&E A Importancelevel BY, 157E
BEEEREE"FH,

important_label FRE# BT EE HRIRE,

select_marginal flag £ selection_mode i&&E A Importancelevel BY, 1E7E
BB IR F Ko

marginal_label FRIER FERE "I FR HERR AT

important_above wF 0.0-1.00

select_unimportant flag £ selection_mode &€&/ Importancelevel BY, 157
REERTER"FR.

unimportant_label FrRIE B TEE HIKRIRE,

unimportant_below 2 0.0-1.00

importance_value ey £ selection_mode & ImportanceValue BY, ¥ETE
SERAMNDTE. EZM 0 B 100 BYE,

top_n 2 £ selection_mode IREH TopN Y, IEEBFEAMDR
B. =M 0 E 1000 BIfE.

Oracle 1EEIIREBMY
f#A Oracle EEGIEMIEREBRET TFIE M,

Oracle fhZ&EDIMHHT

%E7 applyoranbnode EAMTIRENAEEM
Oracle Adaptive Bayes

B applyoraabnnode EEMTIREXEBAEEML.
Oracle Z#FEEWM

%B7 applyorasvmnode HEERHTTREXBEKEM,
Oracle R

FA) applyoradecisiontreenode FIFT smFR] BB MW NI :

+: 211. applyoradecisiontreenode Bl

applyoradecisiontreenode [E14% =] B4R
use_costs flag
display_rule_ids flag

Oracle O-Cluster

B applyoraoclusternode FEEMTHRENXEEKEM,
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Oracle KMeans
SHE N applyorakmeansnode ZFEAIWTSENXEEEM,
Oracle NMF

THIEMEAT applyoranmfnode ZERIMT A :

& 212. applyoranmfnode JEME

applyoranmfnode /1% &

display_all_features flag

Oracle Apriori
ZIEBIR A RE R A TR
Oracle MDL
HIRBUR A BER A F B As,

IBM Netezza Analytics BET HE 4

Netezza EET =@
IBM Netezza ¥IBRERET AN A AEBEM I TR

R 213. N Netezza TEBEM

Nt Netezza TEEM E(V) B14ER
custom_fields flag MRA true, MAFEILHFITRIEE BR. WANEMMF
o tARA false, MEARE LT SHNERIRE,
=TI [field1 ... fieldN] BEPEANBAR TN EEF .
target field BiRFE (EEH9E) .
record_id field EREE—1ERIMRNTFE.
use_upstream_connection flag MRA true (RE) , BAEEFAEERELHD P
Eo TEFBET move_data_to_connection BYAREER,
move_data_connection flag NRA true, MFHIBEEIEIH connection IBENEIE
. 7E¥ERET use_upstream_connection BYR{EM,
connection &1k XERATEFMHERIN Netezza $BIBERERFRR, B0
TR EM:
['odbc’ '<dsn>' '<username>' '<psw>’ '<catname>’
'<conn_attribs>' [true|false]]
Hep:
<dsn> BEIERE
<username> 1 <psw> EIIEENIRFZ G
<catname> BEREM
<conn_attribs> EBEZEREM
true | false FERERREEW,
table_name FrRI& XEATEMERENEURERNET.
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R 213. A Netezza TERBME (80)

Nt Netezza FEEM E(V) BEi4i5eA

use_model_name flag NRA true, EFAH model_name IEEMBIENRELZ
R, BNRABRFACIENEEEZM,

model_name FRYER FIEBYAY E I8 FRo

include_input_fields flag WMERA true, A THEEFABRMNTE, BURESBER™
48 record_id FIFER

Netezza R

ZAVH netezzadectreenode BT BRI B MM FFAR:

R 214. netezzadectreenode B

netezzadectreenode Bl fE(V) B4R
impurity measure & (Entropy) SHEBEHNE, BFIFENARERD
Gini A=
max_tree_depth B MR LUBKEIRIER AR, REER
62 (RAFHEE) o
min_improvement_splits 2 BT D BRI IR B RS R EOH,
REEHN 0.010
min_instances_split B AILUAITH BRI R TR KRD ENER
., MEEN 2 (R/AEEEE)
NE Rt iniid ENEAERINE, SO THEBEK
B
set :netezza_dectree.weights =
[[drugA 0.3][drugB 0.6]]
RABEREFAEENNESA 1,
pruning_measure Acc HREEN Acc CEFMN) . MREEN
wAcc RESNEENEZERTEN, UER

wAce (MAUEHRE) o

prune_tree_options

allTrainingData

partitionTrainingData

HRAERT, E/ allTrainingData
HITREBEERE. F8
partitionTrainingData RF&EEEII

useOtherTable
FEIEMNE DL, = useOtherTable 3R
ERRBIEE SIBERNIIZGEHIESE.
perc_training data wnE W prune_tree options IREN
partitionTrainingData, MIEERF
WZRHY SRR SRV B 2 L.
prune_seed B £ prune_tree options ®REN
partitionTrainingData B, AFEEH
MERNENMF, REEZE Lo
pruning_table FRE# XEAFEIHEEERENBIME T
BENRET.
compute_probabilities flag MRA true, WAKERBEEERT!

(X)) FERUNTANFE,
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Netezza K-Means

ZEAVN netezzakmeansnode BT IR BEIMEW AR :

R 215. netezzakmeansnode B

netezzakmeansnode /B E(V) BMiHER
distance measure Euclidean XEATHHIER ZENERHITNENS %,
Manhattan
HEEERIEE S
BRAE
num_clusters B E0IEMREL, REEN 3.
max_iterations B BRERRE, BIIGELZ GELE; REERN 5
rand_seed B XRATERIDHERNFENFT; REEN 12345,

Netezza Bayes W%
AN netezzabayesnode BT YR BB MU AR :

&R 216. netezzabayesnode B

netezzabayesnode B4 fE(V) B4R
base_index B W E—MANFEIEENHFNIR, ATFHITREEBIE,
REERN 777,

sample_size B BMHBEIEEANREKRN; REEA 10,0000

display_additional_information  |flag NRA true, MTTHEXNEEF B RAIPIHERE R

type of prediction best EERANTUNEERE: best (RIEXAIMESBE) « neigh-
neighbors bors (HHEPEMIMAFN) 3 nn-neighbors (IF=HEM
nn-neighbors B) .

Netezza tMZEI1MHHR

AN netezzanaivebayesnode BT mAYR] BB M0 TR

&R 217. netezzanaivebayesnode JB1%

netezzanaivebayesnode Ei% B(V) BHER

compute_probabilities flag NRA true, MARERBEELRS (BER) FELUFN
FEo

use_m_estimation flag WNRA true, NEA m-estimation XA LB R EEHRIERY
T,

Netezza KNN
KRN netezzaknnnode MT BRI HEMMFFAR:

R 218. netezzaknnnode JBIE

netezzaknnnode ¥ E(V) BHIHER
XE 21k XEATFNENLKIEENENSEHHUE. =FI:

set :netezzaknnnode.weights = [[drugA 0.3] [drugB 0.6]]
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R 218. netezzaknnnode B (%)

netezzaknnnode /B4 E(V) EHER
distance measure Euclidean XERTFNHIER 2 ENEEHTNEN S %o
Manhattan
HEIERIBE
BAE
num_nearest_neighbors B BENENRITBESBTERE, REERN 3.
standardize_measurements flag NRA true, AEITEEBEZR], WESMAFRIN
SEBITIEN.
use_coresets flag MERA true, M KBEBECAZOERELIRSITER
Eo

Netezza 3T B

AN netezzadivclusternode FIT SRR AR

+ 219. netezzadivclusternode JBI%E

netezzadivclusternode Bl B(V) EMiHER
distance_measure Euclidean XZRATHIER 2 EREEHTUENS %o

Manhattan

ISR

RAE
max_iterations B EREIGGELEFRITHNRARE ISR, BEEN 5
max_tree_depth B®Y FILUREURSRIR D AR AR 4, REERN 3.
rand_seed B FENT T, RTFEHISH; HREER 12345,
min_instances_split B2y LIRS HR/MERE, REEAN 5
Tevel B ERERITER ENRREMET];, HEER 1.

Netezza PCA

AN netezzapcanode MY AR E MU TR/

+ 220. netezzapcanode B

netezzapcanode B4 =) BHIHER

center_data flag RA true (REE) , BASTHITHRESEFR (BIFN"FH
BHEZE) , AEBRITH.

perform_data_scaling flag WNRA true, AT TEHITEIEIRE, XAFHET LUK
UARRESALNERRZEERBDITERE.

force_eigensolve flag WRA true, MERARERBIRRNFEREKERST.

pc_number B ERVIRERETINERMDE, REERN L
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Netezza [5])3#

AN netezzaregtreenode MT SRR ABMII TR

R 221. netezzaregtreenode B

netezzaregtreenode /B4 E(V) B
max_tree depth B WERTR TH LIS KINRAERS!
; REERN 10
split_evaluation_measure Variance EKErmNE, BF Lo EIMREL
B, REE (HpiE—%D) 2 Vari-
anceo
min_improvement_splits 2 WP HITHR DRI ER R BB EIBY
=N E,
min_instances_split B B LR 2 BRMERE.
pruning_measure mse EEANBE %
r2
pearson
spearman

prune_tree_options

allTrainingData
partitionTrainingData

SR T, 848 allTrainingData 3
HIFEEERE. £

useOtherTable partitionTrainingData JigEE[EAII

SEUENB DL, 5L useOtherTable
FERRBIEE HIRERN GRS,

perc_training data wrE R prune_tree_options REN
PercTrainingData, NIIEEFFilIZREY
BIEFR 5B 2 L.

prune_seed B £ prune_tree options REN
PercTrainingData B, BFEE DL
ROHENMT, BREER 1.

pruning_table FRB XEATHIHERERENRIME I
BENREBF,

compute_probabilities flag WNRA true, NIEERN ZEIFETHHA

BEELEN A E,

Netezza £¢1%£[5]Y3

2RI netezzalineregressionnode BT IR ABEMI IR

&R 222. netezzalineregressionnode [B1E

netezzalineregressionnode /B4 fE(V) B %5
use_svd flag WMRA true, WER"FREDR EHERBRBER, UE

ReEREMRFERLE.

include_intercept flag MRA true (REME) , PBLIRSMHENEERERM,
calculate_model_diagnostics flag NRA true, MIHEEITHEIZHIER.
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Netezza BJi8]E%!

2RI netezzatimeseriesnode M SRR BEMII AT

R 223. netezzatimeseriesnode B

netezzatimeseriesnode B &(V) B4R

time_points field RN F B &8 8 F 518 B EAE BT
B{E,

time_series_ids field AN FERESIEFFIRR; ERA
BE S M HEFTIERER.

model_table field XRATEME Netezza BYEIFFIEEAY
HiEER.

description_table field X282 EFTIRRMERREAT
H9 & #Fo

seasonal_adjustment_table field XR—MaHRNER, ZRATEE

EHTBRAETN BB D BRE LR
BIREEIRE(E,

algorithm_name

SpectralAnalysis B spectral
ExponentialSmoothing Z¢ esmoothing
ARIMA

SeasonalTrendDecomposition B std

XEATHEFFIEENEZL,

cubicspline
exponentialspline

trend_name N bt G ER it
A N -
DA A - Nt
M DA - ZEINM
DM M - et
DM - ZEFEM
seasonality type N BRI E TR
A N -
M A - hoE
M- S
interpolation_method Tinear EFRANEES .

timerange_setting

SD
SP

RAFisBEEFERANEEEE:

SD - HAGHE (EANIEFTIEIEN
FEESEHE)

SP - AFEE earliest_time
latest_time §7E
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R 223. netezzatimeseriesnode BYE (4%)

netezzatimeseriesnode Bt fE(V) EHER
earliest_time B FrEMERE (AR
latest time HEA timerange setting 53 SP) o
- Byl WIUMIEE time_points {Ho
timestamp fla0, AR time_points FERESH
HA, BBALEBRIZEBER,
i
set NZ_DTl.timerange_setting = 'SP’
set NZ_DTl.earliest_time = '1921-01-
01’
set NZ_DTl.latest_time = '2121-01-
01’
arima_setting SD BAFIi&E ARIMA H* (XY
SP algorithm_name IZEJ ARIMA BYZ{H
F) :
SD - HASRHE
SP - HAFEE
N arima_setting = SP, IEFEA TSI
SHRRBEFTIHENFETNEE. &=
Bl ((RAEZFTME) -
set NZ_DTl.algorithm_name = 'arima’
set NZ_DTl.arima_setting = 'SP’
set NZ_DTl.p_symbol = 'Tesseq’
set NZ_DT1.p = '4'
set NZ_DT1.d_symbol = 'lesseq’
set NZ_DT1.d = '2'
set NZ_DTl.q_symbol = 'lesseq’
set NZ_DT1.q = '4'
p_symbo] Tess ARIMA - 8% p. d. q. sp. sd # sq
d_symbol eq HE&R:
o_symbol Tesseq less - /N\F
= eq - EF
sp_symbo] Tesseq - NFHFT
sd_symbol
sq_symbol
p B ARIMA - BEpXEBEIFETHEREE,
q B ARIMA - IFEETHEIREE,
d B ARIMA - fREPEIE N TIIEZ T
BEMAIIEETHEE,
sp B ARIMA - B XRERBVETIHEEE,
sq By ARIMA - E=THIKEE.
sd B ARIMA - #EEANTEEFIES T

BEMBETESE,
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R 223. netezzatimeseriesnode BYE (4%)

netezzatimeseriesnode Bt E2(V) e
advanced_setting SD mEMEMESRIZE:
SP SD - HRLKHE
SP - HHAIF@id period. units_period
# forecast_setting IETE-
aNLIR
set NZ_DTl.advanced_setting = 'SP’
set NZ_DTl.period = 5
set NZ_DTl.units_period = 'd’
GIks) B ZTAMNKE, 5 units_period —
HIEE, TERTFIED.
units_period ms period BYFRRE(L:
s ms - 2T
min s - b
h min - 5>
d h - /B
wk d-H
q wk - 28
y q-FE
y - F

Bign, NFERANERFS, EXT period
R 1, H3F units_period A wko

forecast_setting

forecasthorizon

EE A BTN,

forecasttimes
forecast_horizon B R  forecast_setting =
HER forecasthorizon, FPAIBETUMLAR
B &) =4I
timestamp EIURETE time_points fEo
fla0, AR time_points FEREEH
Hi, BRAltEHRNIZZEHER.
forecast_times B MR  forecast_setting =
HER forecasttimes, BRAISTE R F#HITH
B8] MBI E,
timestamp MEUNETE time_points fEo
B30, R time points FERESH
HA, MALBEBNIZEBHR.
include_history flag B S A e E e R .
include_interpolated_values flag BTRRERNEESEEREP. R

include_history /3 false, MI-FE&EF,
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Netezza "X &%

AN netezzagimnode BT SAYRIBEMIN FFA/R:

R 224. netezza GLM B4

netezzagimnode B4 E(V) B
dist_family bernoulli DALY, REEHN bernoullio
gaussian
poisson
negativebinomial
wald
gamma
dist_params #H= EEANDHEESEE. NH distribu-
tion 79 Negativebinomial B &EH,
trials B ¥ distribution J9 Binomial BSZA
EH. HEMmMNAREFE—HIRIEH
RIEHEAEY, target FERESEMHE,
trials FEREEHEH.
model_table field XERTFME Netezza [~ X R MHEERE
BiIBER.
maxit B BENHITHRAERE; REEAR
200
eps HF BERANREE (UBRFRiE#ER
™), KEIER, BENELEERR
ELmER, REEN -3, XRT
1E-3, B 0.001,
tol HF WEHE (ARERNE , BTLE
HFRBIREHEMA 0 H. REEN
-7, RNIREBEER®RT 1E-7 (&
0.0000001) , MLAFEE,
Tink_func jdentity EEANESERE; HEEN Togite
inverse
invnegative
invsquare
sqrt
power
oddspower
log
clog
loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom

cannegbinom
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R 224. netezza GLM B (42

netezzaglmnode /B4

E2(V)

B1%5iER

link_params

e

EFTHNXEKRHSHE, XY
Tink_function /9 power 3 oddspower

B &M

interaction

[[[colnames1],[levels1]],
[[colnames2],[levels2]],
...,[[colnamesN],[levelsN]],]

EEFERZEMNARE, colnames BHEIN
FERMIFIR, T level STFENFERIAL
A 0

AN

cee k", sp","Sex","k"1,[0,0,0,01],
[["Age","Na"], [0,0]]]

intercept

flag

SORA true, MIERAAREIEEEE,

Netezza 1REIRE M4
Netezza #IBEREAAMNAHLBE M TR

R 225. NI Netezza WEEURBIE

AH Netezza EERIREN & EES]

connection string XERATFHFHEEREN Netezza HIBEMEZEFR
o

table_name string X AT EERE SRR RN BT,

HEAURM B M S AN 2R T R BB 4R

KRB SRR R 2 R0 T Fmo
3R 226. Netezza {REVIRAIRIZARZ T

KRR Rl A4S 2 R

REER applynetezzadectreenode
K-Means applynetezzakmeansnode
DI 4% applynetezzabayesnode
= g applynetezzanaivebayesnode
KNN applynetezzaknnnode
PDHRATEAL applynetezzadivclusternode
PCA applynetezzapcanode

EIPELS) applynetezzaregtreenode

£& 1% [E]Y3 applynetezzalineregressionnode
By e =% applynetezzatimeseriesnode
I~ Xk applynetezzaglmnode
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% 16 & mhhREM

BETRNEMHSEM X TRHNBEEETRE. BETRBERZRENENT RIED, MEFMHE R
2H5|H. XEMKHEREHSHRENRSHUREEETR.

AT BRI T R BY R R BRI AN Sl B 1o

analysisnode E%

"D RIS TR R AE B TUNBIEE ST, AT T AT — D RS MR BRI TN E M KRR
q BEZENEFLER, "D REE IS MR,

Nl

node = stream.create("analysis", "My node")

# "Analysis" tabnode.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve accuracy", 3)
node.setPropertyValue("inc_user measure", True)

# "Define User Measure..."node.setPropertyValue("user if", "@TARGET = @PREDICTED")
node.setPropertyValue("user_then", "101")
node.setPropertyValue("user_else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by fields", ["Drug"])

# "Output" tabnode.setPropertyValue("output format", "HTML")
node.setPropertyValue("full_filename", "C:/output/analysis_out.html")

&R 227. analysisnode B

analysisnode /B4 iEER BER
output_mode Screen BFfEERE T RRERNEENE
File R,
use_output_name flag EEREHAEHMNEmES,
output_name string R use_output_name A true , BB
AIEEERANET,
output_format Text (.txt) BFisERHRE,

HTML (.html)
Qutput (.cou)

by fields Flz

full_filename string NRZBHE. BIEX HTML i,
ALt e X HFBIR T,

coincidence flag

performance flag

evaluation_binary flag
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R 227. analysisnode BYE (4%)

analysisnode /B R B

confidence flag

threshold 2

improve_accuracy 2

field_detection_method Metadata HWETNFE SR8 BnFE LA
Name 5o }ETE Metadata X Nameo

inc_user measure flag

user_if KA

user_then FiER

user else FKixK

user_compute [Mean Sum Min Max SDev]

dataauditnode Ei4

r : "BIERZ T REREXRBIENEEMK, SESMFRICEST. BEFEMOBUNREXE

[k BE. BENRENES. SRETESTRIAENE B, e B AT £
B E RS ST S,
N
filenode = stream.createAt("variablefile", "File", 100, 100)

filenode.setPropertyValue("full filename", "$CLEO_DEMOS/DRUGIn")
node = stream.createAt("dataaudit", "My node", 196, 100)
stream.link(filenode, node)
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("fields", ["Age", "Na", "K"])
node.setPropertyValue("display _graphs", True)
node.setPropertyValue("basic_stats", True)
node.setPropertyValue("advanced stats", True)
node.setPropertyValue("median_stats", False)
node.setPropertyValue("calculate", ["Count", "Breakdown"])
node.setPropertyValue("outlier detection method", "std")
node.setPropertyValue("outlier detection std outlier", 1.0)
node.setPropertyValue("outlier_detection_std_extreme", 3.0)
node.setPropertyValue("output_mode", "Screen")

R 228. dataauditnode BIE

dataauditnode /% HIERE e :pu

custom_fields flag

fields [field1 ... fieldN]

overlay field

display_graphs tni& BFiIASXAmEEEPERENE
TNo

basic_stats flag

advanced_stats flag

median_stats flag
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R 228. dataauditnode B4 (42)

dataauditnode B4 HiERE EithEA
calculate Count BFIHEREE, EERMITERE
Breakdown R —Fh. R, SSTERE.
outlier_detection_method std RAFEEEEHENRERNNS .
iqr
outlier detection_std outlier number R outlier detection method 2
std, BABEARTEXBEENEK
=8
outlier_detection_std_extreme number R outlier_detection_method 2
std, MABERATEXRENE
B
outlier_detection_iqr_outlier number WR outlier_detection_method =
iqr, BABERTEX BEHENE
&,
outlier_detection_iqr_extreme number R outlier_detection_method 2
iqr, MABERFTEXRENEK
=8
use_output_name flag EEEREFERERNRLHS,
output_name string YR use output_name A true , BB
AIEEEANE R,
output_mode Screen RAFEERE T RPERNREEE
File RIE,
output_format Formatted (.tab) BFiEEmtEE,
Delimited (.csv)
HTML (html)
Output (.cou)
paginate_output flag % output_format & HTML BY, fFia
H T
Tines_per_page number 5 paginate output —f2{EMARY, &
S M DTRIITHG
full_filename string

extensionoutputnode B4

- ER"Y BREH N REONREFDHBIENER. DY
REPIURXA, BrIUZER. WHEANZIEESEER
pmtET R B, AURBRHEEREIX .

% BEEAZBESHNES R 3 Python for Spark iZs, BJLL

Python for Spark Rl

#### script example for Python for Spark
import modeler.api
stream = modeler.script.stream()
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node = stream.create("extension output", "extension_output")
node.setPropertyValue("syntax_type", "Python")

Python_s(;ript — nnu
import json
import spss.pyspark.runtime

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

schema = df.dtypes[:]

print df

node.setPropertyValue("python_syntax", python_script)

R Tfjl

#### script example for R
node.setPropertyValue("syntax_type", "R")
node.setPropertyValue("r_syntax", "print(modelerData$Age)")

R 229. extensionoutputnode B

extensionoutputnode /Ei% BiERE B4R
syntax_type R IEEEIETHIMIA - R 5 Python (R
Python HNREE)
r_syntax string XERATHITEENSM R BIAE
o
python_syntax string XERATFHITHEEMSH Python R
AiEEo
convert_flags StringsAndDoubles IERI A F AR AT S F B o
LogicalValues
convert_missing flag LT TR MRAEERA R NA
=
convert_datetime flag b2 I0 A -/ B8 B #Ask B HARY (8)4%
XML BHIRA R BHA/EFEIE.
convert_datetime_class POSIXct XL T8 E 26K H HAgk B H#ReY
POSIXTt RN T BN AR
output_to lSﬁ;'een IEEMIHEA! (Screen T File) o
ile
output_type graEh EEERERBEREXAHEE,
ex
full_filename string RAFEREHRNXHEE,
graph_file type HTML WEHXHENXHER (Lntml 5
cou .cou) o
text_file_type HTML BEXARBHASCEHRE (Chtml,
ZSST .txt F® .cou) o

288 1BM SPSS Modeler 18.2 Python HIZA4RTE 5 EhkigR




kde E%

& RNIZZEGE (KDE)© SWEMEIRER Ball Tree 8 KD Tree &%, £8TMERI. BT
ENSUREEEMS, BT AE (0 KDE) 2RI ERE ANZREGE R EZN—59,
SPSS Modeler FFY KDE Z#&T =F1 KDE #EINT A2/~ KDE FERZOIHEEF R RS, XL

TI=fFER Python #H1TI

R 230. kde B4

kde B4

HhaEss

15 ER

FIA

field

REANBAFTR.

-
5L

WEEE

REERN 1o

kernel

FRIE

EFEAMNZ: gaussian 3§ tophat. FREEN

gaussiane

algorithm

EFERAMMEL: kd_tree. ball_tree IETN,
REEN B,

metric

TEEENEFHANES, XIF kd_tree BIE,
MULTFIHERE . Euclidean. Chebyshev.
Cityblock. Minkowski. Manhattan. Infinity.
P. L2 B L1, X3TF ball_tree Bk, MLATFIAH
E$FE: Euclidian. Braycurtis. Chebyshev. Can-
berra. Cityblock. Dice. Hamming. Infinity.
Jaccard. L1. L2. Minkowski. Matching. Man-
hattan. P. Rogersanimoto. Russellrao.
Sokalmichener. Sokalsneath T Kulsinskio i#
#{EX Euclideano

atol

HERNBENETE, FEBKRBERSEHRT
EEHR, REEN 0.00

rtol

LRIVAEENBTE. REBRKEBERSENT
REMR, REEN 1E-8

breadthFirst

boolean

BN True MERREMSSE. KB False
LUERREMRL A X, TREERN Trueo

LeafSize

B

REMBH RN GREEN 40, BERULEFES
FEER MR,

pvalue

WIEEE

MR ITERMER Minkowski, IBIETEERMN P
B, BREERN 1.5

matrixnode E¢

Nl

"EETREE-R, ATFETFRZENXR. KTTREERTERRMISFRZENX
%, BEAATETISFRIKRFFRZENXR.
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node = stream.create("matrix", "My node")

# "Settings" tabnode.setPropertyValue("fields", "Numerics")

node.setPropertyValue("row", "K")
node.setPropertyValue("column", "Na")

node.setPropertyValue("cell _contents", "Function")
node.setPropertyValue("function_ field", "Age")

node.setPropertyValue("function", "Sum")

# "Appearance" tabnode.setPropertyValue("sort mode", "Ascending")
node.setPropertyValue("highlight_top", 1)
node.setPropertyValue("highlight_bottom", 5)

node.setPropertyValue("display", ["Counts", "Expected", "Residuals"])

node.setPropertyValue("include totals", True)

# "Output" tabnode.setPropertyValue("full _filename", "C:/output/matrix_output.html")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("paginate output", True)

node.setPropertyValue("Tines_per page", 50)

R 231. matrixnode B4

Descending

matrixnode /B4 iEEE BEER
fields Selected
Flags
Numerics
row field
column field
include_missing_values flag BEATHIMEPESEERAPHR
kE (TH) IRFRKE (T
&) o
cell_contents CrossTabs
ERIEL
function_field string
function Sum
Mean
Min
Max
SDev
sort_mode Unsorted
Ascending

%% (Residuals)
RowPct

highlight_top number WMRIEE, BANA trues
highlight_bottom number WRIEE, AL trues
display [Counts

HREEMA(E)

ColumnPct

TotalPct]
include_totals flag
use_output_name flag EEERSFRAEFNmES,
output_name string YR use_output_name A true , FP

LIEEERIIR M.
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R 231. matrixnode BY (42)

matrixnode /B HiExR EitER
output_mode Screen BFfEEhE T RPERNEEHIE
File R,

output_format

Formatted (.tab)
Delimited (.csv)
HTML (html)
Output (.cou)

BTFiEEHmHER, Formatted
Delimited #&=( &R0l {E BB IH R
transposed, EFRFSAIHEBERFTHIT
Mz,

paginate_output flag % output_format 2 HTML BY, {4
HA T
Tines_per_page number 5 paginate_output —i2fERA, 15
T8 MNEH DTHATEG
full_filename string
meansnode Bt
— "E TR A Z BREEXFRNEN ZE#TIHERR, UMEEREFEEEEE. F)
m 90, ERILUERAREMEE AIERNTIWAN, SHERRBEREZEHE P NRASEZEHEE PRI

NIHITEEER

Nl

node = stream.create("means", "My node")
node.setPropertyValue("means _mode", "BetweenFields")
node.setPropertyValue("paired fields", [["OPEN_BAL", "CURR_BAL"]])
node.setPropertyValue("label correlations", True)
node.setPropertyValue("output_view", "Advanced")
node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/means_output.html")

3+ 232. meansnode JBIE

meansnode /B iERR EitiaiA
means_mode BetweenGroups B B EEE ERITRIES TRV
BetweenFields B,

test _fields

[fieldl ... fieldn]

IEEYH means_mode IREN
BetweenGroupsBAYICIEFEL,

grouping_field

field

EEDHEFR.

paired_fields

[[fieldl field2]
[field3 field4]
..]

EEY means _mode REN
BetweenFieldsBYEEAMNFENT,

label_correlations flag EEERHPRSEREXRITE. X
Y means _mode REN
BetweenFields BYAZAILIRE,
correlation_mode Probability B AT e EIREEX,
Absolute
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R 232. meansnode BYE (42)

meansnode B4 HiERE e 23

weak_label string

medium_Tabel string

strong_Tlabel string

weak_below_probability 2 % correlation_mode JZE} Prob-

ability BY, ¥ERESSHEXEID FRE.
X 0 & 1 ZiEp—NME, fl

0 0.900
strong_above probability £ & SEAEXMD RE.
weak_below_absolute 2 % correlation_mode I&E7J Absolue

BY, IEEFEXHNDRE. N2
0 2l 1 ZiEW—M&, %70 0.90,

strong_above_absolute wF SEAEXA D FRE,

unimportant_Tlabel string

marginal_Tabel string

important_Tabel string

unimportant_below wF RFREZUND RE. XHBT=Z 0

2 1 Z[EEy—"ME, flEn 0.90,

important_above BF

use_output_name flag EERSFERESNRHE,

output_name string fERME R,

output_mode Screen 18 MBI T SR AE R R A B AR
File A=v8

output_format Formatted (.fab) IEERH SR,

Delimited (.csv)
HTML (html)
Output (.cou)

full_filename string
output_view Simple EETHHPETERAETEZE SR
Advanced ME.

reportnode 1%

— "TRETRAUERAURS, HPESEENS. RiERSESUIRNEMTER. ELUER

NAERIEERSHIBI, UEXBEEXAMBIERLDE, BIERIRPER HTML AREMK

R R EIREED, PILURHERISAMEN. B ERERTE CLEM FiEx, AJLUE
EISEEMEMFE L,
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node = stream.create("report", "My node")

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/report_output.html")

node.setPropertyValue("lines_per page", 50)

node.setPropertyValue("title", "Report node created by a script")

node.setPropertyValue("highlights", False)

&R 233. reportnode B1%.

reportnode B iEeny BiER
output_mode Screen RAFEEmET SPERNEENE
File *ﬁ{ﬁgo
output_format HTML (html) BFEEXHiaHpuss!,
Text (.txt)
Output (.cou)
format Auto BFEEEEsE R TERER
Custom EiIRPEESH HTML #7801k,
BHEBRPER HIML B, &
TE Customo
use_output_name L IEEREFERESNREHE,

output_name FRIE R use output_name A true , BB
AIETEERANR .

text FRIE

full_filename FRIER

highlights &

title FITER

lines_per_page number

routputnode B4

R

R 234. routputnode B

B ERLECHER R B4, BJLUERR BHTHRRD
IMRET DR EIESE R, DBHHAILIEXE, WAL
BER . BHERMEEEETRNBHETRFR; S5,
A LU ERE R EIS

routputnode B4 BuERR B4R
syntax string
convert_flags StringsAndDoubles

LogicalValues
convert_datetime flag
convert_datetime class POSIXct

POSIX1t
convert_missing flag
output_name Auto

Custom
custom_name string
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R 234. routputnode B (4R

routputnode Bl iEeny BER
output_to Screen
File
output_type Graph
Text
full_filename string
graph_file_type HTML
cou
text_file_type HTML
TEXT
cou

setglobalsnode Ef%

Nt

node

node.
node.
node.
node.
node.

EESBE S AR A CLEM At @EAmeT A, B, SRS —
@ NIRRT R B H BT N2 e6LOBAL MEAN (age) 7E CLEM FoA=trh{BAIEony &
(8,

= stream.create("setglobals", "My node")
setKeyedPropertyValue("globals", "Na", ["Max", "Sum", "Mean"])
setKeyedPropertyValue("globals", "K", ["Max", "Sum", "Mean"])
setKeyedPropertyValue("globals", "Age", ["Max", "Sum", "Mean", "SDev"])
setPropertyValue("clear_first", False)

setPropertyValue("show _preview", True)

R 235. setglobalsnode ETE.

setglobalsnode Ei% iR BEHER
globals [Sum Mean Min Max SDev] | M@, EES, HMERATEHN

EBASIREIRENTE:
node.setKeyedPropertyValue(
"globals", "Age", ["Max", "Sum",
"Mean", "SDev"])

clear first R
show_preview IS

simevalnode E4

294

"R T RIHEE RN B AT BOA TITE, FETEXZBEGRFRIOBNEXMEES.

&)

IBM SPSS Modeler 18.2 Python fiZ4RE 5 B ai{kigm



R 236. simevalnode JB4.

simevalnode B1% HiERE JE 23
target FE&
iteration FE
presorted by iteration R/RE
max_iterations number
tornado_fields [field1...fieldN]
plot_pdf /R{E
plot_cdf mRE
show_ref_mean m/R1E
show_ref_median mRE
show_ref _sigma m/R1E
num_ref_sigma number
show_ref pct m/RE
ref_pct_bottom number
ref_pct_top number
show_ref_custom mIRE

ref_custom_values

[numberl...numberN]

category_values Category
Probabilities
Both
category_groups Categories
Iterations
create pct_table mIRE
pct_table Quartiles
Intervals
Custom
pct_intervals_num number

pct_custom_values

[numberl...numberN]

simfitnode E4

R 237. simfitnode JBIE.

"RIMNE N RREES T FRANBIENSIT 2, FEMR (HEH) "EBMNER TR, RIPER
EMNEDHERRAETNTE. AT, ATLER"EINER T SR E REINEIE,

simfitnode B BERR BYER
build Node
XMLExport
Both
use_source_node_name m/RE
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& 237. simfitnode BIE (4R).

simfitnode Ei% R B
source_node_name string EEERFEHRNET SNEHZ
o
use_cases ATl
LimitFirstN
use_case_limit integer

fit_criterion

AndersonDarling
KoTmogorovSmirnov

num_bins integer
parameter_xml_filename string
generate_parameter import /RE

statisticsnode E4

| Zx |
n

Nt

node = stream.create("statistics", "My node")

"IN REREXAFFRNVESLCLSER. EHEZSTFRIVELS4 UNF KRIEIREX

o

# "Settings" tabnode.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["mean", "sum", "sdev"])
node.setPropertyValue("correlate", ["BP", "Drug"])

# "Correlation Labels...

node.setPropertyValue("label correlations", True)
node.setPropertyValue("weak below absolute", 0.25)
node.setPropertyValue("weak label", "lTower quartile")
node.setPropertyValue("strong above absolute", 0.75)
node.setPropertyValue("medium label", "middle quartiles")
node.setPropertyValue("strong_label", "upper quartile")

# "Output" tabnode.setPropertyValue("full filename", "c:/output/statistics output.html")
node.setPropertyValue("output_format", "HTML")

R 238. statisticsnode B

statisticsnode Bi% BiERE BEHER
use_output_name flag EERSFRAEHMNmES,
output_name string YR use_output_name A true , P
LIEEFRANET.
output_mode Screen BFiEEhE T RPEmRNEENE
File MUE
output_format Text (.txt) BATiEEmHEn,

HTML (html)
Output (.cou)

full_filename

string

examine

e
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R 238. statisticsnode BYE (4&)

statisticsnode B4 HBUEAR BER
correlate S1IES
statistics [count mean sum min max

range variance sdev
semean median mode]

correlation_mode Probability IEE BRIRIE 24T ENR X,
Absolute

label_correlations flag

weak_label string

medium_Tabel string

strong_Tlabel string

weak_below_probability BF % correlation_mode I&E Prob-

ability BY, 3SEFHEXIDFE,
Xz 0 1 zZziEs—NME, fl

g0 0.90,
strong_above_probability #F SBRAEXM 5 FE
weak_below_absolute BF % correlation_mode I&EJ Absolue

BY, IEEFHEENDRE. XNNZ2
0 2l 1 ZiEW—M&, %70 0.90,

strong_above_absolute 2 SBAEXM 5 FE

statisticsoutputnode B4

& "Statistics "I RATFIEA IBM SPSS Statistics 1372, 5347 IBM SPSS Modeler #i&. =]
LURBFZAER IBM SPSS Statistics 01Midi2. ETIRFEE IBM SPSS Statistics BIFRIEIZS,

BXETABMMNEER, BSRE 318 ;1Y Ustatisticsoutputnode &M b

tablenode B4

— RBAURERETIE, KERETTUS IR, SLEREAEREERERAT
B BINRROERS LK ESIRER, BT RIERER.

ANl

node = stream.create("table", "My node")
node.setPropertyValue("highlight_expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
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node.setPropertyValue("transpose data", True)
node.setPropertyValue("full_filename", "C:/output/table output.htm")
node.setPropertyValue("paginate_output", True)
node.setPropertyValue("lines_per page", 50)

R 239. tablenode JBI%.

tablenode /E1% HIELE e 2:pu

full_filename string NRERAE. BUB HTML #ad, APAlt
[ AE R S Y B R

use_output_name & EEELEAEHNEE S,

output_name FRIB R use output_name J true , BBAIERE
fERER.

output_mode Screen FFHE Rt 15 = AR AR ARV B8 HH B9 B AR AL

File o

output_format

Formatted (.tab)
Delimited (.csv)
HTML (.html)
Qutput (.cou)

BTeERtEE,

transpose_data & SHAHRERE, FTRTFR, JIRTE
iERo

paginate output flag 4 output_format 2 HTML BY, s
B,

Tines_per page number 5 paginate output —ECfERRY, FBESDT
Rt DTPRY T

highlight_expr FRIB

output FRIE RiEEM, IRENETREENRE—

PRSI,

value_labels

[[Value LabelString]

[Value LabelString] ...]

BFRENEERR,.

display_places integer NFEREERNNRUE (XBTU
REAL ZEMFE) . B -1 BRERR
RE B,
export_places integer AFRIGESHN/ N (NATFU
REAL FENFE) o BEH -1 BORERR
& E,
decimal_separator DEFAULT NFEGEH#HEINRET ((XATFLL REAL
PERIOD FRENTFER) .
COMMA
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R 239. tablenode B (4L).

tablenode B4

hiERE

e i

date_format

"DDMMYY"
“MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
“MM.DD.YYYY"
"DD.MON.YY"
“DD.MON.YYYY"
"DD/MM/YY"
“DD/MM/YYYY"
"MM/DD/YY"
“MM/DD/YYYY"
“DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

NFERIRE AR ((NAFLL DATE &
TIMESTAMP TEERIFER) o

time_format

"HHMMSS"

"HHMM"

"MMSS*"
"HH:MM:SS"

"HH :MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

NFERIGERERK ((RATFLL TIME T
TIMESTAMP TEEHIFER) o

column_width

integer

NFRIZBIIEE, BN -1 ZREIEE
REN Autoo

justify

AUTO
CENTER
LEFT
RIGHT

NFERIRETIT TR

>

dt
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transformnode Ef4t

"R R ATFESERH UM A AR ERER, ARBREXERRNY AT EFNFR,
fix)»

Nl

node = stream.create("transform", "My node")
node.setPropertyValue("fields", ["AGE", "INCOME"])
node.setPropertyValue("formula", "Select")
node.setPropertyValue("formula_log n", True)
node.setPropertyValue("formula_log n offset", 1)

R 240. transformnode B

transformnode /B4 HIERE ek 250
fields [ fieldl... fieldn] EEERPERNTR,
formula ATl RTMIT BB R REREERNE
Select o
formula_inverse flag RTESMNFEREER,
formula_inverse offset BF REAPEFEANTIERIEZE. IR
ERFEE, SNREBERITRER
0o
formula_log_n flag RTEBNER log , Hit.
formula_log_n_offset #Hr
formula_log_10 flag RTEEMNEA log ,, Fifo
formula_log_10 offset =
formula_exponential flag RTELNERIER (e *) iR,
formula_square_root flag RGN FERFEHIRER,
use_output_name flag IEERGEAEHNEL .
output_name string AR use_output name 5 true , #B
KIEEEANET,
output_mode Screen BFiEERE T RRERNEENE
File I E,
output_format HTML (html) BFiscihmt s,
Output (.cou)
paginate_output flag % output_format ;& HTML BY, {4
HI T
Tines_per_page number 5 paginate_output —i2{EMARY, 5
&N TR,
full_filename string RTEEXHREPEANXHEHSE,
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17 & SHETEEN

‘ﬁaﬂwmﬁﬁ
UTFREBATHRES

& 241 RHESHTNREMN

B & ek 250

publish_path string MANERTAHAGHNEGMNSHXXHHN
rootname & #Fo,

publish_metadata flag BERREMTHEXY (BTHRRAEAN
WA E AR ENHNEURER)

publish_use parameters flag IBEREE *par XHFFEERBH

publish_parameters string list EEETENSH.

execute_mode export_data BEZBRITHRMALRMR, EEERITH

b-Zi R BhA M.

asexport B4
BRI LAERA Analytic Server SH7E Hadoop AHAXHRL (HDFS) LB T
ANl

node.setProper‘tyVa]ue("use_defau]t_as”, False)
node.setPropertyValue("connection"

["false","9.119.141.141" "9080","ana]yt1cser‘ver" "ibm","admin","admin","false","","","",""])

R 242. asexport BI%E.

asexport Bl BuEARE B4R

data_source string BIRIRE M,

export_mode FRI&H EERER S HAEIEMINE I G iR
R, TEEBSNEHER.

use_default_as boolean MBIREN True, BHHEARSH
options.cfg XHHREENHE Ana-
lytic Server %%, SNRIGEN False,
BT RAER.
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R 242. asexport BIE (4R).

asexport BiE

HhiERE

B1%5iER

connection

["string","string","string",

"string","string","string","string",
"string","string","string", "string"
,"string"]

XZ2EE Analytic Server EZIFHIE
ENIREM. B
["is_secure_connect", "server_url",
"server_port", "context_root",
"consumer", "user_name", "password",
"use-kerberos-auth", "kerberos-krb5-
config-file-path", "kerberos-jaas-
config-file-path", "kerberos-krb5-
service-principal-name", "enable-
kerberos-debug"], Hm
is_secure_connect: IETRELERARE
%E3E, HEN true 5 false, use-
kerberos-auth: 18R~E&FA Kerberos
JNIE, EEA true =¥ false, enable-
kerberos-debug: IBREEFER
Kerberos JAMERNIAIRER, HERN
true 3¢ falseo

cognosexportnode &%

WNFHTR, BIAENX Cognos &M ODBC &,
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Cognos &%

Cognos HEEMNEMNT,
2R 243. cognosexportnode BT

cognosexportnode B4 BuERR

Bt

"n

cognos_connection ["string”,"flag","string","string","string"]

XEEE Cognos RREFEZFIFHAE 2T

KEM. #%X7: ["Cognos_server URL",

login_mode, "namespace", "username",

"password"]

He:

Cognos_server_URL @B &R Cognos AR

52889 URL,

lTogin_mode ETRELEAEZER, HERN

true ¢ false; JIRIKEN true, BARN

BTIIFERIER ",

namespace IEERATERRSB[/ILEINLE

RIEER.

username F1 password AAFEHR Cognos

RS _A R BFEE,

ERER login_mode BYIEIR, A LIER

UTAR:

« anonymousMode, f5l40:
['Cognos_server_url’, 'anonymousMode’,
"namespace", "username", "password"]

« credentialModeo f§l#0:
['Cognos_server_url’, ‘credentialMode’,
"namespace", "username", "password"]

+ storedCredentialMode, %0
['Cognos_server_url’,
'storedCredentialMode’,
"stored_credential_name"]

Hr stored_credential_name BTEf&E
# Cognos FIERIE TR,

cognos_package_name string

BEFHIESHEIN Cognos FIEEHIERR
MEZR, Fa0:
/Public Folders/MyPackage

cognos_datasource string

cognos_export_mode b oL
ExportFile

cognos_filename string

ODBC i

ODBC HE#EZEMBMMAT—THR databaseexportnode FIHAIFERE, FIJME datasource BT
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databaseexportnode E14%

"BIEESH N RESIESANS ODBC fRERXARMIER. E5N ODBC HUER, ZHER

% BIEE, B ZERNF RS S i,

Nl

"

Assumes a datasource named "MyDatasource" has been configured”

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

# Export tabdb_exportnode.setPropertyValue("username", "user"
db_exportnode.setPropertyValue("datasource", "MyDatasource")
db_exportnode.setPropertyValue("password", "password")
db_exportnode.setPropertyValue("table name", "predictions")
db_exportnode.setPropertyValue("write _mode", "Create")
db_exportnode.setPropertyValue("generate_import", True)
db_exportnode.setPropertyValue("drop_existing_table", True)
db_exportnode.setPropertyValue("delete_existing rows", True)
db_exportnode.setPropertyValue("default_string size", 32)

# Schema dialogdb_exportnode.setKeyedPropertyValue("type", "region", "VARCHAR(10)")
db_exportnode.setKeyedPropertyValue("export _db_primarykey", "id", True)
db_exportnode.setPropertyValue("use_custom create table command", True)
db_exportnode.setPropertyValue("custom create table command", "My SQL Code")

# Indexes dialogdb_exportnode.setPropertyValue("use_custom_create_index_command", True)
db_exportnode.setPropertyValue("custom_create_index_command", "CREATE BITMAP INDEX <index-name>
ON <table-name> <(index-columns)>")

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields", ["id", "region"]])

R 244. databaseexportnode JBIE

databaseexportnode B BT B

datasource string

username string

password string

epassword string EHITHAE), N RIE. BEMET

RIDBVEDRY, BER TR KEFHE
BIA. BXF2EE, B2AE
U5 TIAY TAERRINERERRD) R,

table_name string
write_mode Create
Append
Merge
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2R 244. databaseexportnode B (4R)

databaseexportnode B4 iEER BiER
map string BT ERTERATIRS ZIHIBES BT
({R7E write_mode 79 Merge HIIER T
B o
XNFEH, PEFEROIMEIIRET A 8
S, BEEPRFENFEREMEAR
IpSEEIS
key_fields FIR TEERAERIRTE; map BMIETT
IHb = B T 2R e R AR W T
join EE
Add
drop_existing_table flag
delete_existing_rows flag
default_string_size B
type BT IRERARENELRE T,
generate_import flag
use_custom_create_table_command flag R custom_create_table 3BEE AT A
CREATE TABLE SQL #%.
custom_create table command string IEEFR R SEIRE CREATE TABLE
SQL < fEM.
use_batch flag THREMRATHIEERERENNER
¥, Use_batch 9 true BIEEIFMEEK
BEZRITIRZRITHEE.
batch_size 2 BETRRINEFRIRIXEEIEERNS
R
bulk_loading off fEEMERNLE, TEYIHT 0DBC
ODBC N External BYEMIEIN,
SMER
not_logged flag
odbc_binding Row fEE @it ODBC #tE&HRNNERZRT
CoTlumn EHETIGE .
Toader_delimit_mode Tab SFBEINEZFEHEREN, EEE
Space REFRVED, EFE Other ERF
Hith Toader_other delimiter
BUHELIEEERT, FIUES ().
loader_other_delimiter string
specify_data_file flag SN True HNEZETEN
data_file @1, EZBEMHRILIEE
HERENFFIREN S NHXHZ T
o
data_file string
specify loader_program flag IREN True BHAEABETEN

Toader_program Bf¥, EZEMEFTILL
IS TEINERIE N IR PRI AN SRAZ P B9 2 FR AT
(VA=
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R 244. databaseexportnode B (4R)

databaseexportnode B4 HiEEn BiEER

loader_program string

gen_logfile flag HERN True WAHETEHN
Togfile_name, EZEM4HAILUIEER
528 MR IRUEREIRBE.

logfile_name string

check_table_size flag SR True BRIFHITRIEE R
HIEERAX/NBIEIMS MK IBM SPSS
Modeler SHBITTEAERT.

Toader _options string BEENEZFNEMSE, F1W0 -com-
ment 1 -specialdiro

export_db_primarykey flag BEATEFEREENER.

use_custom_create_index_command flag WMRIREA true, BARFBERSIESH
EHl SQL.

custom_create_index_command string EEBATES SQL ERTLIERSIN
SQL 8%, (BIRNSERSIEY, %EH
WES, T )

indexes. INDEXNAME. fields PENBIBIEENRS, HIHBEEE
TR IPNFES,

INDEXNAME "use_custom_create_i|flag RTFERRERARERSINES SQL.

ndex_command" BERTRZENTG,

INDEXNAME "custom create index_ com-|string HEERTREERSIMER SQL., FEE

mand" TRZEHRG

indexes . INDEXNAME. remove flag WNRA True, BBAKMERSIEFRER
ENES,

table_space string EERRIERTIE,

use_partition flag BERFERADHEGIFE.

partition_field string EBES MY IFENAS,

A WFREHIEE, S LUEEUSHN#ITESEN AR ELRIEZER (Fla0, SQL HRIEKIEA CRE-
ATE TABLE MYTABLE (...) COMPRESS YES;) o AT XZ#FItLINEE, IR TEM use _compression #
compression mode, 30 FFfiTRo

R 245. BB TEZEINRER databaseexportnode B

databaseexportnode Bt ¢ Eid) BER
use_compression B/RE WMRIEEN True, BAKUSHRHITERENS
ReIER,
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& 245 {FHRTEEINEER databaseexportnode BIE (4)

databaseexportnode B4 HiEeny BiER
compression_mode Row ®E SQL Server #IBFEHIEZELRT.
Page
Default ®E Oracle HUBEMNES L. BEE, &

Direct_Load_Operations
A11_Operations

Basic

oLTp

Query_High

OLTP. Query High. Query LowArchive High %0
Archive_Low E/DFEE Oracle 11gR2,

Query Low
Archive_High

Archive_Low

ERINAHITFEZRSI TR CREATE INDEX #p<HYRf:

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["use_custom create_index_command",
True] )db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["custom create index_command",
"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"])

HE, WALUETRTIRTRULIRE:

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id", "region"],
"use_custom_create_index_command":True, "custom_create_index_command":"CREATE INDEX <index-name> ON
<table-name> <(index-columns)>"])

datacollectionexportnode %

- Data Collection SHT 5Ll Data Collection HiHEEIGHFERAEINH IR, HAZE Data
Collection #BFEA AIBAILLT =,

Nl

stream = modeler.script.stream()

datacollectionexportnode = stream.createAt("datacollectionexport", "Data Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata file", "c:\\museums.mdd")
datacollectionexportnode.setPropertyValue("merge metadata", "Overwrite")
datacollectionexportnode.setPropertyValue("casedata file", "c:\\museumdata.sav")
datacollectionexportnode.setPropertyValue("generate_import", True)
datacollectionexportnode.setPropertyValue("enable_system variables", True)

&R 246. datacollectionexportnode BI%E

datacollectionexportnode /B4 HiEER B4R
metadata_file string EHMTEIE S HRI R R,
merge_metadata Overwrite
MergeCurrent
enable_system variables flag EESHEMN mdd XHEERENEE
Data Collection RFALTE,
casedata_file string ESUEINEIEDN sav XHERNEFR,
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2R 246. datacollectionexportnode BYE (4%)
datacollectionexportnode Bt iEeny BER

generate_import flag

excelexportnode Et¥

; Excel ST SR LL Microsoft Excel .x1sx XHENMHEIE, X IERERITRIETREE5E)
Eﬂ:ﬁfj‘ BTN Excel HITASHIINXME,

Nl

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport", "Excel", 200, 200)
excelexportnode.setPropertyValue("full_filename", "C:/output/myexport.x1sx")
excelexportnode.setPropertyValue("excel file type", "Excel2007")
excelexportnode.setPropertyValue("inc_field names", True)
excelexportnode.setPropertyValue("inc_labels_as_cell notes", False)
excelexportnode.setPropertyValue("launch_application", True)
excelexportnode.setPropertyValue("generate_import", True)

R 247. excelexportnode B

excelexportnode B HBUEAER B4R

full_filename string

excel_file_type Exce12007

export_mode Create

Append

inc_field_names flag BEFBREREIUEETEIERN
179,

start_cell string EE FHBIF AR TS,

worksheet_name string EE5 NN IIERNET,

Taunch_application flag BERENIZX4E RN HIEA
Excelo &R, WIE"HBINAE
FYHEE ("TR"'SRR >"HBNAE
") HIEERTF BN Excel BE&Z,

generate_import flag BESTNEMA T IR LR
X ARV Excel SN TR
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extensionexportnode Ef4%

7R FHER IR

Python for Spark Tl

#### script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension export", "extension_export")
node.setPropertyValue("syntax_type", "Python")

@- B RSET R, EALE!T R 3 Python for Spark Bl

python_script = """import spss.pyspark.runtime

from pyspark.sql import SQLContext
from pyspark.sql.types import =*

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

print df.dtypes[:]

_newDF = df.select("Age","Drug")

print _newDF.dtypes[:]

df.select("Age", "Drug").write.save("c:/data/ageAndDrug.json", format="json")

node.setPropertyValue("python_syntax", python_script)

R Rl
#### script example for R

node.setPropertyValue("syntax_type", "R")

node.setPropertyValue("r_syntax", """write.csv(modelerData, "C:/export.csv")""")

2R 248. extensionexportnode BT

extensionexportnode B4 IESERY BHER

syntax_type R IEEEITHIMIA - R 5 Python (R
Python HNREE)

r_syntax string FiE1TH R MIARRBIEE.

python_syntax string EIn{TH Python MIASZRHIIEE.

convert_flags StringsAndDoubles RT3 AT S F B o

LogicalValues

convert_missing

flag

LT TR RAERITRA R NA
B

convert_datetime flag b2 I0 A -/ B8 B #Ask B HARY (8)4%
XMW TEHHA R BEA/BEIE .
convert_datetime_class POSIXct XA A THEE 218 B HAgy B #ARt
POSIX1t

[EE TR BN T ARE o
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jsonexportnode E14%

JSON SHTELL JSON MRABHEIE, HSESON SHTEAPRImELES.
[JSON]

2R 249. jsonexportnode BT

jsonexportnode Bt b3 67 =] EtEi58E
full_filename FRE# TENHE (BERER) .
string_format records $ETE JSON FRIEBRMIIEN. TREEN
values 2R,
generate_import flag EE R B R L A A TR AT S H#UE
X1HH JSON BATIE, REENR
Falseo

outputfilenode El%

— EEXAS T SRR R R R XA R, X T S A E A S R T R A B
SRR ARIEEE A,

Nl

stream = modeler.script.stream()

outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full filename", "c:/output/flatfile output.txt")
outputfile.setPropertyValue("write_mode", "Append")
outputfile.setPropertyValue("inc_field names", False)
outputfile.setPropertyValue("use_newline_after_records", False)
outputfile.setPropertyValue("delimit_mode", "Tab")
outputfile.setPropertyValue("other delimiter", ",")
outputfile.setPropertyValue("quote_mode", "Double")
outputfile.setPropertyValue("other_quote", "*")
outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate import", True)

&R 250. outputfilenode B

outputfilenode B iEeny BER
full_filename string A SRS R
write_mode Overwrite

Append
inc_field_names flag
use_newline_after_records flag
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" 250. outputfilenode B (4%)

outputfilenode EtE HiEeny BER
delimit_mode Comma
Tab
Space
Hth
other_delimiter char
quote_mode None
Single
Double
Hth
other_quote flag
generate_import flag
encoding StreamDefault
SystemDefault
"UTF-8"
sasexportnode E4%
r ' "SAS SH"TTRLL SAS BIVMHEIE, UERZEIERAN SAS HES SAS RENRHEE, H
@ B=ME] M SAS XHHE: SAS for Windows/OS2. SAS for UNIX I SAS V7/V8,

ANt

stream = modeler.script.stream()

sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full_filename", "c:/output/SAS output.sas7bdat")
sasexportnode.setPropertyValue("format", "SAS8")

sasexportnode.setPropertyValue("export _names", "NamesAndLabels")

sasexportnode.setPropertyValue("generate_import", True)

+ 251. sasexportnode B

sasexportnode B4 IEAEEY BEHER
format Windows A EEMTEFE.
UNIX
SAS7
SAS8
full_filename string
export_names NamesAndLabels BTFIEFEERZ M IBM SPSS Modeler

NamesAslLabels

S H P BREdE] IBM SPSS Statis-
tics Bf SAS MTEZH,

generate_import

flag
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statisticsexportnode B4

; g Statistics ST LA IBM SPSS Statistics .sav T, .zsav #EiaiE##E. IBM SPSS Statistics Base
FEAM BT LOREY .sav 3% .zsav XfF. XMEXEAT IBM SPSS Modeler HHIFLEETE
X4

BXETEBUNESR, BBHE 319 TR [statisticsexportnode B b

tm1iodataexport T EE

@ IBM Cognos TM1 ST Ll Cognos TM1 #ERER] LURENAIIE T HEUE.

R 252. tmlodataexport TIRIBMH

tmlodataexport THE4 HEAR B4R

admin_host string REST API B9FEHEH URL,

server_name string M admin_host FRIZEIER TM1 ARZSEIAVEZ R,

credential_type inputCredential 3| AFEREIELE,

storedCredential

input_credential (IS % credential_type 79 inputCredential BY; 8%
B, AP &MEL,

stored_credential_name string % credential_type /U storedCredential BY; 57
C&DS A58 LRIEIER M,

selected_cube FE BERHPRSHBIENSHERIBEENZIF. Hl:
TM1_export.setPropertyValue("selected_cube",
"plan_BudgetPlan")
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R 252. tmlodataexport T3 RIBME (4R)

tmlodataexport T /B

HhiERE

B

spss_field to_tml_element_mapping

e

EMHEIR tml TTRMSIEMESELTIRENERS
HEMNHERI D, X 9: [[[Field_1, Dimen-
sion_1, False], [Element_1, Dimension 2, True],
...], [[Field_2, ExistMeasureElement, False],
[Field_3, NewMeasureElement, True], ...]]

B 2 MIRAATFRRMEHE . B TR L
ES R FLUTFRE 2:

T~ 1: £—15)&: ([[Field_1, Dimension_1,
False], [Element_ 1, Dimension_2, True], ...]) A
F T™M1 #EMEHESR,

1A 3 MEMFIRIYIEREEMPER, E=TE
TERTETEAEEHENTE. fl:
"[Field_1, Dimension_l, False]" /&~ Field_1 Bf
g4%] Dimension_1; "[Element_1, Dimension_ 2,
True]" FREXT Dimension_2 A Element 1o
Bl 2: BZABHIKR: ([[Field_2,
ExistMeasureElement, False], [Field_3,
NewMeasureElement, True], ...]) FBF TM1 EE24
ExEMEHES.

18 3 MEMNYIRIDIEREETEMITES. F=
MRERTFRETEERECIENTE, "[Field 2,
ExistMeasureElement, False]" /& Field 2 BRESZE!
ExistMeasureElement; "[Field 3, NewMeasureElement,
True]" RRTE selected measure REEEAH
NewMeasureElement EE4E, & Field_3 MRETE
WEEERE,

selected_measure

string

ETESHE,
~fil: setPropertyValue("selected measure",
"Measures")

tmiexport TREM (FHEF)

® IBM Cognos TM1 SHTELL Cognos TM1 #iEER LURENAIE RS L EIRE.

A T RTE Modeler 18.0 AR, BT RHIARNEZMA tmlodataexport,

+& 253. tmlexport TTRBIE.

tmlexport T mEM & =E it B
pm_host string A XR V1e.0 1 17.0

EMBZ, HIE0: TM1 _export.setPropertyValue
("pm_host", 'http://9.191.86.82:9510/pmhub/pm’)
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& 253. tmlexport TIRBME (£).

tmlexport T R/EiE HiERE e r:pu
tml_connection ["field" field", ... /field"]|E: {XPR V16.0 # 17.0

BE T™1 RE[EZFMESNIIRELE. BR
ol "TM1_Server_Name", "tml_ username",
"tml_password"]

30 : TM1 _export.setPropertyValue
("tml_connection", ['Planning Sample’, "admin"
"apple"])

selected _cube FE CERHEPSHEUEN S EHUBEEMNZT, Flu:
TM1 _export.setPropertyValue("selected cube",
"plan_BudgetPlan")

spssfield_tmlelement_mapping GlIES EMFFN tm1 TEOITEPMEZHELIEEMNENG
HENAMI D, X [[[Field_1, Dimen-
sion_1, False], [Element_1, Dimension_2, True],
...], [[Field_2, ExistMeasureElement, False],
[Field_3, NewMeasureElement, True], ...]]

B 2 MIRAATHERRFE S FH TR EI4
BN FLTRE 2:

w5l 1: £—15I&K: ([[Field_1, Dimension 1,
False], [Element 1, Dimension 2, True], ...]) F
F TM1 EERGHER.

B1E 3 MENIIRIEREEMFER. F=1TF
TERTETEGEBREEN TR, flu:
"[Field_1, Dimension_ 1, False]" &7 Field 1 BR
54%] Dimension 1; "[Element 1, Dimension 2,
True]" FTNEHXT Dimension_2 #EH Element Lo
]l 2 EZANHIKR: ([[Field_2,
ExistMeasureElement, False], [Field_3,
NewMeasureElement, Truel, ...]1) BT TM1 EE24#
ErxEMEES,

F1ME 3 MEMFIRYIEREETEMTER. £=
M RERTETESRECENTR, "[Field 2,
ExistMeasureElement, False]" &/~ Field 2 BRESE!
ExistMeasureElement; "[Field_3, NewMeasureElement,
True]" R selected measure REEHEMAH
NewMeasureElement EEE, HI& Field 3 BRETE!
WEEEE,

selected measure string EEES%E,

~ffl: setPropertyValue("selected measure",
"Measures")

xmlexportnode Et¥

. "XML SH" TSR XML BTV EIX . ERIBUEFMEEE XML R'TR, UERS
<XML> H B EIRERTIRENELA T,
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ANl

stream = modeler.script.stream()

xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full _filename", "c:/export/data.xml")

xmlexportnode.setPropertyValue("map", [["/catalog/book/genre", "genre"],
["/catalog/book/title", "title"]])

R 254. xmlexportnode BYE

xmlexportnode Bi% HumAR BiEER

full_filename string (WF) XML SHXHHTEEENXHEE,

use_xml_schema flag BEREGEEA XML & (XSD 5 DID Xf4)
=S HEUERN T,

full_schema_filename string ZFERAN XSD 3 DTD XHMEEEEN XM
o R use xml_schema i&A true, AN
™o

generate_import flag AT RS SR HEE )RR XML R
"R

records string RTIERIAFAB XPath RiXTo

map string BFERMETE XML £,
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% 18 = IBM SPSS Statistics T @

statisticsimportnode Et¥

Statistics XTI M IBM SPSS Statistics {FHEB .sav T .zsav XN URRTEE IBM SPSS
Modeler FHSREEFXH (BHEAR—ER) FEEIE,

Nl

stream = modeler.script.stream()

statisticsimportnode = stream.createAt("statisticsimport", "SAV Import", 200, 200)
statisticsimportnode.setPropertyValue("full filename", "C:/data/drugln.sav")
statisticsimportnode.setPropertyValue("import names", True)
statisticsimportnode.setPropertyValue("import data", True)

&R 255. statisticsimportnode [BIE

statisticsimportnode B HiEeny BiER
full_filename FrI& TRXHE (8EFBREF) .
password FRIB FH, HAFE file encrypted B ZHIRE
password S,
file_encrypted flag X 4B E BRI,
import_names NamesAndLabels WIBTEZNITEN S E.
LabelsAsNames
import_data DataAndLabels LEEMIRERTT 5.
LabelsAsData
use field format_for storage B/RE FEES NN EEMEF IBM SPSS Statistics FEE
AERo

statisticstransformnode E1%

= "Statistics FEHE" T mETXT IBM SPSS Modeler FAYEIEIRIGZITIEIRA IBM SPSS Statistics 1&7%
¥, WTHRBEE IBM SPSS Statistics BIFFEJEIZS,

BNl

stream = modeler.script.stream()

statisticstransformnode = stream.createAt("statisticstransform", "Transform", 200, 200)
statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticstransformnode.setKeyedPropertyValue("new _name", "NewVar", "Mixed Drugs")
statisticstransformnode.setPropertyValue("check before saving", True)

317



R 256. statisticstransformnode B

statisticstransformnode Ef¥ R B

syntax string

check_before_saving flag FRERADZ  I3IE B MRS A,
MRIBEBELH, BASET—FEIR
THE.

default_include flag BEXEZER, BSHE 131 W
| lfilternode /B IEEEJ_

include flag BEXEZER, BEHEE_131 1K
| Tfilternode B1%J EELJH\O

new_name string BEXFEZER, BBAEE 131 1
[ filternode By FE&T,

statisticsmodelnode Ef%

IBEUE, LETEREE IBM SPSS Statistics BYIFRI &N

Nt

stream = modeler.script.stream()

statisticsmodelnode = stream.createAt("statisticsmodel", "Model",
statisticsmodelnode.setPropertyValue("syntax", "COMPUTE NewVar =

"Statistics AT AFEREEBETIZITRSER PMML R IBM SPSS Statistics iZFZ23R 3 #F04k

200, 200)
Na + K.")

statisticsmodelnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed Drugs")

statisticsmodelnode B HiERE JEJ 23

syntax string

default_include flag BEXEZER, BSHE 131 W
| filternode JBM) B,

include flag BEXEZER, BSHE 131 W
| Tfilternode JEMHJ B,

new_name string BXELER, B3R 131 08|
[ filternode EI%J FERT,

statisticsoutputnode 1%

= "Statistics "B SRATFIEA IBM SPSS Statistics 192, A5 IBM SPSS Modeler #(iE. ]

il
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stream = modeler.script.stream()

statisticsoutputnode

statisticsoutputnode.

statisticsoutputnode

statisticsoutputnode

= stream.createAt("statisticsoutput", "Output", 200, 200)
setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A) BP(A) Cholesterol(A)")

.setPropertyValue("use output_name", False)
statisticsoutputnode.
statisticsoutputnode.

setPropertyValue("output_mode", "File")
setPropertyValue("full filename", "Cases by Age, Sex and Medical History")

.setPropertyValue("file type", "HTML")

& 257. statisticsoutputnode [BE

statisticsoutputnode B BiEAR B4R
mode Dialog YEHR'IBM SPSS Statistics SIEE"E
Syntax kB L dmiEes
syntax string
use_output_name flag
output_name string
output_mode Screen
File
full_filename string
file_type HTML
SPV
SPW

statisticsexportnode 1%

Statistics ST =Ll IBM SPSS Statistics .sav 3% .zsav &I E#E, IBM SPSS Statistics Base

= ME AP R LGEE .sav 5 .zsav X, XFASTHBAT 1BM SPSS Modeler FREUELLEES
ok,

Nl

stream = modeler.scri

statisticsexportnode

statisticsexportnode.
statisticsexportnode.

statisticsexportnode.
statisticsexportnode.

pt.stream()

= stream.createAt("statisticsexport", "Export", 200, 200)
setPropertyValue("full_filename", "c:/output/SPSS_Statistics_out.sav")
setPropertyValue("field names", "Names")
setPropertyValue("launch_application", True)
setPropertyValue("generate import", True)

R 258. statisticsexportnode B

statisticsexportnode B | $IESEY BER

full_filename string

file_type sav W sav B zsav EHRFX M. Fil0:
zsav statisticsexportnode.setPropertyValue("file_type","sav")

encrypt_file flag X B EZ BRI,

password string i,

launch_application flag

export_names NamesAndLabels BT REFERRM IBM SPSS Modeler BYSHFBRETE] IBM SPSS Sta-
NamesAslLabels tistics 3 SAS KL EHEH,
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" 258. statisticsexportnode B (£2)

statisticsexportnode B4

SRR

B

HE

5

generate_import

flag
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% 19 Z Python T EEMH

gmm Bi¥

& 259. gmm B

SIREEORER—MIXRER, EREMENIESRBEMNERUENEHPHSRKANSHIE
BHRERD, TRESIEEEIEIN kmeans £ UBESEXMENAEEHWNRBESTTOH
fE8. SPSS Modeler FHEHEETRETSIESENZOINEMERSH. T RER
Python #{TSLI.

gnm B4 HiEE B4R

role_use boolean 187 False LUERATIEXAE, HEIETE True
MUERAESIFEDE. HREER False.

T E field

use_partition boolean REA True I False LUEEREEHDXE
B, TREENRN Falseo

covariance_type FRIEB $67E Full. Tied. Diag 5 Spherical LUEE
HERE,

number_component B NREHAHNMEIET RN, &/IMEN 1. REE
A 2

component_lable boolean 18T True LUBEBHTZIGENFRIEH, HEIETE
False UBEBMERENRTF. REEN
Falseo

label_prefix FRIH NRFEAFRBERTNE, ERILUEERS,

enable_random seed boolean NREFEAMENIF, BEE True, MREEN
Falseo

random_seed B NREAENMTF, FEEERTERMBIFELR
BIEEEL

to Double FEEWSLEE, REEN 0.000. 1o

max_iter 27y BEERNTIIEANRRSE, REEN 100,

init_params FRE# KREETEHANVBRESE, EMA Kmeans
Randomo

warm_start boolean 8 True LUMERAREMENRRAREAT—
PEIERNEK. REEXN False,

hdbscannode Ef4%

i

Hierarchical Density-Based Spatial Clustering (HDBSCAN)O £ B HF SIREILIIESE
BT ZEEXH, SPSS Modeler B HDBSCAN Fi Al £/8 HDBSCAN FERIIZOINEERNE
BS#, T RER Python #HITEM, BRIUATFERUAIEEMLAR, BHIBERLNT
FIfY4H,
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R 260. hdbscannode B4

hdbscannode B4 ¢S BiEER

BN field RENRANFE,

useHPO boolean 87 true BX false LIET Rbfopt BREER
BEHML (HPO), IRTFTEMAMSHRMA
&, UEERENEALNAEHRBEIVIZERE,
HEERN false

min_cluster_size B REMR/NKN BEEEI. REEN 5

min_samples E285 ERENSMERZOR, EBRSMEEBE
AEE, FIEEEH. NRIKEN 0, BLKFER
min_cluster_size, FREEN 0.

algorithm FRIB EEEMFEAMEEL: best. generic.
prims_kdtree. prims_balltree.
boruvka_kdtree B boruvka balltree. FAE{EA
besto

metric FR# eI B HAP LA 2 BN E RN ERNE
=1&. euclidean. cityblock. L1. L2. manhat-
tan. braycurtis. canberra. chebyshev. corre-
Tation. minkowski B¢ sqeuclidean, FREEN
euclidean,

useStringLabel boolean EE true UFEAFHEBEREMRE, HBIET
false UERAMFRENE., HREEN false.

stringLabelPrefix FRIB YR useStringlabel BFIREN true, BIBTE
FRB|ITZHIRNE, FREEAN clusters

approx_min_span_tree boolean 187 true LUSIEMAR/NERN, HENREN
YEREURIEERYE, BEE false. REEN
trueo

cluster_selection_method FRIE EEATHNEEMEERRENFE: eom 5
Teaf, TREEN eom (Excess of Mass BiE)

allow_single cluster boolean MREATRRRLER, BIET true, IREBEN
falseo

p_value WEEE WRHIEEZER minkowski, BIBEE[EAM p
B, HEERN 1.5

Teaf size E25 MREFERATEMNEE (boruvka_kdtree 3
boruvka_balltree) , IETEWMIMT RHIEE R
o, BREEN 40,

outputValidity boolean IBRE true I false UIEHIEREHBEFERS
B BERERSI"ER.

outputCondensed boolean FEE true B false LUTHIEERAHEIERE
B ESREN B

outputSingleLinkage boolean IEE true T false LUTHIEREHHPES
B RIEENER,

outputMinSpan boolean $EE true T false LUTHIEREHEIEEE
B'R/NERN B,
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kdemodel B4

& RNIZZEGE (KDE)© SWEMEIRER Ball Tree 8 KD Tree &%, £8TMERI. BT
EMEEEEERS, ETOMM7A% (30 KDE) 2RESINERERANZEGEAEN—E5,
SPSS Modeler Y KDE E&ET mF] KDE EIUT R ER KDE ENZOINEEN R ASH, Xt

TI=fFER Python #H1TI

R 261. kdemodel BY

kdemodel [Ef¥ HiEE B4R

BN field REMNBNTFEL

i WHEEE REERN L

kernel FRIB EFEMAMNZ: gaussian, tophat.

epanechnikov. exponential. linear 3% cosine.

fR&E{E gaussiane

algorithm FRIEB EFERAMMEL: kd_tree. ball_tree IETN,
HREER B,
metric FHRE# THEENEFHANES, ST kd_tree BiE,

MULTFIHERE: Euclidean. Chebyshev.
Cityblock. Minkowski. Manhattan. Infinity.
P. L2 3% L1, XIF ball_tree &%, MLUTFIH
¥E¥E: Euclidian. Braycurtis. Chebyshev. Can-
berra. Cityblock. Dice. Hamming. Infinity.
Jaccard. L1. L2. Minkowski. Matching. Man-
hattan. P. Rogersanimoto. Russellrao.
Sokalmichener. Sokalsneath T Kulsinskio i#
#1EX Euclideano

atol AL ERNPBEVNARE, REEKXEEESHWHIT
HREMIR, FEERN 0.0,

rtol FERE ERNPABENEE, REHRKBEFSBIIT
WEMR, BREEA 1E-8

breadthFirst boolean BN True UERAREMESE, 18BN False
LUERREMRE S X, BREEAN True.

LeafSize £ REWBMHKD, HREEN 40, BHUILERTRES
FEF e,

pValue WHEEE WRHITES[E Minkowski, BEIEEEERM P

B, TREEN 1.5

kde Bt
ﬂ; RNIZZREGE (KDE)© SWEMEIEMER Ball Tree 8 KD Tree &%, £8TMERES. BT
EMEERESEHS, ETOMNAE (30 KDE) RESIIERERNZEGESEN—EE5,

SPSS Modeler 9 KDE EB#ET 51 KDE & T S8 KDE EMZOINEENE A S, XL
TIRfER Python #1TEI
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R 262. kde B

kde BiE

HiERE

B4R

LETDN

field

REMBANTFTR.

e
o,

WIEEE

REERN 1o

kernel

FRYE

EFEAMNZ: gaussian I tophat. TREERN

gaussiane

algorithm

e

EFEMAMMEL: kd_tree. ball_tree IETN,
REEN B,

metric

FRF R

THEENEFHANES, T kd_tree BiE,
MU TR Euclidean. Chebyshev.
Cityblock. Minkowski. Manhattan. Infinity.
P. L2 3% L1, XIF ball_tree &%, MLUTIIH
IE$FE:. Euclidian. Braycurtis. Chebyshev. Can-
berra. Cityblock. Dice. Hamming. Infinity.
Jaccard. L1. L2. Minkowski. Matching. Man-
hattan. P. Rogersanimoto. Russellrao.
Sokalmichener. Sokalsneath B§ Kulsinskio fif
#{EN Euclideans

atol

R

HERNPBLENETE, FEBRKBERSEHRT
EEHIR, REEHN 0.00

rtol

FRE

LRI B E, REBRKEERSENT
REMR, REEN 1E-8

breadthFirst

boolean

REN True UERAREMALS E. IKEN False
LUERREMRL A X, TREERN Trueo

LeafSize

B

REMBIHRN GREEN 40, BERILEFES
FEER ML,

pValue

RHEE(E

WRHWEE[EA Minkowski, BIEEEFHEMN P
B, TREMEN 1.5

gmm Etk

& 263. gmm B

SHEGORMEE—MIRERE, ERIMEUEFRTENBRUENSHIHSRNSHNE
BREMN, FIRREEGREEFAP kmeans EEUBAEEXRMED S ELEMRBESHHOMN
=80 SPSS Modeler FHSHESTRETRSINESENZOINENERSH. KT RER

Python HITRI,

gnm B HiEE B4R

role_use boolean {6 False UERTIEXAE, HEIETE True
LUERESIFE DA, HREEN False,

Fn L 2 field

use_partition boolean WEN True I False IEEREBERTXE
B, HREEN False,

covariance_type FRTER $E67E Full. Tied. Diag I Spherical LUEE
FEXL,
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& 263. gmm B (4)

gnm B4 iR B3R

number component B NRSHAMNHERRTEREN. IMERN 1. REE
A 2

component_lable boolean 18T True LUBEBHTZIGENFRIH, HEIETE
False UBEBMERENRTF. REEN
Falseo

label _prefix FrRI& NREAFRBEITE, ERLUEERS,

enable_random_seed boolean NREBERMENMF, BEE Trueo IREEN
Falseo

random_seed B MREAMENMTF, BIEEERTLERMYER
R,

tol Double FEEWSRRIE, REEN 0.000.10

max_iter B BEERNTHIEANRRKE, REEN 100,

init_params FRIEE REEFANBNESE, EIMA Kmeans
Randomo

warm_start boolean 8 True LUEAREMENRRAREAT—
MWERANTEL. REEH Falseo

ocsvmnode Eft

’ B SVM NRERATEEFIEE. KNSATHRRSIN. SR eUEEFRENTULR,
UEREERTZEGWHRHITHE, ek SVM BIET STE SPSS Modeler HfEA Python
HITEMHEFRE scikit-learn© Python [,

R 264. ocsvmnode B

ocsvmnode B4 BuEAR BEIRER

role_use FRE# 187 predefined UFERATMENXAE®, HEEE
custom UERAEHRFEDE. BREA pre-
defined,

TN field XBEMNANNFERR T,

PDE| field XZ2RAT RN FERZIRINTIR,

use_partition mIRE JEIERE true T false, TREEN true. FNRIE
BN true, IPATEMERAEY, BVERIIZKREK
o

mode_type FRIB XZ2EH, AJENENEERER, REET
fH8, PBA"ER"EME LEWFFESHELTE
BARS,

stopping_criteria FRIB XERZIEHEFRTR, AJEEMEN 1.0E-1.
1.0E-2. 1.0E-3. 1.0E-4. 1.0E-5 B 1.0E-6, &
HEN 1.0E-3

precision PE=E EFFEE (nu). IEBIRNZFRENEHL
R, BIEEKRT 0 HNOTFHET 1.0 B9#F,
EEN 0.1
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R 264. ocsvmnode B (&)

ocsvmnode [Ef¥ HIERR B

kernel FrIE ERTEEPHAZEL, TTENEAGE. £
M. rbf. sigmoid ML E, REEN
rbfs

enable_gamma m/RE BATERINIBESE. FIEE true I false, fRE
B trueo

gamma F Rk XX RZ rbf. ZINTFN sigmoid BALESE,
R enable_gamma BEIKEN false, HALLS
BIIGENER. WRIKEN true, BAREE
A 0.1,

coef0d EFE X B RAZ R AR I, (XX 2% I Az
sigmoid NiZBRALLSH. REENRN 0.0,

degree B ZIMANIZREBRE . X ZTARNZE AL
S, BFIEETMER. REEN 3.

shrinking HIR1E ATHEERTEFABAINIBAINIET, BIEE
true 3¢ false. FRE{EN false,

enable_cache_size mRE FATEHR cache_size &%, EBE true T
false, TREEN false,

cache size Pt XENZEREFNAN (MB), TREEN 200,

enable_random_seed mIRE FATRERA random_seed B, BIEE true T
false, TREEN false,

random_seed E2 XEXNHIBHITHYISRGE A A BT EE AR
T, BIEEEREH,

pc_type FRIER XRHITUTER KD, TRERET IS
_Qo

Tines_amount B XRECSTEER LNEXRITH. BEENT 1
M 1000 ZiEBYE

Tines_fields_custom HIR1E FFEA Tines_fields &%, ErILUBS S
EEEEREEMEETNESFER. NREE
7 false, MAKETRMEFE. NRIKERN
true, BBAIRERIER lines_fields BEIEENZF
B, NTIEEMEE, REBET 20 M FEK.

Tines_fields field XEEFENIHEETER LNFEBIRT
o

enable graphic B/RE JBEE true I false. BREEFHE (NREE
TEREFBVRX SR, BRALER) .

enable_hpo m/RE 87 true Bf false LUSFASEA HPO &M,
MRIGENRN true, AR Rbfopt LAEEHE
HERE—FE SVM KA, XA TRPFERUT
target_objval B E XM BEFE,

target objval Pt ERAIWBERREE (BRRBENEIRE) ,
B, KAMRAMNE. MRERERAFRA, &
RitsEugBENERE (B, 0.01) o

max_iterations B SARBNREARIERE, REEH 1000,

max_evaluations BY SHRBENEARBRERL, HPERAET
RENIBE. REEN 300
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rfnode B4

s

R 265. rfnode B

RENMT RERARNREBEEARENBERARENSREIN. HENMERT RTE SPSS
Modeler FEf Python H#{TSEMHEFE scikit-learn© Python o

rfnode Bk HiER EithER
role_use FRIE 57 predefined LUEMATEX AR, HERE
custom UERAEHFESE. REHN pre-
definedo
=T field XEMANFEZT,
&l field XERTRRNFEREIFMNTIR.
n_estimators B SRS, REEN 10,
specify max_depth B/RE EBEEHRIRAKE. ARA false, BART BT
=, BEFREMAL4M, REREHEEELR
DF min_samples_split. FRE{EN false,
max_depth B MR RE. REERN 10
min_samples_leaf B RN RADN, BREEN L
max_features FRIE ERRESEINEEZ RNTHRESR I
- WRXA auto, MAFTHXIDLENR
max_features=sqrt(n_features), $t34[E])3
5| max_features=sqrt(n_features),
« IR sqrt, FBA max_features=sqrt
(n_features),
« WIERA log2, A max_features=1og2
(n_features),
HEER B,
bootstrap BIRE MIEMESER bootstrap 175, TREEN trueo
oob_score wRE fEF out-of-bag HAMBZHWRFERE, RE
fBER false,
extreme AIRE ERRERTERN, REEHN false
use_random_seed mIRE IBELIMLURENE NG R, HREEN false.
random_seed B RN EEANENHRS T, BEEERE
o
cache_size Rk XERZEREFENAN (MB), HEEA 200,
enable_random seed B/RE BT EH random_seed B#, IEE true T
false, TREMEN false,
enable_hpo WIR{E 15X true 3 false LUBASERA HPO &I,
NRIGEN true, FBARKNA Rbfopt LAEEHH
EREMENMER, R THAFRERANT
target_objval BEHEXHEIRME,
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R 265. rfnode B (4R

rfnode Ei% iR EitER

target_objval ETL ZRINEFREE (B LRENEIRE)
Blgn, RARAMNE, MRRMERKRM, 1B
Rits8gENMENE (B9, 0.01) .

max_iterations B SRR RRERE, REEHN 1000,

max_evaluations B SRR RRERERE, HPEaAETF

REAIEE, REEH 300

smotenode Ef4t

&

R 266. smotenode B

ERDEIEIRERAR (Synthetic Minority Over-sampling Technique, SMOTE) 5 Sigt T A
TRENFEHIERNERER L ERET BTIYEHIENSRTTE. SMOTE SIETIRE SPSS
Modeler A Python H{TEIMHEFRE imbalanced-Tearn© Python Fo

smotenode JE1% HiERT B eA

target_field field BirFE.

sample_ratio FRIE ATFERESItEE, MRS 5 R B
"(sample_ratio_auto) M"IKRBEL=E
"(sample_ratio_manual)e

sample_ratio_value R IR B DR R RS S PRI A EL
Ztbe BEMAARTF 0 HINFHFET 1, REEBEN
B1fo

enable_random seed m/RE MRIGEN true, ABASBA random_seed &
Mo

random_seed E25 X RN SF LRI ERNTHT,

k_neighbours B XREATHESNEFEANRIIBENRE, R
HEN 5

m_neighbours B XEREATHERS VHEALTEBRRENE
IIBERIERE. RBTE SMOTE EEZEER bor-
derlinel # borderline2 BY, A BAILLIET, &
HERN 10,

algorithm_kind FRIE SMOTE B;ARIZEAY: regular. borderlinel ¥
borderline2,

usepartition R/RE WRIGEAN true, BATEINGEIERTFERY

Eo E;{%{E?g trueo
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tsnenode E

'
f %

'ﬁ"ﬁ t-REHIBEER N (+-SNE) (+-SNE) BR—RATFAMASEHIENTR, KTRTTREERNR
SRAFRIRAME, It +SNE TIRIE SPSS Modeler H{EMA Python #H{THRIMHBEFEE scikit-
Tearn© Python o

R 267. tsnenode BI4E

tsnenode B1¥ HiER EthaiR

mode_type FRIE $87E simple 3 expert o

n_components FRE# BWATEIREE (2D = 3D) - 8FE 2 & 3, &t
HEN 2

method FRIE# 8 barnes_hut T exact. HEENRN
barnes_huto

init FRIER MBI ER N, IEE random B pca. HREEN
randomo

target_field FrIE BirFEE. ©r ikt ER NG
B, MNRKIEEETFE, BALBERKGER—
ER.

perplexity F R perplexity SEMRRFE IB ERERNRIAAED
TLREIEXR, BE, HUBSEHAK, FIFEH perplex-
ity A, ZEERE 5 B 50 ZEE, BREE
?9 300

early exaggeration =R BRI R EREHERATEPEBEE
RSB Z B =IE], TREER 12.0,

Tearning_rate EAE fREEN 200,

n_iter B A RAIERE. IKBRED 250, FREER
10000

angle EF=L ¢ METREENEETRNAEKR/D. EETE
79 0-1 BB, TREEN 0.5

enable_random_seed mIRE BB true LUSA random_seed B, BEE
A falseo

random_seed B EFRANMENESMTF, REEA Noneo

n_iter_without_progress B BEHENRRKERRE. REEH 300
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R 267. tsnenode B (42)

tsnenode B4 HIERR BiEER
min_grad_norm FrIE MEFEILEBERTLRE, BARKEEL,
TEEN 1.0E-7, AJHERIEN:
e 1.0E-1
e 1.0E-2
e 1.0E-3
« 1.0E-4
e 1.0E-5
« 1.0E-6
e 1.0E-7
* 1.0E-8
isGridSearch m/RE WEN true URITEBZ N FTRAEREN
t-SNE. fREEN falseo
output_Rename mRE NRERMEEFIGIR, BIEE true, REWRE
BHohxRte S, BEE false. REMERN
falseo
output_to FRE# $E%E Screen B Output. FRE{EN Screen,
full_filename FrI& EEmHHE.
output_file type FRE# HH S8, FEE HTML Bf Output object. fif
H{EH HTMLo

xgboostlinearnode E14%

% XGBoost Linear® @i MEA AIEEAERENFEERAEINSRIM, BRABEZLLERALE
5503, ARBEIIRNEIRANESIEEEH, SPSS Modeler 1A XGBoost Linear Timf&#
F Python #{T3LIL,

R 268. xgboostlinearnode JE%

xgboostlinearnode [B1% iEen BMiHER

TargetField field

InputFields field

alpha Double X2 alpha &MRARKSHE. BFIEETMEK
F, 0 WEKAE, HREEN 0,

Tambda Double XE lambda LMIRA RS, BIEETAEK
F, 0 AEKE BREEH L

TambdaBias Double XE lambda RELMIREARKSE, BEEE
¥, REEN 0,

numBoostRound B BRMBENRASNERE, BEENTF 1 M
1000 Z[EJAY{E, FREEN 10,
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2R 268. xgboostlinearnode B (£2)

xgboostlinearnode B1% HUEAR B4R
objectiveType FRIER EIEEHE SR, TTRERYES reg:linear.
reg:logistic. reg:gamma. reg:tweedie.
count:poisson. rank:pairwise.
binary:logistic B multi, 1&EFR, XFHRER
#%, HEEMEFA binary:logistic B multi. SN
FTAT multi, MATEDERRKETR
multi:softmax #1 multi:softprob XGBoost B
*ﬁiggo
random_seed B BEMEFN T, EEATF 0 0 9999999 = [EIRVEK
Fo HREMBEN 0o
useHPO R{E {87 true B false LUSHAZHER HPO &£,
HIEEEN true, FBAISEIA Rbfopt LUEENE
HEE—E SVM BE, XRXIBFER
target_objval BHEXHEIRME,
xgboosttreenode E1%
XGBoost Tree© MR REERNRINBERARENEEREI. BAEZUERARFEH
m DR, AERBENTFNIIRENESHEEEP, XGBoost Tree EBREHNRENE, HIRETRZ

SHFARZEHAP RS TFEZRREE, HLt SPSS Modeler F1FY XGBoost Tree T RN ER T 1%
OINEEMERASH, T RER Python H{TLHL,

2R 269. xgboosttreenode JBME

xghoosttreenode Bt IEEE B3R

TargetField field BRFE,

InputFields field PN S

treeMethod FRIB BRI 75 0%. FIRERYE/Y auto. exact T
approx. TREMEA auto.

numBoostRound B BEMEBENRASNIEHE, BEENT 1 M
1000 ZIEJME, FREEN 100

maxDepth B MIZKHNRKRE. HEEE | AFEE, BE
B2 6

minChildWeight Double IS KR/ NFAINE, BEEE 0 KESE.
BREER L

maxDeltaStep Double WIZKNRATHESE, BIEEE 0 IAFES
B, HEEN 0.

objectiveType FRIE FIESHBERLE, TIEEME reg:linear,

reg:logistic. reg:gamma. reg:tweedie.
count:poisson. rank:pairwisex
binary:logistic 8% multi. iEER, NWFIRER
#%, RBEMEH binary:logistic B multi. ¥R
ERET multi, BAFDERKE TR
multi:softmax #1 multi:softprob XGBoost B
ety
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R 269. xgboosttreenode [BIE (4R)

xgboosttreenode B4 iEEs JEiHER

earlyStopping H/R{E EEFERIRFIELEIIEE, HEEN False,

earlyStoppingRounds B WIFRIRREZR VESMEFIEIES NG FES
BEARSEIEYIl, BAEERN 10,

evaluationDataRatio Double RAFIEIEEIRIMASUBNLE R, REERN 0.3,

random_seed B FENLEFHF. AT 0 0 9999999 = [EAYER
Fo REEN 0o

sampleSize Double BFEHIEEMENTESR, BEENT 0.1
1.0 Z[EffE, HREER 0.1,

eta Double BATEHEEMNEHN etao BEENT OM 1 2
BIE, REEN 0.3,

gamma Double BT EHd EES e, SeEEAih=, o0 o
BAE, REEN 60

colsSampleRatio Double BATEHISEMEMNTIER (BNFIE) . 1FE
ENTF 0.01 M 1 Z[EKE. REEN 1o

colsSamplelevel Double BFEHIEEMENTIER (RENTIH) . &
BENTF 0.01 M 1 ZEINE, BREER L

Tambda Double BAFEEEIMEH lambda. BIEEEAHT,
0 HEKE. BREEN L

alpha Double BT EMNEH alpha, BEIBETMAMKT, 0
REKRE. BREEH 0,

scalePosWeight Double AFAEREHBIBEENZIEMENE, HEE

A 1o
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% 20 Z Spark TEEM

isotonicasnode E4

{7

A5 REEABFEVIF LR, SPSS Modeler HHJ Isotonic-AS TR Spark #H1TEM. HX
RELRABEENIEMEE, 52 |https:/ /spark.apache.org /docs/2.2.0/mllib-isotonic-|
3= 270. isotonicasnode B
isotonicasnode E% EsR Bt
TabeT FRIER ZRURENHITERFRMNELE,
features FRIE ZEUEETE,
weightCol FRIE NERTEZNNEE REEN Lo
isotonic mIRE ZEMIETRIEIZE isotonic ERE antitonico
featureIndex B IR featuresCol BMEFI, ZEBMRTIFIEER
5l TREEN 0o

kmeansasnode Ef%

K K-Means RRFANEAEY —, CIMIERELNIENNEENE, SPSS Modeler F8Y

K-Means-AS TI R Spark #1TKIo. HX K-Means BEMIFAER, FHH:

[spark.apache.org /docs/2.2.0/ml-clustering.html}, i&EEE, K-Means-AS TR NP LT EHL)
PITIRAED,

R 271. kmeansasnode B

kmeansasnode B4 E(V) Bk

roleUse FRE#R 87 predefined AFEATMEN AT, HEHE
E custom UFERAEHFEDE. BEERN
predefined,

autoModel mIRE 187 true LUERTREBEIT (§S-prediction)

ERFERNITEDFTERNEZN, AHEIET
false UEAEHRIZIR. HEEN trueo

features field X2 rolelUse BMIZREN custom BY, FAFH
ANBFEEBFRTIR,

name FRER XZ autoModel BMHIREN false B, #&
REITS F R B o

clustersNum B E0IENEHNKE, BREEN 5
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R 271. kmeansasnode B (£L)

kmeansasnode B1% E(V) BlhaR

initMode TR MR EE, FTREMNEERE k-means|| T
random, TRE{EA k-means||o

initSteps B XEH initMode KB k-means|| BY, #0%8
B, REERN 2

advancedSettings HIRE BE true UL TEANBEZT ATABM.
HEEN falseo

maxIteration B BREMRKERRE. HREEN 20,

tolerance FRIB XERAFELEERNEE, TTENESRE
1.0E-1. 1.0E-2. ... 1.0E-6, TREEN
1.0E-4,

setSeed mR{E IBE true UEATERIMEVNTF. BREER
falseo

randomSeed E225 XZY setSeed BMIKEA true BBIEHIME
HFFo

xgboostasnode Ei%

s

XGBoost BEERABEENEREI, RBABZUERARFESIFHER, REBEeNFmERE
BRI FEE3. XGBoost EBERBHRIEN, FHREHTRESXNTFAZHBLRKRITFERNSE,
Atk SPSS Modeler H189 XGBoost-AS T X E/R 71z 0OIEEF E 5S4, XGBoost-AS T = fE

A Spark #1TLH,

& 272. xgboostasnode B

xgboostasnode /1 HiEen BEER

target_field field XEATERNFEREMNTIR,

input_fields field XEATHRANFEZINTIR,

nWorkers £ XEATFINEZ XGBoost HREMTIEIZF#E. Gt
HEN L

numThreadPerTask B BN LR ERNERER. BEEN L

useExternalMemory /R{E EEFERIMIREFEENER. REEN false,

boosterType FRIB EFARA R, TTRIEMEIE gbtree.
gblinear I dart, TRE{EN gbtreeo

numBoostRound B AR, BIEEE 0 XESE. REEN
10,

scalePosWeight Double EHIENRENANEN T, SHREEN 1

randomseed E285 XRHPETE T E R ERNM T, HREERN 0,
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R 272. xgboostasnode B (4)

xgboostasnode Bt

HhiERE

B R

objectiveType

FRIE

2B, AEMNMENAN reg:linear.
reg:logistic. reg:gamma. reg:tweedie.
rank:pairwise. binary:logistic T multi. &
AR, XWFIREBNR, REEfEA binary:logistic
2 multio WRFEAT multi, BBATFLERKE
N multi:softmax # multi:softprob XGBoost
Bira, FREEN reg:linears

evalMetric

RIEHIEN T HES. SRIBEEMDEREE
2, FJREMIEN rmse. mae. logloss. error.
merror. mlogloss. auc. ndcg. map 3¢ gamma-

deviance, FREEN rmseo

lambda

Double

KTFNER L2 MUEARIE, EAUIERFEEREE
RF. BREEEFHMT, 0 HEKAE REEN
Lo

alpha

Double

FXTFINER L1 MNEARIE, ERERFEEE
RT. BRETAUT, 0 REAE. REEN
0o

lambdaBias

Double

XFREN L2 MNAEARIE, W0RER gblinear
RFARKEE, BATTLUERZ lambda REL
HRARHBH, BEETAHT, 0 HFEKE,
HREERN 0.

treeMethod

FRT R

WRERT gbtree B dart IRARKEEHE, BT
WEKNZNGEZ88H (UKREEEMHSEH)
A, SIEEEFERMN XGBoost WIN&EE £, A
AIEEE auto. exact T approx. TREEN

autoo

maxDepth

B

WMOERXRE, FIEEHE 2 HAESE. REEN
6o

minChildWeight

Double

FARRFEMLAFIMNE (hessian) IR/, 151
EfE 0 HEBE. REEN L

maxDeltaStep

Double

AFBTEIMINEGHIEREES R, B
EfE 0 ESE, REEN 0

sampleSize

Double

FHEAERTINEEALLR, BEENT 0.1 M
1.0 Z[ER{E, TREEN 1.0,

eta

Double

EMTBRPATHREIENEGHT KNS, 1FE
ENTF 0 M 1 ZEE, REEN 0.3

gamma

Double

XEXNWHENH T RBTH-—T D EAENR
IMRKIB N TBIEEEANT, 0 WEKE, RE
B 6o

colsSampleRatio

Double

WES TR FIERLER, FEENT 0.01
1 ZEME, REEN L

colsSamplelLevel

Double

EZTERIF, HNENIRHTINFHERL
R, BIEENT 0.01 A 1 ZERIE, REEN
Lo
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R 272. xgboostasnode B (4)

xgboostasnode B iEEs BiER

normalizeType FRIB WRFEA dart IRAREEEE, Z dart BHEHG
=1 dart BEAH. ZBHILEIENE X,
JHHETE tree B forest, TRE{EA treeo

sampleType FRIE KEEEZER, $87F uniform B weighted, TRE
B uniforme

rateDrop Double EFE dart BRARKSE. BEENT 0.0
1.0 Z[EfE, BREER 0.0,

skipDrop Double BATFRSEFRERMN dart IRFHRESE. 1516

ENTF 0.0 1 1.0 ZEME, TREMEAN 0.0,
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B 21 E BhaEN

THERERFETFETRMNEN, FTEAHTAEMUINEFET =,
x 273 RigBT =B

BERTR BiEEBNETIR e ipu
execute_method Script
Normal
script string
BTRsH

A fERRARIER AR ENIREBT /RSN

mySuperNode.setParameterValue("minvalue", 30)

TR UER U TRB RS HE:

value mySuperNode.getParameterValue("minvalue")
ERMAEET S
G findByType() RETERPEREBTA:

source_supernode = modeler.script.stream().findByType("source super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super", None)

IREEHETRIEM

AILUBI IR ENE T RPN FERIGER R ?‘12:‘&3*1“5 FRETRNEM, fld, RigE—NRETR, H
AHEATENMHTRLORREEE, PTLUBThR FEHERBEX T R RERE XWX EHNET (A
full_filename BMHIEE) , SOTPIR:

childDiagram = source_supernode.getChildDiagram()

varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full filename", "c:/mydata.txt")

ellFE T RER

MREEMIFIARIEB TR RERS, BBARTLUEI BT R, 175@?.#@']@5&%* SRS 5T
ARt IRE. BB RET REPIT SRR - %D/jziautlj EESBT R flm, NREECEIIER
T

process_supernode = modeler.script.stream().createAt("process_super", "My SuperNode", 200, 200)
childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filter", 100, 100)

childDiagram.1inkFromInputConnector(filternode)
childDiagram.1inkToOutputConnector(filternode)

337



338 1BM SPSS Modeler 18.2 Python HIZA4RTE 5 EhkigR



iR A. HRR5IH

thER iR IBM SPSS Modeler ¥ S BB ZAN R Z #7551 o

REIRZ R

RER (WARNEMBIIRE) FILUREEHITSIA, mFETRMBHNR—1F, TRIIBRENRHSIBR
o

BAR, XEEMERATSIREERIR (LF IBM SPSS Modeler &G EA) RIREIR, BE5IHESR
AR TIFIRET =, BAFEABI—ELL apply... NEIENET. BEXELER, BFSIHEE
IR TS = B M o

d EREBERT, BIGRIMAMEERS I BRE, LBRSIEERS,

& 274. REBRETR (RREBR) .

RRIZ R kit
anomalydetection B8

apriori Apriori
autoclassifier Ehiba e
autocluster EhEES
autonumeric Shhkye&
bayesnet D4
c50 C5.0

carma Carma

cart C&R 1
chaid CHAID
coxreg Cox @3
decisionlist REEFIR
discriminant Ealb]

factor PCA/AF
featureselection FHIEERE
genlin [ X&&MET
glmm GLMM
kmeans K-Means
knn k-ERIEMEBTE
kohonen Kohonen
linear E54k3

logreg Logistic [E])3
neuralnetwork FABEWLE
quest QUEST
regression ZM4E)3
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*® 274, REVREAM (BIBZERR) (5.

RBIZ R kit

sequence =27

slrm BF MR
statisticsmodel IBM SPSS Statistics 1&2Y
SVM XFEAEN
timeseries NI E 2

twostep -l 1)

& 275 REUREM (BUBEEEZAR) .

EEIZ R kit

db2imcluster IBM ISW B
db2imlog IBM ISW Logistic [E])3
db2imnb IBM ISW Fh&EI M
db2imreg IBM ISW [E])3
db2imtree IBM ISW RE&#Y
msassoc MS XEXF
msbayes MS AR HT
mscluster MS B

mslogistic MS Logistic [B]J3
msneuralnetwork MS REZRILE
msregression MS £ME3
mssequencecluster MS FHIEHE
mstimeseries MS BYjElE 5

mstree MS JREEH
netezzabayes Netezza Bayes R4
netezzadectree Netezza REHH
netezzadivcluster Netezza 3RS
netezzaglm Netezza [~ X%
netezzakmeans Netezza K-Means
netezzaknn Netezza KNN

netezzalineregression

Netezza Z&14%[E])3

netezzanaivebayes Netezza FhEIIMHT
netezzapca Netezza PCA
netezzaregtree Netezza [B])3#%
netezzatimeseries Netezza BY[EIFF%
oraabn Oracle Adaptive Bayes
oraai Oracle Al
oradecisiontree Oracle JREEH
oraglm Oracle GLM
orakmeans Oracle k-Means
oranb Oracle thERIIMHHT
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® 275, REREM (MIBERRZEAR) (5.

REIR R 1=E

oranmf Oracle NMF
oraocluster Oracle O-Cluster
orasvm Oracle SVM

EREEERRATR

ERM AT E AR ELHITIRIER, S2ER AWESRRERNRA

ERLE, RIFERBIRIAESERIE AR EL A ME—RI R R,

BHNESEEZMILE IR
1. MREBEAEE:

TH > AFI#ED
2. BHBEEETE,
EREREEEE LRI ERNERANESEH R,

B XEIA. AT EBRXMER

FETIRAMIRES B, BIAHITITATE SPSS Modeler 5 IBM SPSS Collaboration and Deployment Ser-
vices Z[BIBJREBPIAREl. SPSS Modeler B PRI T EHRSTAIREAL AN, ATV BohEREZARE (6]
N, MBI EARITENR, UWEESREEMRAFRNER) . 82, £ IBM SPSS Collaboration and Deploy-
ment Services FIETTE—RIZAEY, IEBIAR A, @ ERERREMRIREE sp 8 LOB R IR B # 1T ER
W5 IA, HEBIEEIFLRAEHRIRIRE (G140, A0 clear generated palette &) , FILUBERX

MIE Lo

fath SRR TR

TRIETAAREHYREEMERENNT R, BXEMEHERTANSHEATEIIR, B2H0E2

ZRHERNTANELEE EETALHBEEET RN -

& 276, WMHNRER DR GIBEXLELRTIR.

A RER TR(N)
analysisoutput o
collectionoutput &5
dataauditoutput RS Z
distributionoutput paKisl
evaluationoutput T
histogramoutput =Vl
matrixoutput sl
meansoutput Ti9E
multiplotoutput ZERR
plotoutput =
qualityoutput &
reportdocumentoutput IMREBERRT TR, ERIEIRECIEN ML
reportoutput wE
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& 276, MHNRER U RGIBXLELBHTR (42).

Lk S TR(N)
statisticsprocedureoutput Statistics #itd
statisticsoutput 4t
tableoutput =
timeplotoutput BY{E)ER =
weboutput Web
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iR B. MIBRIZwFIEIEE] Python Rz

BRI A ERZ iR

ATt IBM SPSS Modeler H Python FIZA4wHI5 IRMIASH 2 BINERBE, FRHAEXMEFIERA
%A Python MIAHIER. EATHR, ERIEINRE SPSS Modeler IBEF LM FMAY Python s3<LBIFIR,

—RER
HHEAREHWIEHERAEELBETRERZREGSHA, REGS—LREN (W
if...then...else...endif # for...endfor) , EBIHHAREFEEIT, FEEHBEEEZERE N,

£ Python MIZAZRHIH, BHARTX, HERBTFRE—EERIITLIER—REITHEH,

A EHEFRENE Python IR, BSELVINORIE, ERIESET, £A tab BHMNITERESEATHREHIT
Biesk—H1¥, B2, Python MIZEMEIR, XERNREXETMIEEHBRNIT.

A4l _E X
Bl £ TSCEX TRAEHEPRITHIANIFE, fld, BTFHRITHAREEBT R, fla, 7EIRMZ<YRH
B, ETXERIAH, XEWERERMAPHAET R5|BHESERITZAERRF.

7£ Python FIZA4mHIR, FIZARYRS] L TS0@IE modeler.script RRUBH AR, BIE0, Python FEZ
BI LUEA LU ARG IR R T IZB 258957 -

s = modeler.script.stream()

PAIE, FILUEE IR BRSNS SRR A 5 AR X Y BRI

B 5EH
Bl AEFIERSS. XEKREMNANEITEREURRSHHITIEITHIG SIS, Hli:

connect 'Type’:typenode to :filternode
rename :derivenode as "Compute Total"

Python fEFEEEIENRBBIWNER (RIR. XKHXIR) FriEMBIRER, Fu:

stream = modeler.script.stream()

typenode = stream.findByType("type", "Type)
filternode = stream.findByType("filter", None)
stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")

343



XFHERE
IBM SPSS Modeler FA—LEE AR FHERHSTE Python MAGEIFEBEEN G, X UREMERKNE
SPSS Modeler |BRIZ4%#79 Python BiiZs, LAETE IBM SPSS Modeler 17 HfEM,

& 277 XFMEROIBMIZALRSGIZ] Python BIZSYRHBIBRET.

| QRN 44 1 Python RiiZs4s !
B, fla 4 EG
FRE, fIE0 0.003 HHE
M| SHFRER, HIg Hello’ EG

. 8583 ASCI FRNFFTEFEEMNLL u ERFIZR,
MIBRENIFRRA Unicode,

IONE | SHFRTER, B0 "Hello again” 18R

A 853 ASCH FRVFRBFEENLNLL u (EAFIZR,
PIBARENIFRTRA Unicodes

KFRB, 0 i

"""This is a string
that spans multiple

lines"""
FI%&, flgn [1 2 3] [1, 2, 3]
TES|A, Hla set x = 3 X =3
TR (\), Bl x=1[1, 2\
set x = [12\ 3, 4]
3 4]
BOERE, B0 "M This is a long comment

.. over a line.
/* This is a long comment

over a line.x/

7R, W0 set x = 3 # make x 3 x =3 # make x 3
undef x

true True

false False

ZERF
IBM SPSS Modeler F—YERAIZE/HSTE Python HIAEFIFAEERG . XA UEMEEIME SPSS
Modeler |BEZ3%5429 Python BIZN, LAETE IBM SPSS Modeler 17 H{#EH,

*& 278. WEMANIAMAERHZ) Python FIZRHIRIBRES.

B B2 46 ) Python RiIZs4m |
NUM1 + NUM2 NUM1 + NUM2

LIST + ITEM LIST.append (ITEM)
LISTL + LIST2 LIST1.extend(LIST2)
NUML — NUM2 NUML — NUM2

LIST - ITEM LIST.remove (ITEM)
NUML * NUM2 NUML * NUM2

NUM1 / NUM2 NUM1 / NUM2
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*& 278 TEMMIBMIALESIE) Python BIZIRHIBIRRT (£2).

BRI 24 Python filZdsém|
= 1=

X *x Y X x%x Y
X <Y X<y

X <=Y X <=Y

X >y X >Y

X >= Y X >=Y

X div Y X /1Y

X rem Y X%Y

X mod Y X%Y
and and

or or

not (EXPR) not EXPR

A PA
ZMHEQMBEF

IBM SPSS Modeler FH—EEBRIFHMBIAGH<LE Python BIAREIPEABFUGH T, XA UL

SPSS Modeler |RRIZ¥%54y Python fiiZs, LAfEYE IBM SPSS Modeler 17 H1EM,
xR 279. FIHEAMERNIBHZASHEIT] Python HIZ4REIHIBRET.

SRS

| B2 4

Python Bzs4m !

for VAR from INT1 to INT2

endfor

for VAR in range(INT1, INT2):

4

VAR = INT1
while VAR <= INT2:

VAR += 1

for VAR in LIST

endfor

for VAR in LIST:

for VAR in_fields_to NODE

endfor

for VAR in NODE.getInputDataModel():

for VAR in_fields_at NODE

endfor

for VAR in NODE.getOutputDataModel():

if...then if ...
e]éé%f...then e]%%....:
else else:

endif

with TYPE OBJECT TR
ené&%th

var VARL TEETERHA

M3k B. MIBBIZALRHITHE] Python BIZLRH]
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]
X E
EIRFAgRSIS, SIRTEZRINTEHRTT T AR, Fi0:

var mynodeset mynode = create typenode at 96 96

£ Python FIZ&4RHIR, TETEXRSIAHITEE, Fi0:
mynode = stream.createAt("type", "Type", 96, 96)

EIRRIAREIR, HIOER ~ EZEREARENTENSIA, F:

var mynodeset mynode = create typenode at 96 96
set “mynode.direction."Age" = Input

SRGHHEAREES —H, 7T Python MIAEREIR, XFEHHIRIE, Fl0:

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction","Age","Input")

TR, EHMREEE
HEIRMASE T, SHMREL (B2 BHALE) BEENRELENT XA, I, RETREE

derivenode ZEH!:

set feature_name_node = create derivenode at 96 96

Python A8 IBM SPSS Modeler APl RXB%& node F4%, FLLKE"THREAR derive HE, fla:

feature_name_node = stream.createAt("derive", "Feature", 96, 96)

|BRIZAESRHS Python MIAZRHIRVREZMPHE—ERETROLEER,

B4R
7EIHMZA4HIA Python HIZAZREIFR, BMEER. FId0, EXHEHHARESIFESR, TEXHTIFRATE
XXHAIENEM full_filename,

T =5/

WZ M ERRIERRERMINPEEAN TR flM, TSR TEIRIRPRETE R TRERN
"R R, AREERFERNAR (RBEAR) RENEAN, FRAR'FRIRENER (HREEM
MWEYE)

set 'Type’':typenode.direction."Age" = Input
set 'Type’:typenode.direction."Drug" = Target

7 Python BIZAZRHIHR, BILEXBRTRNR, AEBEAATREREENRL, 0.

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

E: EAHIFR, "Target' BMEEEFRBSISH,
598, Python BIASTIER modeler.api B ModelingRole #Z%E,

£ Python MIZAYRHINRAEIREENER, BERELIEENETIIERE, XERNBEXRITRIERT
o TEIRMIERFIREIF, BT HLERT o
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o, EFHFRAFRERT R (FUETRMNEEN IR ER-RPEETRITR) o M, EIRMERES

M

# 1d65EMPBIVL87 is the ID of a Type node

set @id65EMPBIVL87.direction."Age" = Input
LUTFHIAZR Python BIZAYRHIFRIE—G:

typenode = stream.findByID("id65EMPBIVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

RERHIZEREKE

BB ARFIER set BpLRIEEME, set pLFERIIACAIUREBIEE N . U TFHAETR T MIHEIaERATIR

BRMRIBIAEI:

set <node reference>.<property> = <value>
set <node reference>.<keyed-property>.<key> = <value>

£ Python MIAS4RHIH, B FEAEEL setPropertyValue() 1 setKeyedPropertyValue(), BILASCIRREI—%5

R, flw:

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

EIHRAgSIR, FILUER get ap<REMipRIEIEE, BHIa0:

var n v
set n = get node :filternode
set v = “n.name

7£ Python MZ4RHIA, @I ERKE getPropertyValue(), AIUKIME—4&R, flu:

n = stream.findByType("filter", None)
v = n.getPropertyValue("name")

=
YREEN

EIRRIAYREIR, create LA TRIEFTR, Fu0:

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

£ Python BIZZRHIH, FEABZHMOIET R ZE, Flw0:

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

TEIRFIARHIF, connect BILATRIBT RZBINEER, fI0:

connect "agg to "select

7 Python BIZAZREIFR, 1ink FERTRIBT RZEIAERE, fI0:

stream.link(agg, select)

FIBMZA &I, disconnect A TRMET R 2 BIRVHERE, Fla0:

disconnect ~agg from “select

£ Python BIAZRHIFR, unlink T ERTREAT R ZIBRVHERE, Fl0:

M3k B. MIBBIZALRHITHE] Python BIZLRH]
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stream.unlink(agg, select)

EIRMIALRFEIH, position SLATRTRBIERAES LSEMT R ZE, Fla:

position "agg at 256 256
position "~agg between “myselect and “mydistinct

£ Python HIAZREIR, WS ERRM ARG L (setXYPosition F setPositionBetween) , BILASEILREI—
R, fly:

agg.setXYPosition(256, 256)
agg.setPositionBetween(myselect, mydistinct)

T REE

IBM SPSS Modeler A—LE AT RIZIEMSTE Python MAEHIFEAEENM S, XA UEBEENE
SPSS Modeler |34/ Python BlZS, LAE7E IBM SPSS Modeler 17 H{EMA,

R 280. TTRIREMIBMIAGEIR] Python BHIZSmHIRYBREY.

|B Bt s 4 il Python Hzs4m!

create nodespec at x y stream.create(type, name)

stream.createAt (type, name, X, y)
stream.createBetween(type, name, preNode, postNode)
stream.createModelApplier(model, name)

connect fromNode to toNode stream.1ink (fromNode, toNode)

delete node stream.delete(node)

disable node stream.setEnabled(node, False)

enable node stream.setEnabled(node, True)

disconnect fromNode from toNode stream.unlink (fromNode, toNode)
stream.disconnect (node)

duplicate node node.duplicate()

execute node stream.runSelected(nodes, results)
stream.runAll (results)

flush node node.flushCache()

position node at x y node.setXYPosition(x, y)

position node between nodel and node? node.setPositionBetween(nodel, node?)

rename node as name node .setLabel (name)

2

E IR AREIR, EESTHRF THIRAEIF LI

o IHEELS, EULEMS, TAARERRNEUCCEZEHTE.

« FIEN, WERHERTIEITER, UWERYFESEIEFEE,

AT RS2 R 4l R AT SEIR = 51 -

for i from 1 to 10
println ~i
endfor

LUT R 2 RV R Y 5 1B R R 51 -
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var items
set items = [a b ¢ d]

for i in items
printin 7
endfor

F5h, ER] UERE SRR

« XPRELERIR AR E s i AR PRV A TIA
© XIEANEFET RBFRRITIER.

Python FIZ4mHIE Sz FFE thSERAVTEIR, LUTAIZZE Python BEIZSZRHI-RAVITERIEIA R

i=1

while i <= 10:
print i
i+=1

UTHIZZ Python FIZASYRHIFRYFFIEIF ARG

.Items = [Ilall Ilbll "C" Ildll]
for i in items:
print i

FHEFIEERE, FHES IBM SPSS Modeler API 46 E, WEFAISZFZ M AREEIRG, LT
T ERUFEER Python BIZSZRSIHREIETHEIFIHE BT RNFEHITIEN:
node = modeler.script.stream().findByType("filter", None)

for column in node.getOutputDataModel ().columnIterator():
print column.getColumnName ()

HATHR
WITRAEES, ERIRESHE RGN EP—INREERSER, EIRMARESF, HELAENR
EESPHRIWENR, HENEMRERT /RS ERMR .

£ Python H, PITREVIZEBARR: AITERBMEMER SR R UEERHITRENTIRRIRE, X
B3 0] LAB I B HIA R R TE R

B A RHIZ 1 Y =M HRITR S

« execute_all, AFHITRPRPIERTHITAR T Ro

« execute script, AFHRITHREIAE (SHAHITHIRELR) -

+ execute node, ATHITIEENT =,

Python 7S4Sz 3F—HALARYERI#L

e stream.runAll(results-list), ATFHITRPMFAE RTHITRIRT 2o

« stream.runScript(results-list), BFHRITREAE (SHAHITEIRELX) o

» stream.runSelected(node-array, results-list), FATIET SR HEIIFEHRITIEEN—AT =
e node.run(results-list), AFHITIEEMNT &,

EIRMAH, BILUEAHE A EREHRRIER exit spPRALRHNIT, Hlg0:

exit 1

£ Python BIZZRHIS, AL THIZAAISCIIE—4ER:

modeler.script.exit(1)
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BIX R ENFEERRNR
FE IR, ERTLUER open SFTFIET. MASEHR, Hl:

var sset s = open stream "c:/my streams/modeling.str"

7 Python BIZRYREIFR, FEE—PAIMIIEHITIHEAY TaskRunner 2§, HEXMERTATFRITEMAES,
flan:

taskrunner = modeler.script.session().getTaskRunner()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

EIBEEFIS, BRENR, ERILUER save an<, fl40:

save stream s as "c:/my streams/new_modeling.str"

FXBY Python BIATTERMER TaskRunner 38, BI40:

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")

ETF IBM SPSS Collaboration and Deployment Services Repository FYIR{ETEIHMEIZAS4RHIFEL retrieve
M store aARXZHF, HlU0:

var sset s = retrieve stream "/my repository folder/my stream.str"
store stream s as "/my repository folder/my_ stream_copy.str"

£ Python BIAZRSIF, AILUBE S5 EXBKATEMEENRFKIHNFRIIEE, Hla0:
session = modeler.script.session()
repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream copy.str", None)

d FHEELRERERE R EEERNIEHRT TRE,

k=AY
IBM SPSS Modeler Fi—LE% FIRYIRIERSE Python MIZAAmHITEEENHS. XA UEBEKIMAE SPSS
Modeler BRI Python BIZ, LUETE IBM SPSS Modeler 17 FEM,

& 281, FIRERIBMIALRSIE] Python BIZSIRHIBIRRET.

=)k Python FiZs4& !

create stream DEFAULT _FILENAME taskrunner.createStream(name, autoConnect, autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream TERIN

Toad stream path T ERIN

open stream path taskrunner.openStreamFromFile(path, autoManage)

save stream as path taskrunner.saveStreamToFile(stream, path)

retreive stream path repository.retreiveStream(path, version, label,
autoManage)

store stream as path repository.storeStream(stream, path, label)
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1REIR(E
IBM SPSS Modeler H—LeEARIERIZIEHSTE Python MARHIFEBENH L, XAIUBHEENE
SPSS Modeler |BRIZ%%#879 Python B, LAETE IBM SPSS Modeler 17 HfEM,

& 282. 1REURIFRVIBMIAYRHIZ] Python RZ<YmiHIBRET.

|B B s 4 ) Python BZs 4!

open model path taskrunner .openModelFromFile(path, autoManage)

save model as path taskrunner.saveModelToFile(model, path)

retrieve model path repository.retrieveModel (path, version, label,
autoManage)

store model as path repository.storeModel (model, path, label)

Xtk 4
IBM SPSS Modeler F—EE AR ALHIHIRIFRTTE Python BIAEHRIPEEFNHR . XA UEBEIEI
B SPSS Modeler |RHEIZAL%HA Python FiiZS, LUEFE IBM SPSS Modeler 17 &M,

R 283 XHEEmLIRIER BRI ASIREIE] Python BIZASZREIRIBRET.

| B s & ) Python Hizs4R %!

open output path taskrunner.openDocumentFromFile(path, autoManage)

save output as path taskrunner.saveDocumentToFile(output, path)

retrieve output path repository.retrieveDocument (path, version, label,
autoManage)

store output as path repository.storeDocument (output, path, label)

|HEI A 4%%15 Python MIZs4mHIZiBIRVEHMMER
(BRI HST40IE IBM SPSS Modeler TH#ERIZ#F, Python BIZAZREI AR R HLLZ 5,

(AR ARERM T RAPEANRSH R (RARERAS) B IBM SPSS Modeler 8.0 RRIMRAFIHEEE
RSN R, Python MIALRHIRZRERET R,

Python BIZ4mHIIR T THIMIININGE, IRRIZLRSHFRIEALXLEINRE:
o SEMIBREE X

« FHIRRE

- BEEZFNREN/RBHE

© SMERIRIRMISE =S IRIR
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Zel
=R 45, 57

[B]

DAy p: Y ki)
TREAEEEE 178, 251
&E 16
BHATR 30
T2
HARE 13
TEXMHTR
B 91
R 17
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BYITEEE 55
HEZMIE 59
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[C]

B 5, 61, 62, 65
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ESE 5, 61, 63

EETR 27

Bra 6l
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B4 1, 5, 25
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£SO LA
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B 325
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EMl Web Ts
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WA 1, 3, 25
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JSON ABHEE 50
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BIERHRITER 46, 51
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JSON ABEER 50
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MEELiT 46
WA 1, 25
1,25
T 26
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R A 4wl APL (42)
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RENER 33
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TOEUE 34

TR
FA 30
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ZM3lA 339
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F8 31
AR EIR 43

TR EHIEME 265
FHTR 301
BIETR 169
AR 249

TRA
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KREHEF 7
NHEM 63
|BRtIAS4R 344, 345, 348, 350, 351
ARERE 6,7
BWHTS 285
FRR%E 62
FHHIT 6,9
EETFE 9
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22
Python HA4ml 344, 345, 348, 350,
351
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RIS RIERY
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B 229
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B 105
TERSETS

B 309
FREATS

B 80
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TRMEAEEEYE 190
VREETS
B 287

[L]

HKATTR
B 143

ZEEEWT 61
MIARE 1, 25
BY 65
AT 6,9
f&eg 28
&% 6, 7
HiT 25
TREHRIT 6,9
TATIRE
FARIAEER 43
REHTER 6, 7

[M]

=
INERZA 45
B4mE 57
HETR 20
GERCK Y
B 57
SEBIER 56, 57, 58, 59
2N 59
MAHE 46
izfT IBM SPSS Modeler 55
REITR
MIZABEZFR 339, 341
IREIR
MAmEZH 339, 341
TR EEEYE 249

[N]

ERtT=
B 121

[P]

TRET =

B 127
FIFREY

TR EEIESE 189, 253
THET =R

B 151
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B 75
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BRAMAES 63
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BFEHE 18
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FHIEERER
HARE 4
TR EEIEME 194, 255
A 4
AMEYE 21
B 25
BT =R
MAmEIEYE 149
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EX4
BLITEH 56
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e Lt
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B 91
BE 16
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B 69
B 14
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TREAEEESE 233, 261
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WITIRE
FMAERR 43
FREfRAS 10
BZE
fR&Se8EE 57
WYX 59
R 56
IBM SPSS Analytic Server 7#f#FEi%E
#E 59
IBM SPSS Collaboration and
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¥ 58
B #ET R
TREAEEYE 173
Bh HEER
TRHAREEESE 250
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FEL
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FER
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FRE 15
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TRBEAEGIEY 228, 260
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TRHAREEESE 208
WIRR BRI
BE 135

A

aggregate T9=

B 97
aggregatenode Bt 97
analysis T35

B 285
analysisnode /&% 285
Analytic Server JRTi =

Bt 72
anomalydetectionnode B 169
anonymizenode B 121
appendnode Bt 97
applyanomalydetectionnode /B 249

applyapriorinode B 249
applyassociationrulesnode &M 250
applyautoclassifiernode B 250
applyautoclusternode B 250
applyautonumericnode B 251
applybayesnetnode B 251
applyc50node B 251
applycarmanode B 251
applycartnode /B4 252
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applydiscriminantnode /&4 253
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applymslogisticnode 1% 267
applymsneuralnetworknode B 267
applymsregressionnode /&M 267
applymssequenceclusternode B1% 267
applymstimeseriesnode /B4 267
applymstreenode B 267
applynetezzabayesnode /B4 284
applynetezzadectreenode /B!t 284
applynetezzadivclusternode 1% 284
applynetezzakmeansnode Eff 284
applynetezzaknnnode /1% 284
applynetezzalineregressionnode &M%
284

applynetezzanaivebayesnode B 284
applynetezzapcanode B 284
applynetezzaregtreenode /&% 284
applyneuralnetnode B4 258
applyneuralnetworknode &% 259
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applyorasvmnode B 274
applyquestnode B 259
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applyregressionnode B 260
applyselflearningnode /B 260
applysequencenode /Bl 261
applystpnode B4 261
applysvmnode B 261
applytcmnode B 261
applytimeseriesnode @1 262
applytreeas Bt 262
applyts B 262
applytwostepAS B 263
applytwostepnode B 263
applyxgboostlinearnode /&4 263
applyxgboosttreenode B 263
Apriori 18!

TR EIEE 170, 249
apriorinode B 170
AS BYEIX [T =

B 125
asexport /B 301
asimport Bt 72
associationrulesnode Bl 172
astimeintervalsnode B 125
autoclassifiernode % 173
autoclusternode Bt 176
autodataprepnode Bt 122
autonumericnode B4 177

balance T

B 98
balancenode B 98
bayesnet B 178
binning =

B 125
binningnode @M% 125
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C

c50node B 180
C5.0 =5
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carmanode EM 181
cartnode B4 182
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dataviewimport B 78
decisionlist B4 188
derivenode B 127
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B 101
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distinctnode B1% 103
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E

ensemblenode B 129
eplotnode B 165
evaluationnode B 151
Excel FHTR

Bt 308, 310
excelexportnode &M% 308, 310
excelimportnode Bt 79
exportModelToFile 36
extensionexportnode Bl 309
extensionimportnode &M% 80
extensionmodelnode B 190
extensionoutputnode Ef 287
extensionprocessnode B4 105
E-Plot iR

Bt 165

F

factornode B 193
featureselectionnode EIf 4, 194
fillernode B 130

filternode B 131
fixedfilenode B 83
flatfilenode B 310
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